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Abstract: We propose an efficient integrated approach of spatial decision-making systems
and geographical information science for spatially explicit sustainable development mapping.
The approach was developed, and its efficiency examined for sustainability assessment in East
Azerbaijan Province, Iran. To achieve this goal, sustainable development indicators were employed
through GIS decision rule and spatial analysis. Accordingly, 13 main criteria and 44 sub-criteria were
identified and prepared as GIS dataset. The fuzzy analytical network process (FANP) method was
employed to derive the criteria weights and their significance. We also applied the Global Sensitivity
Analysis (GSA) for minimizing the uncertainties associated with the FANP weights. The Ordered
Weighted Averaging (OWA) method was applied to aggregate the indicators and develop the
sustainable development maps. Results confirmed that integrated GIS-based decision rules can be
applied for any sustainable development mapping efficiently. Results of this research present an
approach for sustainable development assessment and can be applied for similar research effectually.
In the case of East Azerbaijan Province, the detailed results represent the unbalanced sustainable
development within the different counties of this province. This requires taking necessary actions to
ensure more balanced and just economic development in the province. The degree of sustainable
development shows a significant spatial correlation with the industrial activities, employment,
demography, poverty and infrastructure properties. The obtained results are of great importance for
decision makers to identify efficient approaches in light of sustainable development mapping.

Keywords: integrated approach; sustainable development assessment; multicriteria decision analysis;
sensitivity analysis; sustainability mapping

1. Introduction

Sustainable development principles are widely used to guide plans, policies and programs
across different scales [1,2]. The term sustainable development (SD) entails the balancing of meeting
humankind’s present demands while protecting the environment within multiple approaches to ensure
the fulfillment of future generations’ rights and needs. The overall goal of SD is to apply a long-term
stability policy integrated with economic and environmental protection rules. Such an approach can
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be obtained through the integration of economic, social and environmental concerns as a basis for
more informed decision-making processes. The SD approach is a contested concept which has been
subjected to many debates and challenges. A review of research indicates that the SD has attracted
significant attention over the past three decades [3].

Based on its critical role for decision-making and regional planning, the growing human population
and its demands on Earth’s resources imply a need for sustainable practices. Technically speaking,
the SD is considered a very complex issue and its assessment requires taking account of a variety of
indicators and indexes within an integrated approach [4]. The SD approach is essentially known as an
integrated approach of three pillars, including economic, social and environmental perspectives [5].
These indicators need to be integrated for delivering the best final decisions in coordination with
societal demands without undermining the integrity and stability of the natural systems. In addition,
these different considerations and interests turn the planning steps into very complex processes
with conflicting interests in the decision-making. Due to the complexity of sustainable development,
implementing these practices often requires a significant collaboration between different organizations.
In this context, the term sustainable development assessment (SDA) aims to determine the actions
or decisions which contribute to realizing sustainable development. The SDA demands evaluating,
defining and figuring out of its contributing categories [6]. It can be considered as an early warning
indicator to prevent economic, social and environmental setbacks. The expected results of a SDA are
also critical in communicating ideas, thoughts and values [7].

The SDA is indeed one of the most complicated types of appraisal methodologies. According to
Boggia et al. [2], a SDA can be organized based on different approaches depending on the objectives,
the scale and the scope. However, due to the multi-dimensional concept of SDA, the assessment of
sustainability based on a set of indicators is more straightforward [2]. In this regard, Multicriteria
Decision Analysis (MCDA) can be considered an efficient methodology for SDA. The MCDA techniques
have become increasingly widespread in strategic environmental planning and decision-making [8].
An integrated approach of Geographical Information System (GIS) and MCDA methods provides
a sufficient framework that can be applied for handling different views and compositions of the
elements of complex decision issues [9]. Due to the multiple demands of SDA, integration of GIS with
MCDA reduces the complex nature in the planning process and allows stakeholders to reach a general
conclusion [6]. GIS-based MCDA leads to the integration of information related to numerous criteria
into a single evaluation index. Thus, it can be considered a key technology employed in assessment,
prioritization, mitigation, planning, science and training. Such procedures employ geographical data,
consider the user’s preferences and set preferences according to specified decision rules [9,10].

