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Abstract: A large-scale re-vegetation supported by the Grain for Green Project (GGP) has greatly
changed local eco-hydrological systems, with an impact on soil moisture conditions for the Chinese
Loess Plateau. It is important to know how, exactly, re-vegetation influences soil moisture conditions,
which not only crucially constrain growth and distribution of vegetation, and hence, further
re-vegetation, but also determine the degree of soil desiccation and, thus, erosion risk in the region.
In this study, three eco-environmental factors, which are Soil Water Index (SWI), the Normalized
Difference Vegetation Index (NDVI), and precipitation, were used to investigate the response of soil
moisture in the one-meter layer of top soil to the re-vegetation during the GGP. SWI was estimated
based on the backscatter coefficient produced by the European Remote Sensing Satellite (ERS-1/2)
and Meteorological Operational satellite program (MetOp), while NDVI was derived from SPOT
imageries. Two separate periods, which are 1998–2000 and 2008–2010, were selected to examine the
spatiotemporal pattern of the chosen eco-environmental factors. It has been shown that the amount
of precipitation in 1998–2000 was close to that of 2008–2010 (the difference being 13.10 mm). From
1998–2000 to 2008–2010, the average annual NDVI increased for 80.99%, while the SWI decreased for
72.64% of the area on the Loess Plateau. The average NDVI over the Loess Plateau increased rapidly
by 17.76% after the 10-year GGP project. However, the average SWI decreased by 4.37% for two-thirds
of the area. More specifically, 57.65% of the area on the Loess Plateau experienced an increased NDVI
and decreased SWI, 23.34% of the area had an increased NDVI and SWI. NDVI and SWI decreased
simultaneously for 14.99% of the area, and the decreased NDVI and increased SWI occurred at the
same time for 4.02% of the area. These results indicate that re-vegetation, human activities, and
climate change have impacts on soil moisture. However, re-vegetation, which consumes a large
quantity of soil water, may be the major factor for soil moisture change in most areas of the Loess
Plateau. It is, therefore, suggested that Soil Moisture Content (SMC) should be kept in mind when
carrying out re-vegetation in China’s arid and semi-arid regions.
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1. Introduction

Vegetation canopies diminish raindrop energy; stems and litter disperse runoff, reducing runoff
and erosion [1]. Root systems improve the resistance of soil to runoff. As a result, re-vegetation is
widely applied across the world as one of the most important erosion control measures [2,3].

A widely-renowned ecological rehabilitation program, “Grain for Green Project” (GGP), was
initiated by the Chinese government in 1998 to control soil erosion and flashfloods on hill slopes in order
to reduce the sedimentation of river beds and to improve the sustainability of the eco-hydrological
system on the Loess Plateau [4]. The GGP has shown remarkable success in terms of ecological
restoration and agricultural production, through encouraging local farmers to convert cropland on
slopes to grassland and forest by providing subsidies in the form of food and money. It has now been
operating for more than 10 years, largely improving the natural environment in parts of the Loess
Plateau [5]. The physical and chemical characteristics of the soil were improved, while vegetation
communities were gradually stabilized [6]. In particular, measures of returning croplands to forest
adopted in the GGP have been demonstrated to be effective approaches to soil and water conservation
in hilly loess regions [6].

Although remarkable achievements on soil erosion control have been obtained by re-vegetation
promoted by the GGP, there are still debates on whether re-vegetation on the Loess Plateau positively
or negatively influences SMC conditions. Some authors found that plant canopy shadows reduced
land surface temperature and soil evaporation and, thereafter, increased SMC [7]. However, other
authors suggested that vegetation cover had negative impacts on SMC. For example, artificial
forest land and grassland increase precipitation interception and transpiration. This will increase
total water consumption, leading to a negative soil storage balance and, eventually, an enhanced
soil desiccation [7–9]. The above contradictory findings demonstrate the requirement of additional
knowledge on how exactly re-vegetation influences SMC, given that SMC crucially constrains the
growth and distribution of vegetation and the erosion risk. Moreover, it should be noted that these
findings were drawn mainly based on traditional experimental methods (e.g., on-site monitoring),
which were suitable for the investigation of soil moisture change at small scales (e.g., patch, hillslope
scales) rather than large scales (e.g., regional, global scales). However, given the great spatial variability
of soil moisture [10], it may be a mistake to apply the findings obtained at small scales elsewhere to
eventually achieve conclusions on SMC change and its reactions to vegetation cover change over a
large space such as the Loess Plateau. Thus, there was a need to explore the response of the SMC to
re-vegetation promoted by the GGP across the whole of the Loess Plateau.

