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Abstract: Global sea level rise (SLR) has emerged as a pressing concern because of its impacts,
especially increased vulnerability of coastal urban areas flooding. This study addresses the pressing
concern of SLR and flood vulnerability in the East Coast of North Sumatra (ECNS) and Medan
City. We employ a data-driven approach integrating multicriteria analysis, analytical hierarchy
process (AHP)-based weighting, and spatial modeling within a geographic information system
framework. The analysis considers crucial factors such as slope, land use, soil type, SLR, and land
deformation. The study expands the existing framework by incorporating SLR and land subsidence,
acknowledging their significant roles in exacerbating flood vulnerability. Future flood-intensity
scenarios are simulated based on SLR projections. Data for spatial analysis primarily originated
from multisensor satellite imagery, secondary sources from published literature, and field surveys.
We validated the consistency of the variable weightings assigned for vulnerability analysis using a
consistency ratio threshold (<0.1). Finally, the established flood vulnerability model was validated by
comparing its predictions with recorded flood events in the ECNS and Medan City. The ECNS and
Medan City areas were classified as very high and highly vulnerable to flooding, respectively.

Keywords: AHP; DInSAR; disaster; flood; GIS; land subsidence; satellite; sea level rise

1. Introduction

The observed trends in the global mean sea level (GMSL) reveal a significant increase
of 3.2 +£ 0.4 mm year’1 over the past few decades [1]. However, this rate of change exhibits
pronounced regional variability. For instance, the Vietnam Sea has experienced a GMSL rise
exceeding 5 mm year !, whereas the South China and Java Seas have experienced GMSL
rates of approximately 4 and 5 mm year !, respectively [2-4]. These regional disparities
highlight the critical need for localized assessments of the impacts of sea level rise (SLR).
SLR poses a significant threat to coastal environments, with a cascading effect on various
environmental conditions. Increased frequency and intensity of extreme coastal flooding,
coupled with coastal erosion and saltwater intrusion into freshwater aquifers, are just
a few of the environmental consequences of SLR [5,6]. Furthermore, rising sea levels,
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when combined with storm surges, exacerbate the threat of coastal flooding, threatening
crucial aspects of human life [7,8]. Tens of millions of people residing in coastal regions
of developing nations are particularly vulnerable to displacement due to SLR and its
associated economic and ecological consequences [9]. Studies estimate that global economic
losses due to SLR-induced floods could range from 0.3% to 9.3% of GDP [10]. For example,
research in Bangkok predicts a 1.5-fold increase in flood impacts in 2100 [11]. In fact,
current efforts to minimize flood impacts have demonstrated inadequate results. Studies
in Israel highlight the need for stronger flood management policies [12]. These findings
underscore the critical need for adaptation strategies to address the escalating social and
economic losses from flood disasters, amplified by SLR [11]. Therefore, assessing the
flood vulnerability in densely populated coastal cities is important for informing effective
adaptation strategies.

Beyond the global phenomenon of SLR, local-scale land subsidence, driven by vertical
land movements (uplift/subsidence), tectonic and volcanic activity, sediment loading,
and groundwater pumping, can produce significant variations in relative sea level [13].
Consequently, accounting for land subsidence and SLR becomes essential for accurately
assessing the vulnerability of coastal areas, especially urban areas, to flooding.

Several studies have demonstrated the critical connection between land subsidence
and the exacerbation of flooding events, especially in big cities in Vietnam, Italy (e.g., the
Mediterranean) [14-16], and Indonesia (e.g., Bandung [17], Jakarta [18], and Semarang [19]).
Land subsidence makes urban areas vulnerable as a very large proportion of the popula-
tion relies on wells for water supply. However, land subsidence has not generally been
considered in flood hazard studies and mitigation efforts because research data on the rate
of land subsidence are limited.

Some researchers have developed several methods to estimate the land deformation
rate from radar satellite data, such as the differential interferometric synthetic aperture
radar (DINSAR) method. DINSAR interferometry is an advanced and useful technique
for detecting and monitoring deformation movements [19]. It can determine changes in
the volume deformation of the soil surface [17,20,21] and the results can be compared
with those of the global positioning system (GPS) survey [22]. DInSAR is an effective
method for detecting ground displacement or land deformation in the antenna line-of-sight
(slant-range) direction using SAR data acquired at two different times [23-26]. DInSAR
complements ground-based methods, such as GPS measurements, by providing informa-
tion across a large coverage area even when the location is inaccessible [27,28]. Data from
the freely available Sentinel-1A satellite radar are a great source of data for generating land
deformation maps.