In terms of SDA, the GIS-based MCDA leads to developing interoperable technology and
sets the stage for establishing interactions between relevant organizations. Economic inequality,
social instability and environmental degradation are common features of unsustainable development.
The GIS-MCDA approach has the capability to be employed for developing planning support
systems and decision-making frameworks that enable integration of computer science and information
technology. This, in turn, can support the computer-based visualization and decision-making
techniques. In the context of SDA, a GIS-based MCDA can, therefore, be developed for integrating
a variety of relevant indicators, such as economic data and models, physical and social parameters
and reference thresholds to present a unique reference agenda [4]. GIS-based spatial decision making
systems (SDMS) are, accordingly, increasingly being developed to be employed with georeferenced
spatial data. The GIS-based SDMS leads to combine socio-economic and biophysical data that
can be employed to present an alternative strategy for decision makers to deal with complex and
multi-dimensional spatial issues [4]. In order to make use of the capability of GIS-MCDA for multiple
SDA, the main objective of this paper is to provide a model and analyze the degree of sustainable
development in East Azerbaijan Province (EAP) in Iran; EAP is known as one the most important
states in Iran, which has become unbalanced over the past decades. EAP has been known as critical
for the state of the economy of the country, it is located in the northwest and it has four neighboring
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countries. Hence, the results of this research will be of importance for decision makers and authorities
for developing a sustainable development program for EAP.

2. Study Area

The study area is East Azerbaijan Province (EAP) located in the northwest of Iran (Figure 1).
EAP covers 45,491 km2 and contains 21 counties, 57 cities and 3094 villages. According to the Statistical
Center of Iran, EAP has 3,909,652 inhabitants; roughly 5% of the country’s population [7]. Agricultural
and industrial activities are the main sources of income. There are 5000 manufacturing units in the
province, making it one of the major industrial areas of Iran. EAP also has an excellent position in the
handicraft industry of Iran with about 66,000 carpet production units and about 200,000 employees.
Based on the official report issued by the Organization of Planning and Management of East Azerbaijan
Province (OPM-EAP), about 35% of all Iranian carpets are produced in EAP [8]. EAP makes a significant
contribution to the Iranian economy by operating as one the main destinations for imports and exports
from neighboring countries (e.g., Turkey, Armenia, Iraq, Azerbaijan and Russia). EAP, with 180 mines,
is also known as one of the richest provinces in Iran. Further, agricultural activities are one of the main
sources of income in the province. It features very productive orchards (walnut, apple, grape, etc.)
and croplands (wheat, tomato, onion, etc.) together with widespread pasture lands in the Sahand
Mountains. However, as a consequence of the Urmia Lake droughts and their respective environmental
issues (e.g., dust salt storms and extensive soil salinization), the study area is currently experiencing
very critical environmental conditions. Thus, analyzing the level of sustainable development is critical
for regional development and identifying the potential of each area for sustainable development.
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3. Materials and Methods

