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Abstract: In order to verify the accuracy of precipitable water vapor (PWV) in remote sensing and
reanalysis datasets under different climatic conditions and ensure the reliability of analysis results,
the performances of ERA-5 reanalysis PWV data and the Atmospheric Infrared Sounder (AIRS)
remotely-sensed PWV data were tested in the northern Qinghai-Tibet Plateau by using weather
balloon radiosonde data from meteorological stations from 2002 to 2016. The coincidence degree of
total cloud cover was also verified, and then the PWV data precision with different levels of cloud
cover was analyzed. The results show that: (1) Both ERA-5 and AIRS data underestimate PWV in
the studied high plateau region, and higher altitude leads to greater deviation. (2) Compared with
AIRS data, ERA-5 data have better consistency with radiosonde data in PWV and total cloud cover.
(3) For the long-term trend of PWV, the ERA-5 data are the opposite to the radiosonde data with a
clear sky, but both datasets showed a significant increasing trend in cloudy skies. It can be concluded
that in high altitude areas, the ERA-5 data can be used for general analysis, but are not well qualified
to reflect the changing trend of PWV under climate change.

Keywords: ERA-5; Atmospheric Infrared Sounder; precipitable water vapor; change trend; cloud
cover; Qinghai-Tibet Plateau

1. Introduction

Precipitable water vapor (PWV) is an important indicator of global and regional
climate changes. PWV and its changes are the basis of research on radiation balance [1],
cloud formation and precipitation mechanism [2], numerical weather forecasting [3], remote
sensing applications [4], etc. The special atmospheric water cycle on the Qinghai-Tibet
Plateau and its surroundings makes it a key area that affects climate change in China, and
even the world [5]. The northern Qinghai-Tibet Plateau is rich in surface water resources
and is of strategic significance to China’s water resource security, ecological protection,
and social and economic development. With global warming, temperature, precipitation,
evapotranspiration, and atmospheric water vapor transport have been varying largely,
which has led to glacier melt, permafrost thaw, and more frequent drought events in
Qinghai-Tibet Plateau [6–9]. Therefore, the study of PWV, a basic climate indicator for the
atmosphere, is a prerequisite to recognize the fact of climate change and to understand its
causes in the study region.

Ground-based detection, satellite remote sensing, and numerical simulations are the
main ways to obtain PWV [10]. Weather balloons have been a primary source of upper-air
data for long, but they cannot perform large-scale and high-resolution PWV detection.
Although radiosonde data are limited by factors such as flight altitude, observation range,
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detection time, and susceptibility to external environmental interference, compared with
other data sources, radiosonde data can still better reflect the real values, and can be
used to verify the accuracy and applicability of remote sensing data and reanalysis data.
Ground-based remote sensing of the upper-air can also detect PWV from the surface with
high accuracy, since it is not affected by complex surface radiation and other reflected
signals. However, its spatial coverage and resolution are poorly limited by the location
and number of stations, and there are deviations between the observation results due to
differences in measurement principles among different instruments.

Compared with ground-based “point data,” remote sensing and reanalysis data, which
are naturally “area data,” have been widely used in PWV research [11–13]. Numerous
studies have shown that Atmospheric Infrared Sounder (AIRS) remote-sensed data and
the fifth generation of global climate reanalysis data published by the European Centre for
Medium-Range Weather Forecasts (ERA-5) can give sufficient variation characteristics of
PWV, temperature, and specific humidity [14–18].

Since the release of AIRS and ERA-5 data, many scholars have applied them to various
studies without sufficient verification; at the same time, more and more scholars have
begun to pay attention to the research on the characteristics of water vapor in the Qinghai-
Tibet Plateau. Therefore, in the case of climate change, the accuracy and applicability of
PWV from different datasets in high-altitude areas should be the priorities to ensure the
reliability of the analysis results, which has been noticed in some research. For example,
Zhang et al. [19] used data from more than 2000 weather stations and 89 radiosonde stations
in China in 2016, and verified that the ERA-5 dataset can be used in realizing high-precision
GPS PWV inversion and can correctly reflect intra-day changes, but there is a large relative
error in winter for the Qinghai-Tibet Plateau.

At present, PWV data from the ERA-5 dataset has not been used for plateau areas,
including comparisons with remote sensing data [20]. At the same time, deep verification
and error analysis of ERA-5 PWV under different cloud cover conditions still cannot be
found in the literature. Based on the above considerations, the accuracy and applicability
of AIRS and ERA-5 PWV data in the northern Qinghai-Tibet Plateau were verified and ana-
lyzed in this study, by using the radiosonde data from meteorological stations. Specifically,
the distribution and variation trends of PWV under different cloud cover conditions were
analyzed in detail, the differences in different sub-regions were explored. The cause of
ERA-5 PWV error was examined with relative humidity and temperature. Therefore, this
work can provide deeper insights into the ERA-5 data quality, providing a basis for further
analysis of PWV changes in different cloud cover conditions and in different regions. This
paper is expected to arouse more attention toward data quality, rather than availability, to
guarantee that subsequent study conclusions are accurate and solid in climatic research in
the plateau areas.

