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Abstract: Drawing on expectation disconfirmation theory, this study explores the dyadic nature of
omni-channel consistency on customer experience. Specifically, we propose a conceptual model that
focuses on a brand’s offline channel customer experience relative to that of its online channel, and test
the influences of customer experience (in)consistency on customer satisfaction, which then improves
repurchase intention and word-of-mouth. The results of polynomial regressions on 265 survey
respondents indicate that given omni-channel customer experience inconsistency, customers prefer
consistent online and offline experiences. For omni-channel consistency at lower levels of customer
experience quality, customers prefer consistency at higher levels of quality. For omni-channel
inconsistency where offline customer experience quality is lower than that online, customers prefer
omni-channel inconsistency, where offline customer experience quality is higher than that online.
These findings produce not only theoretical contributions but also insightful suggestions for how
customer experience can be taken into consideration in the promotion of a brand’s omni-channel
service success.

Keywords: customer experience; omni-channel consistency; expectation-disconfirmation theory;
polynomial regression

1. Introduction

The traditional e-commerce business model becomes commoditized, and digital at-
tackers are experimenting with new retail models in which the typical customer journey is
likely to be a mix of offline and online, or omni-channel [1–3]. Customers may evaluate
products online and buy offline, or touch and feel offline and shop online, or even shift
constantly between the offline channel and online channel [4,5]. Omni-channel practice has
developed rapidly, with at least 60 percent of shoppers now excited about omni-channel
services; this is particularly the case in China, where the overwhelming majorities of
shoppers—85 percent—are already omni-channel customers [6]. However, some of these
omni-channel customers may suffer from imbalanced resources or inconsistent treatment
quality across different channels. This highlights the vital challenge to brands and retail
companies of shaping and managing the omni-channel customer experience [7–9].

Customer experience is defined as a customer’s holistic judgment of a firm’s offerings
during indirect and direct encounters with the firm [5]. Engendering optimal customer
experience is vital for a firm to acquire successful marketing outcomes, and increase the
likelihood of success [10–13]. Thus, building a superior customer experience has become
an important leading management objective [9,14–16]. Optimizing customer experience
lies at the heart of both physical retailing [17,18] and virtual retailing services [19–22].
Accordingly, the effectiveness of customer experience is becoming an essential and popular
research topic in the retailing and services literature [14,23–25].
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Despite these fertile studies, research on customer experience has three main gaps.
First, omni-channel businesses have become more and more common, as many customers
alternate between offline channel and online channel [26]. Thus, omni-channel businesses
represent an unprecedented opportunity for brands and retail companies to leverage
synergies between channels to synchronize customers’ multichannel experiences [27].
Great efforts have been made to examine customer experience in both the offline channel
environments (in the physical retailing literature) and online channel settings (in the
virtual retailing literature), yet few studies have integrated offline and online research
perspectives or developed an omni-channel understanding (Research Gap 1) of customer
experience [5,7,28].

Second, stemmed from channel integration research, omni-channel consistency has
been well-defined as the integrated interaction quality which involves two dimensions:
content consistency and process consistency [29,30]. Based on these two dimensions,
extant research has shed light on various types of channel consistency, such as promotion
congruence [31], visual e-channel congruence [32], image congruity [33], cross-channel
congruence [1], and retailer-brand incongruity [34]. Although customer experience captures
a holistic judgement of interaction quality, and it is becoming the norm for customers
to expect a consistent shopping experience across different retail channels [28], there
has been little research on the consistency of multichannel customer experiences [35].
Further, although customers experience offline and online channels separately, without
exception, prior studies applied unilateral and holistic measures, and none used a dyadic
measurement methodology for consistency (Research Gap 2) in comparing offline customer
experiences with online ones [20].

Third, the inconsistency between multichannel touch points can decrease customers’
omni-channel shopping value, cause confusion and incomprehension, and even result
in negative emotions including frustration, anger and disappointment [1]. Expectation
disconfirmation theory (EDT) proposes that these undesirable evaluations result from one
of the two directions of inconsistency between experiences and expectations—that is, posi-
tive inconsistency or negative inconsistency [36,37]. Despite a great deal of research have
identified the severe consequences of multichannel inconsistency [23,34], there is limited
research on the directions of this inconsistency (i.e., whether offline customer experiences
surpass online customer experiences, and vice versa) in the customer experience literature
(Research Gap 3).

To fill up the above research gaps, this research uses the EDT lens to scrutinize
the dyadic nature of omni-channel customer experiences; that is, the “(in)consistency”
between offline customer experience and online customer experience. Specifically, we
intend to explore two research questions, as follows. (1) How does (in)consistency in omni-
channel customer experiences influence brands’ and retail companies’ service success?
(2) What kind of inconsistency in omni-channel customer experiences should brands and
retail companies address to avoid service failure? In answering these research questions,
the present study makes contributions to current literatures in three aspects. First, the
current study contributes to the customer experience studies via introducing an omni-
channel perspective that bridges customer experience research in offline and online retailing
environments. Second, this study also contributes to the channel consistency research
by using an indirect research view to capture customer experience consistency. Third,
we contribute to expectation disconfirmation theory by comparing the influences of the
two inconsistency directions. Thus, on the one hand, this study extends the theoretical
perspective on the omni-channel consistency of customer experiences; on the other hand, it
provides advices for retail channel design in customer experience management.
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2. Literature Review
2.1. Omni-Channel Consistency

The concept of channel consistency has been well acknowledged, and researchers
have suggested that customers are likely to move across multiple retail channels and to
expect a consistent shopping journey [23,27]. Consistent omni-channel shopping pro-
vides customers with options to purchase at any time and place, thus inducing positive
outcomes such as customer loyalty [38], satisfaction [39], attitudes to retailers [40], and
consumption [29].