3.1. Selecting Indicators and Dataset

For GIS-based SDA modelling, it is necessary to consider the relevant indicators as casual criteria
which need to be prepared as a GIS dataset. Technically speaking, selecting appropriate and efficient
indicators leads to accurate decisions and effective actions by means of clarifying, outlining and
delivering valuable information available to authorities and decision makers. Sustainable development
indicators aim to determine the level of sustainable development in its entirety by means of taking into
account the multi-dimensional and integrated nature of the concept [10]. In the context of a GIS-based
modeling task, selection of the casual criteria is the most critical step which impacts the final outcome
directly. Thus, clear and appropriate indicators can support incorporating physical and social science
knowledge into decision-making, which accordingly assists with measuring and calibrating progress
toward sustainable development goals and objectives [10]. In order to select efficient indicators and
assess progress in sustainable development, it is essential to identify the main issues and target sectors
for which indicators are to be evaluated. Review of research background also indicated that the
pressure-state-response (PSR) and the driving forces-pressure-state-impact-response (DPSIR) are two
major frameworks that are mainly employed for SDA. These frameworks were basically proposed
by the European Commission, the European Environment Agency, the OECD and the World Bank.
In case of the current research, selection of the relevant criteria and indicators was based on a review
of research and related literature [1–8,10]; considering the two framework proposed by European
Environment Agency (PSR and DPSIR); and interviews with experts in the Department of Economic
Science at the University of Tabriz, local stakeholders, decision makers and authorities in governance
of EAP. Accordingly, we employed 13 main indicators and 44 sub-criteria for SDA modeling in EAP
that are listed in Table 1. The selection of indicators was performed based on related literature [10–12];
interviews with local experts in the Department of Economic Science at the University of Tabriz,
decision makers and authorities in OPM-EAP and the government of EAP; and the data availability.

After the relevant and appropriate indicators were identified, data related to them were collected
and added to GIS dataset. In light of the research objectives, the first step was to establish a spatial
database for the spatially explicit analysis of the degree of sustainable development. For this purpose,
the following GIS analytical techniques were used:

• Data and statistics for poverty, economic development, governance, demographics, economic
partnership, education and consumption and production patterns were gathered from the
Organization of Planning and Management for East Azerbaijan Province [8].

• Topographic indicators, roads, infrastructure, drainage and freshwater network data were extracted
from a topographical map of the area at a scale of 1:25,000, which were obtained from the national
cartographic center.

• Lithology, natural hazard and relevant maps derived from geological maps 1:100,000 that were
acquired from the national geology organization.

• Land use/and land cover (LULC) maps were derived from Landsat ETM+ satellite images—2019
through image processing techniques based on the object based image analysis techniques.
This process was developed by selecting the land use/cover classes and producing the LULC
though image segmentation and classification. The rule-based classification was organized
using object-based training data, object features and nearest neighbor classification. Accordingly,
the supervised classification was applied to classify the objects into the LULC class. The resulting
map was also exported into a GIS environment and the final LULC map was obtained.
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Table 1. Main and sub-indicators considered for SDA.

Theme Sub-Theme Theme Sub-Theme

Poverty

Income poverty

Economic
development

Economic performance

Income inequality Sustainable public
finance

Sanitation Employment

Access to energy
Information and
communication

technologies

Living conditions Research and
development

Drinking water Tourism

Land

Land use and status

Health

Mortality
Desertification Health care delivery

Agriculture Orchards
Nutritional statusCroplands

Forest and pastures Health status and risk

Governance
Corruption

Education
Rate of education

Crime Educational level

Demographics
Population

Natural hazards

Vulnerability to natural
hazards

Tourism Disaster preparedness
and response

Biodiversity

Ecosystem

Freshwater

Water quantity

Species
Water quality
Ground water
Surface water

Economic
partnership

Trade

Consumption and
production patterns

Energy use

External financing Water generation and
management

Infrastructure
Roads

TranspirationAirport
Railway

For spatial modelling of SDA, all indicators were prepared and stored as a GIS dataset. For this
goal, during the data preparation step, the required geometric thematic edits and improvements were
applied. Finally, in order to apply GIS-MCDA aggregation functions, all vector layers were exported
into raster format with 20 m spatial resolution. This spatial resolution was identified as an optimistic
resolution for all dataset. It has to be indicated that within this research, some of our dataset was
initially obtained as a GIS raster dataset (e.g freshwater and population density) in the predefined
spatial resolution. Thus, in order to unify all data for the aggregate step, we standardized all raster
data in the scale of 20 m spatial resolution. Accordingly, the standardized data were imported into
GIS-Geodatabase for further analysis.