2. Datasets and Methods
2.1. Research Area

As the third pole of the world and the water tower in Asia, the Qinghai-Tibet Plateau
plays an important role as a barrier for ecological security in Asia. The Qilian Mountains,
Kunlun Mountains, Tanggula Mountains, and other basins, such as Qaidam and Qinghai
Lake, distributed from north to south, provide necessary conditions for complex topogra-
phy and climatic environment. The northern Qinghai-Tibet Plateau has a typical plateau
continental climate, dominated by cold and drought, with an average annual temperature
of −6 to –9 ◦C and annual precipitation of 16–750 mm. 84◦ E–107◦ E, 30◦ N–44◦ N was
selected as the study area in this paper. As shown in Figure 1, it includes the entire Qing-
hai Province and the surrounding plateaus and basins. It is representative for accuracy
verification with different datasets of areas such as mountains, basins, and plains.
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Figure 1. Study area of the northern Qinghai-Tibet Plateau.

From the perspective of water vapor sources, the northern Qinghai-Tibet Plateau is
mainly affected by the wet and warm southwest and southeast monsoons in summer,
and dry westerly current in winter. The geographical locations of the four meteorological
stations in Xining, Dulan, Golmud, and Yushu in Qinghai Province are shown in Figure 1.
The precipitation and climate characteristics of each station are significantly different.

Xining Station is located in the eastern agricultural area of Qinghai Province, with
an average elevation of 2260 m, an annual mean precipitation of about 380 mm, and an
average annual temperature of 7.6 ◦C; and the rain and heat are in the same season. Dulan
Station is located in the central part of Qinghai Province and the southeastern corner of the
Qaidam Basin, having an average elevation level of 3180 m, an annual mean precipitation
level of about 180 mm, and a mean temperature of 2.7 ◦C. Golmud Station is located in
the midwest of Qinghai Province, having an average altitude of 2780 m; there is little rain;
the annual mean precipitation level is about 100 mm; and the mean temperature is 4.3 ◦C.
Yushu Station is located in the southwestern part of Qinghai Province, having an average
altitude of 4500 m and an annual mean temperature of only −4.9 ◦C. Affected by water
vapor transport from the southeast, the annual mean precipitation here is about 600 mm.

Based on the four typical stations with different meteorological conditions, the analysis
in this paper can basically reflect the distribution and change trends of water vapor content
and cloud cover in different climatic regions of the northern Qinghai-Tibet Plateau.

2.2. Datasets

Ground-based data were collected from those 4 meteorological stations in Figure 1.
Data used in this paper include radiosonde data that was used to calculate PWV, which are
measured twice a day (0:00, 12:00, UTC) and are available from 1979 to 2017; and cloud
cover data measured every 6 h (0:00, 6:00, 12:00, 18:00 UTC), available from 1989 to 2017.

PWV data from the Atmospheric Infrared Sounder (AIRS) Version 6 Release Level 2
dataset from 2002 to 2016 were selected as a typical remote sensing data [21]. This dataset
was interpreted from the AIRS detection data onboard the Aqua satellite in the NASA’s
EOS (Earth Observing System) satellite series. Following the Sun-synchronous orbit, each
area can be observed twice a day by Aqua satellite at local times of about 1:30 a.m. (17:30
UTC for the study area) and 1:30 p.m. (5:30 UTC for the study area). The AIRS dataset was
planned to be jointly interpreted from three instruments including the AIRS, AMSU-A, and
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HSB. However, due to the failure of HSB in February 2003, the AIRS2RET data estimated
by AIRS and AMSU-A instruments were used in this study. The daily AIRS2RET data are
stored in 240 granules; each includes 6 min of measurements registered onto 30 footprints
across track by 45 lines along track with resolution of 45 km at nadir [22]. Besides, the
study area cannot completely be covered by these scanning points, which leads to some
blind regions between satellite orbits. Therefore, it was necessary to generate regular
raster data by interpolating and rasterizing the original data points to facilitate subsequent
research and analysis. Kriging interpolation was used to obtain the regular grid data with
a resolution of 0.1◦ × 0.1◦, and the missing data were filled in with the multi-year mean of
the same ordinal day at the same location.

The data of PWV, total cloud cover, temperature, and relative humidity in ERA-5
dataset from 1979 to 2017 were selected as the typical reanalysis data, with a horizontal
resolution of 0.25◦ × 0.25◦ and temporal resolution of 1 h.

2.3. Method
2.3.1. Bilinear Interpolation

The temporal resolution and observation times of the datasets are different. In order
to ensure the reliability of the analysis results, we only compared data observed/computed
at the same time or very near in time. For spatial alignment, all the comparisons were made
at the locations of the meteorological stations. To convert the area data to station point data,
four grid cells adjacent to a station were used to perform the bilinear interpolation. The
schematic diagram of the bilinear interpolation is shown in Figure 2, where point M(x2,
y2) denotes the meteorological station, and A(x1, y3), B(x3, y3), C(x1, y1), and D(x3, y1) are
the center points of the four adjacent grid cells. The different colors of the grid represent
different values, namely, PA, PB, PC, and PD. The station value PM can be calculated using
the bilinear interpolation:

PM = PA
x3 − x2

x3 − x1

y2 − y1

y3 − y1
+ PB

x2 − x1

x3 − x1

y2 − y1

y3 − y1
+ PC

x3 − x2

x3 − x1

y3 − y2

y3 − y1
+ PD

x2 − x1

x3 − x1

y3 − y2

y3 − y1
(1)
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means, the main aim of this paper. There is another limitation of this interpolation—
namely, the elevation of the points was not taken into account. Considering that the spatial 
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Figure 2. Schematic diagram of bilinear interpolation. Different background colors represent
different grids.