Previous research on omni-channel consistency often focuses on two dimensions,
content and process consistency [41]. The prior refers to “the consistency of information
features across different channels” [29], while the latter represents “the degree of con-
sistency of relevant and comparable process attributes across channels” [30]. Although
some extant literature has implied that omni-channel retailers ought to provide consistent
customer experience, there has been a limited number of studies on omni-channel customer
experience consistency [28].

During the interactions with a retailer’s service delivery channels, a customer buys
products or receives service from the retailer’s offline or online stores, thus forming offline
and online customer experiences [19]. We therefore pay attention to the dyadic nature of
omni-channel consistency, and propose that customers desire online experiences that are
consistent with offline ones [23]. In specific, following Gao et al. [28] conceptualization, we
define omni-channel customer experience (in)consistency as a (discrepancy) congruency
between the offline and online customer experience. Consistency occurs when a customer’s
offline customer experience is of equivalent quality with his/her online customer experi-
ence. Inconsistency exists when the customer’s offline customer experience is either worse
or better than his/her online customer experience.

2.2. Omni-Channel Customer Experience

Defined as customers’ subjective responses to the contact with a company, customer
experience captures their general assessments of a retailers’ services, brands, and prod-
ucts [5,14]. Customer experience has been an enduring research realm for both academics
and practitioners because it is an important antecedent of customer retention [28], loy-
alty [42] and ultimate behavior intention [43]. Therefore, superior customer experience has
become a powerful tool for retailers to secure competitive advantage.

However, most of the previous studies on customer experience have shed light on ei-
ther online contexts or offline contexts; limited attention has been paid to the omni-channel
retailing environment [7]. In fact, customer experience has been so revolutionized by the
emerging mobile technologies that the borders between channels are fading away [23].
Customers nowadays have moved from purchase processes in sole channel to purchase
journeys where multiple channels are seamlessly and interchangeably used [4,44]. For
example, a customer may look for products on the internet and goes to the brick-and-
mortar store to confirm the information and purchase (i.e., webrooming) [45]; he/she may
also check a product at the physical store and go online to place an order (i.e., showroom-
ing) [46]. Therefore, an important issue remaining under-explored is how offline and online
customer experience simultaneously influence a customer’s psychological and behavioral
response in omni-channel retailing contexts [28]. Our proposed framework (see Figure 1)
thus explains how various combinations of online and offline customer experiences are
mediated by customers’ holistic satisfaction and how they drive brands’ service success.
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Figure 1. Conceptual Model.

3. Hypotheses

Before developing the corresponding hypotheses, to better pinpoint the different
combinations of online and offline customer experiences, we propose a two-by-two matrix
(see Figure 2) that juxtaposes the quality of customer experiences (i.e., high vs. low) with
the source of those customer experiences (i.e., online channel vs. offline channel). As
indicated by the matrix, quadrant 1 represents customer experiences consistent at high
levels of quality, quadrant 2 represents customer experiences consistent at low levels of
quality, quadrant 3 represents customer experiences inconsistency where online customer
experiences are better than offline ones, and quadrant 4 represents customer experiences
inconsistency where offline customer experiences are better than online ones.

We use EDT to provide theoretical support on the potential outcomes of consistency
and inconsistency. EDT has roots in the marketing literature and has received vast at-
tention in consumer behavior research [36,37,47]. EDT research address that customers
obtain satisfaction through following the causal flow: first, forming initial beliefs and
expectations when starting to use the product or service [48]; second, cognitively compar-
ing performance during a subsequent period against initial expectations and calculating
the (dis)confirmation [47]; and finally, determining their satisfaction level according to
“a combination of expectations and disconfirmation” [37] (p. 283). Based on the EDT,
expectation represents a set of pre-exposure beliefs about the product or service [37], and
disconfirmation is “a subjective post-usage comparison that can result in one thinking
performance was better, the same as, or worse than expected” [49] (p. 89).