Remotely-sensed datasets are widely acknowledged as a useful product to detect vegetation cover,
soil moisture, and their changes over large areas. There have been many algorithms developed for
the estimation of vegetation cover change based on remote sensing data [11]. Normalized difference
vegetation index (NDVI), which reflects green vegetation photosynthetic activity [12], has been adopted
in numerous studies that require the spatial pattern of vegetation and plant phenology over large
areas as a useful and reliable monitoring tool for vegetation health and dynamics. Microwave remote
sensing technology provides an effective means of detecting soil moisture information in shallow soil
layers, and has been widely applied across arid and semi-arid regions [10,13]. Although there are
some weaknesses with microwave sensors, such as the coarse temporal resolution and the requirement
of complex calibration process and techniques, they offer two major advantages over other methods:
(1) long wavelengths (i.e., low frequency) of microwave sensors penetrate deeper into the soil than
the sensors using other bands such as visible light, near-infrared, infrared, etc., and are less likely to
be affected by cloud cover or daily time-only acquisition conditions; (2) unlike high-frequency-band
sensors, which are highly sensitive to vegetation coverage, microwave sensors are less sensitive to
vegetation coverage and, therefore, better account for the SMC [14]. Along with the evolvement
of the microwave remote sensing technology, there have been a variety of methods developed for
the interpretation and utilization of datasets produced by microwave sensors in the past several
decades. In this study, the SWI, defined as the percentage of saturation soil moisture to describe the
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average profile SMC between 0 and 1 m deep, was employed to investigate the regional differences
and changes in soil moisture. The SWI was produced with a semi-empirical model established by
Wagner et al. [15,16] based on surface soil moisture measurements retrieved from back-scatterometer
coefficients of the Europe Remote Sensing Satellite (ERS-1/2) and Meteorological Operational Satellite
Program (MetOp).

This paper aims to understand the impact of large-scale re-vegetation during the GGP on soil
moisture condition based on NDVI and SWI datasets. We firstly examined the spatial pattern of SMC
and corresponding vegetation coverage and precipitation over two chosen periods since the beginning
of GGP (i.e., 1998–2000 and 2008–2010), and then investigated the relationship between changes in soil
moisture, vegetation coverage and precipitation.

2. Materials and Methods

2.1. Study Site

The Loess Plateau lies in the upper and middle reaches of the Yellow River, China, covering
an area of approximately 624,000 km2 (Figure 1). It adjoins the Taihang Mountains in the east, the
Riyue Mountains in the west, the Qinling Mountains in the south, and the Yin Mountains in the
north (from 100˝541E to 114˝331E and 33˝431N to 41˝161N) [8]. The name of the plateau refers to the
main loess material: the silty sediment that has been deposited by windstorms on the plateau over
time. Loess is a highly erosion-prone soil that is susceptible to the forces of wind and water; in fact,
the soil of this region has been called the “most highly erodible soil on the earth” [17]. The Loess
Plateau, including arid, semi-arid, and semi-humid regions, is categorized into the continental climate
zone of the middle latitudes (Koeppen’s BSK climate type) according to the Köppen–Geiger climate
classification [18]. The dominant vegetation cover is grasslands. Average annual precipitation is
approximately 400 mm, ranging between less than 200 mm in the northwest and more than 600 mm in
the southeast. The seasonal distribution of the precipitation is very uneven due to the influence of the
monsoon season [18], and precipitation is restricted mostly in June to September and mainly in the
form of intensive storms on approximately 69.33% of the area. The average annual actual evaporation
is spatially highly variable, and ranges from 820 to 1650 mm, which is much higher than the amount
of precipitation [19]. The landscape is dominated by low terrain in the southeast and high terrain in
the northwest of the Loess Plateau, thus forming a complex geomorphology. The main soil types are
cinnamon soil, dark loessal soil, and loessal soil. Although the deep and loose loess soil is capable
of storing a large amount of water, large porosity of the soil leads to a fast evaporation and poor
water retention. Coupled with serious soil erosion, these characteristics induce a low SMC, severe soil
drought, vulnerability, and deterioration of the ecological environment [19].
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2.2. Data Collection