3.2. GIS-MCDA-Based SDA

GIS-MCDA is considered a powerful methodology for modelling tasks in the domain of GIS
science. The integrated approach of GIS and MCDA has been applied to solve components of
complex issues in many fields (natural hazards, site selection, suitability assessment, modelling, etc.).
Technically speaking, GIS-MCDA aims to combine the data from a number of spatial indicators to
make a single index of evaluation [9,13,14]. GIS-MCDA also offers a framework for handling different
views and compositions of the components in light of analyzing the spatial decision issues. In addition,
MCDA evaluates the relationships between the components of a complex issues [14,15]. Therefore, it is
an efficient and powerful methodology for sustainable development mapping and determining where
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many criteria can be taken into account, and covers all involved aspects [6]. In light of GIS-MCDA-based
sustainability assessment, a review of GIS-MCDA research revealed a variety of methods employed
earlier by researchers, such as the fuzzy analytical network process (FANP) [16,17], GIS-MCDA-based
sensitivity and uncertainty analysis [18–21]), GIS-MCDA with techniques for ordering preferences
by similarity to ideal solution-TOPSIS [21] and integration of empirical models of benchmark with
GIS-MCDA methods [22]. Some researchers also compared results of fuzzy based GIS-MCDA with
traditional approaches for deriving more accurate results [17,23–25]. Based on this review, we employed
an integrated approach of the fuzzy analytical network process (FANP) for criteria weighting. However,
in order to analyze the sensitivity and uncertainty in FANP weights, we also applied Monte Carlo
simulations and global sensitivity and uncertainty analysis for tackling the uncertainty issue and
determining the uncertain weights. The ordered weighted average (OWA) was applied as the GIS
aggregation function for deriving the final SDA map.

3.3. Criteria Standardization and Weighting

3.3.1. Standardization

SDA indicators often have different measuring scales. In order to perform MCDA analysis,
standardization approaches are applied for transformation of attributes into a common suitability
index [18,26]. This method is an extension of the classic binary logic, which assists in determining sets
without sharp boundaries and allows components to be partially allotted to a specific set. This step
is essentially based on the applying of the fuzzy membership value, which leads to unifying the
indicators in the same scale. This standardization is based on the cost and benefit context of the
indictors, which accordingly leads to minimizing or maximizing the indictors based on their values
and their significance for the objective of sustainability assessment. Within this approach, all GIS
operators for data were standardized in the GIS environment using the liner membership function
with the scale of 0–1 [27,28].

3.3.2. Weighting

In the GIS–MCDA process all criteria are integrated based on their own weights, which are derived
from weighting functions or expert knowledge. Thus, deriving weights is the most important and
critical step for any GIS-MCDA-based modelling, which makes their contribution to the final results
significant [20]. The fuzzy analytical network process (FANP) method is an effective approach which
is proposed as an extensive and complementary technique for criteria weighting [13]. According to
Saaty [29], the FANP is a logical way to deal with dependence. Thus, FANP is supposed to solve
more complex issues against the other conventional MCDA-weighting models (e.g., analytic hierarchy
process, ranking sum and technique for order of preference by similarity to ideal solution (TOPSIS) [30].
According to Saaty [31], the FANP is a logical approach to deal with dependence. In our research we
employed the FANP methods for criteria ranking and weighting based on the outcome of our earlier
research and a review of the related literature [13,15,18,23]. The FANP method is subdivided into
three different stages based on their principle purposes, including: (a) identifying the most efficient
alternative with conflicting and interrelated criteria, (b) ranking the interrelated criteria through a
network-based framework and (c) assessing indirect impacts of different criteria and their respective
significance [32]. In addition, since FANP is known as a mathematical approach, it can methodically
overcome all issues of dependencies. For this to happen, within the first step this technique makes a
number of pairwise comparison matrices of the criteria. Therefore, a relative significance value can be
given through a scale of 1–9 (see Table 2) for ranking the significance of each criterion in the decision
matrix [29,32].
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Table 2. Important scale of absolute numbers employed in the FANP decision matrix [28].