Following this logic, we propose that in an omni-channel retailing context, a cus-
tomer’s expectation is a consistent, interchangeable, and seamless shopping journey [1,23].
When the customer’s experience on the second channel exceeds (falls short of) his/her
experience on the first channel, positive (negative) disconfirmation occurs [50]. In the
present study, we use the notions of “expectation-(dis)confirmation” to differentiate cus-
tomer experience consistency from inconsistency (i.e., quadrants 1 and 2 vs. quadrants 3
and 4). The EDT also posits that outcome evaluations are a function of disconfirmation
magnitude between expectations and experiences such that satisfaction increases as the
disconfirmation magnitude decreases and the degree of confirmation increases [36]. In this
research, we use the notions of “disconfirmation magnitude” to differentiate the two scenar-
ios of consistency (i.e., quadrant 1 vs. quadrant 2) and the two directions of inconsistency
(i.e., quadrant 3 vs. quadrant 4).
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3.1. Differentiating Customer Experience Consistency from Inconsistency

Applying the tenets of EDT to differentiate customer experience consistency from
inconsistency, expectation confirmation increases as customers’ online and offline ratings of
experiences become increasingly similar (i.e., high-high and low-low ratings: quadrants 1
and 2 of Figure 2), and expectation disconfirmation increases as customers’ online and
offline ratings of experiences diverge (i.e., high-low and low-high ratings: quadrants 3
and 4 of Figure 2). When customers perceive both online and offline experiences to be of
a high quality, excellent and superior omni-channel customer experiences are consistent.
Similarly, when customers perceive both online and offline experiences to be of a low
quality, mediocre or even disappointing omni-channel customer experiences are consistent.
However, when customers’ expectation of a consistent shopping journey is unrealized,
inconsistency occurs between the offline and online customer experiences.

Based on EDT, customers are more likely to develop satisfaction as the consistency of
customer experiences increases. Before engaging a brand’s services through either online
or offline retail channels, customers usually develop an initial expectation that the services
from both channels ought to be seamless and consistent [1,23]. Through navigating the
different purchase stages of the customer journey, isolated experiences pertaining to online
and offline channels are built up [5]. As the isolated online and offline customer experiences
are consistent (regardless of whether they are consistently high quality or low quality),
customers will cognitively recognize the consistency, and their initial expectations will
be met. Thus, customer experience consistency has important consequences for customer
satisfaction, as satisfaction follows when customers’ expectations are met [37].
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EDT also suggests that customer satisfaction will decrease as the inconsistency of
customer experiences increases. EDT posits that any disconfirmation between experiences
and expectations, whether negative or positive, will produce negative resulting outcome
evaluations [36]. When the inconsistency between offline and online customer experience
increases, a customer’s cognitive cost and perceived risk are also intensified [28]. On the
one hand, the customer needs to pay more cognition effort to switch among inconsistent
channels [51]; on the other hand, the purchase task becomes more ambiguous and riskier as
the information displayed by different channels becomes asymmetric [52]. Therefore, even
when the experience on the latter channel exceeds the experience on the former channel,
disconfirmation still exists where customers’ expectations (i.e., a consistent shopping
journey) are not met, which may result in psychological discomfort for customers, affecting
their beliefs, attitudes, and actions [53]. This psychological discomfort could trigger
customers’ negative emotional response [21,37]. Hence, this study proposes that:

Hypothesis 1 (H1). The more consistency (compared with inconsistency) between online customer
experiences and offline customer experiences, the greater the customer satisfaction.

3.2. Differentiating the Two Scenarios of Customer Experience Consistency

According to EDT, under the condition of customer experience consistency (i.e., high-
high vs. low-low ratings: quadrant 1 vs. quadrant 2 of Figure 2), the quality of customer
experiences should be positively related to customer satisfaction. Customers expect excep-
tional online experiences [20]. A compelling online experience (e.g., offering location-based
content by the use of GPS) increases customers’ engagement, leads them to spend more time
on the brand’s website or mobile app, and facilitates the usage of online channels [19,54].
Customers also seek exceptional offline experiences [18]. A pleasurable offline experience
can induce customers to try products, taste in-store samples, and, most importantly, to
shop [55].

Further, positive experiences, whether online or offline, will increase customers’ confi-
dence that they are not being taken advantage of and that the brand is concerned about
their welfare [56]. Such perceptions of honesty, benevolence, and competence by the brand
will lead to higher levels of customer satisfaction [57]. Therefore, brands that offer both
online and offline services of outstanding quality can meet customers’ expectations of
consistent and excellent shopping experiences. Brands that provide ordinary omni-channel
services can meet customers’ expectation of a consistent shopping journey but not their
expectation of an excellent shopping experience. EDT posits that outcome evaluations are a
function of the size of the gap between expectations and experiences such that satisfaction
increases as the degree of confirmation increases [27,36]. Therefore, when online and offline
customer experiences are consistently high quality than when they are consistently low
quality, the customer satisfaction will be higher. Thus, we propose this:

Hypothesis 2 (H2). Customer satisfaction is higher when online and offline customer experiences
are consistent at a higher level than when online and offline customer experiences are consistent at a
lower level.

3.3. Differentiating the Two Directions of Customer Experience Inconsistency

When customers do not have consistent customer experiences between the online
shopping channel and the offline retail channel, two outcomes are seemingly plausible
(i.e., high-low vs. low-high ratings: quadrant 3 vs. quadrant 4 of Figure 2). First, many
firms are now devoting a large marketing investment to build customer experience via
mobile applications and websites [19], and every aspect of the customer journey, such
as product information search and purchase transaction, could be conveniently realized
through the online retail channel [20]. Customer perceptions of online channel experiences
may then dominate, rendering offline customer experiences irrelevant. Alternatively,
because online shopping is viewed by customers as impersonal and lacking scalability [54],
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given customers’ requirements for a sensory evaluation of the product, interpersonal
communication, and instant gratification [58], customer perceptions of offline channel
experiences may be a stronger driver of satisfaction.