On the Loess Plateau, precipitation is the dominant influencing factor of SMC given the
underground water is too deep to recharge the SMC. So, the impact of precipitation needed to be
weakened as far as possible in order to detect the impact of re-vegetation on SMC since the beginning
of the GGP (1998). Based on an analysis of continuous time-series of precipitation between 1998 and
2010, mean annual precipitation of the Loess Plateau for 1998–2000 (the beginning of the GGP) and
2008–2010 (ten years after the beginning of the GGP) were close to one another (the difference being
13.10 mm). As such, changes in SMC between these two periods resulting from precipitation were
relatively weak so that the influence of vegetation cover change can be detected. Therefore, we chose
1998–2000 and 2008–2010 for analysis in the study. SWI, NDVI, and precipitation were employed
to investigate the spatial pattern of soil moisture changes between the two periods and how these
changes were affected by vegetation restoration and precipitation variation.

2.2.1. SWI Data

The SWI data were extracted from the Essential Climate Variable Soil Moisture (ECV SM) dataset,
which consisted of the “Active Product”, “Passive Product”, and “Combined Product”. The data
employed in the study were the “Active Product”, which is a consistent dataset produced based on the
outputs of ERS-1/2 scatterometer [15] and its directly applicable successor Advanced Scatterometer
(ASCAT) in terms of the method [20]. The ERS scatterometer has been flown on board the ERS-1
(1991–1996) and ERS-2 (1995–present). The SWI datasets were not available between 2001 and 2003 [21].
The ERS scatterometer operates in the C band (5.3 GHz) with vertical polarization. The spatial
resolution of the ERS scatterometer soil moisture data was 50 km, and the temporal resolution was
approximately 10 days [22]. Compared to ERS scatterometer, ASCAT, loaded on MetOp, offers a
multiple viewing direction capability, which better accounts for the effects of vegetation and surface
roughness. ASCAT is also an active microwave and vertically polarized radar. The spatial resolution
of ASCAT soil moisture data was 25 km, and temporal resolution was less than three days [15,16].

The surface soil moisture data, representing the SMC in 0–5 cm soil layer, was retrieved from the
radar back-scatterometer coefficient, produced by ERS scatterometers and ASCAT, using a change
detection algorithm [15]. This method was developed for the retrieval of the soil moisture datasets
from ERS-1/2 by Vienna University of Technology (TU-Wien), and was applied to ASCAT after
adaptations [16,23,24]. The SWI was derived from the surface soil moisture data using a two-layer
water model, representing the soil moisture content in the 1-meter layer of top soil [15,16]. SWI was
produced as the percentage of saturation soil moisture at a spatial resolution of 0.25˝ and a temporal
resolution of one day, covering the period of 1992–2010.

The “Active Product” datasets were adopted in this study because, in the datasets, the effects of
vegetation on soil moisture have been eliminated [24,25]. SWI is influenced by vegetation and soil
surface roughness and the change detection algorithm developed by TU-Wien has been applied to
eliminate these effects [22,24,25]. Once the effect of vegetation growth and senescence is known for
the reference incidence angle, its contribution can be eliminated from the sensitivity of backscattering
coefficient at the reference incidence angle of 40˝, which equals the difference between backscattering
coefficient of a dry and wet soil surface at the so-called “cross-over” angles, where cross-over angle
depend on dry and wet soil conditions, respectively [26,27].

The SWI has previously been validated with field soil moisture measurements from China and
particularly those from the Loess Plateau. Scipal [22] validated the SWI across the whole of China based
on 20967 samples collected at 153 agrometeorological stations. It demonstrated that SWI was capable of
reflecting the change of observed soil moisture, with the correlation coefficient between SWI and in-situ
soil moisture measurements being 0.55. Zhao et al. [28] found that in China SWI was a good indicator
for water availability on local (correlation coefficients between area-averaged SWI and precipitation
and in situ soil moisture at 0–10 cm soil layer were 0.479 and 0.453) and regional (correlation coefficient
between area-averaged SWI and precipitation was 0.539) scales (all the results have reached the
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0.01 level). For the Loess Plateau, Jiang et al. [29] found that the correlation between the SWI product
and precipitation (soil texture) varied in the range of 0.513–0.765 (0.751–0.802) (p < 0.01). Jiao et al. [30]
concluded that the correlation between the SWI product and in situ soil moisture measurements in
0–10 cm soil layer varied in the range of 0.48–0.77 (p < 0.01). Overall, results from previous studies
strongly suggested that SWI can be used to represent the actual soil moisture condition over the
Loess Plateau.