Several studies have demonstrated that flood conditions on the East Coast of North Sumatra
(ECNS) and Medan City are worsening due to several factors, such as changes in land use,
deforestation in upstream areas, and increasing population [29-31]. However, no study has
examined the impact of land subsidence on the risk of flooding in this area. To better predict and
mitigate flooding in this area, we need accurate information about the factors contributing to
flooding and its impacts.

In the global effort to mitigate disaster risk, regional assessments of vulnerability to
flooding have become increasingly vital. A common method for such assessments uses
Multicriteria Decision Analysis (MCDA) with Analytical Hierarchy Process (AHP) [32,33].
This approach facilitates the evaluation of numerous variables contributing to flooding,
including slope, elevation, land use/land cover, drainage density, rainfall intensity, and soil
type. These factors, collected and analyzed using geographic information systems (GIS),
serve as the basis for mapping flood vulnerability areas [29-31]. However, each variable
contributes differently to the overall flood vulnerability, requiring a weighting system. The
AHP method has proven effective in assigning appropriate weights, leading to a more
accurate and reliable flood vulnerability analysis [32,33].

This study presents a novel approach to flood vulnerability assessment in ECNS and
Medan City by integrating MCDA with two crucial factors: SLR trend and land deforma-
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tion. Previous studies focused only on variables such as slope, elevation, land use/land
cover, drainage density, rainfall, and soil type; however, this study extends the existing
framework by incorporating SLR and land subsidence. This extension acknowledges the
significant role of these factors in exacerbating flood vulnerability, especially in coastal
regions. The integration of SLR and land subsidence into this framework will generate
a more comprehensive and accurate assessment of flood vulnerability. This enhanced
understanding will be considered in developing effective flood disaster management strate-
gies for ECNS and Medan City, ultimately contributing to the safety and well-being of
local communities.

Study Site

The study site is located on the ECNS and Medan City (03°39'00""S-98°38'00"E to
03°53/00""S-98°58'00""E). The ECNS and Medan City cover 265 km? and have 21 subdistricts
(Figure 1). The study area is growing rapidly, as evidenced by the expansion of settlements
and the physical development of the city area. The increase in population [34] and devel-
opment has led to the conversion of vegetated land for other purposes, such as economic
areas and settlements.
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Figure 1. Study site and distribution of benchmarks in ECNS and Medan City.

Medan City, the capital city of North Sumatra Province, has a population of 2.4 million
people with an area of 26,510 ha, or 3.6% of the total area. North Sumatra Province is
the fifth most populous and the third largest city in Indonesia. It is a sloping lowland
starting from Belawan City, located on the ECNS. It is located at the confluence of two
rivers, the Deli and Babura, which flow into Belawan beach. Flooding tends to occur during
heavy rainfall and worsens at high tide. Flooding in ECNS and Medan City occurs every
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year. Recently, every time there has been heavy rain, Medan City has experienced flooding

(Table 1).

Table 1. Annual occurrence of flooding on the East Coast of North Sumatra and Medan City (2020-2023).

Time

Damage Caused by Flooding

3 December 2020

A significant flooding impacted the city of
Medan, Indonesia, affecting 5965 people. Water
levels reached alarming heights of 3-5 m. The

National Disaster Management Agency
confirmed that five people tragically lost their
lives, whereas two remain missing. The
floodwaters impacted four subdistricts within
Medan City: Medan Johor, Medan Maimun,
Medan Sunggal, and Medan Tuntungan.

7 December 2021

A tidal flooding affected 60,102 people in
Belawan and Medan, Indonesia. The high sea
tides triggered (“Rob” in local terminology)
flood inundated several subdistricts within the
administrative areas of Medan and Belawan
Districts. Six subdistricts were affected:
Belawan I, Belawan II, Sicanang, Bahari,
Bahagia, and Bagan Deli.

.

27 February 2022

A significant flooding affected 3267 residential
houses in Medan, Indonesia. Water levels
ranged from 30 cm to 1 m, with some areas in
Kampung Aur experiencing flood heights
exceeding 2 m. The flood impacted nine
subdistricts: Medan Johor, Medan Selayang,
Medan Maimun, Medan Baru, Medan Sunggal,
Medan Polonia, Medan Denai, Medan
Labuhan, and Medan Amplas.