In discussing the effects of disconfirmed expectations, EDT researchers argue that
a negative psychological state of cognitive dissonance occurs when individuals expect a
certain event, but they experience something different [59]. If the disconfirmation magni-
tude is small, such as in the person’s zone of tolerance, they will adjust their expectations
to reduce cognitive dissonance [60]. However, if the magnitude is large and outside the
person’s zone of tolerance, cognitive dissonance will trigger an irreversible negative effect
on service outcomes [36].

Customers prefer the retail channel that provides the highest value, such as the best
information, detailed and accurate product descriptions, and interpersonal interactions [1].
In the offline stores, customers can physically touch the product, directly assess the product
quality, and instantly receive input from salespersons, which is satisfying to them. Cus-
tomers thus put more emphasis on and have higher expectations for offline shopping [58].
Therefore, a poor offline customer experience is more unacceptable for customers than
a poor online customer experience. Perceiving a better offline customer experience than
online customer experience is thus more likely to remain within the zone of tolerance.

Customers are also inclined to select a retail channel that minimizes their time, effort,
and psychic costs [61]. As the increasing adoption of mobile phone technologies, these
expectations are much easier to be realized in online retail channels but are challenging
for physical stores [1]. That is, customers expect offline stores to provide a much better
customer experience than online stores because they spend more time, effort, and psychic
costs on offline channels. Therefore, given the lower levels of online experience quality, a
poor-quality offline customer experience is more likely to fall outside customers’ zone of
tolerance. As such, customer satisfaction is lower when a customer perceives the online
customer experience to be better than the offline one compared to the reverse. Therefore,
this study proposes this:

Hypothesis 3 (H3). Customer satisfaction is lower when online customer experiences are better
than offline experiences compared to the reverse.

3.4. Customer Satisfaction as Mediator of the Effect of (In)Consistency on Service Success

EDT suggests that as a function of customers’ prior expectations and disconfirmation,
satisfaction can influence their behaviors, including continuance intention and repurchase
intention [36,37]. Customers’ perception of a brand as a source of consistent and compelling
experiences can increase the perceived value of the brand, which may remain fresh in
the customers’ memory until their next consumption [17]. Thus, customer experience
(in)consistency may have impact on the service value and repurchase intention [11]. In
addition, a high level of customer experience can promote customers to engage in positive
word-of-mouth [18]. It represents the customers’ willingness to share their experiences
with others and recommend that others use or switch to the particular brand [54]. After
perceiving high levels of brand value from their consistent shopping journey, customers
are motivated to create positive attitudes toward the brand (e.g., satisfaction) that may
generate positive word-of-mouth, such as advocating for the brand’s consistent omni-
channel services, high product quality, or acceptable shopping costs [62]. As such, this
study proposes this:

Hypothesis 4 (H4). Customer satisfaction mediates the relationships between customer experience
(in)consistency and customers’ (a) repurchase intention and (b) word-of-mouth.



J. Theor. Appl. Electron. Commer. Res. 2021, 16 2004

4. Research Methodology
4.1. Sample

We examined the hypotheses by conducting an online survey and collecting omnichan-
nel customers’ data. The online questionnaires were distributed through a professional
online survey platform, and the respondents were recruited with a snowball sampling
method. To ensure the quality of the questionnaires, six doctoral students in the related
research field checked the questions, and we modified the questionnaires according to
their suggestions before the online survey. At the beginning of the survey questionnaire,
we included a filtering question asking whether respondents had shopping experience
with one brand’s online and offline stores. Only respondents who had prior online and
offline shopping experiences with the same brand could participate in our survey. Then,
the qualified respondents were invited to fill out the questionnaire according to their online
and offline shopping experiences with the brand which they chose. Finally, we obtained
265 useable responses for data analysis. Of the 265 respondents, 140 were female. Majorities
were aged between 26 and 30 years old (60%) and held a bachelor’s degree (43.8%). In
terms of monthly income, 32.1% of respondents earned between 3001 and 6000. The more
detailed demographic characteristics was presented in Table 1.

Table 1. Demographic characteristics.

Number Percent (%)

Gender
Male 125 47.2
Female 140 52.8
Age (years)
≤20 11 4.2
21–25 69 26.0
26–30 159 60.0
31–35 19 7.2
≥36 7 2.6
Education
Below bachelor 62 23.4
Bachelor 116 43.8
Master 71 26.8
PhD 16 6.0
Monthly income (yuan)
≤3000 69 26.0
3001–6000 85 32.1
6001–9000 71 26.8
9001–12,000 21 7.9
≥12,001 19 7.2

4.2. Measurement and Validity

All of our measurements were adapted from prior research. Three items used to
measure offline and online customer experience, were adapted from Kim and Choi [18].
Three items were adapted from Pérez and Rodriguez del Bosque [63] to measure customer
satisfaction. Four items were adapted from Ranaweera and Karjaluoto [62] to measure
word-of-mouth. A three-item scale used to measure repurchase intention were adapted
from Khalifa and Liu [64]. A 7-point Likert scale was applied to evaluate all the items.

