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Abstract

:

In this research, we explored whether participation in pension insurance and medical insurance for children and fathers blocks the inter-generational transmission of poverty. Using data from the China Family Panel Survey of 2018, this paper took the average level of insurance participation of a sample group as an instrumental variable, applied the IV-probit model, and found that the participation of children in pension insurance and the participation of fathers in medical insurance significantly reduce the probability of the inter-generational transmission of poverty, but that the participation of children in medical insurance and the participation of fathers in pension insurance increase it. These results were robust. Furthermore, there was heterogeneity in household registration, geographical location, and marriage with regard to the impact of social insurance participation on the inter-generational transmission of poverty. These results could help the formulation of anti-poverty policies to address the inter-generational transmission of poverty.
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1. Introduction


Blocking the inter-generational transmission of poverty (ITP) is an important anti-poverty strategy. China must lift the whole territory out of absolute poverty. As an important economic and social issue, poverty alleviation is affected by complex factors [1,2], such as the habits and social capital of individuals [3,4,5], family economic status and the living environment [6], and emergencies like COVID-19 [7], and it also persists within families [8].



Proposed in the 1960s, the inter-generational transmission of poverty refers to a vicious genetic chain in which poverty, related conditions, and factors are transmitted from parent to child within a family, so that the child inherits his/her parents’ poverty and adverse factors in adulthood [9,10]. Most of the existing literature measured ITP using inter-generational income elasticity, and explored the blocking effect of specific factors on ITP [11,12,13]. Some literature used a transformation matrix to measure ITP [14,15,16]. The latter directly measured the occurrence and transmission of poverty, and conveniently explored the influencing factors and mechanisms. This paper applied the transfer matrix. As shown by the transitive nature of ITP, the occurrence of poverty between parents and children is sequential. To reduce sample selection bias, this paper concentrated on the father–child pair where the father was poor, due to the following consideration: firstly, in the changes of family structure, most fathers always assumed the role of family authority and major economic contributors [17], which had an important impact on children’s growth and development. Secondly, in the matched data, we found that there was a serious lack of relevant information about mothers. To reduce the loss of information, we mainly concentrated on the transmission of poverty between fathers and children.



This paper contributes to the measurement of individual poverty. At present, in most literature poverty is mainly defined as income below a certain level; thus, the key to measuring poverty lies in the measurement of income and the poverty line. An individual’s weekly, monthly, and annual work earnings are the most common measurements of income [18,19,20,21]. Average income over a specific survey period, for example, years or survey waves, is also used to measure individual income [22,23]. Work earnings may be the main source of individual income, but not all it comes from them, especially for individuals whose income mainly comes from operations and investments. This paper integrates person and family databases and measures individual income by considering four aspects: work income, business income, property income, and transfer income. In addition, there are many poverty lines; for example, the absolute poverty lines of $1.9 per person per day [24], ¥2300 every year for the agricultural population, as proposed in 2011, and ¥3200 per year, as proposed in 2018. However, as China’s anti-poverty strategy is entering a new stage, focusing on the relative poverty line is reasonable. Generally, the relative poverty line includes 50% or 70% of the median of per capita disposable income [25,26], and the average of per capita disposable income [27,28]. This paper used the former as the relative poverty line, since the median better represents the income of most residents.



This paper also contributes to the understanding of the impact of social insurance on the inter-generational transmission of poverty. The existing literature on the ITP explores blocking methods [29,30,31]. Childhood living conditions are important, since the poverty of the father may lead to deficiencies in the nutrition and living environments of children, who may then fall into poverty due to health problems in adulthood [32,33]. Education and culture are other important pathways; a father’s poor education may lead to his child’s inability to receive a good education, resulting in multidimensional poverty in the sense of low income and spirit [3,16,34]. Social capital is another important perspective. Poor parents accumulate less social capital and provide less help to their children in life, work, and communication, resulting in an increase in the probability of their children inheriting poverty [4]. This literature contributes to the current understanding of the blocking of the transmission of poverty, but also takes into account the rarely touched upon impact of social insurance. As an important social policy, social security is important in poverty alleviation [22,35,36,37,38]. For example, the significant but limited public pension plans for some elderly people [39,40,41] and medical insurance significantly decreases the probability of poverty due to illness [42,43,44,45,46,47]. However, the literature seems to have largely ignored the impact of social insurance on the inter-generational transmission of poverty. This paper explores the impact of the participation of fathers and children in pension insurance and medical insurance on the ITP.



Applying instrumental variables and the IV-probit model, we found that social insurance has varying significant impacts on the inter-generational transmission of poverty. In particular, child participation in pension insurance and fathers’ participation in medical insurance significantly reduce the probability of ITP, but child participation in medical insurance and fathers’ participation in pension insurance have the opposite effect. In particular, child education, political identity, behavior, and family characteristics have significant impacts on probability of the ITP. These results were robust. Furthermore, the impact of social insurance participation on the ITP is heterogeneous in terms of the residence and marriage status of the child.



The paper is arranged as follows. Section 2 presents the data, variables, and summary statistics. Section 3 outlines the empirical approach. Section 4 demonstrates the results of the basic analysis, robustness check, and heterogeneity analysis. Section 5 provides the conclusion and discussion.




2. Data, Variables, and Summary Statistics


2.1. Data


The data used in this paper came from the China Family Panel Studies (CFPS), carried out by the China Social Science Investigation Center at Peking University. The CFPS is an ongoing longitudinal survey which started in 2010. The data are collected by interview once every two years, based on a permanent sample of 14,960 households and 42,590 individuals who entered the 2010 baseline survey. It is a detailed and comprehensive investigation into family income, social insurance participation, education, health, and individual characteristics. In addition, it has a large sample capacity, wide coverage, reasonable questionnaire design, scientific survey methods, and timely data updates, which effectively reflect the development of our society.



This paper concentrated on the impact of social insurance on the intergenerational transmission of poverty. We started with 32,669 respondents from the CFPS sample in 2018. Firstly, we matched the information for children and fathers according to the family relationship database, and deleted samples that could not be matched successfully. Secondly, samples with missing information on any item were deleted. Thirdly, individuals under 17 years old and over 65 years old were deleted. Finally, samples with an income of 0 or no income, due to the participants being in school or out of the labor market, were deleted. After the above data screening, we obtained 2099 pairs of valid samples.



The key variables are defined in the following subsections.




2.2. Variables


2.2.1. Intergenerational Transmission of Poverty (ITP)


This paper used the incomes of the child and father as the measurement of poverty. First, we summarized the working income, operating income, property income, and transfer income of both the child and the father. Then, we considered 50% of the median of the national per capita disposable income in 2017 as the relative poverty line to measure individual poverty. Finally, we retained the sample pairs in which the father was in poverty, and recorded 1 if the child was also poor, and 0 otherwise.




2.2.2. Social Insurance (SI)


As China is establishing a multi-level social insurance system, the social insurance discussed in this paper includes basic social insurance and supplementary social insurance. This paper concentrated on pension insurance and medical insurance, recording 0 if the individual had neither basic social insurance nor supplementary social insurance, 1 if they had one of them, and 2 if they had both of them.




