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Abstract: Farmland-oilfield mixed areas are fragile ecosystems that require dynamic remediation
to counteract the undesirable impact of energy development. Practicable assessment methods are
pivotal to a fast and accurate evaluation of the in situ bioremediation process. Petroleum pollutants
impose component-dependent effects on autochthonous microbiota before and after remediation.
Here, the predicted functional response of soil microbiomes to petroleum pollutants was analyzed
in a historically polluted farmland-oilfield mixed area from the perspective of developing a set of
feasible biomarkers for immediate post-bioremediation evaluation. An array of microbial, genetic,
systematic, and phenotypic biomarkers was proposed. Our results showed that the biomarkers could
proxy the stage of the bioremediation multidimensionally. We argue that functional diversity should
be considered together with microbial community dynamic to evaluate the restoration status of the
microbial communities in petroleum-contaminated farmland-oilfield mixed environments.

Keywords: bioremediation; farmland-oilfield mixed areas; functional diversity; microbial community;
pollution

1. Introduction

Petroleum is a persistent contaminant in the environment [1], especially in areas
combining agriculture and oil infrastructure [2]. Biodegradation by exogenous or in-
digenous microorganisms is a green venue to attenuate petroleum contamination [3–6].
Mycobacterium [7], Alcanivorax [8], Acinetobacter [9], Porticoccaceae [10], Bacillus [11], and
Rhodobacteraceae [12] are the genera of the well-studied petroleum-degrading microor-
ganisms. Petroleum degrading bacteria are ubiquitous and exist as indigenous microbiota
in pristine environments. As a unique carbon and energy source, spilled petroleum can
summon and stimulate degraders to form a dynamic community in the contaminated
environment [13–15]. In addition, the high content of petroleum stresses the environment
and biota, negatively impacting the viability of indigenous species in an acute pollution
event [16]. Therefore, the property of the constantly changing and developing micro-
bial community such as phylogenetic and functional diversity may be able to proxy the
environmental sustainability before and after remediation [17].

Petroleum pollutants, chemically known as total petroleum hydrocarbons (TPHs), ba-
sically include compounds of two categories, namely, easily degradable chemicals such as
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petroleum hydrocarbons (PHs) and long-lasting chemicals such as polycyclic aromatic hy-
drocarbons (PAHs). Taking into account the complex petroleum composition, the pollutant-
dependent response of microbial communities such as structure alteration, enzyme deacti-
vation, and soil respiratory inhibition has been studied globally in terrestrial and aquatic
environments [18–23]. There is an increasing recognition that functional alteration at the
community level, rather than taxonomy, is more responsive to environmental stress [24].
For instance, a previous study showed that functional traits responded more to environmen-
tal changes, while stochasticity essentially determined microbial community structures [25].
In addition, Mendes et al. showed that the microbial phylogenetic diversity and functions
were different within an environmental gradient. The functional diversity was apt to the
soil properties [26]. Furthermore, studies evidenced the convergence of functional genes
from broad microbial taxa [27]. In this context, it appears that even unrelated microbial
taxa can carry out similar functions in distantly related environments, indicating that the
functional capability of a community is an important consideration rather than its composi-
tion alone. Consequently, since petroleum pollutants impose component-dependent effects
on autochthonous microbiota before and after remediation, the functional alteration of soil
microbiomes against different components of petroleum may be able to provide a feasible
approach to the evaluation of the extent to which the contamination has been reduced.

Two strategies, direct metagenomic analysis and taxonomic profiling plus functional
prediction (TPFP), are commonly used to unveil the function of a microbiome [28]. Com-
pared to amplicon-based methods, metagenomic sequencing is much more expensive and
computationally intensive. As an economical and practicable alternate, the functional
insight over the phylogenetic data can predict the functional outline of a microbiome under
different conditions, providing a relatively explicit perspective of the sorts of processes
undertaken by microbes. Yet, few studies have tackled its application on the assessment of
bioremediation in soils contaminated by petroleum.

Here, soils before and after bioremediation from long-term petroleum contamination in
a historically polluted farmland-oilfield mixed area was analyzed through high-throughput
sequencing and phylogenetic investigation of communities by reconstruction of unobserved
states (PICRUSt), functional annotation of prokaryotic taxa (FAPROTAX), and BugBase
analysis. The degradation pathways of the easily degradable petroleum hydrocarbons
(PHs) and permanent polycyclic aromatic hydrocarbons (PAHs) derived from the Kyoto
Encyclopedia of Genes and Genomes (KEGG) database were investigated to evaluate
functional changes before and after bioremediation. The results showed that different
components of petroleum pollutants as well as different remediation phases resulted in
different functional alterations of the soil microbiomes. A number of microbial, genetic,
systematic, and phenotypic biomarkers related to the degradation pathways were identified.
Therefore, we suggest that predicted functional diversity could be advanced as a promising
tool to evaluate the status of microbial community restoration along with community
dynamic in petroleum-contaminated farmland-oilfield mixed areas.

2. Materials and Methods
2.1. Test Field and Bioremediation

The Dagang oilfield lies near the Bohai Sea, China. The district is characterized by
wetlands, rivers, farmlands, and oil infrastructure. The test field was located in Dagang
oilfield adjacent to areas of crop and livestock farming (38◦69′20” N, 117◦48′03” E). The
surface soil (0–20 cm depth) of the test field was alkaline (pH 8.86) and has been historically
polluted by petroleum (the detailed physicochemical properties of the soil are shown in
Table S1). A rapid bioremediation on the test field was conducted for 4 months by using a
well-established physicochemical approach which included soil ventilation and organic
fertilizer amendment (50% straw and 50% livestock manure) [29]. The organic fertilizer
application rate was 900 kg ha−1. The in situ soil petroleum concentration in the test field
before remediation was approximately 18 g/kg and 161 mg/kg after.
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2.2. Sample Collection

Two batches of soil samples (0–20 cm depth) were collected before (petroleum-contaminated
soil, PCS) and after (petroleum remediation soil, PRS) the bioremediation from the Dagang
oilfield in Tianjin, respectively. The soil samples, one kilogram per batch, were collected
from every 5 m interval of an experimental plot (50 × 10 m) in the test field using sterilized
50 mL falcon tubes (Corning, Corning City, NY, USA). We obtained 20 samples for each test
group and mixed thoroughly for further analysis. Then, 500 g of the soil samples per batch
were sieved (mesh size = 2 mm) and stored at 4 ◦C for physicochemical analysis. The rest
was stored at −80 ◦C and freeze-dried for environmental DNA extraction.

2.3. Physicochemical Parameters

Nitrogen index (the contents of total nitrogen, ammonia nitrogen, and hydrolysable
nitrogen), pH, organic matter, salinity, phosphorus index (the contents of total phosphorus
and available phosphorus), potassium index (the contents of total potassium and avail-
able potassium), and total petroleum hydrocarbons (TPH) were analyzed and quantified
according to standard operation protocols [30–32].