We performed a confirmatory factor analysis, and the results showed that our data
has an adequate fit to the measurement model (x2 = 214.913, df = 94, RMSEA = 0.070,
CFI = 0.977, TLI = 0.971, SRMR = 0.029). As Table 2 presented, the estimates of Cronbach’s
α and CR were higher than 0.7, suggesting good reliability [65]. The values of the AVE
were above 0.5, exhibiting good convergent validity [65]. As reported in Table 3, the square
root of AVE value of each construct exceeded all correlations among constructs, indicating
adequate discriminant validity. In addition, we followed Lindell and Whitney’s [66]
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procedure to examine common method variance (CMV). As seen in Table 3, the lowest
positive pairwise correlation was 0.002. We adjusted the correlations based on this value,
which can be regarded as a valid indicator of CMV [66]. The results showed that there is
no prior significant correlation lost significance, which suggests that CMV is not likely to
be a serious issue.

Table 2. Construct reliability and validity.

Constructs Factor Loadings

Online customer experiences (α = 0.950, CR = 0.951, AVE = 0.865)
1. I would say that the experience at this brand’s online shop is excellent 0.922
2. I believe that we get a superior experience at this brand’s online shop 0.934
3. I think that the total experience procedure at this brand’s online shop is excellent 0.934
Offline customer experiences (α = 0.960, CR = 0.960, AVE = 0.889)
1. I would say that the experience at this brand’s offline shop is excellent 0.949
2. I believe that we get a superior experience at this brand’s offline shop 0.950
3. I think that the total experience procedure at this brand’s offline shop is excellent 0.930
Customer satisfaction (α = 0.956, CR = 0.956, AVE = 0.878)
1. My decision to choose this brand was the right one 0.947
2. I feel happy about my decision to choose this brand 0.925
3. In general, I am satisfied with this brand 0.939
Repurchase intention (α = 0.955, CR = 0.956, AVE = 0.880)
1. Given the chance, I would consider purchasing products of this brand in the future 0.956
2. It is likely that I will actually purchase products of this brand in the near future 0.961
3. Given the opportunity, I intend to purchase products of this brand 0.895
Word-of-mouth (α = 0.967, CR = 0.967, AVE = 0.880)
1. I say positive things about this brand to other people 0.896
2. I would recommend this brand to those who seek my advice about such matters 0.949
3. I would encourage friends and relatives to use this brand 0.939
4. I would post positive messages about this brand on an internet message board 0.966

Table 3. Correlation Matrix (n = 265).

Variables 1 2 3 4 5 6 7 8 9

1. Online customer experiences 0.930
2. Offline customer experiences 0.538 ** 0.943
3. Customer satisfaction 0.415 ** 0.299 ** 0.937
4. Repurchase intention 0.360 0.359 ** 0.449 ** 0.938
5. Word-of-mouth 0.528 ** 0.298 ** 0.637 ** 0.454 ** 0.938
6. Gender 0.055 0.071 0.175 ** 0.015 0.024 -
7. Age −0.020 0.016 −0.010 −0.014 0.002 0.064 -
8. Education 0.072 0.034 −0.056 0.053 −0.104 −0.110 −0.053 -
9. Monthly income −0.090 0.109 −0.114 −0.083 −.0134 * 0.139 * 0.262 ** 0.093 -
Mean 4.143 4.018 4.439 4.604 4.322 0.47 26.92 2.15 2.38
S.D. 1.387 1.408 1.359 1.574 1.590 0.500 3.936 0.850 1.162

Note: * p < 0.05, ** p < 0.01. The bold numbers in the diagonal row are the square roots of the AVE.

4.3. Analytical Approach

In calculating the degree of expectation (dis)confirmation, previous studies have often
adopted a direct research view by either counting difference scores or directly measuring
perceived disconfirmation [37]. Pertaining to the first approach, difference scores may
(1) provide ambiguous and confounding results because the outcome variable is not
clearly associated with expectation or experience; (2) cause an oversimplification of the
results because the three-dimensional relationship between expectation and experience
and the outcome variable is reduced to a two-dimensional one; and (3) impose untested
constraints on the consistency equations [67]. Although the direct measurement approach
attempts to avoid these problems, it incurs another major problem: the absolute levels of
expectation and experience and the direction of the disconfirmation are not captured [37].
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Considering the limitations of direct measurement in accurately detecting the effects
of customer experiences consistency, the polynomial regression analysis introduced by
Edwards and Parry [67] represents the latest in a line of studies to calculate (in)consistency
and assess its impact [68].

In polynomial modeling, customer satisfaction (CS) is regressed on online customer
experiences (ONCX), offline customer experiences (OFFCX), and three higher-order effects
(i.e., ONCX2, OFFCX2 and ONCX × OFFCX), after scale centering both ONCX and OF-
FCX (see Equation (1)). Following the steps of response surface analysis, the coefficients
estimated in the polynomial modeling are used to calculate the slopes and curvatures
(Edwards and Parry, 1993). For this study, we calculated the parameters along the consis-
tency (ONCX = OFFCX) and inconsistency (ONCX = −OFFCX) lines as the consistency
slope (a1 + a2), the consistency curvature (a3 + a4 + a5), the inconsistency slope (a1 − a2),
and the inconsistency curvature (a3 − a4 + a5). To test the H1, the inconsistency curvature
(a3− a4 + a5) should be negative. To examine the H2, the consistency slope (a1 + a2) should
be positive. To test the H3, the inconsistency slope (a1 − a2) should be negative.