2.2.3. Other Explanatory Variables


We also focused on other exogenous variables that may affect poverty or social insurance participation. Personal characteristics, including gender, age, household registration, education, health status, job type, and geographical location. It should be noted that since Chinese pension insurance and medical insurance have two types, namely employee insurance and resident insurance, and the urban and eastern regions have had an earlier and greater implementation of the insurance policy, higher payment, and treatment levels than rural and other geographical regions, we took household registration, job type, and geographical location into consideration. The social capital of parents and individuals can be transformed into human capital and economic capital, and so may have an impact on the transmission of poverty. Therefore, we also considered the social position and political identity of children and parents, and the expenditure of families for gifting. For the latter, since in Chinese culture gifting is an important part of maintaining social networks, we believed that it was reasonable and necessary to include it as a proxy variable. Behavior, smoking, drinking, reading, and exercising may have impacts on social communication and information acquisition, etc., so they were regarded as part of the control variables. In addition, we considered the characteristics of the family, such as size and factors that can reflect and affect the family’s economic situation, in particular, transfer income acquisition, cooking water, and fuel.



Table 1 provides summary statistics for the variables.






3. Empirical Approach


Following the previous literature, the ITP was considered a binary variable, and this paper used the following probit model:


  Prob  (   Y i  = 1    | X   i   )  = Prob  (    ∑   j = 1  4   α j    SI   ji   +   ∑   k = 1   12    β k    Child   ki    β k  +   ∑   m = 1   11    γ m    Father   mi   +   ∑   n = 1  5   θ n    Family   ni   +  ε i     | X   i   )   



(1)




where Yi is the occurrence of inter-generational transmission of poverty in child i, which is a dummy variable and scored 1 if there is an ITP and 0 otherwise. SIji is participation in j-th social insurance (pension insurance and medical insurance) of child i and his (her) father. Childki is the k-th characteristics of child i, Fathermi is the m-th father’s characteristics of child i, Familyni is the n-th family characteristics of child, and εi is an error term.



For this model, there may be endogeneity due to reverse causality. Participating in social insurance can reduce the impact of accidents on personal and family income. Chinese urban-rural residents insurance and supplementary insurance are voluntary, and employee insurance takes personal income as the payment base, so individuals with lower incomes tend not to participate in social insurance. To solve this problem, we used the instrumental variable (IV) and IV-probit. We took the average participation rate of the group as the instrumental variable of social insurance participation. Specifically, we divided all the samples into 60 groups according to the provinces and classification of urban and rural areas where the children were located, and three groups with small sample sizes were excluded. Then, we calculated the average participation level of pension insurance and medical insurance of the children and parents in each group. In general, the IV is valid if it meets several assumptions below.



Exclusion restriction assumption: relevance and exogeneity. The average area participation level of social insurance is affected by policies and the operation of insurance funds. In poor areas, the government provides the lowest level of social insurance for poor groups free of charge in order to deal with poverty, which suggests that the average participation level can only further affect the ITP by affecting individual participation in SI.



Relevance assumption: the average participation level at the cluster level has a strong correlation with individual participation. This is fulfilled since the generation shows the direct relationship between individual participation in SI and the instrumental variables. In order to make the IV estimation more reliable, we carried out a weak instrumental variable test in the IV-probit model, and as shown in the result in Section 4.1, the assumption is fulfilled.



Monotonicity assumption: whereas participation in SI is certain if the individual lives in an area with a high average participation level, non-participation is certain if they live in an area with a low average participation level. On the one hand, the average participation level is generated based on individual participation. Therefore, individuals living in areas with a higher/lower average participation level have a greater probability of participating in SI. On the other hand, an area with higher average participation is more likely to have better cultural, economic, and social foundation conditions to promote the policy, and vice versa. Therefore, the IV fulfills the assumption.



We also carried out a robustness check for the conclusions. Specifically, we added the children’s cognition and attitude to life into the model, used alternative samples and alternative methods for analysis, and found that the conclusions were robust.



In order to further address whether there were group differences in the impact of SI on the ITP, we conducted heterogeneity analysis in household registration, geographical location, and marital status. As shown, there is group heterogeneity in the conclusions.




4. Results


4.1. Basic Regression


The collinearity test indicated there was no collinearity problem in the model. See Table A1 for the results of the test.



Table 2 presents the results for probit and IV-probit models on the effects of SI on the ITP. As shown by the probit model in column 2, at the level of 1%, child participation in pension insurance (−0.277) significantly reduced the probability of the ITP. At the level of 10%, child participation in medical insurance (0.172) and fathers’ participation in pension insurance (0.149) and medical insurance (0.301) significantly increased the probability of the ITP. However, as previously analyzed, endogeneity may lead to the regression error, so we payed more attention to the results of IV probit. As shown by the IV-probit model in column 3, which differs from the probit model, child participation in pension insurance (−0.839) and father’s participation in medical insurance (−2.342) statistically significantly decreases the probability of the ITP, while child participation in medical insurance (1.228) and fathers’ participation in pension insurance (1.228) had significant impacts on the probability of the ITP at the significance of 1% level.



It is very interesting that the participation of children and fathers in pension insurance and medical insurance has opposite effects on the ITP. One possible reason for this is that most children remain in the payment stage and do not obtain income, but their participation still helps them develop an awareness of saving to deal with risks. However, for fathers, pension insurance expenditure reduces their ability to support the family, which may improve the probability of the ITP. The different effects of medical insurance are more likely to be related to the health status of fathers and children. The health status of children is generally better than that of their fathers, as reflected in the descriptive statistics. Therefore, children pay medical insurance but rarely benefit from it, whereas fathers’ participation in medical insurance reduces their medical costs and maintains human capital, so it has the opposite effect.



In addition, child education (−0.235) significantly reduces the probability of the ITP, which verified the economic return of education. A child’s job type (0.120) increases the probability of the ITP, while a father’s job type (−0.303) has the opposite impact. One possible reason for this is that children are engaged in basic work and fathers are more likely to work in higher paid jobs. A noteworthy phenomenon is that a child’s political identity (0.169) significantly improves the probability of the ITP, and, even though it is not significant, the impact of a father’s political identity on the ITP it is also positive. This may be due to the fact that most Communist Party members are public servants and receive more physical security, and there is a certain amount of error involved in taking wage level as the measurement for poverty. Moreover, child smoking (−0.147) significantly blocks the ITP while exercising (0.132) increases it. A family’s receipt of transfer income (0.184), family size (0.054), and family’s gifting expenses (0.03) also have statistically significant impacts on the ITP at different significance levels (see Table 2 for details); thus, short-term income improvement plans for families may not eliminate poverty, but are prone to welfare traps and increase the probability of the ITP. SI is therefore not the only factor affecting the ITP and it is reasonable and necessary to include these variables in the regression model.



The prediction accuracy of probit model and IV-probit model is more than 70%. The chi square value of LR (for the probit model) and Wald (for IV-probit model) is significant, which proves the great quality of the models. Furthermore, using the Wald test for endogeneity, we rejected the null hypothesis of the exogeneity of the participation of children and fathers in pension and medical insurance at the significance level of 1%, so it is reasonable to use the IV-probit model to correct the estimation error from endogeneity. We also carried out a weak-IV test. As shown by the significant AR value, the instrumental variables selected in this paper were effective.



Overall, as shown in Table 2, the participation of children and fathers in social insurance has a statistically significant impact on the ITP.