It should be noted that interpolation always smoothes the data values, whereas the
point-measured data are more sharp. We knew this would affect the comparison in the
variances of the area and point datasets, but would not affect the comparison in their means,
the main aim of this paper. There is another limitation of this interpolation—namely, the
elevation of the points was not taken into account. Considering that the spatial resolution
of ERA-5 is 0.25◦ × 0.25◦, elevation heterogeneity at a mean distance of 20 km would not
have affected the interpolation results much, especially for the meteorological stations that
are not on local high mountains or low valleys.
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2.3.2. MK Trend Analysis Method

The Mann–Kendall (MK) trend analysis method is a non-parametric test method
recommended by the World Meteorological Organization for time series analysis, and is
often used for trend analysis of temperature, precipitation, and runoff. Its advantage is
that it is not disturbed by outliers and both linear and non-linear conditions are applicable.

2.3.3. Kriging Interpolation

Kriging is a regression algorithm for spatial modeling and prediction (interpolation)
of random processes/random fields based on the covariance function. In certain random
processes, such as inherently stationary processes, the kriging method can give the best
linear unbiased estimation (best linear unbiased prediction, BLUP), so it is also called
spatial optimal unbiased estimation in geostatistics (Spatial BLUP) [23]. See references
for details.

3. Results
3.1. Spatial Distribution of PWV and Total Cloud Amount

Firstly, the overall spatial patterns of PWV means from 2002 to 2016 of AIRS data
and ERA-5 data are shown in Figure 3. It can be observed that the distribution patterns
given by the two data are basically identical. The PWV levels in eastern Sichuan Province
and southeastern Gansu Province are significantly higher than those in other regions,
followed by Xinjiang Tarim Basin and Ningxia Autonomous Region; and PWV levels over
Qinghai-Tibet Plateau and Tianshan Mountains are the lowest. This shows that the surface
altitude and the source of PWV supply have a greater correlations with the amount of
PWV. Similarly, the Qaidam Basin, Xining City, Haidong City, and other places in Qinghai
Province had the highest PWV levels. The PWV level over the Qilian Mountains, Kunlun
Mountains, and the high-altitude hinterland of the Qinghai-Tibet Plateau were significantly
lower than those of other areas.
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The total cloud cover distribution of AIRS data and ERA-5 data is shown in Figure A1.
Overall, there is a trend of more in the south and less in the north; the multi-year spatial
averages are 0.50 and 0.56, respectively. Except for the northwest corner, the cloud cover in
the northern part of the study area is significantly less than that in other regions, and that in
the southeastern regions, such as Sichuan Province, is significantly higher than that in other
regions. The topography has an important influence on cloud formation [24,25]. In the
case of abundant water vapor transportation, the water vapor encounters the windward
side of the slopes and rises with the topography, which is conducive to the generation of
clouds. With the changes in the topography of the northern Qinghai-Tibet Plateau, the
cloud cover also tends to be higher in the south and lower in the north, and the Qilian
Mountains are higher. However, there is a certain difference between the two types of data
in the distribution trend of cloud cover in the southwestern part of Qinghai Province, and
the accuracy of the data needs to be compared and verified.
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3.2. PWV Verification

For the two area datasets, the AIRS PWV was 0.7 mm higher than the ERA-5 PWV in
multi-year mean value, without statistical significance (p = 0.0623).

Since the meteorological stations can only collect data twice a day, ERA-5 data at the
same time points were selected for comparative analysis. Bilinear interpolation was used
to calculate the values of the AIRS data and ERA-5 data at the station locations in terms of
spatial location matching. Through the data verification of four meteorological stations,
the accuracies of the datasets under different climatic characteristics and geographical
conditions in the northern Qinghai-Tibet Plateau can be better reflected. It should be noted
that the influence in the sounding ball moving with the wind direction was ignored in this
study, which will have slightly increased the error when comparing the radiosonde data
with other estimates.

Figure 4 depicts that the distribution of PWV scatter points between radiosonde data
and ERA-5 data at four stations from 1979 to 2017. Among the four stations, the Xining
station had the highest PWV level under the influence of low altitude and the southeast
monsoon; the Yushu station had the lowest PWV level due to the highest altitude; PWV
levels of Golmud and Dulan stations were in the middle, and their values were consistent.
According to the linear fitting of the scattered point distribution, it can be seen that the
PWV level of ERA-5 data was lower than that of radiosonde data. The two levels were
closest at Golmud station, and most disparate at Yushu station. R2 is greater than 0.9,
except for Xining 12:00 data from the perspective of the correlation level, which indicates
that the fitting effect is good. Comparing different times, it can be seen that PWV data of
ERA-5 at each station at 0:00 is closer to the radiosonde data than at 12:00.
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Since the transit time of the Aqua satellite is far from the radiosonde time, it is impos-
sible to directly compare AIRS data with radiosonde data. The accuracy and deviation of
the data can be indirectly analyzed by comparing them with ERA-5 data. The transit times
of the Aqua satellite are about 5:30 and 17:30; in the comparative analysis, the mean values
of the 5:00 and 6:00 data in ERA-5 data were defined as the 5:30 data, and the mean values
of the 17:00 and 18:00 data were defined as the 17:30 data. Figure 5 depicts that the scatter
plot of PWV of each station at 5:30 and 17:30 for AIRS and ERA-5 data from September 2002
to September 2016. The comparison shows that the PWV level of ERA-5 data is higher than
that of AIRS; and the gap between the two is largest at Yushu Station and is the smallest at
Golmud Station. R2 is greater than 0.88, and the correlation is still good.
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Figure 5. Scattered relationship diagram of PWV from ERA-5 and AIRS data. (black solid line: scatter
linear fitting; red solid line: y = x). (a) At 5:30 UTC, PWV scattered points were distributed in Dulan,
Xining, Golmud, and Yushu stations. (b) At 17:30 UTC, PWV scattered points were distributed in
Dulan, Xining, Golmud, and Yushu stations.