Intensity of Importance Description

1 Equal significance
3 Moderate significance
5 Strong or essential significance
7 Very strong or demonstrated significance
9 Extreme significance

2, 4, 6, 8 Intermediate values
Reciprocals Values for inverse comparison

This method represents a network from the scale of small to big matrices and alternatives which are
accordingly grouped into clusters (both of them called elements). Several relations can be considered
within any possible connection of the network. It has to be indicated that this network encloses
reaction and interdependence connections within and among clusters [33]. The significance of each
pairwise comparison matrix is computed individually. Accordingly, the results derived from all distinct
pairwise comparison matrices can be allocated into an overall super matrix (1) as parts of the columns
in light of assessing the final weights of elements [31]. As indicated in Equation (1), the super matrix W
represents the significance values of each element for other elements within the network system [33].
Our objective by applying the FANP method was to derive the significance of each criterion for SDA,
which accordingly demanded computing weights from a limit super matrix and evaluating them based
on the importance of the criteria. Wij component of the Supermatrix is as Equation (1).

W =


Wi1

( j1)

Wi2
( j1)

...
Wini

( j1)

Wi1
( j2)

Wi2
( j2)

...
Wini

( j2)

. . .

. . .
...
. . .

Wi1
( jn j)

Wi2
( jn j)

...
Wini

( jn j)

 (1)

In order to compute the criteria’s weights, we developed a questionnaire based on the considered
criteria. Accordingly, 35 questionnaires were completed during the interviews with local experts in
OPM-EAP with backgrounds in economics; PhD students and academic members at the Department
of Economic Sciences, University of Tabriz; and local stakeholders and decision makers and authorities
in the governance of EAP. The questionnaires were developed according to the research questions
and objectives of the research for ranking the significance of each indictor for the SDA modeling.
For this goal, the FANP’s scale of evolution from equal importance to extreme importance (1–9) was
used in the questionnaires. Accordingly, experts were asked to rank each indictor as being of equal
importance (1), less to moderate importance (2–5) or moderate to high importance (6–9) according
the FANP’s evaluation scale. In doing so, the FANP super decision matrix was adapted and the
importance of each criterion for SDA was obtained through FANP super matrix [34,35]. We organized
the FANP decision matrix for both main and sub-criteria. The obtained concinnity ratio (CR) for this
matrix was 0.07, which is very reasonable, and it means that the derived weights can be employed for
SDA modeling under high confidence. Regarding the CR value, it has to indicate that the CR value is
basically on the scale of 0 to 1. A reasonable CR is supposed to be less than 0.1, and if the FANP super
matrix contains a value less than 0.1, the obtained weights can be used. Otherwise, the matrix has to
be recomputed.

3.4. Uncertainty and Sensitivity in FANP Weights

3.4.1. Monte Carlo Simulation

Due to the multiple nature of the sustainable development studies, the uncertainties are associated
with similar modeling tasks. According to Feizizadeh and Blaschke [30], criteria weighting and ranking
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make significant contributions for the GIS-MCDA uncertainty. In the context of GIS-MCDA methods,
the FANP is indeed known as one of the most effective and consistent methods for criteria weighting.
This approach relies on expert knowledge and a decision matrix for criteria weighting through
fuzzy membership functions. Obviously, using expert opinions leads to some sort of subjectivity
and uncertainty in the decision matrix. Thus, it is understood that the FANP method leads some
level of bias and some ambiguities in the pairwise decision matrix. Accordingly, any inaccuracy
can be simply conveyed in the FANP based criteria weighting [30]. A review of related literature
in GIS-MCDA [30,36–39] acknowledged that integrating the Monte Carlo simulation (MCS) and
GIS-MCDA weighting methods (e.g., FANP) leads to minimizing the chance of error and presents a
robust and efficient approach. Technically speaking, such an integration makes use of the probabilistic
description of the pairwise judgements for undertaking the uncertainty [19,40,41]. Thus, within
this research, an integrated approach of MCS and GIS-MCDA was applied to compute the inherent
uncertainty integrated with FANP’s weights. Subsequently, the imprecision in the input data and
respective results (weights) can be determined as probability distributions using the FANP-MCS
approach. Even though there are several statistical sampling techniques for uncertainty analysis in
the context of GIS-MCDA models, the MCS method is known as one of the most robust and efficient
methods which has been introduced so far [42].