4.2. Robustness Check


4.2.1. Adding Variables


Based on the complexity of the ITP, the previous conclusions may be affected by missing variables, so in this section we carried out a robustness check by adding explanatory variables. Specifically, we took into account the respondents’ cognitive ability and attitude to life. The variable Cognition was defined by the sum of respondents’ phrase and math test scores, and, to measure the respondents’ attitude to life, the variable Confidence was measured by the question “How confident are you in the future?”, with answers ranging from 1 (worst) to 5 (best). Both of these variables may affect children’s economic ability, i.e., the ITP.



As shown in Column 3 of Table 3, after a child’s cognition and confidence were added to the model, the coefficients of a child’s participation in pension insurance and medical insurance on the ITP increased from −0.839 to −0.842 (pension insurance) and 1.228 to 1.243 (medical insurance), respectively, while on the contrary, the coefficients of a father’s participation in pension insurance and medical insurance on the ITP decreased from 0.719 and −2.342 to 0.713 and −2.324, respectively. So, the impact of SI on the ITP may be more affected by a child’s personal characteristics and efforts.



In addition, as the IV-probit results show, a child’s education (−0.235), smoking (−0.147) behavior, and their father’s employment (−0.303) has significant impacts on blocking the ITP. Meanwhile, a child’s Communist identity (0.169), employment (0.12), exercising behavior (0.132), family size expansion (0.054), and gifting expenditure growth (0.03) significantly improves the probability of the ITP. But when the child’s confidence enhanced, the probability of the ITP is significantly reduced, hence this check is reasonable.



Overall, in this section, we added explanatory variables to the basic model and found that a child’s and a father’s participation in SI, and other factors such as child education, political identity, behavior, and family characteristics, have significant impacts on the probability of the ITP. Therefore, the previous conclusions were robust.




4.2.2. Alternative Sample


Unlike medical insurance, pension insurance can only be received under certain conditions. This paper focused on the impact of the payment of pension insurance on the probability of the ITP. We retained a sample of 1705 children whose parents had not yet received a pension to carry out the robustness check.



As shown in Table 4, in the probit model, only child participation in medical insurance has no significant impact on ITP. But in the IV-probit model, a child’s participation in pension insurance (−0.653) and a father’s participation in medical insurance (−2.139) have significant blocking effects on the ITP, while a child’s participation in medical insurance (0.947) and a father’s participation in pension insurance (0.683) have significant opposite effects. This is consistent with the conclusions of the basic regression model, so the impact of child and father participation in SI on the ITP are robust.



In addition, a child’s education (−0.285), political identity (0.255), job type (0.11), smoking status (−0.191), and exercising behavior (0.189); a father’s household registration (0.277), job type (−0.415), and alcoholism behavior (0.135); and the family’s receipt of transfer income (0.163), size (0.084), and gifting expenses (0.036) still have significant impacts on the probability of ITP. A child’s age (−0.032) and medical expenditure (−0.023) significantly blocked the ITP when the sample size was reduced, possibly because age growth promotes the child’s economic accumulation, and increased medical expenditure improves the child’s health capital, hence their improved economic acquisition ability.



Overall, in this section, we used alternative samples and found that the participation of children and fathers in SI and other factors have significant impacts on the ITP, hence the conclusions were robust.




4.2.3. Alternative Method


In the previous analysis, we used a linear probability model (probit) and an instrumental variable method to analyze the impact of child and father participation in SI on the ITP. In this section, we used a linear regression and 2-stage least square (2SLS) model for alternative analysis to check the robustness of the previous conclusions.



As shown in Column 2 of Table 5, a child’s participation in pension insurance (−0.088) and medical insurance (0.06), and a father’s participation in pension insurance (0.043) significantly affects the ITP, and the impact direction was still the same as the previous analysis. However, the difference was that a father’s participation in medical insurance (0.087) significantly improves the ITP, which may come from the endogeneity, so we payed more attention to the results of the 2SLS model. In Column 3, as shown in the results of the 2SLS model, a child’s participation in pension insurance (−0.335) and a father’s participation in medical insurance (−0.97) significantly reduce the ITP, while a child’s participation in medical insurance (0.474) and a father’s participation in pension insurance (0.279) have the opposite significant effect. Other significant variables also have robust effects on the ITP.



Overall, the 2SLS estimation result was the same as the IV-probit result, so the conclusions on the impact of the participation of children and fathers in SI on the ITP were robust.




4.2.4. Alternative Measure


So far, we measured the social insurance participation of children and fathers based on the distinction between basic insurance and supplementary insurance, i.e., we defined the participation as variables ranging from 1 to 3. To avoid analysis bias caused by measurement errors, in this section, we redefined the participation of children and fathers in SI as qualitative variables, 0 (not participating in any insurance) and 1 (participating in at least one insurance), for analysis in order to check the robustness of the conclusions.



As shown in the IV-probit estimation of Table 6, the probability of the ITP for a child participating in medical insurance and a father participating in pension insurance was significantly lower than that of an uninsured group, while the probability of the ITP of a child participating in medical insurance and a father participating in pension insurance was significantly higher than that of an uninsured group, which is similar to the results obtained by the basic regression model. When compared, the coefficients based on participation were higher than those based on what kind of insurance to participate in.



Therefore, the conclusions of the impact of the participation of children and fathers in SI on the ITP in the basic regression model are not only robust, but also more accurate than the measurement method considering participation only.





4.3. Heterogeneity


4.3.1. Household Registration


China’s development can be characterized by the separation of urban and rural areas, and urban areas are far superior in many ways. Furthermore, there is a gap in social insurance policies between urban and rural areas, even though the government is trying to narrow it. In this section, we divided the samples into urban and rural groups according to the child’s hukou, with sample sizes of 312 and 1769, respectively.



In the IV-probit model, as shown in Table 7, for the urban groups, a child’s effort seems to be more important. Specifically, a child’s participation in pension insurance and medical insurance have significant effects on both the probability of the ITP of rural (−0.795 and 1.443) and urban (−1.621 and 1.593) residents, but it is stronger for the latter. And only rural residents’ participation in medical (−2.420) and pension (0.777) insurance have significant impacts on the probability of the ITP. This accords with the fact that in rural areas, as opposed to urban areas, individuals accumulate economic capital slowly, clan culture has a strong influence, and families and neighbors play an important role in social communication and income growth. Thus, the choices of fathers and children will impact the ITP in rural areas.



In addition, the child’s individual characteristics, such as age, education, job type, smoking status, exercising behavior, their father’s job type and family characteristics, such as the receipt of transfer income, size, and gifting expenses, have significant impacts on the ITP only for rural residents. A father’s reading behavior only has a significant impact on the ITP of urban residents. This also supports the fact that in urban areas, a father’s and family characteristics have less of an impact on the ITP.




4.3.2. Geographical Location


Another developmental feature of China’s economy and society can be summarized as the separation of the eastern region and other regions. Specifically, the provinces on the eastern coastline have a good geographical location and market environment, and have benefitted from rapid economic development in China. Therefore, there are differences in the implementation and development of SI between the eastern region and other regions, which is also the reason why we analyze the geographical location heterogeneity of the impact of SI on the ITP in this section. Specifically, we defined the samples from Beijing, Tianjin, Hebei, Liaoning, Shanghai, Jiangsu, Zhejiang, Fujian, Shandong, Guangdong, Guangxi, and Hainan as the Eastern group, and other samples as the other group, with sample sizes of 729 and 1352, respectively.