Photo: BPBD Medan City (27/02/2022).

3 September 2023

A significant flooding impacted 346 residential
houses in Medan City, Indonesia. The
floodwaters submerged houses on Perjuangan
and Dwikora Streets, Tanjung Rejo Village,
Medan Sunggal District. Additionally,
residents residing on Karya Dalam Street,
Rukun Street, Ayem Street, and Sepakat Street
in Karang Berombak Village, West Medan
District, were also affected by
floodwater inundation.

Photo: BPBD Medan City (03/09/2023).

2. Materials and Methods

In this study, we employed a multisensor satellite data approach coupled with field sur-
veys. Data processing and analysis were conducted using a combination of different types of
software, including the Sentinel Application Platform (SNAP) v9.0.0, MATLAB R2023b v23.2,
and QGIS v3.28.15 ‘Firenze’. Field surveys were conducted thrice, in September 2016,
September 2022, and October 2023, to measure coastal slope by placing a water-level de-
vice, land use, and benchmark (BM) point height, respectively.
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2.1. Satellite-Derived Land Deformation

SAR data from the Sentinel-1 satellite (https:/ /asf.alaska.edu/, accessed on 10 November 2022)
was used to analyze land deformation. SAR Sentinel-1A Level 1 single look complex (SLC) imagery
and digital elevation model (DEM) data were used to estimate the rate of land subsidence. We
collected Sentinel-1A SAR data in 2016 and 2017 from vertical-transmit and vertical-received (VV)
polarization data in the ascending mode and Sentinel-1A VV polarization data in the ascending
mode (incidence pixel distance 14.1 m).

SAR image data were processed images in the SNAP software using the DInSAR
method with the calculation of the phase difference of two or more SAR [35]. DInSAR
extracts the total phase caused by deforming/changing ground values by eliminating
or reducing other factors contributing to the formation of phase interferograms. The
DInSAR technique allows terrain displacement to be calculated as the interferometric phase
containing the following phase terms [35]:

Apd = 47” AR (1)
with the projection of the relative point displacement onto the radar lens of sight (LOS). In
particular, the variation in the interferometric phase can be mathematically represented by
the following equation [35]:

Ap = Apd + Aptopo + Agorb + Apatm + Apn, (2)

where Agd accounts for the possible displacement of the scatterer between observations,
Agtopo represents the residual topography-induced phase due to nonperfect knowledge
of the height profile (i.e., DEM errors), A@orb accounts for inaccurate orbital informa-
tion in the synthesis of the topographic phase, Apatm denotes the phase components
due to the change in the atmospheric and ionospheric dielectric constant between the
master/slave acquisitions, and Agn accounts for decorrelation phenomena (e.g., spatial,
temporal, and thermal).

In the following section, we analyze some fundamental steps and critical aspects of
interferometric processing.

Coregistration of SAR images is necessary to align the images so that they can be
pixel-wise compared to detect changes in the scene. The coherence between the master and
slave images is given as follows [35]:

= E[ulu2]

where E [-] represents the statistical expectation and ul and u2 represent the two images.
The coefficient values () range from 0 (low coherence) to 1 (high coherence).

The next step is phase unwrapping, which is performed using a statistical cost network
flow algorithm for phase unwrapping developed at Stanford University (SNAPHU v2.0.6).
Unwrap data conversion from phase form to elevation value is performed to determine the
difference in height using the DInSAR process or convert from slant to height using the
phase-to-displacement tools in the SNAP v9.0.0 software. Figure 2 shows the flowchart of
the data processing.

2.2. In Situ Land Deformation Measurement

In this study, we employed in situ land deformation measurements using geodetic
GPS to compare with land deformation patterns observed by SAR satellites. Due to data
availability constraints, GPS altitude point data from 2010 were used as the reference point
for displacement analysis. The land surface deformation data presented in this study
encompass measurements conducted in 2010 and 2023. GPS point height (z) measurements
were conducted at six BM positions (BM-02, 06, 07, 08, 14, 16, and 21), as shown in
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Figure 1. These BM positions belong to the Geodetic Control Network established by the
North Medan City Settlement and Spatial Planning Service, Sumatra Province, in 2010.
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Figure 2. Flowchart of satellite data processing using the DINSAR method with the SNAP software.