2.2.2. NDVI Data

The NDVI time series were produced by the vegetation sensor (SPOT VGT) carried on the SPOT
satellite. The SPOT VGT data were ten day maximum value NDVI synthesis products (VGT-S10) with
a 1 km resolution. They were provided by the Cold and Arid Regions Sciences Data Center at Lanzhou
(1998–2008) [31] and Vision on technology (Vito) (2008–2010) [32].

2.2.3. Precipitation Data

The monthly precipitation data of 101 weather stations within or nearby the Loess Plateau were
provided by the China Meteorological Data Sharing Service System [33] (Figure 1). The unit of
precipitation is mm.

2.3. Methods

2.3.1. Scale Harmonization

Precipitation, NDVI, and SWI data were transferred to the same scale. The precipitation was
interpolated with the ordinary kriging method developed by Krige [34] to a 25 km resolution, which
matched the SWI grid size. The NDVI data, originally with a 1 km resolution, were resampled
to match the SWI grid (25 km) with the nearest resampling method, which performed a nearest
neighbor assignment.

2.3.2. Spatial and Temporal Characteristics of Seasonal and Annual Precipitation, NDVI, and SWI

Seasons were defined according to the international standard of season division, in which
spring is March–May, summer is June–August, autumn is September–November, and winter is
December–February. Seasonal and annual precipitation was summed from monthly values. Seasonal
and annual SWI were averaged from monthly values. The change detection method that was used to
calculate the SWI data requires that the ground not be frozen or covered with wet snow [26]. Therefore,
winter was not considered in the study. The maximum value composite (MVC) methods were used
to derive the annual, seasonal, and monthly NDVI [35]. The spatial pattern of changes in seasonal
and annual precipitation, SWI, and NDVI between 1998–2000 and 2008–2010 was investigated after
the scale harmonization procedure as described in Section 2.3.1. The temporal characteristics of the
seasonal precipitation, SWI, and NDVI were also investigated in terms of maximum, minimum, mean
(µ), and standard deviation (s) with the spatial analyst tools of ArcGIS 10.0. The Coefficient of Variation
(CV) of seasonal SWI, NDVI, and precipitation, was given by:

CV “ s{µˆ 100% (1)

2.3.3. Cross-Checking of Changes in Mean Annual SWI, NDVI, and Precipitation

A cross-checking of changes in mean annual SWI, NDVI, and precipitation during the period of
1998–2000 and 2008–2010 was conducted. Changes in mean annual SWI, NDVI, and precipitation were
firstly reclassified, and then an overlay analysis among the reclassified layers was implemented via the
spatial analyst tools of ArcGIS 10.0 to detect the relationship between soil moisture and vegetation
coverage and precipitation.
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3. Results

3.1. Precipitation Change

Total annual precipitation in 2008–2010 was 400.97 mm, which was slightly higher (1.66%) than in
1998–2000 (387.87 mm). Precipitation peaked in summer and bottomed in spring. The spring, summer,
and autumn precipitation of 1998–2000 had a larger CV than that of 2008–2010, indicating that the
temporal pattern of precipitation in 1998–2000 was more unevenly distributed than that of 2008–2010
(Table 1).

Table 1. Statistical characteristics of seasonal precipitation on the Loess Plateau.

Season Period
Precipitation (mm)

STD
Coefficient

Variation (%)Minimum Maximum Mean

Spring 1 25.96 189.15 86.63 36.36 41.97
2 22.95 177.89 77.88 29.53 37.92

Summer
1 66.87 420.32 219.92 70.51 32.06
2 76.65 414.59 217.18 69.25 31.89

Autumn
1 18.89 191.69 81.32 31.20 38.37
2 37.85 213.73 105.91 28.49 26.90

Note: Period 1: 1998–2000; Period 2: 2008–2010.