2.4. DNA Extraction and PCR Amplification

Soil genomic DNA was extracted from 0.5 g of each soil sample using the Fast DNA
SPIN Kit for Soil (MP Biomedicals, Santa Ana, CA, USA) according to the manufacturer’s
instruction. The hypervariable region V3-V4 of the bacterial 16S rRNA gene was am-
plified with the primer pair 338F (5′-ACTCCTACGGGAGGCAGCAG-3′) and 806R (5′-
GGACTACHVGGGTWTCTAAT-3′) [29] by an ABI Gene Amp® 9700 PCR thermocycler
(ABI, Carlsbad, CA, USA). The PCR amplification of 16S rRNA gene was performed as
follows: initial denaturation at 95 ◦C for 3 min, followed by 30 cycles of denaturing at 95 ◦C
for 30 s, annealing at 55 ◦C for 30 s and extension at 72 ◦C for 45 s, and single extension at
72 ◦C for 10 min, and end at 10 ◦C. The PCR mixtures contain 5 × Trans Start Fast buffer
4 µL, 2.5 mM dNTPs 2 µL, the forward primer (5 µM) 0.8 µL, the reverse primer (5 µM)
0.8 µL, Trans Start Fast DNA Polymerase 0.4 µL, template DNA 10 ng, and finally ddH2O
up to 20 µL. PCR reactions were performed in triplicate. The PCR product was extracted
from 2% agarose gel and purified using the AxyPrep DNA Gel Extraction Kit (Axygen
Biosciences, Union City, CA, USA) according to the manufacturer provided instructions
and quantified using a Quantus™ Fluorometer (Promega, Madison, WI, USA).

2.5. High-Throughput Sequencing and Bioinformatic Analysis

Purified amplicons of each sample were pooled in equimolar and subjected to pair-end
sequencing on an Illumina MiSeq PE300 platform (Illumina, San Diego, CA, USA) by
Major Bio-Pharm Technology Co., Ltd. (Shanghai, China). After initial filtering, opera-
tional taxonomic units (OTUs) with 97% similarity cutoff were clustered using UPARSE
version 7.1. Chimeric sequences were identified and removed [33]. The representative
sequence of each OTU was analyzed by RDP Classifier version 2.2 against the 16S rRNA
genes in the NCBI database using a confidence threshold of 0.7. Linear discriminant analy-
sis coupled with effect size (LEfSe) [34] was used to explore functional biomarkers for each
gene category through the Galaxy website (http://huttenhower.sph.harvard.edu/galaxy/,
accessed on 11 April 2021); a linear discriminant analysis (LDA) threshold (>2.0, 0.05 al-
pha value) for the factorial Kruskal-Wallis test and the all-against-all multi-class analysis
strategy was used to detect features with significantly different abundances between as-
signed classes. Alpha diversity was analyzed using the QIIME1.9.1 software package in
the online Majorbio Cloud Platform (https://cloud.majorbio.com/, accessed on 23 May
2021). Phylogenetic investigation of communities by reconstruction of unobserved states
(PICRUSt) was used to predict the shifted ecological functions of each microbial community
(Lee et al., 2019). PHs and PAHs degradation genes based on KEGG pathways (fatty acid
degradation (KO00071) and polycyclic aromatic hydrocarbon degradation (KO00624)) were
summarized [35]. OTUs that contributed to specific genes involved in PHs and PAHs
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metabolism were identified. FAPROTAX and BugBase analysis were applied to predict
the ecological functions regarding C, N, and S cycling and phenotypes of the microbial
communities at the online Majorbio Cloud Platform (https://cloud.majorbio.com/, accessed
on 21 October 2021).

2.6. Quantification of Functional Genes

The quantification of the abundance LadA (K20938) and nidA (K11943) in the soil
samples before and after bioremediation were performed using the CFX Connect™ Real-
Time PCR Detection System (Bio-Rad Laboratories, Hercules, CA, USA). Details about
primers and reaction parameters for genes LadA and nidA are shown in Supplementary
Table S2. PCR amplification was carried out in 25.0 µL reaction systems, containing 12.5 µL
of SYBR®Premix Ex Taq (Takara Biotech, Beijing, China), 1 µM of each primer (20 mM),
1.0 µL of the DNA template, and 9.5 µL of ddH2O. Standard curves were obtained using
serial dilution plasmids containing the target genes. Each DNA sample was detected in
triplicate and each quantitative PCR test had three no DNA template controls.

3. Results
3.1. The Profile of the Soil Microbial Community before and after Bioremediation

Amplicon analysis and quality filtering by the MiSeq platform resulted in 50,305 and
50,427 high qualities partial 16S rRNA gene sequences for soil samples before and after
bioremediation, respectively. The bacterial species richness of each sample determined
through rarefaction analysis exhibited a flat and saturated trend (Figure S1). The taxo-
nomic patterns of the bacterial community in the soil samples showed noticeable alteration
(Figure 1). The Shannon index was 5.09 and 5.80 for soils before and after bioremediation,
respectively. The Chao 1 index was 1079.9 before bioremediation and 1742.7 after. At the
phylum level, in both soil samples before and after remediation, Actinobacteria accounted
for a considerable proportion (>27%), whereas the relative abundance of Proteobacteria
decreased slightly after bioremediation. Similarly, the relative abundance of Gemmatimon-
adota (6.7% to 3.3%) and Patescibacteria (1.2% to 0.5%) both decreased after bioremediation.
By contrast, the proportions of Chloroflexi (5.5% to 11.2%), Acidobacteriota (3.4% to 4.4%),
and Desulfobacterota (0.3% to 1.7%) were increased after the remediation process. At the
order level, the most abundant bacteria in PCS were Corynebacteriales (8.75%, changed
into 5.38% after bioremediation), Microtrichales (7.82%, changed into 3.96% after bioreme-
diation), Actinomarinales (7.08%, changed into 7.35% after bioremediation), Kiloniellales
(5.00%, changed into 3.82% after bioremediation), and Oceanospirillales (4.98%, changed
into 5.85% after bioremediation). The relative abundance of Flavobacteriales and Micrococ-
cales drastically increased by 114.38% and 92.11% after remediation, respectively.

Various known PHs and PAHs degraders were presented in the soil samples before
and after remediation (Table 1). The relative abundance of known PHs and PAHs de-
graders was higher in the soil before remediation, which accounted for 25.53% of the
entire bacterial community. Mycobacterium, Alcanivorax, Porticoccaceae, Rhodobacteraceae,
Gammaproteobacteria, Woeseia, Microbacteriaceae, Flavobacteriaceae, Marinobacter, and
Burkholderiales were the top 10 abundant PHs and PAHs degrader guilds in the soils
before and after the remediation. Mycobacterium and Alcanivorax together accounted for
12.9% and 10.24% of sequences in the soils before and after the remediation. After the
rapid bioremediation, the abundance of Bacillus, Burkholderiales, Marinobacter, Acineto-
bacter, and Sphingomonas increased markedly. The change rates were 600.00%, 417.50%,
388.64%, 100.00%, and 73.68%, respectively. By contrast, the abundance of Alteromon-
adaceae, Rhodococcus, Rhodobacteraceae, Pseudomonas, and Microbacteriaceae decreased.
The change rates were −100.00%, −84.21%, −80.70%, −78.95%, and −60.29%, respectively.
In particular, the bioremediation stimulated degraders in the phylum of Firmicute but
depressed degraders in the phylum of Actinobacterota.

https://cloud.majorbio.com/
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Figure 1. The relative abundance of bacterial community at phylum level (A) and order level (B).
The taxa listed in the above figures were with a mean relative abundance >1%. Those with a mean
relative abundance <1% were grouped as ‘others’.