The simulation approach is indeed known as one of the most efficient methods to determine
the vagueness propagation associated with spatial models (e.g., GIS-MCDA). This approach is still
sufficient, even without having a lot of information about the imprecisions [43]. In our research the
integrated approach of FANP-MCS was applied to analyze the uncertainty associated with criteria
weighting. For this goal, we employed the 52 sample points as the most sustainable developed area
in the study area for training data. These sample data were selected based on the statements of the
OPM-EAP experts in identifying the most sustainable developed areas in EAP. Based on the annual
economic report of EAP [8], these 52 points are developed sustainably. In addition, our analysis of the
economic situations (e.g., life quality of inhabitation, job opportunities, number of centers and local
GDP) of these sample sites acknowledges the performance of SDA indictors. Accordingly, the initial
weights derived from the FANP method were employed as basic weights for the MCS. The simulation
process was processed as N = 10,000. Outcomes derived from this step are the spatial mapping of the
sustainable development area and simulations of the computed errors, including the minimum rank,
maximum rank, average rank and standard deviation rank.

3.4.2. Variance-Based Global Sensitivity Analysis

In the context of GIS sensitivity and uncertainty analysis, variance-based global sensitivity analysis
(GSA) is an efficient technique, which leads to computing the significance of input variables in a
decision-making system [37,42]. According to GSA functionality, by contributing error to the input
data, the model results can be impacted easily. In this context, the GSA approach computes the
responses of the model’s results, which accordingly allows one to order the criteria based on the
importance of model input variables. However, it is understood that such an ordering allows one
to outline the unknown parameters and minimize the uncertain scope of response that is required
to compute acceptable uncertain response values [44–47]. For this to happen, the GSA identifies the
most critical input variables that are essential in the variability of results and computes the significant
factors for making the variance of agent disutility and the uncertainty of pattern fragmentation [48].
So far, the variance-based GIS approaches have been applied to a number of MCDA-based problems.
Earlier research [49–51] acknowledged the GSA technique as very efficient in the domain of GIS-based
sensitivity and uncertainty analysis. It is believed that the variance-based GSA leads to diagnosing
the weights and might have significant impacts on criteria weighting and ranking step. For this goal,
two sensitivity measures including (a) first order (S) and (b) total effect (ST) sensitivity index were to
be investigated by GSA. Essentially, the GSA approach can be considered a method which measures
the interactive impact in relation to number of indicators in the complicated decision-making system.
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Principally, this method benefits from considering training data in the investigation in order to address
the decision problem, and obtains an acceptable compromise between sample size and formativeness
of the outputs [52–54]. In order to compute the GSA, we employed the locations of 52 points of the
most sustainable developed areas in EAP as training data. We also used the initial weights derived
from FANP as reference weights, and accordingly the sensitivity of FANP weights were obtained by
applying the GSA approach. For further details regarding GSA and its implementation we refer to
Feizizadeh et al. [20] and Feizizadeh and Kienberger [21].

4. Results

4.1. Criteria Weighting

Results of criteria ranking and computing the significance of each criterion are represented in
Table 3 and Figure 2.
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Health 0.08 0.16 0.10 1.0 5.6

Biodiversity 0.10 1.34 0.65 3.2 5.7
Demography 0.01 0.02 0.25 4.3 5.9
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4.2. Sensitivity Analysis

As indicated in the methodology section, in order to minimize the chance of error in weighting
the SDA indicators, we aimed to apply the MCS for computing the inherent errors associated with the
FANP weights. Figure 3 shows results of MCS as computed errors, including the minimum rank (3a),
maximum rank (3b), average rank (3c) and standard deviation rank (3d).