CS = a0 + a1 ×ONCX + a2 ×OFFCX + a3 ×ONCX2 + a4 ×ONCX×OFFCX + a5 ×OFFCX2 + e (1)

Following the block variable method [68,69], we tested the indirect effects of customer
experience (in)consistency on service success (H4). A block variable was computed as a
weighted composite score through multiplying the raw data by the polynomial coefficients.
Specifically, based on the result of Equation (1), the first block variable was computed with
the weighted composite of a1 ×ONCX + a2 ×OFFCX + a3 ×ONCX2 + a4 ×ONCX ×
OFFCX + a5 ×OFFCX2. Then, the mediation variables (i.e., customer satisfaction) are
regressed on the first block variable to get the path coefficient (a). Similarly, the second
block variable was computed with the weighted composite of c1×ONCX + c2×OFFCX +
c3 ×ONCX2 + c4 ×ONCX×OFFCX + c5 ×OFFCX2 according to the result of Equation
(2) where Y represents the outcome variables (i.e., repurchase intention, word-of-mouth).
Then, we regressed the outcome variables (i.e., repurchase intention, word-of-mouth) on
the second block variable (c′) and customer satisfaction (b). The path coefficient of the
second block variable (c′) represents the direct effect of customer experience (in)consistency
on outcome variables (i.e., repurchase intention, word-of-mouth). The indirect effect
was computed through multiplying the coefficient of first block variable on customer
satisfaction and coefficient of customer satisfaction on outcome variables (i.e., a× b). The
significance of indirect effect was examined by the 95% BC-CI (bias-corrected confidence
interval) which was computed through bootstrapping 10,000 samples.

Y = c0 + c1 ×ONCX + c2 ×OFFCX + c3 ×ONCX2 + c4 ×ONCX×OFFCX + c5 ×OFFCX2 + c6 × CS + e (2)

5. Analysis and Results

H1 predicted a consistency effect such that the greater the consistency between cus-
tomers’ online and offline experiences, the greater the customer satisfaction. As the result
of Model 2 presented in Table 4, the curvature of the inconsistency line (ONCX = −OFFCX)
is significantly negative (a3 − a4 + a5 = −0.320, p < 0.01), demonstrating that the higher
customer satisfaction results from the equivalent between online and offline customer
experiences, and any deviations from the consistency line (ONCX = OFFCX) are associated
with lower customer satisfaction. In sum, H1 was supported.
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Table 4. Polynomial regression results.

Variables
Customer Satisfaction Repurchase Intention Word-of-Mouth

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7 Model 8

Constant 4.534 *** 4.672 *** 4.461 *** 4.405 *** 2.212 *** 4.720 *** 4.839 *** 2.164 ***
Gender 0.522 ** 449 ** 0.112 0.036 −0.175 0.101 −0.037 −0.294 *
Age 0.005 0.003 0.005 0.009 0.008 0.013 0.010 0.009
Education −0.033 −0.066 0.123 0.062 0.093 −0.160 −0.237 * −0.199 *
Monthly income −0.166 −0.145 −0.133 −0.161 * −0.093 −0.190 * −0.109 −0.027
Online customer
experiences (ONCX) 0.015 0.274 ** 0.267 ** 0.340 *** 0.331 ***

Offline customer
experiences (OFFCX) 0.348 *** −0.204 * 0.041 0.215 * 0.015

ONCX2 −0.231 *** 0.070 0.179 ** −0.177 * −0.045
ONCX × OFFCX 0.195 *** −0.026 −0.118 0.175 * 0.064
OFFCX2 0.105 * 0.015 −0.035 0.053 −0.007

Customer satisfaction 0.469 *** 0.573 ***
R2 0.051 0.309 0.012 0.186 0.300 0.028 0.349 0.514
Consistency line
(ONCX = OFFCX)
Slope 0.364 *** 0.479 *** 0.308 ** 0.555 *** 0.347 **
Curvature 0.069 0.059 0.026 0.051 0.011
Inconsistency line
(ONCX = −OFFCX)
Slope −0.333 * 0.070 0.227 0.125 0.316
Curvature −0.320 ** 0.111 0.262 −0.300 * −0.116

Notes: * p < 0.05, ** p < 0.01, *** p < 0.001.

H2 predicted that the high level consistent between online and offline customer
experiences produce higher customer satisfaction than the low level consistent. As the
result of Model 2 shown in Table 4, the slope of the consistency line (ONCX = OFFCX)
was significant and positive (a1 + a2 = 0.364, p < 0.001), suggesting that the high-high
consistency condition was associated with higher customer satisfaction than the low-low
consistency condition. Thus, these results suggest support for H2.