Field observations and GPS height (z) data collection were conducted in September 2023.
Each GPS BM was surveyed using a Geodetic GPS employing the Real-Time Kinematic-
Networked Transport of Radio Technical Commission for Maritime Services (RTCM) via
Internet Protocol Real-Time Kinematic-Networked Transport (RTK-NTRIP) of the RTCM
method. This method employs the Indonesia Continuously Operating Reference Station
operated by the Indonesian Geospatial Information Agency (INA-CORS BIG) located in
Medan and Belawan as reference points. Several references confirm that the accuracy and
precision of GPS measurements using the RTK-NTRIP method with INA-CORS BIG are
within acceptable standards and meet relevant requirements (Figure 3). The survey equipment
included CHCNAYV i50 Geodetic GPS/Global Navigation Satellite System (GNSS) Receivers,
with the following specifications: horizontal accuracy: 8 mm + 1 ppm-RMS, vertical accuracy:
15 mm + 1 ppm-RMS, Initialization time: <10 s, and Initialization reliability: >99.9%.
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Figure 3. Several BM positions in Medan City during the survey in September 2023.

2.3. Sea Level Rise Trends

Sea level time series data in the ECNS were the monthly gridded 0.25° x 0.25° sea
level anomaly (SLA) in the period of 1993-2021 (29 years) distributed by the Copernicus
Marine Environment Monitoring Service (CMEMS). Details of the dataset can be found
at https://doi.org/10.48670/moi-00148 (accessed on 18 November 2022). The global SLR
trends based on satellite altimetry data released by the Colorado University Sea Level Group
can be accessed at https:/ /sealevel.colorado.edu/files /2023_rel2 /gmsl_2023rel2_seasons_
rmvd.txt (accessed on 4 December 2023). Sea level projections through the 21st century
for representative concentration pathway (RCP) 4.5 and RCP 8.5 are collected by Climate
Econometric at the following URL: http:/ /www.climateeconometrics.org/sealevel _rcp/
(accessed on 27 November 2023) [36,37].

2.4. Land Use, Soil Type, and Slope

This study incorporates several additional variables beyond land deformation and
SLR trends to comprehensively assess flood vulnerability. These include land use, soil
type, and slope. The land use map produced by the North Sumatra Regional Development
Planning Agency has been updated with Google Earth delineations. The soil type map was
extracted from the existing literature [31] and land slope map [38]. However, direct field
measurements using the leveling method were employed for improved accuracy.

2.5. Spatial Analysis of Flood Disaster Vulnerability

Vulnerability is defined as a complex interplay of physical, social, economic, and
environmental factors that influence the level of potential damage from hazards caused
by a disaster [39]. In Medan City, we unraveled the vulnerability by analyzing a web
of physical parameters: slope, land use, land subsidence, SLR, and soil type. The AHP
technique is a multicriteria decision-making approach developed by Saaty [40,41]. The AHP
technique helps us to assess the relative importance of various parameters that influence
flood vulnerability.

The core principles of AHP can be categorized into four key stages: problem hierarchy,
criteria and alternative evaluation, priority setting, and logical consistency. The AHP proce-
dure is described as follows. First, the decision problem is decomposed into a hierarchical
structure. This structure organizes the goal and various vulnerability components, facili-
tating a clear and organized analysis. Then, a pairwise comparison employs a nine-point
scale and expert elicitation. The scale permitted assigning a value of “1” (usually in the
main diagonal) when two criteria possess equal priority.

The next step is the analysis of the pairwise comparison. Each pairwise comparison
matrix undergoes a normalization process. This typically involves dividing each element
in the matrix by the sum of its corresponding row, resulting in a matrix in which each row
sums to one.
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The normalized matrix is then subjected to eigenvector analysis by applying the geo-
metric mean of the rows. To ensure and validate the AHP results, a consistency ratio (CR)
is calculated. The CR value below a predefined threshold (<0.1) indicates acceptable consis-
tency, suggesting reliable and valid weights. If the CR value exceeds this threshold, the
decision maker revisits the pairwise comparisons and revises their judgments. Equation (4)
presents a mathematical formula for measuring the CR, where CI is the consistency in-
dex and Rl is the random index. The Rl is the random index associated with generated
comparison matrices of a specific size. In the case of a matrix size of 5, an RI value of
1.12 is suggested.