As shown in Table 8, a father’s participation in pension insurance significantly improved the probability of the ITP for the residents in the East (1.08) and other locations (0.583), which is consistent with the previous analysis but stronger for the former. A child’s participation in pension insurance (−0.89) and medical insurance (1.7) only have significant impacts on the probability of the ITP of non-Eastern residents, while a father’s participation in medical insurance (−2.242) only has a significant impact on the probability of the ITP of Eastern residents. One possible explanation is that there is a gap between the eastern location and other locations in the cost of living, insurance payments, and treatment, specifically, for children, with the more comprehensive the pension insurance the more likely individuals are to have a higher awareness of risk prevention. In the non-eastern locations with lower costs, individuals are able to deal with risk events and have a lower probability of falling into poverty. And as for medical insurance, individuals with better health benefit less. For fathers in locations with high medical costs, i.e., the Eastern group, the proportion of medical insurance reimbursements is high, which can effectively reduce the rise of the ITP caused by diseases.




4.3.3. Marriage


The family can be regarded as a consortium that jointly bears the cost of living, and deals with unknown risks. Marriage is the most common way to form a family. In this section, according to the marital status of the child, the samples were divided into the unmarried group and married group, with sample sizes of 928 and 1153, respectively.



As shown in Table 9, a father’s participation in pension insurance (0.724) only has a significant impact on the children of married families. A child’s pension insurance and medical insurance participation, and a father’s medical insurance participation have significant impacts on the probability of the ITP, and both the participation of child and father in medical insurance have stronger impacts on the probability of the ITP for the children of married families, while the impact of a child’s pension insurance participation is the opposite.



For children, marriage indicates that they have to carry their own living costs, which increases by a greater amount than the reduction from the scale effect. Therefore, although participation in pension insurance still blocks the ITP, it is lower for married families. Meanwhile, medical insurance participation increases life pressure for a married family, so it is stronger. As married children are more likely to provide economic inter-generational support, while unmarried children are more likely to provide caring inter-generational support, participation in medical insurance improves the father’s ability to cope with disease risk and further reduces the married children’s economic support when their parents were ill, hence enhancing the blocking impact on the ITP.



Overall, there was marital heterogeneity in the impact of social insurance on the ITP.






5. Conclusions and Discussion


This paper analyzed the impact of social insurance on the inter-generational transmission of poverty using the probit model and the IV-probit model. The following findings may help us to better understand poverty transmission.



Firstly, participation in social insurance has a significant impact on the inter-generational transmission of poverty. Specifically, a child’s participation in pension insurance and father’s participation in medical insurance significantly reduce the probability of the inter-generational transmission of poverty, while the child’s medical insurance participation and father’s pension insurance participation increase it. Therefore, overall, it is still necessary to expand insurance coverage, especially the child’s participation in pension insurance and the fathers’ participation in medical insurance. More importantly, it is necessary to adjust the medical insurance system for young people and the pension insurance system for the elderly. Meanwhile, in order to block the ITP, it is beneficial to improve the profitability of medical and pension insurance funds and reasonably control the cost growth to further realize the sustainable development of the funds.



Secondly, the characteristics of children and families have significant impacts on the inter-generational transmission of poverty. In particular, improving child education significantly reduces the probability of the inter-generational transmission of poverty. The probability of the inter-generational transmission of poverty for Communist Party members is significantly higher than that for the general public. The inter-generational transmission of poverty for residents who smoke and exercise less is significantly lower; thus, it is necessary to promote healthy living habits to block the inter-generational transmission of poverty. Families that receive transfer income have a higher probability of the inter-generational transmission of poverty, and policies should protect the working conditions of the poor, rather than focusing on simple transfer income. The expansion of family size and the growth of gifting expenditure significantly increase the probability of the inter-generational transmission of poverty, and active family culture policies may reduce poverty transmission.



Thirdly, there is heterogeneity in household registration, geographical location, and marriage in the impact of social insurance on the inter-generational transmission of poverty. A father’s participation in social insurance has a greater impact on the probability of the ITP for rural, Eastern, and married families, while a child’s participation in social insurance has a greater impact on that of the urban, non-Eastern, and unmarried families. As indicated by the results, different social policies are needed in the short term for different groups, and but we should pay more attention to the promotion of policies to narrow the gap between urban and rural, eastern and non-eastern, and married and unmarried families in the long term. In addition, family characteristics have significant impacts on the ITP. Therefore, in the future, it would be beneficial to promote the current individual social insurance to a family insurance to better block the impact of social insurance on the ITP. At last, to block the ITP, it is important to implement the inheritance of individual pension insurance and form family mutual help systems for medical insurance, and strengthen individual security, especially access to learning opportunities.



There remain unresolved problems in this direction. This paper focused on the impact of social insurance on the inter-generational transmission of poverty, and further work is required to find and understand the mechanisms. For example, the data in this paper meet the basic conditions for causal analysis of cross-sectional data, such as stability, no selective population, and the correction for reverse causality and temporal directionality by applying instrumental variables, but further causal inference is necessary by using panel or time series data in the future.
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Appendix A


Collinearity between variables may increase the regression error, so this paper carried out a collinearity test before the regression analysis. Tolerance and VIF values are the usual measures of collinearity. In general, the value of tolerance is between 0 and 1. The smaller the tolerance is, the larger the VIF value is, and the more obvious the collinearity is. When the VIF value is less than 10, there is no obvious collinearity in the regression model.



As shown in Table A1, child age and father age had the highest VIF values at 3.44 and 2.52, respectively, but these were still far less than the general standard of 10. The VIF value of a fathers’ job type was the smallest at 1.02. Accordingly, the minimum tolerance of all variables was 0.291, and the maximum was 0.977. Thus, there was no collinearity in this model.
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Table A1. Collinearity test.






Table A1. Collinearity test.





	Variables
	VIF
	Tolerance





	Child’s Pension Insurance
	1.290
	0.776



	Child’s Medical Insurance
	1.140
	0.874



	Father’s Pension Insurance
	1.100
	0.906



	Father’s Medical Insurance
	1.100
	0.911



	Gender
	1.700
	0.589



	Child’s Age
	3.440
	0.291



	Child’s Marriage
	1.800
	0.555



	Child’s Household Registration
	1.760
	0.569



	Child’s Education
	1.710
	0.583



	Child’s Health
	1.060
	0.946



	Child’s Social Position
	1.040
	0.957



	Child’s Political Identity
	1.380
	0.726



	Child’s Job Type
	1.030
	0.975



	Child’s Location
	1.170
	0.857



	Child’s Smoking
	1.740
	0.576



	Child’s Alcoholism
	1.170
	0.856



	Child’s Reading
	1.210
	0.829



	Child’s Exercising
	1.150
	0.871



	Father’s Age
	2.520
	0.396



	Father’s Marriage
	1.030
	0.967



	Father’s Household Registration
	1.640
	0.610



	Father’s Education
	1.280
	0.780



	Father’s Health
	1.090
	0.920



	Father’s Social Position
	1.050
	0.950



	Father’s Politic Identity
	1.080
	0.922



	Father’s Job Type
	1.020
	0.977



	Father’s Smoking
	1.040
	0.965



	Father’s Alcoholism
	1.070
	0.934



	Father’s Reading
	1.110
	0.899



	Father’s Exercising
	1.100
	0.908



	Transfer
	1.230
	0.815



	Water
	1.140
	0.881



	Fuel
	1.330
	0.752



	Size
	1.330
	0.752



	Gifting expenses
	1.090
	0.917



	Mean
	1.347
	0.800







Note: Based on CFPS 2018.
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Table 1. Descriptive statistics.