Table 1. Comparison of the relative abundance of well-known petroleum-degrading taxa in the soil
samples before and after bioremediation.

Phylum Sub-Taxa a Before (%) After (%) Change Rate b (%) Targets Reference

Proteobacteria

Alcanivorax 4.74 5.58 17.72 PHs [8]
Porticoccaceae 3.19 1.31 −58.93 PHs [10]

Rhodobacteraceae 2.28 0.44 −80.70 PHs [12]
Woeseia 1.39 1.17 −15.83 PHs [36]

Alteromonadaceae 0.04 0 −100.00 PHs [3]
Gammaproteobacteria 1.86 2.09 12.37 PAHs [37]

Marinobacter 0.44 2.15 388.64 PAHs [38]
Burkholderiales 0.24 1.23 412.50 PAHs [39]

Pseudomonas 0.19 0.04 −78.95 PAHs [40]
Sphingomonas 0.19 0.33 73.68 PAHs [41]

Halomonas 0.05 0.08 60.00 PAHs [42]
Acinetobacter 0.01 0.02 100.00 PHs, PAHs [9]

Actinobacterota
Mycobacterium 8.16 4.66 −42.89 PHs, PAHs [7]

Microbacteriaceae 1.36 0.54 −60.29 PHs [43]
Rhodococcus 0.19 0.03 −84.21 PAHs [40]

Bacteroidetes Flavobacteriaceae 1.16 1.86 60.34 PAHs [44]

Firmicutes Bacillus 0.04 0.28 600.00 PAHs [11]

Total 25.53 21.81 −14.57
a: Sub-taxa denoted phylogenetic levels lower than phylum. b: The formula for calculating the change rate was
(abundance(after)−abundace(before))/abundance(before).

3.2. Functional Profiling of the Soil Microbiome before and after Bioremediation

Functional diversity of soil samples before and after remediation were investigated
using PICRUST. A total of 156 million genes corresponding to KEGG pathway level 1
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(metabolism, genetic information processing, environmental information processing, cellu-
lar processes, human diseases, and organismal systems) were identified according to the
profiled soil microbiomes, of which about 109 million genes were involved in metabolism,
accounting for about 70% (Figure 2A). Among the various metabolic pathways, approxi-
mately five million genes related to xenobiotics biodegradation were identified (Figure 2B).
It was obvious that the numbers of the identified functional genes declined, and the orga-
nization of functions changed remarkably after the bioremediation. As a consequence of
bioremediation, the dominant genes were involved in DNA replication and repair, protein
translation, membrane transport, and signal transduction, while metabolism of organic
matter dominated in petroleum-contaminated soil (Figure 2C).
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Figure 2. Predictive functional profiles of bacterial communities by PICRUSt in soil samples before
and after remediation. (A) Genes corresponding to KEGG pathway level 1; (B) genes related to xeno-
biotics biodegradation in the KEGG pathway level 3; (C) histogram of LDA scores for differentially
abundant genes. LEfSe analyses illustrating biomarker of each group and the effect size threshold of
LDA was set to 2.0 in this study.

Functional profiling in terms of element cycling before and after bioremediation was
compared through FAPROTAX analysis (Figure 3). The relative abundance of functions
associated with C, N, and S cycles enhanced slightly after biodegradation. This change
was mainly contributed by the alteration of C and S cycling genes. C cycling in the
bioremediation process was driven by chemoheterotrophy, aerobic chemoheterotrophy, and
hydrocarbon degradation (Figure 3A). Intriguingly, hydrocarbon degradation and aromatic
compound degradation remained at a high level after bioremediation. With the progress
of bioremediation, N fixation, and nitrate reduction increased (Figure 3B), while nitrate
respiration, nitrogen respiration, nitrate denitrification, and nitrite denitrification diverted.
Bacterial functions in S cycling were mainly composed of sulfur respiration (Figure 3C),
and abnormally expressed after the rapid bioremediation.



Sustainability 2022, 14, 2248 7 of 14

Sustainability 2022, 14, x FOR PEER REVIEW 7 of 15 
 

was mainly contributed by the alteration of C and S cycling genes. C cycling in the biore-

mediation process was driven by chemoheterotrophy, aerobic chemoheterotrophy, and 

hydrocarbon degradation (Figure 3A). Intriguingly, hydrocarbon degradation and aro-

matic compound degradation remained at a high level after bioremediation. With the pro-

gress of bioremediation, N fixation, and nitrate reduction increased (Figure 3B), while ni-

trate respiration, nitrogen respiration, nitrate denitrification, and nitrite denitrification di-

verted. Bacterial functions in S cycling were mainly composed of sulfur respiration (Fig-

ure 3C), and abnormally expressed after the rapid bioremediation. 

 

Figure 3. Soil biogeochemical functions unveiled by FAPROTAX. The biogeochemical cycling genes 

of carbon (A), nitrogen (B), and sulfur (C) were compared before and after bioremediation. The Y 

axis denoted the relative abundance of related genes. 

Soil microbial phenotypes such as biofilm-forming and oxygen utilization were in-

vestigated through Bugbase analysis (Figure 4). The relative abundance of aerobic and 

biofilm-forming microorganisms both decreased after bioremediation. Although, the 

main constituent species in these two phenotypes were highly consistent before and after 

remediation. 

 
                                 (A)                                            (B) 
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of carbon (A), nitrogen (B), and sulfur (C) were compared before and after bioremediation. The Y
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Soil microbial phenotypes such as biofilm-forming and oxygen utilization were in-
vestigated through Bugbase analysis (Figure 4). The relative abundance of aerobic and
biofilm-forming microorganisms both decreased after bioremediation. Although, the main
constituent species in these two phenotypes were highly consistent before and after remediation.
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3.3. Predicted Functional Changes before and after Bioremediation in Relation to PHs and PAHs

Various enzymes were involved in PHs and PAHs degradation. In both soil micro-
biomes prior to and after bioremediation, a total of 10 and 26 KEGG Orthology (KO)
were detected in fatty acid degradation (KO00071) and polycyclic aromatic hydrocarbon
degradation (KO00624), respectively (Table 2). Long-chain acyl-CoA synthetase, alde-
hyde dehydrogenase (NAD+), S-(hydroxymethyl) glutathione dehydrogenase/alcohol
dehydrogenase, alcohol dehydrogenase, and alkane 1-monooxygenase were the predicted
most abundant enzymes for PHs degradation before and after bioremediation (Figure 5A).
For PAHs related metabolism, although the dominant functions were unchanged, the
percentage of an array of enzymes increased noticeably after the bioremediation. These