H3 proposed an asymmetrical inconsistency effect such that customer satisfaction
is lower when customers perceive better online experiences than offline ones compared
to when customers perceive better offline experiences than online ones. This reflects the
significant negative slope of the inconsistency line (ONCX = −OFFCX). The result of
Model 2 in Table 4 shows that the slope for the inconsistency line (ONCX = −OFFCX) was
negatively significant (a1 − a2 = 0.333, p < 0.05), thus supporting H3.

H4 predicted that the mediation role of customer satisfaction in the relationship be-
tween customer experience (in)consistency and service outcomes (i.e., repurchase intention,
word-of-mouth). As presented in Table 5, the effect of customer experience (in)consistency
on customer satisfaction (a = 0.510, p < 0.001) was significant. The impacts of cus-
tomer satisfaction on repurchase intention (b = 0.405, p < 0.001) and on word-of-mouth
(b = 0.489, p < 0.001) both were significant and positive, as predicted. The indirect
effect between customer experience (in)consistency and repurchase intention that was
carried through customer satisfaction was 0.207 and significant (95% BC-CI [0.131, 0.305]),
supporting H4a. The indirect effect between customer experience (in)consistency and word-
of-mouth that was carried through customer satisfaction was 0.249 and significant (95%
BC-CI [0.179, 0.335]), supporting H4b. In addition, the direct impacts of customer experi-
ence (in)consistency on repurchase intention (c′ = 0.304, p < 0.001) and word-of-mouth
(c′ = 0.344, p < 0.001) were significant, which indicates that the influence of customer
experience (in)consistency on service outcomes (i.e., repurchase intention, word-of-mouth)
is partially mediated by customer satisfaction. Total effect includes the direct and indirect
effect. Thus, the total effect of customer experience (in)consistency on repurchase intention
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was 0.511. Similarly, the total effect of customer experience (in)consistency on repurchase
intention was 0.593.

Table 5. Indirect and direct effects of customer experience (in)consistency on service outcomes.

Variables Customer Satisfaction Repurchase Intention Word-of-Mouth

Coefficient of the block variable 0.510 *** (a) 0.304 *** (c′) 0.344 *** (c′)
Coefficient of customer satisfaction 0.405 *** (b) 0.489 *** (b)
Indirect effect (a× b) 0.207 0.249
95% BC-CI for the indirect effect [0.131, 0.305] [0.179, 0.335]

Notes: *** p < 0.001.

6. Conclusions

The arrival of digital technologies is reshaping firms’ retail practices and customer
purchase journeys. The boundaries between different retail channels have blurred and
faded away, and omni-channel customers often simultaneously use offline and online
channels to minimize their inputs and optimize their purchase decisions [44,45]. However,
omni-channel retailers implementing customer experience management programs still
face a vital challenge: how to balance and manage the omni-channel customer experience
(in)consistency to achieve service success [28]. Our study examines how various combina-
tions of online and offline customer experiences differ in driving customer satisfaction and
ultimate service success.

The results first reveal that consistency between a customer’s online and offline chan-
nel experience is generally better than omni-channel customer experience inconsistency
for obtaining customer satisfaction, word-of-mouth, and repurchase intention. In addition,
higher levels of customer experience consistency are superior to lower levels for achieving
service success. These results align with those of most previous studies [1,23] in predicting
positive outcomes from omni-channel customer experience consistency.

Unexpectedly, enlightened by the polynomial regression approach, our results also
disclose several more nuanced findings on the three-dimensional relationship among
online customer experience, offline customer experience, and service outcomes. First, when
implemented separately, the online and offline customer experiences exhibit diverse effects:
offline customer experience is more effective in improving customer satisfaction, while
online customer experience is more effective in influencing repurchase intention and word-
of-mouth (see Models 2, 5, and 8 in Table 4). These results help to consummate the research
of Gao et al. [70], which proposes that customer experience quality is always beneficial to
performance outcomes. By differentiating online and offline channels, this study uncovers
the distinct effectiveness of multichannel customer experience on service performance.

Second, when the qualities of online and offline customer experience are inconsistent,
the offline high-quality/online low-quality configuration is always more helpful than the
online high-quality/offline low-quality configuration for improving customer satisfaction.
These findings complement the research design of Gao et al. [28] by interpreting the signifi-
cant difference between the two directions of inconsistency. All of these results reinforce
the importance of customer experience consistency in omni-channel retailing practices.
Thus, this study not only provides new evidence into the customer experience literature
but also provides practical guidance for customer experience management programs.

7. Discussion
7.1. Theoretical Implications

This study sought to connect two domains of customer experience research—offline
and online retailing settings, which not only answers the call of Lemon and Verhoef [5]
to go beyond the widely available channel choice models and develop an omni-channel
understanding of customer experience but also echoes the call of Rose et al. [20] (p. 26),
that “given the existence today of two retail contexts, i.e., face-to-face (termed offline)
and internet based (termed online), a comparison of the two is called for.” By integrating



J. Theor. Appl. Electron. Commer. Res. 2021, 16 2009

customers’ online and offline experiences toward a certain brand and examining how the
effectiveness of customer experiences from different retail channels may be subject to one
another, this research contributes to advance the literatures on customer experience. The
findings help to clearly describe the customer experience in the omnichannel setting, thus
fertilizing the understanding of customer experience.