Table 3 shows the results of GSA for computing S and ST. As indicated in Table 3, poverty was
the most important criterion; natural hazard was identified as less important. The significance of
other criteria for SDA is indicated in column (ST%). Results of this simulation indicated the optimized
weights of FANP, which accordingly were employed for developing the SD map.

4.3. Producing the SDA Map

In order to develop the SDA map, all identified main and sub-indicators were integrated based on
GIS-MCDA aggregation functions by considering the optimized weights through the MCS. For this goal,
we employed the ordered weighted average (OWA) for aggregating the SDA indicators. Technically
speaking, the OWA method aims to reorder and shift criterion parameters that one can use to produce a
range of different solution maps and efficient scenarios [26,30]. This approach takes advantage of fuzzy
based operators as efficient techniques for criteria ranking and minimizing the inherent uncertainty
associated with their interactions [55]. In this research, for applying the OWA approach and producing
the SDA map, the OWA function was employed. Figure 4 shows the final results of our sustainable
development assessment in East Azerbaijan Province (EAP). According to the final map, there is
unbalanced development in EAP; while some counties are being developed in a sustainable manner,
most of the counties are not well developed or are less developed.
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Figure 4. Results of GIS-based SDA for East Azerbaijan Province.

5. Discussion

According to the obtained SDA map, Tabriz County is the most developed area in EAP, which is
closely followed by Bonab County. Our results pointed out that these two counties are known as the
most developed with heavy industrial and commercial activities. Detailed results show that about 6%
of the industrial activity of the country is located in Tabriz and Bonab counties. With about 2 million
inhabitants (57% of whole state), these two combined constitute the most highly populated area of EAP.
The historical background of Tabriz city, as the capital of Iran during some previous dynasties, together
with its geographical location and its current status as one of the four largest cities in Iran, resulted in
Tabriz being developed significantly [56,57]. Tabriz is also known as the center of commerce and trade
in the northwest of Iran. Historically speaking, Tabriz has been acting as the second capital of Iran for
many years. Tabriz’s historical bazar with an area of 50 hectares is the largest covered bazar in Iran,
which is inscribed as a UNESCO world heritage site [58].

Being the largest city of Iran in the neighborhood of Turkey, Azerbaijan, Armenia and Iraq has
helped Tabriz to be a center of national and international trade in Iran. Geographical location together
with commercial and trade functionality over the centuries, and heavy industrial activity, has turned
Tabriz to one of the most developed cities in Iran and the most developed city in northwest of Iran.
Based on the obtained results, Bonab is the second most developed county in EAP. This county with
a population of about 189,000 is the main industrial center of the country, and hosts several critical
industries, such as Sahnad Thermal Power Station, steelmaking and over hundred food industries.
Technically speaking, Bonab is a county with an area of 805 KM2 with limited resources and properties
located in the eastern part of the Urmia Lake. However, this county has significantly developed in
recent years (basically since 1990). Extensive investments based on governmental support and heavy
industrialization caused this county to be developed essentially within the past two decades.