Sustainability 2022, 14, 2248 8 of 14

enzymes were 3-oxoadipate CoA-transferase, 4-hydroxy-4-methyl-2-oxoglutarate aldolase,
4-oxalomesaconate hydratase, PAH dioxygenase small subunit, extradiol dioxygenase, and
3,4-dihydroxyphthalate decarboxylase (Figure 5B). In addition, PHs and PAHs degradation
processes in PCS and PRS were compared (Figure 6). Four steps, including oxygen incor-
poration, dehydrogenation, aldehyde dehydrogenation, and acetyl-CoA formation, were
involved in the metabolism of a typical component of PHs such as alkane. Surprisingly,
long-chain alkane monooxygenase involved in PHs degradation in PCS was much lower
than that in PRS, which was consistent with the result of gene quantification in Figure
S2. The component-dependent effects of PAHs on microbial degradation were illustrated
(Figure 6B). The orthologous genes related to phenanthrene degradation were predicted
to be more active in PRS. For fluorene and anthracene degradation, however, the pre-
dicted expression of genes encoding components of the naphthalene dioxygenase (NDO)
multicomponent enzyme system showed divergence in PCS and PRS.

Table 2. Observed KEGG Orthology (KO) in the microbial community of soil samples related to the
PHs and PAHs degradation pathways (KO00071 and KO00624).

Target KO IDs Descriptions [Enzyme Codes]

PHs

K00496 alkane 1-monooxygenase [EC:1.14.15.3]
K20938 long-chain alkane monooxygenase [EC:1.14.14.28]
K13953 alcohol dehydrogenase, propanol-preferring [EC:1.1.1.1]
K13954 alcohol dehydrogenase [EC:1.1.1.1]
K00121 S-(hydroxymethyl) glutathione dehydrogenase/alcohol dehydrogenase [EC: 1.1.1.284 1.1.1.1]
K04072 acetaldehyde dehydrogenase/alcohol dehydrogenase [EC:1.2.1.10 1.1.1.1]
K00128 aldehyde dehydrogenase (NAD+) [EC:1.2.1.3]
K14338 cytochrome P450/NADPH-cytochrome P450 reductase [EC:1.14.14.1 1.6.2.4]
K01897 long-chain acyl-CoA synthetase [EC:6.2.1.3]
K01896 medium-chain acyl-CoA synthetase [EC:6.2.1.2]

PAHs

K11943 PAH dioxygenase large subunit [EC:1.13.11.-]
K11944 PAH dioxygenase small subunit [EC:1.13.11.-]
K11945 extradiol dioxygenase [EC:1.13.11.-]
K11947 aldehyde dehydrogenase [EC:1.2.1.-]
K11948 1-hydroxy-2-naphthoate dioxygenase [EC:1.13.11.38]
K11949 4-(2-carboxyphenyl)-2-oxobut-3-enoate aldolase [EC:4.1.2.34]
K00480 salicylate hydroxylase [EC:1.14.13.1]
K18068 phthalate 4,5-dioxygenase [EC:1.14.12.7]
K00448 protocatechuate 3,4-dioxygenase, alpha subunit [EC:1.13.11.3]
K00449 protocatechuate 3,4-dioxygenase, beta subunit [EC:1.13.11.3]
K01857 3-carboxy-cis, cis-muconate cycloisomerase [EC:5.5.1.2]
K01607 4-carboxymuconolactone decarboxylase [EC:4.1.1.44]
K14727 3-oxoadipate enol-lactonase/4-carboxymuconolactone decarboxylase [EC:3.1.1.24 4.1.1.44]
K01055 3-oxoadipate enol-lactonase [EC:3.1.1.24]
K01031 3-oxoadipate CoA-transferase, alpha subunit [EC:2.8.3.6]
K01032 3-oxoadipate CoA-transferase, beta subunit [EC:2.8.3.6]
K18256 3,4-dihydroxyphthalate decarboxylase [EC:4.1.1.69]
K04100 protocatechuate 4,5-dioxygenase, alpha chain [EC:1.13.11.8]
K04101 protocatechuate 4,5-dioxygenase, beta chain [EC:1.13.11.8]
K10219 2-hydroxy-4-carboxymuconate semialdehyde hemiacetal dehydrogenase [EC:1.1.1.312]
K10221 2-pyrone-4,6-dicarboxylate lactonase [EC:3.1.1.57]
K16514 4-oxalomesaconate tautomerase [EC:5.3.2.8]
K16515 4-oxalomesaconate hydratase [EC:4.2.1.83]
K10218 4-hydroxy-4-methyl-2-oxoglutarate aldolase [EC:4.1.3.17]
K14578 naphthalene 1,2-dioxygenase ferredoxin component
K14581 naphthalene 1,2-dioxygenase ferredoxin reductase component [EC:1.18.1.7]
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represented as the typical PAHs. The solid line represented a one-step reaction. The dotted line
represented a multi-step reaction.



Sustainability 2022, 14, 2248 10 of 14

4. Discussion

The potential and feasibility of TPFP were investigated on immediate post-bioremediation
evaluation of long-term petroleum contamination in a historically polluted farmland-
oilfield mixed area. It has been reported that the effect of the high content of petroleum on
the diversity of autochthonous microbiomes is significant [45]. Various factors, including
in situ geology, contaminated stage, and even the local climate, contribute together to the
distribution and degradation of petroleum pollutants [46]. After acclimated, indigenous
microorganisms can efficiently utilize the easily degradable part of the spilled crude oil
as a perpetual carbon and energy source. Therefore, on the one hand, the diversity of the
autochthonous microbiomes is normally high in historically petroleum polluted sites [47].
On the other hand, PAHs rather than PHs may accumulate in polluted soils for the low
degradation rate [48]. Since the content of soil PAHs is likely in line with the abundance of
PAHs degraders or PAHs-specific gene markers [13,14], the abundance of the microbes and
genes might be one of the meaningful probes to evaluate whether long-term soil petroleum
contamination has been successfully remedied. Indeed, ring-hydroxylating-dioxygenase
alpha subunit (RHDα) genes including nagAc, phnAc, nahAc, nidA, and pdoA have been
applied to quantify PAHs degraders in contaminated surface soils [49]. The bioremediation
approach we applied increased the soil bacterial diversity and richness in four months.
On the contrary, Mycobacterium, the dominant indigenous degrader of PAHs and PHs,
decreased in abundance after the rapid bioremediation which may follow the residual
content of PAHs (Table 1), indicating the remediation was, at least partially, accomplished.
This result is consistent with the observation that the process augmented the Firmicutes to
Bacteroidetes ratio (F:B ratio) of petroleum degraders (Table 1). Previous studies revealed
that a high F:B ratio is associated with increased systematic energy uptake efficiency [50].
Therefore, the raised F:B ratio after the bioremediation may suggest the establishment of a
highly efficient petroleum-utilizing microbial community.