CI
R=—"— 4
CR= &~ 4)
Mathematically, the CI value is calculated as follows:
(A iy — 1)
I — max
c1 = ©

where A,y represents the maximum eigenvalue of the matrix and # represents the number
of factors or alternative choices [40,41].

The spatial model of flood vulnerability is implemented using a model builder in
QGIS, which is built based on the MCDA procedure. Each criterion is given a relative
importance weight based on the AHP method. The total score Flood Vulnerability Index
(FVI)(xi) is the sum of each criterion by multiplying the weight by the scale value of the
criterion as follows:

FVI(X,’) = ZZU]F,] (6)
i

where w; is a normalized weight such that Xw; = 1 and r;; is the attribute transformed into the
comparable scale. The weights represent the relative importance of the attributes. The most
preferred alternative is selected by identifying the maximum value of FVI(x;) fori=1,2,..., m.
To integrate AHP with GIS analysis in flood vulnerability mapping, Figure 4 presents
a conceptual framework for the proposed approach. The depicted steps include primary
data collection, its manipulation in a GIS environment, and MCDA. These steps can be
categorized as processing and analyzing spatial datasets for flood vulnerability analysis.

Data Collection and Processing

Slope map Land use map Land subsidence Sea level rise
(Reference) (satellite & in-situ) | |(satellite & in-situ) | |(satellite & in-situ)

Soil type map ;
(Reference) |

: ’ Indexing based on Criteria ‘ ‘

l

’ Weighting with the AHP approach ‘ ;

l L Criteria Table

GIS based spatial analysis

FVI(x;) = ijrl-j
J

Figure 4. Multicriteria Decision Analysis conceptual framework for analytical hierarchy-process-
geographic information system base flood mapping vulnerability.
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3. Results
3.1. Trends in Sea Level Rise and Coastal Flooding

The satellite-derived sea surface height anomaly data revealed a significant trend of
SLR ECNS waters exceeding 4.79 mm year ! (Figure 5a). This rate is notably higher than
the global average SLR (Figure 5b) [42,43] and the average SLR in Indonesian waters [44,45].
The evaluation of altimetry data products with tide gauges shows excellent performance
for monitoring sea levels with high accuracy in Indonesian waters [44]. Such an elevated
SLR in the ECNS region has a high risk of flooding, especially during high tide events.

03F

SLA

Trend = 4.79 mm/yr

Sea level
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Figure 5. Trends of sea level rise on (a) the ECNS and (b) globally based on satellite altimetry data
from 1993 to 2022.

3.2. Land Subsidence

The analysis of the spatial planning map for Medan City reveals that trade and
settlement areas dominate land use patterns. Furthermore, SAR Sentinel 1A satellite data
indicate significant land subsidence along the ECNS and within Medan City, with rates
ranging from —0.01 to —19.00 cm year~! (Figure 6a). This spatial pattern of land subsidence
velocity is consistent with existing landform characteristics [31]. Alluvial plains exhibit the
highest subsidence rates, followed by tidal areas and beaches (Figure 6b). Interestingly, the
area around Medan City, with its large concentration of high-rise buildings and commercial
activities, experiences the most pronounced land subsidence. In contrast, areas with
significant vegetation cover, such as coastal mangrove forests, exhibit the least significant
subsidence rates.

Vertical deformation of the land surface from geodetic GPS measurements between
2010 and 2023 shows land surface subsidence over 13 years in Medan City ranging from
—0.012 to —28.065 m (Table 2). The deformation pattern from GPS measurements is similar
to the deformation data from SAR satellite data. Generally, the land surface in Medan City
has decreased. The subsidence of the land surface in Medan City can also be seen from the
condition of cracked buildings or sagging floors.

Table 2. Vertical deformation velocity at six benchmark positions in Medan City.

Latitude Longitude  Height (m) Height Difference
Bench Mark (BM) CN) CE) 2010 [46]  (m) 2023 (m)
BM 02 3.521109 98.676373 301.517 300.775 —0.742
BM 06 3.560994 98.697191 135.706 131.486 —4.220
BM 07 3.560994 98.711181 116.972 88.907 —28.065
BM 08 3.574129 98.706511 08.902 08.903 —0.012
BM 16 3.497786 98.648354 423.142 416.095 —7.047

BM 21 3.498690 98.599782 523.906 523.392 —0.514
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Figure 6. (a) Velocity of land deformation and (b) landform characteristics on the ECNS and
Medan City [31].