Table 1. Descriptive statistics.





	
Variable

	
Definition

	
Mean

	
Std. Dev.

	
Min

	
Max






	
Inter-generational transmission of poverty (ITP)

	
0 if the child is not poor, 1 if poor

	
0.374

	
0.484

	
0

	
1




	
Child

	
Pension insurance

	
0 if no participation, 1 if one of them, 2 if both of them.

	
0.53

	
0.539

	
0

	
2




	
Medical insurance

	
0 if no participation, 1 if one of them, 2 if both of them.

	
0.875

	
0.358

	
0

	
2




	
Gender

	
0 if female, 1 if male

	
0.658

	
0.474

	
0

	
1




	
Age

	
Age of the respondent

	
27.672

	
6.196

	
17

	
45




	
Marriage

	
0 if they have no spouse, 1 if they have a spouse

	
0.551

	
0.497

	
0

	
1




	
Houshold registration

	
0 if rural, 1 if urban

	
0.149

	
0.356

	
0

	
1




	
Education

	
Illiteracy = 1, primary school = 2, junior middle school = 3, High school = 4, Junior college = 5, College and above = 6

	
3.528

	
1.1

	
1

	
6




	
Health

	
Logarithm of medical expense

	
3.867

	
3.274

	
0

	
11.983




	
Social position

	
Social status score

	
2.856

	
0.98

	
1

	
5




	
Political identity

	
0 if not a Chinese Communist, 1 if yes

	
0.367

	
0.482

	
0

	
1




	
Job type

	
0 if not employed, 1 if yes

	
0.567

	
0.496

	
0

	
1




	
Location

	
0 if others, 1 if East

	
0.351

	
0.477

	
0

	
1




	
Smoking

	
0 if no, 1 if yes

	
0.451

	
0.498

	
0

	
1




	
Alcoholism

	
0 if no, 1 if yes

	
0.142

	
0.35

	
0

	
1




	
Reading

	
0 if no, 1 if yes

	
0.426

	
0.495

	
0

	
1




	
Exercising

	
0 if no, 1 if yes

	
0.459

	
0.498

	
0

	
1




	
Father

	
Pension insurance

	
0 if no participation, 1 if one of them, 2 if both of them.

	
0.816

	
0.42

	
0

	
2




	
Medical insurance

	
0 if no participation, 1 if one of them, 2 if both of them.

	
0.964

	
0.207

	
0

	
2




	
Age

	
Age of the respondent

	
54.489

	
6.533

	
36

	
65




	
Marriage

	
0 if they have no spouse, 1 if they have a spouse

	
0.96

	
0.196

	
0

	
1




	
Hukou

	
0 if rural, 1 if urban

	
0.117

	
0.322

	
0

	
1




	
Education

	
Illiteracy = 1, primary school = 2, junior middle school = 3, high school = 4, junior college = 5, college and above = 6

	
2.36

	
1.008

	
1

	
5




	
Health

	
Logarithm of medical expense

	
4.798

	
3.56

	
0

	
12.103




	
Social position

	
Social position score

	
3.252

	
1.092

	
1

	
5




	
Political identity

	
0 if not a Chinese Communist, 1 if yes

	
0.158

	
0.364

	
0

	
1




	
Job type

	
0 if not employed, 1 if yes

	
.043

	
.204

	
0

	
1




	
Smoking

	
0 if they don’t smoke, 1 if yes

	
0.861

	
0.346

	
0

	
1




	
Alcoholism

	
0 if they don’t get drunk over 3 times a week, 1 if yes

	
0.304

	
0.46

	
0

	
1




	
Reading

	
0 if they don’t read in free time, 1 if yes

	
0.121

	
0.327

	
0

	
1




	
Exercising

	
0 if don’t exercise, 1 if yes

	
0.451

	
0.498

	
0

	
1




	
Family

	
Transfer

	
0 if has never received, 1 if has

	
0.606

	
0.489

	
0

	
1




	
Water

	
0 for river and lake water/well water/rainwater/cellar water/pond water, 1 for tap water/bottled water

	
0.725

	
0.447

	
0

	
1




	
Fuel

	
0 for firewood/coal, 1 for gas/natural gas/solar/biogas/electricity

	
0.643

	
0.479

	
0

	
1




	
Size

	
Family population

	
4.621

	
2.381

	
1

	
21




	
Gifting expenses

	
Logarithm of gifting expenses

	
7.174

	
2.461

	
0

	
11.918
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Table 2. Basic Regression.






Table 2. Basic Regression.





	
Variables

	
(1)

	
(2)




	
Probit

	
IV-Probit






	
Child’s Pension Insurance

	
−0.277 ***

	
−0.839 ***




	

	
(0.064)

	
(0.288)




	
Child’s Medical Insurance

	
0.172 *

	
1.228 ***




	

	
(0.089)

	
(0.464)




	
Father’s Pension Insurance

	
0.149 **

	
0.719 ***




	

	
(0.076)

	
(0.265)




	
Father’s Medical Insurance

	
0.301 *

	
−2.342 ***




	

	
(0.159)

	
(0.663)




	
Gender

	
−0.126

	
−0.070




	
(Reference: Female)

	
(0.083)

	
(0.079)




	
Child’s Age

	
−0.039 ***

	
−0.018




	

	
(0.009)

	
(0.013)




	
Child’s Marriage

	
−0.071 ***

	
−0.005




	
(Reference: Unmarried)

	
(0.082)

	
(0.090)




	
Child’s Household Registration

	
−0.023

	
0.144




	
(Reference:Rural)

	
(0.120)

	
(0.116)




	
Child’s Education

	
−0.369

	
−0.235 ***




	

	
(0.037)

	
(0.067)




	
Child’s Health

	
−0.018 *

	
−0.010




	

	
(0.009)

	
(0.010)




	
Child’s Social Position

	
0.063 **

	
0.038




	

	
(0.031)

	
(0.029)




	
Child’s Political Identity

	
0.254 ***

	
0.169 **




	
(Reference: Non-Communist)

	
(0.074)

	
(0.080)




	
Child’ Job Type

	
0.114 *

	
0.120 **




	
(Reference: Non-employment)

	
(0.061)

	
(0.058)




	
Location

	
0.042

	
−0.002




	
(Reference: Non-Eastern)

	
(0.069)

	
(0.065)




	
Child’s Smoking

	
−0.200 **

	
−0.147 **




	
(Reference: Don’t smoke)

	
(0.080)

	
(0.075)




	
Child’s Alcoholism

	
−0.081

	
−0.121




	
(Reference: No alcoholism)

	
(0.092)

	
(0.084)




	
Child’s Reading

	
0.094

	
0.008




	
(Reference: No reading)

	
(0.067)

	
(0.063)




	
Child’s Exercising

	
0.157 **

	
0.132 **




	
(Reference: Don’t exercise)

	
(0.064)

	
(0.062)




	
Father’s Age

	
0.006

	
0.000




	

	
(0.007)

	
(0.007)




	
Father’s Marriage

	
−0.087

	
−0.027




	
(Reference: Unmarried)

	
(0.155)

	
(0.143)




	
Father’s Household Registration

	
0.298 **

	
0.093




	
(Reference: Rural)