In summary, the relationship between the PWV levels of different datasets at the four
stations is: radiosonde data > ERA-5 data > AIRS data. The applicability of using the
ERA-5 data to analyze PWV is high in the northern Qinghai-Tibet Plateau in the public
raster dataset, but there is still a certain difference from the radiosonde data, which has
significantly lower values in high altitude areas.

3.3. Total Cloud Cover Verification

In this paper, the total cloud cover, relative humidity, and temperature are partially
analyzed in detail to explore the sources of differences between ERA-5, AIRS, and ra-
diosonde data. The comparative analysis of PWV under different cloud cover types was
to get the specific difference in PWV from each dataset under different cloudy and sunny
conditions. The specific difference in PWV from each dataset under cloudy and sunny
conditions can be obtained through the comparative analysis of PWV under different cloud
cover levels. Figure 6 depicts the coincidence frequency of the total cloud cover at each
station at 0:00 and 12:00 between the radiosonde data and ERA-5 data from 2002 to 2016. It
can be seen from the figure that the four stations have the highest frequencies and good
consistency under the condition of full clouds and cloudlessness; the frequency is lower
and the correlation is relatively scattered under the condition of middle cloud cover. The
results show that ERA-5 data and radiosonde data have good consistency in total cloud
cover, and good correspondence can be obtained when analyzing PWV with a clear sky
and in cloudy conditions, respectively.

Figure 7 depicts the coincidence frequency of the total cloud cover of each station at
5:30 and 17:30 between AIRS and ERA-5 data during the study period. It can be seen from
the figure that the coincidence degrees of the total cloud cover of the two kinds of data at
different stations and times are low, which made it difficult to meet the accuracy required
for comparing and analyzing the two kinds of PWV under different cloud cover.
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Figures 6 and 7 reflect the coincidence of the same cloud cover at the same time in
different datasets, and the probability of different cloud cover in the study period can
reflect the probability of cloudy and sunny in the region. Figure 8 shows the probability
curves of different cloud amounts at different time points in different datasets. Comparing
(a) and (b), it was found that the probabilities of the total cloud cover in ERA-5 and ra-
diosonde data being 0–0.1 and 0.9–1 at different times were the highest, and the occurrence
probability of other cloud cover was more consistent, and the change trend of the two is
relatively consistent. It shows that the total cloud cover increase in ERA-5 better reflects
the real situation.
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Figure 8. Probability diagram of different cloud cover at different time. (a) At 0:00 UTC, in ERA-5
and Meteorological station data, Probability of occurrence of different cloud cover at each station.
(b) At 12:00 UTC, in ERA-5 and Meteorological station data, Probability of occurrence of different
cloud cover at each station. (c) At 5:30 UTC, in ERA-5 and AIRS data, Probability of occurrence
of different cloud cover at each station. (d) At 17:30 UTC, in ERA-5 and AIRS data, Probability of
occurrence of different cloud cover at each station.

Comparing (a) and (b), it was found that the probabilities of the total cloud cover
of ERA-5 being 0–0.1 and 0.9–1 at different times were the highest; however, there is a
significant difference in the probability of AIRS cloud cover appearing day and night in
different stations. At 17.30 (UTC), with the increase of cloud cover, the trend of the cloud
cover probability of AIRS is opposite to that of ERA-5, which indirectly indicates that the
cloud cover estimated by AIRS has a larger error at night.

3.4. Verification of PWV under Different Total Cloud Cover

The comparison of PWV of radiosonde data, ERA-5 data and AIRS data under different
cloud cover is shown in Figure 9. It can be seen from the figure that PWV increases with the
increase of the total cloud amount. In Yushu and Xining stations, PWV of ERA-5 data and
AIRS data has been lower than that of radiosonde data; in Dulan station, PWV of ERA-5
data is higher than the radiosonde data when the total cloud cover is in the range of 0.2 to
0.7 and is significantly lower than the radiosonde data when the cloud is full; in Golmud
station, PWV of ERA-5 data is higher than that of the radiosonde data when the total cloud
cover is in the range of 0.3 to 0.8, and lower than that of radiosonde data when the cloud is
full. The PWV in ERA-5 data and AIRS data has a certain regularity under different total
cloud cover. At 4 stations, PWV of ERA-5 data is significantly higher than that of AIRS
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data When cloud cover is less than 0.6; PWV of ERA-5 data is lower than that of AIRS data
when cloud cover is greater than 0.7.
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Compared with ERA-5 data, AIRS data have greater differences compared with the
radiosonde data in terms of PWV, total cloud cover, and PWV under different total cloud
cover levels. Therefore, only ERA-5 data and radiosonde data were compared and analyzed
in the subsequent analysis. It should be noted that one advantage of AIRS data over ERA-5
data is that the former can better reflect the increasing trend of PWV with increasing
cloud cover.