3.3. Land Use, Slope, and Soil Type

Land use in Medan City consists of 11 classes (Figure 7a); the three largest classes are
settlements (227,216 km?), ponds (22,533 km?), and mangrove forests (10,097 km?). As the
most populous city outside Java, Medan City faces a high demand for land, especially for
residential development. The dominance of settlement areas, exceeding 82% of the total
city area, significantly contributes to its flood vulnerability.
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Figure 7. (a) Land use, (b) slope [38], and (c) soil types [31] in ECNS and Medan City.

From a topographic perspective, Medan City primarily consists of flat land, compris-
ing approximately 90% of its total area. The remaining 10% is characterized by sloping,
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predominantly ranging from 0% to 8%, with a small portion exhibiting slopes between
0% and 15% (Figure 7b). This predominantly flat landscape further amplifies the city’s
flood vulnerability. Interestingly, the flat topography corresponds to the dominant soil type
in Medan City, which is alluvial deposits.

The analysis of soil types reveals a predominance of Acrisol, Andosol, Lithosol, and
Regosol soils (Figure 7c). Acrisols are characterized by low clay accumulation and base
saturation, whereas Regosols are shallow, unconsolidated soils, likely of alluvial origin.
Andosols possess very low bulk densities, high water holding capacities, and variable
loads. Meanwhile, Lithosols consist of shallow soil covering hard rock formations. The
combined presence of Acrisol, Andosol, and Regosol soil types contributes to Medan City’s
flood vulnerability.

3.4. Analysis of Hierarchy Process for Flood Vulnerability

In this study, we employed the AHP approach to a multicriteria spatial analysis of
flood vulnerability within the study area. We considered five physical parameters in this
analysis: slope, SLR, land subsidence, land use, and soil type (Table 3). To determine
the relative weights assigned to each parameter within the GIS framework, a pairwise
comparison matrix was constructed. The values within each cell of this matrix were
determined by expert judgment.

Table 3. Pairwise comparison matrix for the weight factors.

Variables Slope Sea Level Rise Land Subsidence Land Use Type of Soil
Slope 1 2 2 2 2
Sea level rise 0.5 1 0.5 0.5 2
Land subsidence 0.5 2 1 0.5 2
Land use 0.5 2 2 1 2
Type of soil 0.5 0.5 0.5 0.5 1

The calculated CR of 0.043 is significantly lower than the acceptable threshold of 0.1,
indicating that the pairwise comparison matrix for weighting each variable (Table 3) meets
the consistency requirements specified in the AHP procedure. Table 4 presents the weights
assigned to each variable based on the AHP calculations. The highest weight is attributed
to the slope, followed consecutively by land use, land subsidence, SLR, and soil type. This
indicates that slope is considered to be the most influential factor contributing to flood
vulnerability in the study area.

Figure 7a shows the spatial distribution of flood vulnerability in Medan City, derived
from the analysis of five determinant parameters with their respective weights (Table 3). The
city exhibits a predominantly high (FVI: 3.41-4.20) to very high (FVI: 4.21-5.00) vulnerability
classification, highlighting its significant flood vulnerability. The spatial patterns of the
flood vulnerability map closely align with known areas that frequently experience flooding,
such as Belawan, Marelan, Helvetia, Mandala, Citra Wisata, and Kodam. This strong
correlation between vulnerability assessment and historical flood occurrence validates the
effectiveness of the methodology employed (Figure 8a).

There is a strong correlation between areas classified as highly or very highly vulner-
able to flooding and densely populated areas (Figure 8b). Areas classified as very high
and high flood vulnerability also coincide with zones of concentrated population. This
overlap highlights the increased risk posed by flooding in these densely populated areas.
The presence of multiple rivers traversing Medan City, including the Bubara River, Kera
River, and Seputih River, contributes significantly to its vulnerability to flooding. These
rivers flow toward the coast, and their confluence with high tides, especially during heavy
rainfall events, dramatically increases the risk of severe flooding.
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Table 4. Criteria for each parameter in the flood vulnerability assessment of the ECNS and