	
(0.124)

	
(0.126)




	
Father’s Education

	
−0.005

	
−0.008




	

	
(0.034)

	
(0.031)




	
Father’s Health

	
0.003

	
−0.004




	

	
(0.009)

	
(0.008)




	
Father’s Social Position

	
−0.014

	
−0.003




	

	
(0.028)

	
(0.026)




	
Father’s Political Identity

	
−0.034

	
0.010




	
(Reference: Non-Communist)

	
(0.086)

	
(0.082)




	
Father’s Job Type

	
−0.288 *

	
−0.303 **




	
(Reference: Non-employment)

	
(0.153)

	
(0.137)




	
Father’s Smoking

	
0.041

	
0.062




	
(Reference: Don’t smoke)

	
(0.089)

	
(0.083)




	
Father’s Alcoholism

	
0.086

	
0.079




	
(Reference: No alcoholism)

	
(0.067)

	
(0.062)




	
Father’s Reading

	
0.014

	
0.041




	
(Reference: No reading)

	
(0.097)

	
(0.092)




	
Father’s Exercising

	
0.019

	
0.036




	
(Reference: Don’t exercise)

	
(0.063)

	
(0.059)




	
Transfer

	
0.222

	
0.184 ***




	
(Reference: No transfer income)

	
(0.068)

	
(0.064)




	
Water

	
−0.095

	
−0.090




	
(Reference: Non clean water)

	
(0.070)

	
(0.066)




	
Fuel

	
−0.170 **

	
−0.057




	
(Reference: Non clean energy)

	
(0.070)

	
(0.069)




	
Size

	
0.097 ***

	
0.054 ***




	

	
(0.015)

	
(0.019)




	
Gifting expenses

	
0.041 ***

	
0.030 **




	

	
(0.013)

	
(0.013)




	
Constant

	
0.447

	
1.449 *




	

	
(0.417)

	
(0.800)




	
Accuracy

	
72.08

	
73.28




	
LR/Wald Chi2

	
441.63 ***

	
701.17 ***




	
Endog

	

	
31.66 ***




	
AR

	

	
17.50 ***




	
N

	
2099

	
2081




	
R2

	
0.159

	








Note: Based on CFPS 2018. Standard errors in parentheses under the coefficients. * p < 0.1, ** p < 0.05, *** p < 0.01. Reference group in parentheses under the qualitative variable name.
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Table 3. Added variables.






Table 3. Added variables.





	
Variables

	
(1)

	
(2)




	
Probit

	
IV-Probit






	
Child’s Pension Insurance

	
−0.276 ***

	
−0.842 ***




	

	
(0.064)

	
(0.293)




	
Child’s Medical Insurance

	
0.176 **

	
1.243 ***




	

	
(0.090)

	
(0.463)




	
Father’s Pension Insurance

	
0.154 **

	
0.713 ***




	

	
(0.076)

	
(0.265)




	
Father’s medical Insurance

	
0.296 ***

	
−2.324 ***




	

	
(0.159)

	
(0.668)




	
Child’s Age

	
−0.039 ***

	
−0.018




	

	
(0.009)

	
(0.013)




	
Child’s Education

	
−0.373 ***

	
−0.239 ***




	

	
(0.037)

	
(0.068)




	
Child’s Health

	
−0.019 **

	
−0.011




	

	
(0.010)

	
(0.010)




	
Child’s Social Position

	
0.082 **

	
0.053 *




	

	
(0.032)

	
(0.030)




	
Child’s Political Identity

	
0.253 ***

	
0.168 **




	
(Reference: Non-Communist)

	
(0.074)

	
(0.080)




	
Child’s Job Type

	
0.120 *

	
0.125 **




	
(Reference: Non-employment)

	
(0.062)

	
(0.058)




	
Child’s Smoking

	
−0.191 **

	
−0.140 *




	
(Reference: Don’t smoke)

	
(0.081)

	
(0.075)




	
Child’s Exercising

	
0.170 ***

	
0.143 **




	
(Reference: Don’t exercise)

	
(0.065)

	
(0.063)




	
Father’s Household Registration

	
0.290 **

	
0.085




	
(Reference: Rural)

	
(0.124)

	
(0.126)




	
Father’s Job Type

	
−0.272 *

	
−0.283 **




	
(Reference: Non-employment)

	
(0.153)

	
(0.138)




	
Transfer

	
0.217 ***

	
0.181 ***




	
(Reference: No transfer income)

	
(0.068)

	
(0.064)




	
Fuel

	
−0.172 **

	
−0.059




	
(Reference: Non clean energy)

	
(0.070)

	
(0.069)




	
Size

	
0.097 ***

	
0.054 ***




	

	
(0.015)

	
(0.019)




	
Gifting expenses

	
0.041 ***

	
0.030 **




	

	
(0.013)

	
(0.013)




	
Child’s Confidence

	
−0.072 **

	
−0.062 *




	

	
(0.037)

	
(0.035)




	
Child’s Cognition

	
0.006

	
0.007




	

	
(0.010)

	
(0.009)




	
Constant

	
0.695

	
1.626 **




	

	
(0.448)

	
(0.815)




	
Accuracy

	
72.15

	
73.11




	
LR/Wald Chi2

	
445.17

	
704.69 ***




	
Endog

	

	
31.12 ***




	
AR

	

	
17.33 ***




	
N

	
2097

	
2079




	
R2

	
0.161

	








Note: Based on CFPS 2018. Standard errors in parentheses under the coefficients. * p < 0.1, ** p < 0.05, *** p < 0.01. Reference group in parentheses under the qualitative variable name. Insignificant variables are omitted.
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Table 4. Alternative samples.






Table 4. Alternative samples.





	
Variables

	
(1)

	
(2)




	
Probit

	
IV-Probit






	
Child’s Pension Insurance

	
−0.252 ***

	
−0.652 *




	

	
(0.072)

	
(0.391)




	
Child’s Medical Insurance

	
0.155

	
0.947 *




	

	
(0.096)

	
(0.529)




	
Father’s Pension Insurance

	
0.169 **

	
0.683 **




	

	
(0.079)

	
(0.309)




	
Father’s Medical Insurance

	
0.248 ***

	
−2.139 ***




	

	
(0.175)

	
(0.692)




	
Child’s Age

	
−0.048 ***

	
−0.032 *




	

	
(0.011)

	
(0.017)




	
Child’s Education

	
−0.385 ***

	
−0.285 ***




	

	
(0.042)

	
(0.081)




	
Child’s Health

	
−0.030 ***

	
−0.023 **




	

	
(0.011)

	
(0.012)




	
Child’s Political Identity

	
0.283 ***

	
0.225 **




	
(Reference: Non-Communist)

	
(0.084)

	
(0.094)




	
Child’s Job Type

	
0.080

	
0.111 *




	
(Reference: Non-employment)

	
(0.069)

	
(0.066)




	
Child’s Smoking

	
−0.239 ***

	
−0.191 **




	
(Reference: Don’t smoke)

	
(0.092)

	
(0.089)




	
Child’s Exercising

	
0.216 ***

	
0.189 **




	
(Reference: Don’t exercise)

	
(0.072)

	
(0.076)




	
Father’s Household Registration

	
0.441 ***

	
0.277 *




	
(Reference: Rural)

	
(0.150)

	
(0.154)