3.5. Verification of PWV under Clear and Cloudy Skies

According to the cloud cover coincidence frequency, the clear sky condition was
defined as when the total cloud cover was less than or equal to 0.2, and the cloudy sky
condition was when the total cloud cover was greater than or equal to 0.8. To ensure that
the radiosonde data and ERA-5 data reflected the same days regarding clear sky or cloudy
sky, the sky condition of each time step was determined using the total cloud cover from
meteorological station data.

The scatter points in Figure A2 show the relationship between the ERA-5 PWV and
radiosonde PWV with clear skies, at 0:00 and 12:00 UTC, respectively. It can be seen from
the figure that the ERA-5 PWV data under clear skies at all the stations still have lower
values than the radiosonde data. Compared with Figure 4, where cloud cover is not taken
into consideration, the relative difference (slope deviation from 1.0) between ERA-5 PWV
and radiosonde PWV is greater under the clear sky condition, for all stations and times.
For Xining and Yushu stations especially, the ERA-5 PWV levels are much lower than the
actual values, with slope from 0.58 to 0.61.

Figure A3 shows the relationship between the ERA-5 PWV and radiosonde PWV
under cloudy sky condition. The values of ERA-5 data are still lower than the radiosonde
data at all the stations. However, as the PWV values are higher in cloudy skies, the
difference between the two datasets in the cloudy condition is very close to the overall
difference shown in Figure 4, and the change in the difference is not unidirectional, as with
the clear sky condition.

3.6. Multi-Year PWV Analysis with Clear and Cloudy Skies

The 12-month moving average values of monthly PWV of different datasets were
calculated to eliminate seasonal variations and accidental factors, and then the multi-year
variation trends of PWV could be obtained.

Figure 10 shows the changing trends of ERA-5 PWV and radiosonde PWV under
the clear sky condition. For radiosonde data, the multi-year means of PWV at differ-
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ent stations are ordered as: Xining > Yushu > Golmud > Dulan, with 9.25, 5.99, 4.70,
and 4.23 mm, respectively. The PWV values show insignificant decreasing trends at
all the stations. For the ERA-5 data, the multi-year means of PWV are ordered as:
Xining > Golmud > Dulan > Yushu, with values of 5.52, 4.36, 3.9, and 3.67 mm, respec-
tively. It can be seen that the ERA-5 data underestimated PWV values at Xining (5.52 mm
vs. 9.25 mm) and Yushu (3.67 mm vs. 5.99 mm) in clear skies, and the deviation was larger
in the early stage before the 2000s. For these two stations, the PWV annual variations were
also underestimated, which can be seen in Figure 10c,d. The ERA-5 PWV values show an
insignificant decreasing trend in three stations with slopes lower than that of radiosonde
data, except for the Golmud station, which has an insignificant increasing trend. This trend
and slope difference is mainly caused by ERA-5′s underestimation in the early stage.
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the two datasets is less, but gradually increases with time, and the ERA-5 PWV did not 
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Figure 10. Change trend of the 12-month moving average of monthly PWV under clear sky condition
at different stations. (a) Golmud station (b) Dulan station (c) Xining station (d) Yushu station.

On the whole, radiosonde data show that PWV in clear skies was generally stable
before 2005, then decreased till 2012, and was climbing in recent years, for three stations
except for Yushu with the highest elevation. However, this variation is neither statistically
significant, nor a climatic trend, because of the short data length. The ERA-5 data performed
better in recent years, basically caught the uptrend for Golmud and Dulan, but missed this
trend in Xining.

Figure 11 shows the changing trends of the ERA-5 PWV and radiosonde PWV under
the cloudy sky condition. It can be seen that all the cloudy-sky PWV levels at different
stations from different datasets have had increasing trends. Although the increases at the
arid Golumd and Dulan stations seem more intensive, none of the trends is statistically
significant. The two datasets show the same order of the multi-year mean cloudy-sky PWV
at different stations, Xining > Yushu > Dulan > Golmud, which is generally affected by
elevation and source of water vapor. In radiosonde data, the values are 12.2, 9.58, 8.36, and
8.30 mm; in the ERA-5 data, the values are 9.47, 7.32, 7.01, and 6.54 mm.
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In Yushu and Xining stations, where water vapor income is relatively abundant, the
ERA-5 PWV level is obviously lower than that of radiosonde data again, but the difference
between them is relatively stable. For Dulan and Golmud stations, the difference between
the two datasets is less, but gradually increases with time, and the ERA-5 PWV did not
catch the up in the last year.

3.7. Comparative Analysis of Relative Humidity

The relative humidity is the water vapor pressure as a percentage of the value at which
the air becomes saturated and reflects the abundance of PWV. We can intuitively grasp the
changing trend of PWV in the whole layer by analyzing the relative humidities of different
pressure layers.

Based on the completeness of the data and the geographic location of each station, the
relative humidity of a representative pressure layer was selected for analysis. The trends
of relative humidity change in radiosonde data and ERA-5 data at 500 hPa are shown
in Figure A4. It can be seen from the figure that the relative humidity in ERA-5 data is
higher than that of the radiosonde data. The relative humidities of the different datasets
have consistent change trends, among which the data of Golmud and Dulan stations show
significant increasing trends, and the data of Xining stations show significant decreasing
trends; and the data of Yushu station was relatively stable.