Furthermore, the leading functional genes of the microbiome, as a result of bioreme-
diation, comprised DNA replication and repair, protein synthesis, membrane transport,
and signal transduction, while organic matter metabolism dominated in the microbiome
of the petroleum-contaminated soil (Figure 2C). As functional changes at the community
level respond better to environmental stress than taxonomic changes, the result signaled
promisingly that most petroleum in the soil has been degraded. Therefore, the organization
of main functions of the microbiome could be an efficient proxy to probe the completion
of bioremediation in petroleum-contaminated environments. Concomitantly, the relative
abundance of genes associated with sulfur respiration increased immediately after the
rapid bioremediation (Figure 3). In general, the organosulfur compounds including aro-
matic heterocycles constitute up to 70% of the total sulfur content in crude oil [51]. Since
microbial sulfur respiration preferentially uses sulfates as well as other oxygenated sulfur
compounds, elemental sulfur, and polysulfides as the electron acceptors [52], it inferred
that the organosulfur compounds in the crude oil of our study have been thoroughly
degraded. In addition, the extent of microbial phenotypes such as biofilm-forming and
oxygen utilization declined after the rapid bioremediation (Figure 4), indicating the soil
petroleum content was decreasing, as crude oil promotes biochemical oxygen demand and
microbial aggregate formation [1,53,54].

In total, 36 predicted enzymes functioned on PHs and PAHs degradation in both soil
microbiomes prior to and after bioremediation (Table 2), suggesting (1) the bioremedia-
tion method we applied did not lead to involvement of additional degradation pathways;
(2) there might be an internal configuration among the 36 enzymes depending on the
content changes of PHs and PAHs; (3) abnormally expressed genes could be biomark-
ers to indicate the stage of petroleum remediation. Indeed, after the bioremediation, the
evenness of functional genes related to PAHs metabolism was altered. In particular, the
expression of enzymes related to energy generation and C-O cleavage such as 3-oxoadipate
CoA-transferase, 4-hydroxy-4-methyl-2-oxoglutarate aldolase, and 4-oxalomesaconate hy-
dratase enhanced markedly. These results are consistent with the observation that the
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post-remediation microbiome was more energy efficient than that of the soil microbiome
before remediation. These abnormally expressed genes, therefore, could be potential
biomarkers to probe the stage and completion of the bioremediation. In addition, the
gene activity of orthologous enzymes relating to the metabolism of phenanthrene, a ma-
jor constituent of petroleum [55], was predictably more active following bioremediation
(Figure 6B). These genes, therefore, could also be considered as potential biomarkers for
evaluating the completion of the bioremediation on petroleum contamination.

Collectively, various biomarkers including microbial abundance, genes, patterns, and
phenotypes were identified through TPFP for completion assessment of the bioremediation
in a historically polluted farmland-oilfield mixed area. These biomarkers included but
were not limited to the abundance of PAHs degraders (as microbial markers), the genes of
sulfur respiration, energy generation, and phenanthrene degradation (as genetic markers),
the F:B ratio and the organization of functions of microbiomes (as systematic markers), and
biofilm-forming and oxygen utilization (as phenotypic markers). Therefore, we propose
that predicted functional diversity along with microbial community dynamic can be applied
as a powerful tool for probing bioremediation completion and microbial restoration in
long-term petroleum-contaminated farmland-oilfield mixed areas.

5. Conclusions

In this report, we investigate the recovery of petroleum-contaminated soils after biore-
mediation, including the fate of petroleum contamination, the evenness, and abundance of
bacterial communities. The dynamic structure of the microbial community was determined,
the functional biomarkers of the soil microbial community were analyzed, and the contribu-
tion rates of the microbial community to petroleum hydrocarbon degradation in different
periods were calculated. Therefore, functional diversity plays an important role in evaluat-
ing microbial recovery. In many studies evaluating the restoration of microbial ecosystem
diversity, the microbial community structure and diversity indexes, such as abundance and
evenness, are used as the evaluation scale. However, functional changes at the community
level respond better to environmental stress than taxonomic changes, so the organization of
main functions of the microbiome could be an efficient proxy to probe the completion of a
bioremediation in petroleum-contaminated environments. The fate of pollutants, microbial
community dynamics, and functional diversity can be combined to accurately evaluate the
restoration of microbial communities in an environmental ecosystem.
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pairs and PCR conditions used for qPCR.

Author Contributions: Conceptualization, Z.B. and Y.Z.; methodology, Z.B. and H.W.; software,
H.W.; formal analysis, H.W. and T.B.; investigation, H.W.; resources, Z.B. and X.Z.; writing—original
draft preparation, H.W.; writing—review and editing, T.B., Z.B., S.W. and H.W.; visualization, H.W.
and T.B.; project administration, Z.B. and Y.Z.; funding acquisition, Z.B. and X.Z. All authors have
read and agreed to the published version of the manuscript.

Funding: This work was supported by the Strategic Priority Research Program of Chinese Academy
of Sciences (No. XDA2301040103), the International Partnership Program of Chinese Academy
of Sciences (No. 121311KYSB20200017), and the Fundamental Research Funds for the Central
Universities (No. 2021YJSHH30).

Institutional Review Board Statement: Not applicable.

Informed Consent Statement: Not applicable.

Data Availability Statement: The data presented in the study were deposited in the NCBI sequence
read archive (SRA) repository under the accession number (PRJNA764367).

https://www.mdpi.com/article/10.3390/su14042248/s1
https://www.mdpi.com/article/10.3390/su14042248/s1


Sustainability 2022, 14, 2248 12 of 14

Acknowledgments: The authors would like to thank the Key Laboratory of Environmental Biotech-
nology of Research Center for Eco-Environmental Sciences for technical supporting.

Conflicts of Interest: The authors declare no conflict of interest. The funders had no role in the design
of the study; in the collection, analyses, or interpretation of data; in the writing of the manuscript, or
in the decision to publish the results.

References
1. Varjani, S.J. Microbial degradation of petroleum hydrocarbons. Bioresour. Technol. 2017, 223, 277–286. [CrossRef]
2. Fitzgerald, T.; Kuwayama, Y.; Olmstead, S.; Thompson, A. Dynamic impacts of US energy development on agricultural land use.

Energy Policy 2020, 137, 111163. [CrossRef]
3. Kamalanathan, M.; Xu, C.; Schwehr, K.; Bretherton, L.; Beaver, M.; Doyle, S.M.; Genzer, J.; Hillhouse, J.; Sylvan, J.B.; Santschi, P.; et al.