Second, our study makes a great contribution to the channel consistency research
through including an indirect research view to capture omni-channel customer experience
(in)consistency. In doing so, we answer the call of Landers et al. [34] (p. 385) to “examine
alternative conceptualizations and measurements for incongruity”. Drawing on polyno-
mial regression and response surface analysis, we measure online and offline customer
experiences separately, categorize omni-channel customer experience (in)consistency into
four dimensions, and scrutinize the relative effectiveness of customer experience in these
categories. Our results show that in driving positive customer outcomes, customer experi-
ence consistency is consistently superior to customer experience inconsistency, consistent
high quality is superior to consistent low quality, and customer experience inconsistency
where offline experiences are better is superior to customer experience inconsistency where
online experiences are better. These results not only support the notion that polynomial
regression represents the latest in a line of studies that calculate (in)consistency [68] but
also suggest the significance of matching online and offline customer experience. As such,
the dyadic perspective on omni-channel customer experiences provides new insight into
channel consistency research.

Third, our research contributes to EDT via shedding light on the distinction between
the effects of the two expectation disconfirmation directions. In doing so, we answer the
call of Badrinarayanan et al. [33] (p. 552): although “some erstwhile online retailers have
begun to initiate brick-and-mortar operations, the proposed framework . . . need[s] to be
examined to verify whether the directionality of congruence . . . matter[s].” Our research
also confirms the propositions of Goode et al. [36] by testing the slope of the inconsistency
line and differentiating the directions of disconfirmation, thus extending our understanding
of customer experience inconsistency. The results indicate that the inconsistency between
a higher quality of online customer experience and a lower quality of offline customer
experience is more detrimental than the inconsistency between a higher quality of offline
customer experience and a lower quality of online customer experience (see Table 4).

7.2. Practical Implications

The effectiveness of customer experience in driving service success is an important
issue that concerns all practitioners, including brands implementing omni-channel strate-
gies and sales and service managers involved in customer experience management pro-
grams [14]. Our answers to our two research questions reveal several significant implica-
tions for practitioners regarding the design of seamless and consistent retail channels and
for the optimization of omni-channel customer experiences.

In answering the first research question, “how does omni-channel customer experience
(in)consistency influence brands’ and retail companies’ service success?”, we concur with
Huré et al. [1] (p. 316) that “perceived consistency, defined as the consumers’ perceived
coherence of the retailing mix of touch points, is expected by consumers”. According to
the results of our study, compared with omni-channel inconsistency, customers expect
consistent experiences across offline and online retail channels. Therefore, regarding in-
store and website/app layouts, practitioners (e.g., marketing heads, brand marketing
managers) should note the challenge of keeping both layouts consistent to give customers
a consistent experience in their cross-channel journey [35]. Retail managers involved in
customer experience management programs must therefore be aware that each touch point
between customers and brands is important, and thus attention to all retail channels is
necessary to achieve maximal service success [14].

In addition, we echo Kim and Choi’s [18] (p. 394) notion that “enhancing customer
experience quality is critical to engendering customer citizenship behavior”. The findings
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of our study show that compared with omni-channel customer experience consistency at
a lower level, customers prefer the consistency of customer experiences at a higher level.
Therefore, brand marketing managers and retail managers should recognize that both the
quality and the balance of omni-channel customer experience are vital for determining
customers’ choice. Further, because a critical challenge exists in allocating and distributing
resources to different channels throughout the retail channel design process, the support
from the top management should be valued. Executives might emphasize retail channel
design as a matter of firm-wide deployment and use their oversight to guide the devel-
opment of a benign and balanced retail channel system, which can induce high level of
customer satisfaction.

Our second research question is, “what kind of omni-channel customer experience
inconsistency should brands and retail companies address to avoid service failure?” We
caution practitioners against the excessive development of online retail channels. The
literature suggests that, in the online shopping environment, the superior customer ex-
perience can lead to customers’ greater revisiting intention, continuance intention, and
loyalty [54,71], and many firms nowadays are devoting most of their marketing investment
to create optimal customer experience through online channels [19]. However, the research
results highlight the detrimental effects of a customer’s having a better online than offline
experience with a certain brand. As illustrated by Huré et al. [1] (p. 321), “any failure to
meet these expectations (e.g., consistency of an omni-channel experience) is negatively
perceived and is resented by consumers. Consumers particularly perceive such inconstan-
cies when they are in physical stores.” Therefore, we suggest that to avoid service failure,
brands should first ensure quality customer experience in offline retail channels rather than
overinvest in online retail channels.

7.3. Limitations and Future Research Lines

First, we used a survey method to collect data from customers to examine our model.
Although our model testing yielded results consistent with the hypothesized relationships,
our cross-sectional sample may constrain our ability to make causal inferences. Future
work could adopt a longitudinal design to validate the causal relationship between omni-
channel customer experience and service outcomes. Second, this research was conducted
in China. This may limit our findings’ generalizability. In this sense, our findings on
the effectiveness of omni-channel customer experience (in)consistency may not hold in
other countries. Future research could test our hypotheses in other cultural backgrounds.
Third, this study only examined the mediation role of customer satisfaction. Future studies
should consider other mediation variables to explore the effects of customer experience
(in)consistency more deeply.
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