3.8. Comparative Analysis of Temperature

The distribution of temperature in radiosonde data and ERA-5 data at a distance of
2 m from the surface is shown in Figure 12. The comprehensive scatter distributions and
trend fitting lines show that they have high consistency, especially in the Golmud area. The
large temperature deviation at the Yushu station indicates that the reliability of ERA-5 data
in this region is low. The radiosonde data at Xining station showed a significant decreasing
trend. When analyzing the multi-year variation trend of 2 m temperature at each station,
the data were found to be consistent with the variation trend of PWV at Xining station. It is
speculated that the variation trend of PWV has changed due to temperature changes.

The monthly average change trend of temperature at 500 hPa is shown in Figure A5.
It can be seen from the figure that the changes in the two kinds of data are consistent
and show significant increasing trends. The difference between ERA-5 and radiosonde
data increased at the Yushu station after 2009. ERA-5 is not applicable at Yushu station
compared to other stations from the changing trend and the numerical value of the view.
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Figure 12. Distribution of temperature scatter points of radiosonde and ERA-5 data at a distance of 2 m from the ground.
(black solid line: scatter linear fitting; red solid line: y = x). (a) At 0:00 UTC, 2 m temperature scattered points were
distributed in Dulan, Xining, Golmud, and Yushu station. (b) At 12:00 UTC, 2 m temperature scattered points were
distributed in Dulan, Xining, Golmud, and Yushu station.

4. Conclusions and Discussion

Given the analysis in the above sections, the applicability of the data should be
paid attention to when the remote sensing data and the reanalyzed data are applied in
the northern Qinghai-Tibet Plateau (especially in areas with high altitude and climatic
conditions). Xia et al. [20] used the AIRS dataset to analyze the spatiotemporal variation
characteristics of PWV in the Sanjiangyuan area under clear sky conditions (to avoid the
influence of total cloud cover on the detection accuracy), but did not verify the AIRS
data. The results are yet to be verified. Wang et al. [26] verified PWV in near-infrared
remote sensing data by radiosonde data, and the results showed that PWV would be
underestimated by near-infrared data, which is consistent with the viewpoint in this paper.
Through the verification of some parameters, it is concluded that the applicability of ERA5
data in high-altitude areas is better, and it should be noted that there is still a gap between
ERA5 data and the measured data, which is consistent with the conclusion obtained by
Jiao et al. [27], who analyzed ERA-5 data’s applicability in high-altitude areas. In this paper,
PWV and total cloud cover of ERA-5 data and AIRS data were compared based on the
data of surface meteorological stations in the northern Qinghai-Tibet Plateau (the default
was the actual value), and their applicability in the northern Qinghai-Tibet Plateau was
analyzed. The variation trends and differences of PWV, relative humidity, the temperature
under different conditions were discussed in detail.

(1) On the whole, the ERA-5 PWV and AIRS PWV had lower values than the measured
ones, and the deviation was greater as the altitude increased; the ERA-5 PWV values were
closer to the measured ones.

(2) Compared with AIRS data, ERA-5 data and radiosonde data have better consistency
in total cloud cover. The PWV increases with the increase of cloud cover. In the comparison
between ERA-5 and AIRS data, the ERA-5 PWV values are lower than those of the AIRS
data when the cloud cover is high; the ERA-5 PWV values are significantly higher than
those of the AIRS data when the cloud cover is low. Although AIRS data can better reflect
the changing trend of PWV under different cloud cover, it cannot be analyzed later because
of the large gap between AIRS data and measured data. ERA-5 data will overestimate
the PWV in areas with low cloud cover; it will underestimate the PWV in areas with high
cloud cover.

(3) In clear sky conditions, the changing trend of the ERA-5 PWV increased with
time, which is the opposite to the measured data. In cloudy sky conditions, both of them
showed a significant increasing trend with time. The scattered point distribution was
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consistent with the situation when cloud cover was not considered. The distribution of
scatter points in different weather conditions was consistent with that when cloud cover
was not considered.

(4) Compared with the relative humidity of the typical atmospheric pressure layer,
it was found that the ERA-5 relative humidity was higher than the actual value; and its
change trend was consistent with the actual values. On the whole, at the Golmud and
Dulan stations, the relative humidity showed increasing trends over time; at the Xining
and Yushu stations, the relative humidity showed decreasing trends over time.

(5) By analyzing the temperature at 2 m and 500 hPa, it was concluded that the ERA-5
temperature is consistent with measured values.

In summary, ERA-5 data are more suitable for high altitude areas than the remote
sensing AIRS data. However, the existence of large gaps between the ERA-5 PWV data and
the actual values in some areas may bring questionable results in climate change analysis,
which leads to its limited applicability in the northern Qinghai-Tibet Plateau.

This paper only analyzed the applicability of the PWV and cloud cover data from the
AIRS data and ERA-5 data in the northern Qinghai-Tibet Plateau. We did not compare
and analyze them in other high-elevation regions. Therefore, the conclusions of this paper
cannot directly apply to other regions. The reasons for the differences between datasets
have not been analyzed from the aspects of influencing factors in this paper, which need
further study.

Author Contributions: Conceptualization, J.Z., T.L., K.S., Z.Q. and Z.X.; methodology, J.Z. and T.L.;
validation, J.Z., T.L. and K.S.; data curation, Z.Q., Z.X.; writing—original draft preparation, J.Z.;
writing—review and editing, J.Z. All authors have read and agreed to the published version of
the manuscript.