Medan City.
Parameter Criteria Level Score Weight
>45 Very low 1
2645 Low 2
Slope (%) modified from [38] 16-25 Moderate 3 0.32
9-15 High 4
0-8 Very high 5
Forest Very low 1
Plantation and bush Low 2
Land use [47] Agriculture, rice fields, and moor Moderate 3 0.24
Settlement, mixed garden, and yard crop High 4
Open land, river, reservoir, and swamp Very high 5
<—1.0 Land rising Very low 1
—1.0-1.0 Low 2
Local subsidence trend (mm year‘l) [48] 1.1-2.0 Moderate 3 0.19
2.1-4.0 High 4
>4.0 Land sinking Very high 5
<1.80 Very low 1
1.81-2.50 Low 2
Relative sea level rise (mm year 1) [49] 2.51-3.00 Moderate 3 0.14
3.01-3.40 High 4
>3.4 Very high 5
Very low 1
Regosol and Podzolk Low 2
Soil type [50] Andosol, Lithosol, and Ferralsol Moderate 3 0.11
High 4
Histosol, Gleysol, Vertisol, Acrisol, .
and Grumusol Very high 5
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Figure 8. (a) Flood vulnerability map and (b) population density [34] in ECNS and Medan City.
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4. Discussion

The findings show that ECNS experiences a significantly higher rate of SLR, exceeding
the GMSL rate. The observed rate in ECNS is 4.79 mm year~!, higher than the global
average of 3.4 mm year !. This elevated SLR directly impacts Medan City, which is
situated along the ECNS coastline and connected via the Deli River. During normal high
tides, areas along the ECNS coast and Medan City remain largely safe from flooding
(Figure 9a). However, during peak high tide events, the combined effect of elevated sea
levels and tidal forces can trigger devastating floods. These events have damaged various
buildings and disrupted economic activities along the ECNS region (Figure 9b). This
flooding primarily occurs because the coastal land elevation is lower than the peak high
tide level, leading to seawater overflowing and inundating coastal areas, causing significant
damage to infrastructure and disrupting economic activities.

The lowest tide !

(233m) (4.6m) (12.2m) (400.0 m)

(b)

|
|
|
|
|
|
|
|
|
|
|
i

The lowest t1

(23.3m) (4.6m) (12.2m) (400.0 m)

Figure 9. Coastal conditions (a) at normal tide (b) at the highest tide along ECNS.

The Intergovernmental Panel on Climate Change projects an even more alarming
rate of SLR under the RCP scenarios due to intensifying ocean warming and melting
glaciers and ice sheets. If substantial efforts to reduce greenhouse gas emissions are not
implemented, global mean SLR is projected to range from 0.32 to 0.63 m for RCP 4.5 and
0.45 t0 0.82 m for RCP 8.5 from 20812100 compared to the baseline period of 19862005 [51].
Based on these projections, ECNS could experience an SLR rate of 8-16 mm year~! between
2081 and 2100 (Figure 10). This drastically elevated rate poses a significant threat to coastal
communities and infrastructure in the region.

Based on the RCP 4.5 scenario, the ECNS region will experience a significant mean SLR
of approximately 50 cm by 2080-2100. This dramatic increase will have a profound impact
on the region, with an alarming increase in the frequency of tidal floods being one of the
most prominent. Figure 10 shows the low tide variations at ECNS in December 2020. The
average beach height was established as 1.64 m through leveling measurements. As a result,
any high tide exceeding this height will result in beach inundation. In December 2020 alone,
20 high tide events surpassed the beach height, leading to flooding. Under the RCP 4.5
scenario, a 50-cm increase in the mean sea level by 2100 is expected to trigger an 80% surge
in flood events during high tides (Figure 11). These results are consistent with findings
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from previous studies, which predict that global SLR will double the frequency of extreme
flooding within the next five years [7].
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Figure 10. Sea level rise trend based on RCP 4.5 and 8.5 scenarios in (a) ECS and (b) globally.

Flood Scenario RCP 4.5
Flood on December 2020

Figure 11. Tidal variations in December 2020 and flood events in ECNS.