The SDA map also indicates that Oskuo, Azarshahr, Marand, Marageh, Jolfa, Ajbashir and
Malekan are developed in a somewhat sustainable manner. The economies of these areas were
developed based on agricultural and related industrial activities. However, these counties are still
undeveloped based on the considerable potentialities for sustainable development. In terms of Jolfa
County, it should be mentioned that the recent developments in this county have been based on the
development of the Aras Free Trade Industrial Zone (AFTZ) which was initiated in 2004. The AFTZ is
a government-based organization that supports trade and industrial activates as tax free in northwest
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of Iran and neighboring countries (basically Turkey and Azerbaijan). Based on the tax-free policy,
Jolfa has started to experience significant levels of development over that last decade. Several industrial
unities and commercial centers have been developed in Jolfa and it is anticipated to be one the most
developed counties in EAP in the near feature. According to the results, Heris, Ahar, Boastan Abad and
Sarab counties are relatively developed, while Charoymag, Hashtrud, Meyaneh and Kalyebar counties
are classified as less developed counties. The economies of these areas are basically based on the
agricultural and animal husbandry activities. These areas mostly cover the southern part of the Sahand
Mountains, where the mountainous landscape renders the development of irrigated agriculture systems
challenging. Thus, the rainfed agriculture system has developed in most parts of these areas. It has to
be indicated that EAP features a semi-arid climate that poses limitations for developing agricultural
activities. There are no considerable industrial activities in these counties, and basically cities are
developed in traditional systems only based on the increasing population. More balanced policies
towards development of these areas are needed to avoid excessive immigration to Tabriz and other
major cities in the region that may lead to significant socio-economic and environmental ramifications.

6. Conclusions

The main objective of this research was to apply GIS-MCDA methods for assessing and analyzing
the degree of sustainable development in East Azerbaijan Province. For this purpose, the FANP
method was applied to derive the criteria weights. The OWA approach was also applied to aggregate
the indicators and develop the SDA map. According to results, GIS-MCDA proved to be a powerful
methodology for sustainable development studies, and it allows one to employ a variety of indicators
with different scales of evaluation. According to the results, the FANP can be considered an efficient
method for ranking SDA indicators. As the results pointed out, applying the GSA approach leads to
determining the uncertain weights and enhancing the robustness of the functionality of the GIS-MCDA
model. In terms of the SDA map, results indicated that Tabriz County has developed significantly,
which clearly addresses the importance of provincial capitals for development. Based on the results,
the OWA also turned out to be an effective approach for dealing with inherent uncertainty with
employed fuzzy membership values and order weights. The results acknowledged that the OWA leads
to establishing a number of decision strategies showing extreme pessimism (the minimum-type) based
on the logical “AND” operator. This process runs through a transitional neutral-toward-risk strategy,
to an enormously optimistic strategy which is actually the maximum-type strategy by applying the
logical “OR” operator [30,58–67]. Based on this statement, it is to be acknowledged that OWA can be
considered as an extension and a generalization of the conventional combination procedures in GIS,
which was also pointed out in earlier research.

This research lays the groundwork for a detailed and in-depth analysis of how to further the
sustainable development in EAP, in Iran and beyond. Additional research could focus on developing
certain areas or counties based on local preferences and lessening the spatial variation in the degree of
sustainable development between those areas. Additionally, socioeconomic indicators and data could be
applied for welfare assessments of changes. Within this research, we applied GIS-MCDA-based methods
for a sustainable assessment which is important for decision makers and authorities. In terms of SDA,
the research outcome could deliver the confident sustainability map which is essential for sustainable
development programs. The resulting map developed based on GIS-MCDA provides the possibility of
arranging and integrating the spatial criteria from a variety of locations and description viewpoints
which eventually support decision makers and authorities to organize sustainable development plans
for the study area.

The results obtained by integrating SDA indicators show the overall sustainable degree in each
part of the province. Based on the results, it can be stated that industrial-based economy, employment,
education level, infrastructure, poverty and demography are the main indicators impacting sustainable
development in East Azerbaijan Province. The results also acknowledged the asymmetric development
in East Azerbaijan Province with Tabriz city and its suburb area dominating the scale. According to
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results, it can be concluded that the obtained SDA map provides valuable information for comparing
sustainable development in the study area and can be used as a basis for decision-making and regional
planning for East Azerbaijan Province. We also conclude that the proposed GIS-MCDA-based approach
turned out to be an efficient and effective approach that can be applied for sustainable development
assessments in other case studies. Thus, results of this research are also of great importance for future
research in the domain of economic sciences and GIS sciences by means of introducing a sufficient
methodology for GIS-MCDA and economic development assessment.
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