Funding: This work was financially supported by the Second Tibetan Plateau Scientific Expedition
and Research Program (STEP), grant number 2019QZKK0208; the National Key R&D Program, grant
number 2016YFE0201900; the Scientific Research Project of the State Key Laboratory of Hydroscience
and Engineering, grant number 2017-KY-4; Natural Science Foundation of Technology Department
of Qinghai Province, grant number 2019-ZJ-968Q.

Institutional Review Board Statement: Not applicable.

Informed Consent Statement: Not applicable.

Data Availability Statement: The processed data required to reproduce these findings cannot be-
shared at this time as the data also forms part of an ongoing study.

Conflicts of Interest: The authors declare no conflict of interest.

Appendix A

Atmosphere 2021, 12, x FOR PEER REVIEW 15 of 17 
 

 

Appendix A 

 
Figure A1. Multi-year mean total cloud cover in the study area. (a) AIRS data. (b) ERA-5 data. 

 
Figure A2. Scattered relationship of PWV from ERA-5 and radiosonde data under clear sky conditions at different mete-
orological stations. Black solid line is for linear fit, and red solid line is y = x. (a) 0:00 UTC; (b) 12:00 UTC. 

 
Figure A3. Scattered relationship of PWV from ERA-5 and radiosonde data under cloudy conditions at different meteor-
ological stations. Black solid line is for linear fit, and red solid line is y = x. (a) 0:00 UTC; (b) 12:00 UTC. 

 

Figure A1. Multi-year mean total cloud cover in the study area. (a) AIRS data. (b) ERA-5 data.



Atmosphere 2021, 12, 1367 15 of 17

Atmosphere 2021, 12, x FOR PEER REVIEW 15 of 17 
 

 

Appendix A 

 
Figure A1. Multi-year mean total cloud cover in the study area. (a) AIRS data. (b) ERA-5 data. 

 
Figure A2. Scattered relationship of PWV from ERA-5 and radiosonde data under clear sky conditions at different mete-
orological stations. Black solid line is for linear fit, and red solid line is y = x. (a) 0:00 UTC; (b) 12:00 UTC. 

 
Figure A3. Scattered relationship of PWV from ERA-5 and radiosonde data under cloudy conditions at different meteor-
ological stations. Black solid line is for linear fit, and red solid line is y = x. (a) 0:00 UTC; (b) 12:00 UTC. 

 

Figure A2. Scattered relationship of PWV from ERA-5 and radiosonde data under clear sky conditions at different
meteorological stations. Black solid line is for linear fit, and red solid line is y = x. (a) 0:00 UTC; (b) 12:00 UTC.

Atmosphere 2021, 12, x FOR PEER REVIEW 15 of 17 
 

 

Appendix A 

 
Figure A1. Multi-year mean total cloud cover in the study area. (a) AIRS data. (b) ERA-5 data. 

 
Figure A2. Scattered relationship of PWV from ERA-5 and radiosonde data under clear sky conditions at different mete-
orological stations. Black solid line is for linear fit, and red solid line is y = x. (a) 0:00 UTC; (b) 12:00 UTC. 

 
Figure A3. Scattered relationship of PWV from ERA-5 and radiosonde data under cloudy conditions at different meteor-
ological stations. Black solid line is for linear fit, and red solid line is y = x. (a) 0:00 UTC; (b) 12:00 UTC. 

 

Figure A3. Scattered relationship of PWV from ERA-5 and radiosonde data under cloudy conditions at different meteoro-
logical stations. Black solid line is for linear fit, and red solid line is y = x. (a) 0:00 UTC; (b) 12:00 UTC.

Atmosphere 2021, 12, x FOR PEER REVIEW 16 of 17 
 

 

 
Figure A4. Trends of the monthly moving average of relative humidity for radiosonde and ERA-5 data at 500 hPa. (a) 
Golmud station, (b) Dulan station, (c) Xining station, (d) Yushu station. 

 
Figure A5. Change trend of the monthly moving average of radiosonde and ERA-5 temperature at 500 hPa at different 
stations. (a) Golmud station, (b) Dulan station, (c) Xining station, (d) Yushu station. 

References 
1. Ruckstuhl, C.; Philipona, R.; Morland, J.; Ohmura, A. Observed relationship between surface specific humidity, integrated water 

vapor, and longwave downward radiation at different altitudes. J. Geophys. Res. Space Phys. 2007, 112, D3, 
doi:10.1029/2006jd007850. 

2. Liang, H.; Zhang, Y.; Cao, L.; Cao, Y. Temporal relations between precipitable water vapour and precipitation during wet sea-
sons based on nearly two decades of data from the Lhasa River valley, Tibetan Plateau. Int. J. Clim. 2020, 40, 1656–1668, 
doi:10.1002/joc.6293. 

3. Nakamura, H.; Koizumi, K.; Mannoji, N. Data Assimilation of GPS precipitable PWV into the JMA Mesoscale Numerical 
Weather Prediction Model and its Impact on Rainfall Forecasts. J. Meteorol. Soc. Jpn. 2004, 82, 441–452. 

4. Eric, F.V.; Nazmi, Z.E.; Christopher, O.J. Atmospheric correction of MODIS data in the visible to middle infrared: First results. 
Remote Sens. Environ. 2002, 83, 97–111. 