Annual precipitation change from 1998–2000 to 2008–2010 shows opposite trends in northern
and southern parts of the Loess Plateau, being positive in the north and negative in the southeast
and southwest (Figure 2a). More specifically, there was more precipitation in the north of Yinchuan
City, Wuqi County, and Taiyuan City. Peaking around Yulin City, the average annual precipitation
in 2008–2010 was 100 mm greater than that in 1998–2000. In the south region of Yinchuan City,
Wuqi County, and Taiyuan City, the average annual precipitation decreased by more than 100 mm in
2008–2010 at two locations: west of Zhengzhou City, and the periphery of Lanzhou City.

The spatial pattern of the difference in seasonal precipitation during the two chosen periods were
remarkable (Figure 2b–d). In spring, there was 67.03% of area with decreased precipitation, leading
to droughts and thereafter soil moisture deficiency in the region, especially in the south of the Loess
Plateau. In summer, precipitation increased in 54.98% of the area located in the northern, central, and
southern parts of the Loess Plateau. There was about 94.22% of the area with precipitation increasing
in autumn.
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3.2. NDVI Change

NDVI increased greatly on the Loess Plateau from 1998–2000 and 2008–2010 (Table 2). The CV of
NDVI showed a large difference in spring, indicating the quick growth of crops at the beginning of
growing season. The CV became stable in summer and autumn, and was slightly higher in autumn
than in summer, indicating that the growing season ended.

Compared with 1998–2000, more than 80.99% of the Loess Plateau had a distinctly increased
NDVI in 2008–2010 (Figure 3a) except some small patches and areas in the north of Lanzhou City,
the north of Yinchuan City, the south of Xining, and periphery of Xi’an City. In spring, the area with
increased NDVI accounted for 77.46% of the Loess Plateau (Figure 3b). In summer, the regions with
increased NDVI accounted for 88.63% of the area (Figure 3c). Autumn NDVI increased significantly
for approximately 93.76% of the Loess Plateau over the 10 years (Figure 3d).

Table 2. Statistical characteristics of seasonal NDVI on the Loess Plateau.

Season Period
NDVI

STD
Coefficient

Variation (%)Minimum Maximum Mean

Spring 1 0.06 0.78 0.29 0.17 58.62
2 0.06 0.83 0.34 0.19 55.00

Summer
1 0.08 0.82 0.45 0.18 40.22
2 0.09 0.89 0.52 0.20 37.69

Autumn
1 0.08 0.82 0.38 0.17 43.42
2 0.09 0.84 0.47 0.18 38.51

Note: Period 1: 1998–2000; Period 2: 2008–2010.
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3.3. SWI Change

Compared to 2008–2010, the mean SWI became lower in 1998–2000 in spring and autumn (Table 3).
The seasonal difference of SWI on the Loess Plateau was distinct. Mean SWI was highest in autumn
and lowest in spring. Compared to summer and autumn, the CV of spring soil moisture showed a
greater variation, indicating that soil moisture was more temporally uneven.

Table 3. Statistical characteristics of seasonal SWI on the Loess Plateau.

Season Period
SWI (%)

STD
Coefficient

Variation (%)Minimum Maximum Mean

Spring 1 5.52 73.36 30.28 12.57 41.51
2 5.84 63.31 30.48 11.38 37.34

Summer
1 13.07 79.67 48.44 12.56 25.93
2 10.75 82.18 42.98 13.34 31.04

Autumn
1 13.60 80.61 49.76 13.11 26.35
2 13.66 81.83 52.72 12.38 23.48

Note: period 1: 1998–2000; period 2: 2008–2010.
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In 2008–2010, the spatial pattern of annual SWI was apparently decreased from 1998–2000 in the
central and, particularly, southern parts (72.64%) of the Loess Plateau (Figure 4a). The rest 27.36% of
the Loess Plateau had a higher SWI in 2008–2010 compared to 1998–2000, mainly located in the north
of the Loess Plateau.
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In spring, the area with increased SWI accounted for 48.39% of the total area, located in the
southwest of the Loess Plateau (Figure 4b). In summer, the areas with negative soil moisture change
from 1998–2000 to 2008–2010 occupied 89.94% of the Loess Plateau (Figure 4c). In autumn, the area of
the increased SWI accounted for 76.86% of the total area (Figure 4d).