	
Father’s Job Type

	
−0.400 **

	
−0.415 **




	
(Reference: Non-employment)

	
(0.176)

	
(0.162)




	
Father’s Alcoholism

	
0.151 **

	
0.135 *




	
(Reference: No alcoholism)

	
(0.076)

	
(0.073)




	
Transfer

	
0.194 **

	
0.163 **




	
(Reference: No transfer income)

	
(0.077)

	
(0.074)




	
Fuel

	
−0.199**

	
−0.095




	
(Reference: Non clean energy)

	
(0.078)

	
(0.081)




	
Size

	
0.119 ***

	
0.084 ***




	

	
(0.017)

	
(0.022)




	
Gifting Expenses

	
0.040 ***

	
0.036 **




	

	
(0.015)

	
(0.015)




	
Constant

	
0.349

	
1.705 **




	

	
(0.567)

	
(0.868)




	
Accuracy

	
72.49

	
73.62




	
LR/Wald Chi2

	
421.92 ***

	
522.48 ***




	
Endog

	

	
16.26 ***




	
AR

	

	
10.23 **




	
N

	
1705

	
1687




	
R2

	
0.185

	








Note: Based on CFPS 2018. Standard errors in parentheses under the coefficients. * p < 0.1, ** p < 0.05, *** p < 0.01. Reference group in parentheses under the qualitative variable name. Insignificant variables are omitted.
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Table 5. Alternative method.






Table 5. Alternative method.





	
Variables

	
(1)

	
(2)




	
OLS

	
2SLS






	
Child’s Pension Insurance

	
−0.088 ***

	
−0.335 **




	

	
(0.020)

	
(0.145)




	
Child’s Medical Insurance

	
0.060 **

	
0.474 **




	

	
(0.029)

	
(0.215)




	
Father’s Pension Insurance

	
0.043 *

	
0.279 **




	

	
(0.024)

	
(0.124)




	
Father’s Medical Insurance

	
0.087 *

	
−0.970 ***




	

	
(0.048)

	
(0.364)




	
Child’s Age

	
−0.014 ***

	
−0.009 *




	

	
(0.003)

	
(0.005)




	
Child’s Education

	
−0.116 ***

	
−0.099 ***




	

	
(0.011)

	
(0.019)




	
Child’s Health

	
−0.006 *

	
−0.004




	

	
(0.003)

	
(0.004)




	
Child’s Social Position

	
0.021 **

	
0.017




	

	
(0.010)

	
(0.012)




	
Child’s Political Identity

	
0.079 ***

	
0.073 **




	
(Reference: Non-Communist)

	
(0.023)

	
(0.030)




	
Child’s Job Type

	
0.034 *

	
0.048 **




	
(Reference: Non-employment)

	
(0.020)

	
(0.024)




	
Child’s Smoking

	
−0.069 ***

	
−0.066 **




	
(Reference: Don’t smoke)

	
(0.025)

	
(0.030)




	
Child’s Exercising

	
0.050 **

	
0.056 **




	
(Reference: Don’t exercise)

	
(0.021)

	
(0.024)




	
Father’s Household Registration

	
0.083 **

	
0.277 *




	
(Reference: Rural)

	
(0.038)

	
(0.154)




	
Father’s Job Type

	
−0.091 *

	
−0.125 **




	
(Reference: Non-employment)

	
(0.048)

	
(0.056)




	
Father’s Alcoholism

	
0.026

	
0.030




	
(Reference: No alcoholism)

	
(0.022)

	
(0.026)




	
Transfer

	
0.069 ***

	
0.075 ***




	
(Reference: No transfer income)

	
(0.022)

	
(0.026)




	
Fuel

	
−0.056**

	
−0.027




	

	
(0.023)

	
(0.028)




	
Size

	
0.031 ***

	
0.023 ***




	

	
(0.005)

	
(0.006)




	
Gifting Expenses

	
0.012 ***

	
0.012 **




	

	
(0.004)

	
(0.005)




	
Constant

	
0.680

	
1.170 **




	

	
(0.133)

	
(0.345)




	
N

	
2098

	
2081




	
R2

	
0.192

	








Note: Based on CFPS 2018. Standard errors in parentheses under the coefficients. * p < 0.1, ** p < 0.05, *** p < 0.01. Reference group in parentheses under the qualitative variable name. Insignificant variables are omitted.
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Table 6. Alternative measure.






Table 6. Alternative measure.





	
Variables

	
(1)

	
(2)




	
Probit

	
IV-Probit






	
Child’s Pension Insurance

	
−0.268 ***

	
−1.002 ***




	
(Reference: No participation)

	
−0.268

	
(0.319)




	
Child’s Medical Insurance

	
0.179 *

	
1.187 **




	
(Reference: No participation)

	
0.179

	
(0.499)




	
Father’s Pension Insurance

	
0.150 *

	
0.818 ***




	
(Reference: No participation)

	
0.150

	
(0.285)




	
Father’s Medical Insurance

	
0.343 **

	
−2.427 ***




	
(Reference: No participation)

	
0.343

	
(0.680)




	
Child’s Age

	
−0.040 ***

	
−0.016




	

	
−0.040

	
(0.013)




	
Child’s Education

	
−0.373 ***

	
−0.227 ***




	

	
−0.373

	
(0.070)




	
Child’s Health

	
−0.018 *

	
−0.007




	

	
−0.018

	
(0.010)




	
Child’s Social Position

	
0.063 **

	
0.042




	

	
0.063

	
(0.029)




	
Child’s Political Identity

	
0.256 ***

	
0.179 **




	
(Reference: Non-Communist)

	
0.256

	
(0.079)




	
Child’s Job Type

	
0.116 *

	
0.119 **




	
(Reference: Non-employment)

	
0.116

	
(0.057)




	
Child’s Smoking

	
−0.201 **

	
−0.143 ***




	
(Reference: Don’t smoke)

	
−0.201

	
(0.075)




	
Child’s Exercising

	
0.156 **

	
0.110 *




	
(Reference: Don’t exercise)

	
0.156

	
(0.064)




	
Father’s Household Registration

	
0.301 **

	
0.057




	
(Reference: Rural)

	
0.301

	
(0.130)




	
Father’s Job Type

	
−0.292 *

	
−0.314 **




	
(Reference: Non-employment)

	
−0.292

	
(0.137)




	
Transfer

	
0.223 ***

	
0.195 ***




	
(Reference: No transfer income)

	
0.223

	
(0.064)




	
Fuel

	
−0.168 **

	
−0.057




	
(Reference: Non clean energy)

	
−0.168

	
(0.069)




	
Size

	
0.097 ***

	
0.054 ***




	

	
0.097

	
(0.019)




	
Gifting Expenses

	
0.041 ***

	
0.029 **




	

	
0.041

	
(0.013)




	
Constant

	
0.431

	
1.420 *




	

	
(0.420)

	
(0.814)




	
Accuracy

	
72.08

	
72.85




	
LR/Wald Chi2

	
439.10 ***

	
712.13 ***




	
Endog

	

	
33.08 ***




	
AR

	

	
17.75 ***




	
N

	
2099

	
2081




	
R2

	
0.158

	








Note: Based on CFPS 2018. Standard errors in parentheses under the coefficients. * p < 0.1, ** p < 0.05, *** p < 0.01. Reference group in parentheses under the qualitative variable name. Insignificant variables are omitted.
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Table 7. Heterogeneity in household registration.