Extracellular Enzyme Activity Profile in a Chemically Enhanced Water Accommodated Fraction of Surrogate Oil: Toward
Understanding Microbial Activities After the Deepwater Horizon Oil Spill. Front. Microbiol. 2018, 9, 798. [CrossRef]

4. Sheng, Y.Z.; Liu, Y.; Yang, J.J.; Dong, H.L.; Liu, B.; Zhang, H.; Li, A.Y.; Wei, Y.Q.; Li, G.H.; Zhang, D.Y. History of petroleum
disturbance triggering the depth-resolved assembly process of microbial communities in the vadose zone. J. Hazard. Mater. 2021,
402, 124060. [CrossRef] [PubMed]

5. Wang, M.; Sha, C.Y.; Wu, J.; Su, J.H.; Wu, J.Q.; Wang, Q.; Tan, J.; Huang, S.F. Bacterial community response to petroleum
contamination in brackish tidal marsh sediments in the Yangtze River Estuary, China. J. Environ. Sci. 2021, 99, 160–167. [CrossRef]
[PubMed]

6. Sui, X.; Wang, X.M.; Li, Y.H.; Ji, H.B. Remediation of Petroleum-Contaminated Soils with Microbial and Microbial Combined
Methods: Advances, Mechanisms, and Challenges. Sustainability 2021, 13, 9267. [CrossRef]

7. Wu, M.L.; Ma, C.; Wang, D.; Liu, H.; Zhu, C.C.; Xu, H.N. Nutrient drip irrigation for refractory hydrocarbon removal and
microbial community shift in a historically petroleum-contaminated soil. Sci. Total Environ. 2020, 713, 136331. [CrossRef]

8. Delacuvellerie, A.; Cyriaque, V.; Gobert, S.; Benali, S.; Wattiez, R. The plastisphere in marine ecosystem hosts potential specific
microbial degraders including Alcanivorax borkumensis as a key player for the low-density polyethylene degradation. J. Hazard.
Mater. 2019, 380, 120899. [CrossRef]

9. Zhou, H.H.; Huang, X.M.; Liang, Y.P.; Li, Y.H.; Xie, Q.L.; Zhang, C.F.; You, S.H. Enhanced bioremediation of hydraulic fracturing
flowback and produced water using an indigenous biosurfactant-producing bacteria Acinetobacter sp. Y2. Chem. Eng. J. 2020,
397, 125348. [CrossRef]

10. Ribicic, D.; Netzer, R.; Hazen, T.C.; Techtmann, S.M.; Drablos, F.; Brakstad, O.G. Microbial community and metagenome dynamics
during biodegradation of dispersed oil reveals potential key-players in cold Norwegian seawater. Mar. Pollut. Bull. 2018,
129, 370–378. [CrossRef]

11. Tuo, B.H.; Yan, J.B.; Fan, B.A.; Yang, Z.H.; Liu, J.Z. Biodegradation characteristics and bioaugmentation potential of a novel
quinoline-degrading strain of Bacillus sp. isolated from petroleum-contaminated soil. Bioresour. Technol. 2012, 107, 55–60.
[CrossRef] [PubMed]

12. Cerqueda-Garcia, D.; Garcia-Maldonado, J.Q.; Aguirre-Macedo, L.; Garcia-Cruz, U. A succession of marine bacterial communities
in batch reactor experiments during the degradation of five different petroleum types. Mar. Pollut. Bull. 2020, 150, 110775.
[CrossRef] [PubMed]

13. Liu, Q.L.; Tang, J.; Liu, X.M.; Song, B.R.; Zhen, M.N.; Ashbolt, N.J. Vertical response of microbial community and degrading
genes to petroleum hydrocarbon contamination in saline alkaline soil. J. Environ. Sci. 2019, 81, 80–92. [CrossRef] [PubMed]

14. Mangse, G.; Werner, D.; Meynet, P.; Ogbaga, C.C. Microbial community responses to different volatile petroleum hydrocarbon
class mixtures in an aerobic sandy soil. Environ. Pollut. 2020, 264, 114738. [CrossRef]

15. Olasanmi, I.O.; Thring, R.W. The Role of Biosurfactants in the Continued Drive for Environmental Sustainability. Sustainability
2018, 10, 4817. [CrossRef]

16. Khudur, L.S.; Shahsavari, E.; Miranda, A.F.; Morrison, P.D.; Nugegoda, D.; Ball, A.S. Evaluating the efficacy of bioremediating a
diesel-contaminated soil using ecotoxicological and bacterial community indices. Environ. Sci. Pollut. Res. 2015, 22, 14809–14819.
[CrossRef]

17. Barak, H.; Brenner, A.; Sivan, A.; Kushmaro, A. Temporal distribution of microbial community in an industrial wastewater
treatment system following crash and during recovery periods. Chemosphere 2020, 258, 127271. [CrossRef]

18. Bae, H.S.; Huang, L.B.; White, J.R.; Wang, J.; DeLaune, R.D.; Ogram, A. Response of microbial populations regulating nutrient
biogeochemical cycles to oiling of coastal saltmarshes from the Deepwater Horizon oil spill. Environ. Pollut. 2018, 241, 136–147.
[CrossRef]

19. Boccadoro, C.; Krolicka, A.; Receveur, J.; Aeppli, C.; Le Floch, S. Microbial community response and migration of petroleum
compounds during a sea-ice oil spill experiment in Svalbard. Mar. Environ. Res. 2018, 142, 214–233. [CrossRef]

20. dos Santos, E.D.; Silva, I.S.; Simoes, T.H.N.; Simioni, K.C.M.; Oliveira, V.M.; Grossman, M.J.; Durrant, L.R. Correlation of soil
microbial community responses to contamination with crude oil with and without chromium and copper. Int. Biodeterior.
Biodegrad. 2012, 70, 104–110. [CrossRef]

http://doi.org/10.1016/j.biortech.2016.10.037
http://doi.org/10.1016/j.enpol.2019.111163
http://doi.org/10.3389/fmicb.2018.00798
http://doi.org/10.1016/j.jhazmat.2020.124060
http://www.ncbi.nlm.nih.gov/pubmed/33254835
http://doi.org/10.1016/j.jes.2020.06.015
http://www.ncbi.nlm.nih.gov/pubmed/33183693
http://doi.org/10.3390/su13169267
http://doi.org/10.1016/j.scitotenv.2019.136331
http://doi.org/10.1016/j.jhazmat.2019.120899
http://doi.org/10.1016/j.cej.2020.125348
http://doi.org/10.1016/j.marpolbul.2018.02.034
http://doi.org/10.1016/j.biortech.2011.12.114
http://www.ncbi.nlm.nih.gov/pubmed/22243925
http://doi.org/10.1016/j.marpolbul.2019.110775
http://www.ncbi.nlm.nih.gov/pubmed/31785844
http://doi.org/10.1016/j.jes.2019.02.001
http://www.ncbi.nlm.nih.gov/pubmed/30975332
http://doi.org/10.1016/j.envpol.2020.114738
http://doi.org/10.3390/su10124817
http://doi.org/10.1007/s11356-015-4624-2
http://doi.org/10.1016/j.chemosphere.2020.127271
http://doi.org/10.1016/j.envpol.2018.05.033
http://doi.org/10.1016/j.marenvres.2018.09.007
http://doi.org/10.1016/j.ibiod.2012.01.010