3.4. The Relationship between Changes of NDVI and SWI

Through intersecting the changes of annual NDVI and annual SWI, we found that areas with
increased NDVI and decreased SWI accounted for the largest part of the Loess Plateau (Figures 5
and 6). Overall, vegetation cover increased for about 80.99%, while soil moisture decreased for about
72.64% of the Loess Plateau. During the period of 1998–2000 and 2008–2010, the increased vegetation
cover encountered decreased soil moisture across approximately 57.65% of the Loess Plateau. Both soil
moisture and vegetation coverage increased for 23.34% of the Loess Plateau, such as northern Shaanxi
province, northern Shanxi province, and southwestern Inner Mongolia. Approximately 14.99% of the
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Loess Plateau witnessed the declined soil moisture and vegetation coverage. The rest of Loess Plateau
(4.02%) had a decreased vegetation cover and increased SWI.Remote Sens. 2016, 8, 156 10 of 14 
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of mean annual SWI/NDVI in 1998–2000 and 2008–2010.
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3.5. The Relationship among SWI, NDVI, and Precipitation

For the area with the decreased SWI and increased NDVI, precipitation exhibited both increasing
and decreasing trends (Table 4). Areas with increasing precipitation was mainly located in the northern
Loess Plateau (Figure 6b), accounting for 32.80% of the Loess Plateau, while regions subject to the
decreasing precipitation occupied 24.85% of the Loess Plateau, mainly distributed in the southeast
and southwest of the Loess Plateau. Another interesting result is in the west of the Loess Plateau; the
precipitation, SWI and NDVI decreased simultaneously in the southwest, accounting for 9.15% of the
Loess Plateau, and all three of them increased in the north, accounting for 21.63% of the Loess Plateau.
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Table 4. The changes of precipitation in the 4 combinations of NDVI-SWI changes.

– Change Direction Area Change
Ratio (%)

Prep Total
Ratio (%)

SWI Change
Ratio (%)SWI NDVI PREP

1 ´ ´ ´ 9.15
14.99 A

´7.94
2 ´ ´ + 5.84 ´3.62

3 ´ + ´ 24.85
57.65 B

´5.86
4 ´ + + 32.80 ´3.43

5 + ´ ´ 0.10
4.02 C

0.13
6 + ´ + 3.92 4.02

7 + + ´ 1.71
23.34 D

1.98
8 + + + 21.63 3.89

Note: (1) PREP represents precipitation; (2) “´” represent decrease; “+” represent increase; (3) A, B, C and D
means the NDVI-SWI intersections (the same as in Figures 5 and 6), respectively.

4. Discussion

Soil moisture is a part of hydrological cycle, which is a complex system. There are, therefore, many
factors driving changes in soil moisture, such as temperature, precipitation, vegetation, topography,
soil texture, etc. In this study, we only explored the relationship among soil moisture, vegetation
coverage, and precipitation. Further study is still desirable to examine the effects of other factors on
soil moisture.

4.1. Increased NDVI and Decreased SWI

It was found that soil moisture decreased and the vegetation increased for about 57.65% of the
Loess Plateau. There was 24.85% of the area with decreased precipitation, and 32.80% of the area with
increased precipitation. As a result, SWI change ratio was found to be ´5.86% and 3.43% for 24.85%
and 32.80% of the Loess Plateau, respectively (Table 4).

For the 24.85% of the Loess Plateau, the climate became drier from 1998–2000 to 2008–2010.
Additionally, fast-growing vegetation consumed large amounts of soil moisture. Soil moisture is
not timely supplied by precipitation, this will inevitably enhance the shortage of soil moisture, and
sometimes resulted in a dry soil layer up to a depth of 2 m or more [36,37]. For the 32.80% of the Loess
Plateau, precipitation increased slightly from 1998–2000 to 2008–2010. However, artificial afforestation,
which has been demonstrated to consume soil moisture quickly and the amount of soil moisture
consumed could be higher than local precipitation [8,9]. This may be the major reason for the decrease
of soil moisture in the area under increased precipitation. It is, therefore, implied that vegetation may
contribute largely to the decrease of soil moisture on the Loess Plateau. This finding is supported by
other studies in arid and semi-arid areas. For example, on the Loess Plateau, Wang (2010) [8] found
that increased vegetation cover should decrease surface soil moisture when the precipitation did not
change substantially.