Table 7. Heterogeneity in household registration.





	
Variables

	
(1)

	
(2)




	
Rural

	
Urban






	
Child’s Pension Insurance

	
−0.795 **

	
−1.621 ***




	

	
(0.333)

	
(0.468)




	
Child’s Medical Insurance

	
1.443 ***

	
1.593 **




	

	
(0.545)

	
(0.668)




	
Father’s Pension Insurance

	
0.777 ***

	
−0.293




	

	
(0.300)

	
(0.682)




	
Father’s Medical Insurance

	
−2.420 ***

	
−1.466




	

	
(0.670)

	
(2.042)




	
Child’s Age

	
−0.024 *

	
0.015




	

	
(0.014)

	
0.035




	
Child’s Education

	
−0.228 ***

	
−0.136




	

	
(0.072)

	
0.189




	
Child’s Job Type

	
0.133 **

	
−0.024




	
(Reference: Non-employment)

	
(0.063)

	
(0.618)




	
Child’s Smoking

	
−0.167 **

	
0.189




	
(Reference: Don’t smoke)

	
(0.082)

	
(0.230)




	
Child’s Exercising

	
0.134 **

	
0.007




	
(Reference: Don’t exercise)

	
(0.068)

	
(0.199)




	
Father’s Job Type

	
−0.297 **

	
−0.398




	
(Reference: Non-employment)

	
(0.149)

	
(0.438)




	
Father’s Reading

	
0.008

	
0.448 **




	
(Reference: Don’t read)

	
(0.102)

	
(0.228)




	
Transfer

	
0.197 ***

	
0.065




	
(Reference: no transfer income)

	
(0.070)

	
(0.226)




	
Size

	
0.051 **

	
0.052




	

	
(0.022)

	
(0.043)




	
Gifting expenses

	
0.039 ***

	
−0.006




	

	
(0.015)

	
(0.038)




	
Constant

	
1.110

	
2.285




	

	
(0.903)

	
(2.001)




	
Accuracy

	
71.15

	
81.41




	
Wald Chi2

	
641.96 ***

	
253.71 ***




	
Endog

	
35.04 ***

	
23.48 ***




	
AR

	
17.66 ***

	
7.57




	
N

	
1769

	
312








Note: Based on CFPS 2018. Standard errors in parentheses under the coefficients. * p < 0.1, ** p < 0.05, *** p < 0.01. Reference group in parentheses under the qualitative variable name. Insignificant variables are omitted.
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Table 8. Heterogeneity in geographical location.






Table 8. Heterogeneity in geographical location.










	Variables
	Eastern
	Others





	Child’s Pension Insurance
	−0.780
	−0.890 ***



	
	(0.679)
	(0.310)



	Child’s Medical Insurance
	−1.361
	1.700 ***



	
	(0.915)
	(0.420)



	Father’s Pension Insurance
	1.080 ***
	0.583 *



	
	(0.377)
	(0.303)



	Father’s Medical Insurance
	−2.242 ***
	−1.210



	
	(0.770)
	(1.289)



	Child’s Education
	0.010
	−0.291 ***



	
	(0.158)
	(0.068)



	Child’s Political Identity
	0.219 **
	0.216 **



	(Reference: Non-Communist)
	(0.111)
	(0.102)



	Child’s Smoking
	0.126
	−0.270 ***



	(Reference: Don’t smoke)
	(0.108)
	(0.094)



	Child’s Exercising
	−0.117
	0.230 ***



	(Reference: Don’t exercise)
	(0.090)
	(0.081)



	Father’s Marriage
	0.366 *
	−0.007



	(Reference: Unmarried)
	(0.222)
	(0.185)



	Father’s Social position
	−0.085 **
	0.002



	
	(0.038)
	(0.034)



	Father’s Job Type
	−0.126
	−0.279 *



	(Reference: Non-employment)
	(0.253)
	(0.167)



	Transfer
	0.085
	0.211 **



	(Reference: No transfer income)
	(0.108)
	(0.084)



	Fuel
	0.102
	−0.143 *



	(Reference: Non clean energy)
	(0.122)
	(0.086)



	Size
	0.052 **
	0.053 **



	
	(0.023)
	(0.026)



	Gifting expenses
	0.022
	0.040 **



	
	(0.018)
	(0.018)



	Constant
	1.818
	0.044



	
	(1.243)
	(1.362)



	Accuracy
	73.66
	71.82



	Wald Chi2
	874.57 ***
	489.04 ***



	Endog
	113.12 ***
	19.05 ***



	AR
	6.47
	14.04 ***



	N
	729
	1352







Note: Based on CFPS 2018. Standard errors in parentheses under the coefficients. * p < 0.1, ** p < 0.05, *** p < 0.01. Reference group in parentheses under the qualitative variable name. Insignificant variables are omitted.
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Table 9. Heterogeneity in marriage.






Table 9. Heterogeneity in marriage.





	
Variables

	
(1)

	
(2)




	
Unmarried

	
Married






	
Child’s Pension Insurance

	
−0.901 *

	
−0.854 ***




	

	
(0.517)

	
(0.317)




	
Child’s Medical Insurance

	
1.072 *

	
1.207 *




	

	
(0.712)

	
(0.694)




	
Father’s Pension Insurance

	
0.819

	
0.724 **




	

	
(0.424)

	
(0.336)




	
Father’s Medical Insurance

	
−2.193 **

	
−2.378 **




	

	
(0.950)

	
(0.952)




	
Gender

	
0.025

	
−0.256 *




	

	
(0.111)

	
(0.137)




	
Child’s Education

	
−0.215 *

	
−0.225 ***




	

	
(0.122)

	
(0.075)




	
Child’s Political Identity

	
0.283 *

	
−0.003




	
(Reference: Non-Communist)

	
(0.159)

	
(0.099)




	
Child’s Social Position

	
−0.014

	
0.073 *




	

	
(0.050)

	
(0.039)




	
Child’s Job Type

	
0.096

	
0.147 *




	
(Reference: Non-employment)

	
(0.089)

	
(0.078)




	
Child’s Exercising

	
0.218 *

	
0.035




	
(Reference: Don’t exercise)

	
(0.125)

	
(0.080)




	
Father’s Alcoholism

	
0.195 *

	
0.034




	
(Reference: No alcoholism)

	
(0.103)

	
(0.083)




	
Transfer

	
0.164

	
0.177 **




	
(Reference: No transfer income)

	
(0.114)

	
(0.085)




	
Water

	
0.021

	
−0.177 *




	
(Reference: Non clean water)

	
(0.108)

	
(0.098)




	
Size

	
0.086 **

	
0.033




	

	
(0.041)

	
(0.020)




	
Gifting expenses

	
0.022

	
0.034 *




	

	
(0.020)

	
(0.020)




	
Constant

	
1.876

	
0.621




	

	
(1.146)

	
(1.344)




	
Accuracy

	
76.08

	
71.99




	
Wald Chi2

	
441.78 ***

	
314.34 ***




	
Endog

	
12.90 **

	
22.67 ***




	
AR

	
6.29

	
11.54 **




	
N

	
928

	
1153








Note: Based on CFPS 2018. Standard errors in parentheses under the coefficients. * p < 0.1, ** p < 0.05, *** p < 0.01. Reference group in parentheses under the qualitative variable name. Insignificant variables are omitted.
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