Sustainability 2022, 14, 2248 13 of 14

21. Gofstein, T.R.; Perkins, M.; Field, J.; Leigh, M.B. The Interactive Effects of Crude Oil and Corexit 9500 on Their Biodegradation in
Arctic Seawater. Appl. Environ. Microb. 2020, 86, e01194-20. [CrossRef] [PubMed]

22. Hamdan, H.Z.; Salam, D.A. Response of sediment microbial communities to crude oil contamination in marine sediment microbial
fuel cells under ferric iron stimulation. Environ. Pollut. 2020, 263, 114658. [CrossRef] [PubMed]

23. Lee, S.H.; Kim, M.S.; Kim, J.G.; Kim, S.O. Use of Soil Enzymes as Indicators for Contaminated Soil Monitoring and Sustainable
Management. Sustainability 2020, 12, 8209. [CrossRef]

24. Louca, S.; Parfrey, L.W.; Doebeli, M. Decoupling function and taxonomy in the global ocean microbiome. Science 2016,
353, 1272–1277. [CrossRef] [PubMed]

25. Ren, Y.H.; Niu, J.J.; Huang, W.K.; Peng, D.L.; Xiao, Y.H.; Zhang, X.; Liang, Y.L.; Liu, X.D.; Yin, H.Q. Comparison of microbial
taxonomic and functional shift pattern along contamination gradient. BMC Microbiol. 2016, 16, 110. [CrossRef]

26. Mendes, L.W.; Tsai, S.M. Distinct taxonomic and functional composition of soil microbiomes along the gradient forest-restinga-
mangrove in southeastern Brazil. Antonie Leeuwenhoek Int. J. Gen. 2018, 111, 101–114. [CrossRef]

27. Manzano-Marin, A.; Oceguera-Figueroa, A.; Latorre, A.; Jimenez-Garcia, L.F.; Moya, A. Solving a Bloody Mess: B-Vitamin
Independent-Metabolic Convergence among Gammaproteobacterial Obligate Endosymbionts from Blood-Feeding Arthropods
and the Leech Haementeria officinalis. Genome Biol. Evol. 2015, 7, 2871–2884. [CrossRef]

28. Sun, S.; Jones, R.B.; Fodor, A.A. Inference-based accuracy of metagenome prediction tools varies across sample types and
functional categories. Microbiome 2020, 8, 46. [CrossRef]

29. Sun, B.; Bai, Z.H.; Bao, L.J.; Xue, L.X.; Zhang, S.W.; Wei, Y.X.; Zhang, Z.Y.; Zhuang, G.Q.; Zhuang, X.L. Bacillus subtilis biofertilizer
mitigating agricultural ammonia emission and shifting soil nitrogen cycling microbiomes. Environ. Int. 2020, 144, 105989.
[CrossRef]

30. Fan, R.J.; Ma, W.P.; Zhang, H.L. Microbial community responses to soil parameters and their effects on petroleum degradation
during bio-electrokinetic remediation. Sci. Total Environ. 2020, 748, 142463. [CrossRef]

31. Silva, D.P.; Duarte, G.; Villela, H.D.M.; Santos, H.F.; Rosado, P.M.; Rosado, J.G.; Rosado, A.S.; Ferreira, E.M.; Soriano, A.U.;
Peixoto, R.S. Adaptable mesocosm facility to study oil spill impacts on corals. Ecol. Evol. 2019, 9, 5172–5185. [CrossRef] [PubMed]

32. Chaineau, C.H.; Rougeux, G.; Yepremian, C.; Oudot, J. Effects of nutrient concentration on the biodegradation of crude oil and
associated microbial populations in the soil. Soil Biol. Biochem. 2005, 37, 1490–1497. [CrossRef]

33. Edgar, R.C. UPARSE: Highly accurate OTU sequences from microbial amplicon reads. Nat. Methods 2013, 10, 996–998. [CrossRef]
[PubMed]

34. Segata, N.; Izard, J.; Waldron, L.; Gevers, D.; Miropolsky, L.; Garrett, W.S.; Huttenhower, C. Metagenomic biomarker discovery
and explanation. Genome Biol. 2011, 12, R60. [CrossRef]

35. Kanehisa, M.; Sato, Y.; Kawashima, M.; Furumichi, M.; Tanabe, M. KEGG as a reference resource for gene and protein annotation.
Nucleic Acids Res. 2016, 44, D457–D462. [CrossRef]

36. Bacosa, H.P.; Erdner, D.L.; Rosenheim, B.E.; Shetty, P.; Seitz, K.W.; Baker, B.J.; Liu, Z.F. Hydrocarbon degradation and response
of seafloor sediment bacterial community in the northern Gulf of Mexico to light Louisiana sweet crude oil. ISME J. 2018,
12, 2532–2543. [CrossRef]

37. Niepceron, M.; Martin-Laurent, F.; Crampon, M.; Portet-Koltalo, F.; Akpa-Vinceslas, M.; Legras, M.; Bru, D.; Bureau, F.; Bodilis, J.
GammaProteobacteria as a potential bioindicator of a multiple contamination by polycyclic aromatic hydrocarbons (PAHs) in
agricultural soils. Environ. Pollut. 2013, 180, 199–205. [CrossRef]

38. Cui, Z.S.; Xu, G.S.; Gao, W.; Li, Q.; Yang, B.J.; Yang, G.P.; Zheng, L. Isolation and characterization of Cycloclasticus strains from
Yellow Sea sediments and biodegradation of pyrene and fluoranthene by their syntrophic association with Marinobacter strains.
Int. Biodeterior. Biodegrad. 2014, 91, 45–51. [CrossRef]

39. Liu, R.Y.; Gao, Y.X.; Ji, Y.F.; Zhang, Y.; Yang, M. Characteristics of hydrocarbon hydroxylase genes in a thermophilic aerobic
biological system treating oily produced wastewater. Water Sci. Technol. 2015, 71, 123–130. [CrossRef]

40. Moser, R.; Stahl, U. Insights into the genetic diversity of initial dioxygenases from PAH-degrading bacteria. Appl. Microbiol.
Biotechnol. 2001, 55, 609–618. [CrossRef]

41. Leys, N.M.E.J.; Ryngaert, A.; Bastiaens, L.; Verstraete, W.; Top, E.M.; Springael, D. Occurrence and phylogenetic diversity of
Sphingomonas strains in soils contaminated with polycyclic aromatic hydrocarbons. Appl. Environ. Microb. 2004, 70, 1944–1955.
[CrossRef] [PubMed]

42. Wang, C.Y.; Huang, Y.; Zhang, Z.T.; Hao, H.; Wang, H. Absence of the nahG-like gene caused the syntrophic interaction between
Marinobacter and other microbes in PAH-degrading process. J. Hazard. Mater. 2020, 384, 121387. [CrossRef] [PubMed]

43. Yan, L.J.; Penttinen, P.; Mikkonen, A.; Lindstrom, K. Bacterial community changes in response to oil contamination and perennial
crop cultivation. Environ. Sci. Pollut. Res. 2018, 25, 14575–14584. [CrossRef]