Based on Sentinel-1 imagery and in situ measurements at several BM positions, the
estimated velocity of land subsidence in the ECNS and Medan City is high. However,
the field measurement data are not well distributed spatially because some measurement
points have fallen or tilted. Moreover, the land subsidence pattern estimated from satellites
is similar to the field measurements. These results show that Setinel-1 satellite data can
be used as primary data to study land deformation in a region, especially if there are
insufficient BM measurement points. This study supports previous research showing
that the high quality of SAR data with precision in subcentimeter scale [25]. The land
deformation velocity map shows an accuracy of 2 mm year~!, even using validation
procedures [52].

Despite recurring flood events, the crucial role of land subsidence in exacerbating
the flood vulnerability remains largely unaddressed in ECNS and Medan City. This study
revealed a spatial correlation between land subsidence rates and soil types, with Acrisol
and Regosol soils exhibiting the highest subsidence, especially in coastal areas (Figure 6c¢).
This finding resonates with the predominantly flat (0-8%) and sloping (8-15%) topography
of these zones, creating an environment highly vulnerable to flood inundation (Figure 7b).
The historical data on flood events further corroborate this finding, with areas experiencing
frequent floods consistently overlapping with zones of high land subsidence. Field observa-
tions conducted in September 2023 in Belawan City offer visual evidence of the destructive
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consequences of land subsidence. The prevalence of cracked walls and damaged floors in
buildings (Figure 12a) serves as a stark reminder of the structural instability and potential
safety hazards posed by this phenomenon. Furthermore, the negative impacts of SLR are
readily apparent along the ECNS coastline. Rising sea water causes widespread mangrove
die-off and disrupts marine ecosystems, especially around Labu Beach (Figure 12b). This
environmental degradation further amplifies the vulnerability of coastal communities to
flooding and other natural hazards.

Figure 12. (a) Cracked building walls and falling building floors in Belawan City and (b) Mangrove
damage and biota death at Labu Beach in ECNS based on field surveys in September 2022.

A significant correlation exists between areas of high population density and increased
land subsidence rates in ECNS and Medan City [34]. This relationship is attributed to
the increased demand for groundwater extraction in densely populated areas, which
contributes to land subsidence [18]. The combined effects of SLR and land subsidence pose
a severe threat of intensifying flood impacts in the region. This result is consistent with
findings from research conducted in the Shanghai Coast area, where land subsidence and
SLR were identified as the primary drivers of heightened flood risk [53].

Previous research on coastal flood vulnerability in Medan City has largely neglected
the critical variables of SLR and land subsidence. This study demonstrates the significance
of incorporating these factors, revealing that 80% of Medan City’s area falls into the “very
high” vulnerability category, exceeding the scope of previous assessments [38]. By con-
sidering the combined influence of SLR and land subsidence, we provide a more accurate
and comprehensive assessment of flood vulnerability in ECNS and Medan City. This can
be noted from the strong spatial correlation observed when overlaying the vulnerability
map with areas prone to frequent flooding (Figure 8a). The inclusion of SLR and land
subsidence as crucial variables in assessing flood potential aligns with established practices
implemented by previous researchers in coastal regions [53-56].

5. Conclusions

This study examines the flood vulnerability in ECNS and Medan City by explicitly con-
sidering the critical factors of SLR and land subsidence. The observed 4.79 mm year ! rate
of SLR in ECNS is higher than the GMSL rate, highlighting the region’s increased vulnera-
bility to SLR-induced floods, as projected by the RCP scenario. Furthermore, the current
subsidence of the region’s land exacerbates future flood risks.

We integrated GIS and AHP with the MCDA approach to develop a spatial model
of flood vulnerability. The model incorporates SLR and land subsidence variables and
identifies more precise vulnerability classes than previous research. Specifically, 80% of
the areas are classified as “very high” and 20% as “high” vulnerability areas. The weights
assigned to each variable derived from AHP follow a consistent order, starting with the
highest weight for slope, followed by land use, land subsidence, SLR, and soil type. The
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consistency is demonstrated by a CR value of 0.04, which is well below the acceptable
threshold of 0.1.

This study also emphasizes the potential of multisensor satellite data, including SAR
and altimetry, as a primary data source for assessing the impact of flood disasters caused
by SLR and land subsidence. The combination of wide coverage satellite spatial data
with limited field data as validation will produce complete and accurate spatial data.
Recognizing land subsidence and SLR as the main drivers of increasingly intense flooding
provides important insights for developing effective mitigation strategies in coastal cities
in Indonesia (Jakarta, Semarang, and Surabaya) and Asia, where spatial data are minimal.
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