If areas covered by the GGP expand, there will be more vegetation planted in the future.
The demand of soil moisture will thus be increased, leading to a more serious soil moisture deficit,
which possibly constraints the growth and distribution of vegetation and, thus, further re-vegetation
in the region. In some cases this has resulted in mortality of the vegetation (e.g., [37,38]), and in other
cases while trees survive, their growth is stunted so that some patches of 30 year old plantation trees
are only about 20% of their normal height-colloquially referred to as “little old man trees” [38,39].
It is, therefore, suggested that soil moisture awareness should be kept in mind when carrying out
re-vegetation in China’s arid and semi-arid regions.
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4.2. Increased NDVI and SWI

NDVI and SWI were found to increase at the same time across 23.34% of the Loess Plateau, which
was restricted in the north of the loess plateau. On this area, although the annual precipitation is less
than 200 mm, it increased from 1998–2000 to 2008–2010 in the majority of the area. Additionally, the
flow of the Yellow River is often used for irrigation of the farmland in the area, recharging the soil
moisture to a certain degree. Furthermore, soil moisture increased because the implementation of land
reclamation by human activities at the coal mining regions on the Loess Plateau [40]. The above three
factors offset the adverse impact of vegetation coverage increase on soil moisture and eventually lead
to an improved soil water condition.

4.3. Decreased NDVI and SWI

There is about 14.99% of the Loess Plateau with decreased NDVI and SWI. It had a mean annual
precipitation of 240 mm during the study periods with precipitation on 71.5% of the area occurring from
July to September. The majority of the area was subject to a decreased precipitation from 1998–2000
to 2008–2010. Natural vegetation is sparse and low, vegetation growth is difficult in this dry and
vulnerable environment [41]. The area experiences severe drought events frequently, which introduces
many problems for local agricultural production. It is, therefore, inferred that the decrease of soil
moisture is mainly driven by the drier climate given the low vegetation coverage is unlikely to change
the local soil water condition significantly.

4.4. Decreased NDVI and Increased SWI

It was also found that the soil moisture increased and the vegetation decreased across about 4.02%
of the Loess Plateau. The majority of the area experienced a wetter climate in 2008–2010 compared to
1998–2000. Therefore, the increased SWI may be due to more precipitation and less water consumption,
resulting from increased precipitation and decreased vegetation coverage.

5. Conclusions

In this study, the spatiotemporal pattern of SWI, NDVI, precipitation, and their interactions
were investigated for the Chinese Loess Plateau between 1998–2000 and 2008–2010 based on the
two remote sensing datasets and a measurement dataset. The results showed that average annual
NDVI of the Loess Plateau significantly increased across 80.99% of the area from 1998–2000 to
2008–2010, indicating that vegetation restoration was remarkable after the implementation of the
GGP. Precipitation conditions did not change significantly (the difference is 13.10 mm). However,
SWI, which was retrieved from ECV SM dataset, showed that soil moisture decreased for 72.64% of
the Loess Plateau, demonstrating that soil experienced a tendency of drought in the first ten year of
the 21st Century. Our result demonstrated there was about 57.65% of the area where the vegetation
coverage increased and the surface soil moisture decreased, of which near a half experienced increasing
precipitation. There was about 4.02% of the area which experienced increased soil moisture and
decreased vegetation coverage. These findings suggested that vegetation coverage was important for
and negatively related to soil moisture variation on the Loess Plateau. There was about 23.34% of
area with the vegetation coverage and surface soil moisture increasing. In this area, human activities,
such as land reclamation, largely affected the soil moisture. Therefore, soil water condition was
improved during the study period on these areas. The rest 14.99% showed a decreased trend in the
vegetation coverage and soil moisture, which was mainly distributed in the western portion of the
Loess Plateau where the mean annual precipitation reduced between 1998–2000 and 2008–2010. Here
the drought, which caused vegetation degradation, may be the major driver to encourage soil moisture
deficit. The results suggested that excessive reliance on afforestation was risky for the improvement of
vegetation coverage in arid and semi-arid regions and we, thus, need to focus on the soil moisture
conditions during large scale re-vegetation.
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