44. Ribicic, D.; McFarlin, K.M.; Netzer, R.; Brakstad, O.G.; Winkler, A.; Throne-Holst, M.; Storseth, T.R. Oil type and temperature
dependent biodegradation dynamics—Combining chemical and microbial community data through multivariate analysis. BMC
Microbiol. 2018, 18, 83. [CrossRef] [PubMed]

45. Galazka, A.; Grzadziel, J.; Galazka, R.; Ukalska-Jaruga, A.; Strzelecka, J.; Smreczak, B. Genetic and Functional Diversity of
Bacterial Microbiome in Soils with Long Term Impacts of Petroleum Hydrocarbons. Front. Microbiol. 2018, 9, 1923. [CrossRef]

http://doi.org/10.1128/AEM.01194-20
http://www.ncbi.nlm.nih.gov/pubmed/32826215
http://doi.org/10.1016/j.envpol.2020.114658
http://www.ncbi.nlm.nih.gov/pubmed/33618484
http://doi.org/10.3390/su12198209
http://doi.org/10.1126/science.aaf4507
http://www.ncbi.nlm.nih.gov/pubmed/27634532
http://doi.org/10.1186/s12866-016-0731-6
http://doi.org/10.1007/s10482-017-0931-6
http://doi.org/10.1093/gbe/evv188
http://doi.org/10.1186/s40168-020-00815-y
http://doi.org/10.1016/j.envint.2020.105989
http://doi.org/10.1016/j.scitotenv.2020.142463
http://doi.org/10.1002/ece3.5095
http://www.ncbi.nlm.nih.gov/pubmed/31110670
http://doi.org/10.1016/j.soilbio.2005.01.012
http://doi.org/10.1038/nmeth.2604
http://www.ncbi.nlm.nih.gov/pubmed/23955772
http://doi.org/10.1186/gb-2011-12-6-r60
http://doi.org/10.1093/nar/gkv1070
http://doi.org/10.1038/s41396-018-0190-1
http://doi.org/10.1016/j.envpol.2013.05.040
http://doi.org/10.1016/j.ibiod.2014.03.005
http://doi.org/10.2166/wst.2014.470
http://doi.org/10.1007/s002530000489
http://doi.org/10.1128/AEM.70.4.1944-1955.2004
http://www.ncbi.nlm.nih.gov/pubmed/15066784
http://doi.org/10.1016/j.jhazmat.2019.121387
http://www.ncbi.nlm.nih.gov/pubmed/31648897
http://doi.org/10.1007/s11356-018-1635-9
http://doi.org/10.1186/s12866-018-1221-9
http://www.ncbi.nlm.nih.gov/pubmed/30086723
http://doi.org/10.3389/fmicb.2018.01923


Sustainability 2022, 14, 2248 14 of 14

46. Robichaud, K.; Stewart, K.; Labrecque, M.; Hijri, M.; Cherewyk, J.; Amyot, M. An ecological microsystem to treat waste oil
contaminated soil: Using phytoremediation assisted by fungi and local compost, on a mixed-contaminant site, in a cold climate.
Sci. Total Environ. 2019, 672, 732–742. [CrossRef]

47. Feng, X.; Liu, Z.; Jia, X.; Lu, W. Distribution of Bacterial Communities in Petroleum-Contaminated Soils from the Dagang Oilfield,
China. Trans. Tianjin Univ. 2020, 26, 22–32. [CrossRef]

48. Harmsen, J.; Rietra, R.P.J.J. 25 years monitoring of PAHs and petroleum hydrocarbons biodegradation in soil. Chemosphere 2018,
207, 229–238. [CrossRef]

49. Lu, C.; Hong, Y.; Liu, J.; Gao, Y.; Ma, Z.; Yang, B.; Ling, W.; Waigi, M.G. A PAH-degrading bacterial community enriched with
contaminated agricultural soil and its utility for microbial bioremediation. Environ. Pollut. 2019, 251, 773–782. [CrossRef]

50. Turnbaugh, P.J.; Ley, R.E.; Mahowald, M.A.; Magrini, V.; Mardis, E.R.; Gordon, J.I. An obesity-associated gut microbiome with
increased capacity for energy harvest. Nature 2006, 444, 1027–1031. [CrossRef]

51. Murarka, P.; Srivastava, P. Biodesulfurization of petroleum wastes. In Biovalorisation of Wastes to Renewable Chemicals and Biofuels;
Elsevier: Amsterdam, The Netherlands, 2020; pp. 165–187.

52. Govil, T. Taxonomical Diversity of Extremophiles in the Deep Biosphere. In Microbial Diversity in the Genomic Era; Academic Press:
Cambridge, MA, USA, 2019; pp. 631–656.

53. Nie, M.Q.; Nie, H.Y.; He, M.L.; Lin, Y.Y.; Wang, L.; Jin, P.K.; Zhang, S.Y. Immobilization of biofilms of Pseudomonas aeruginosa NY3
and their application in the removal of hydrocarbons from highly concentrated oil-containing wastewater on the laboratory scale.
J. Environ. Manag. 2016, 173, 34–40. [CrossRef] [PubMed]

54. Xu, X.J.; Liu, W.M.; Tian, S.H.; Wang, W.; Qi, Q.G.; Jiang, P.; Gao, X.M.; Li, F.J.; Li, H.Y.; Yu, H.W. Petroleum Hydrocarbon-
Degrading Bacteria for the Remediation of Oil Pollution Under Aerobic Conditions: A Perspective Analysis. Front. Microbiol.
2018, 9, 2885. [CrossRef] [PubMed]

55. Yu, C.C.; Chang, T.C.; Liao, C.S.; Chang, Y.T. A Comparison of the Microbial Community and Functional Genes Present in
Free-Living and Soil Particle-Attached Bacteria from an Aerobic Bioslurry Reactor Treating High-Molecular-Weight PAHs.
Sustainability 2019, 11, 1088. [CrossRef]

http://doi.org/10.1016/j.scitotenv.2019.03.447
http://doi.org/10.1007/s12209-019-00226-7
http://doi.org/10.1016/j.chemosphere.2018.05.043
http://doi.org/10.1016/j.envpol.2019.05.044
http://doi.org/10.1038/nature05414
http://doi.org/10.1016/j.jenvman.2016.02.045
http://www.ncbi.nlm.nih.gov/pubmed/26963906
http://doi.org/10.3389/fmicb.2018.02885
http://www.ncbi.nlm.nih.gov/pubmed/30559725
http://doi.org/10.3390/su11041088

	Introduction 
	Materials and Methods 
	Test Field and Bioremediation 
	Sample Collection 
	Physicochemical Parameters 
	DNA Extraction and PCR Amplification 
	High-Throughput Sequencing and Bioinformatic Analysis 
	Quantification of Functional Genes 

	Results 
	The Profile of the Soil Microbial Community before and after Bioremediation 
	Functional Profiling of the Soil Microbiome before and after Bioremediation 
	Predicted Functional Changes before and after Bioremediation in Relation to PHs and PAHs 

	Discussion 
	Conclusions 
	References