5. Liu, X.; Kutzbach, J.E.; Liu, Z.; An, Z.; Li, L. The Tibetan Plateau as amplifier of orbital-scale variability of the East Asian mon-
soon. Geophys. Res. Lett. 2003, 30, 337–356. 

6. Zhao, L.; Ping, C.-L.; Yang, D.; Cheng, G.; Ding, Y.; Liu, S. Changes of climate and seasonally frozen ground over the past 30 
years in Qinghai–Xizang (Tibetan) Plateau, China. Glob. Planet. Chang. 2004, 43, 19–31, doi:10.1016/j.gloplacha.2004.02.003. 

7. Yang, M.; Wang, S.; Yao, T.; Gou, X.; Lu, A.; Guo, X. Desertification and its relationship with permafrost degradation in Qinghai-
Xizang (Tibet) plateau. Cold Reg. Sci. Technol. 2004, 39, 47–53, doi:10.1016/j.coldregions.2004.01.002. 

8. Niu, T.; Chen, L.; Zhou, Z. The characteristics of climate change over the Tibetan Plateau in the last 40 years and the detection 
of climatic jumps. Adv. Atmos. Sci. 2004, 21, 193–203, doi:10.1007/bf02915705. 

Figure A4. Trends of the monthly moving average of relative humidity for radiosonde and ERA-5
data at 500 hPa. (a) Golmud station, (b) Dulan station, (c) Xining station, (d) Yushu station.



Atmosphere 2021, 12, 1367 16 of 17

Atmosphere 2021, 12, x FOR PEER REVIEW 16 of 17 
 

 

 
Figure A4. Trends of the monthly moving average of relative humidity for radiosonde and ERA-5 data at 500 hPa. (a) 
Golmud station, (b) Dulan station, (c) Xining station, (d) Yushu station. 

 
Figure A5. Change trend of the monthly moving average of radiosonde and ERA-5 temperature at 500 hPa at different 
stations. (a) Golmud station, (b) Dulan station, (c) Xining station, (d) Yushu station. 

References 
1. Ruckstuhl, C.; Philipona, R.; Morland, J.; Ohmura, A. Observed relationship between surface specific humidity, integrated water 

vapor, and longwave downward radiation at different altitudes. J. Geophys. Res. Space Phys. 2007, 112, D3, 
doi:10.1029/2006jd007850. 

2. Liang, H.; Zhang, Y.; Cao, L.; Cao, Y. Temporal relations between precipitable water vapour and precipitation during wet sea-
sons based on nearly two decades of data from the Lhasa River valley, Tibetan Plateau. Int. J. Clim. 2020, 40, 1656–1668, 
doi:10.1002/joc.6293. 

3. Nakamura, H.; Koizumi, K.; Mannoji, N. Data Assimilation of GPS precipitable PWV into the JMA Mesoscale Numerical 
Weather Prediction Model and its Impact on Rainfall Forecasts. J. Meteorol. Soc. Jpn. 2004, 82, 441–452. 

4. Eric, F.V.; Nazmi, Z.E.; Christopher, O.J. Atmospheric correction of MODIS data in the visible to middle infrared: First results. 
Remote Sens. Environ. 2002, 83, 97–111. 

5. Liu, X.; Kutzbach, J.E.; Liu, Z.; An, Z.; Li, L. The Tibetan Plateau as amplifier of orbital-scale variability of the East Asian mon-
soon. Geophys. Res. Lett. 2003, 30, 337–356. 

6. Zhao, L.; Ping, C.-L.; Yang, D.; Cheng, G.; Ding, Y.; Liu, S. Changes of climate and seasonally frozen ground over the past 30 
years in Qinghai–Xizang (Tibetan) Plateau, China. Glob. Planet. Chang. 2004, 43, 19–31, doi:10.1016/j.gloplacha.2004.02.003. 

7. Yang, M.; Wang, S.; Yao, T.; Gou, X.; Lu, A.; Guo, X. Desertification and its relationship with permafrost degradation in Qinghai-
Xizang (Tibet) plateau. Cold Reg. Sci. Technol. 2004, 39, 47–53, doi:10.1016/j.coldregions.2004.01.002. 

8. Niu, T.; Chen, L.; Zhou, Z. The characteristics of climate change over the Tibetan Plateau in the last 40 years and the detection 
of climatic jumps. Adv. Atmos. Sci. 2004, 21, 193–203, doi:10.1007/bf02915705. 

Figure A5. Change trend of the monthly moving average of radiosonde and ERA-5 tempera-
ture at 500 hPa at different stations. (a) Golmud station, (b) Dulan station, (c) Xining station,
(d) Yushu station.

References
1. Ruckstuhl, C.; Philipona, R.; Morland, J.; Ohmura, A. Observed relationship between surface specific humidity, integrated water

vapor, and longwave downward radiation at different altitudes. J. Geophys. Res. Space Phys. 2007, 112, D3. [CrossRef]
2. Liang, H.; Zhang, Y.; Cao, L.; Cao, Y. Temporal relations between precipitable water vapour and precipitation during wet seasons

based on nearly two decades of data from the Lhasa River valley, Tibetan Plateau. Int. J. Clim. 2020, 40, 1656–1668. [CrossRef]
3. Nakamura, H.; Koizumi, K.; Mannoji, N. Data Assimilation of GPS precipitable PWV into the JMA Mesoscale Numerical Weather

Prediction Model and its Impact on Rainfall Forecasts. J. Meteorol. Soc. Jpn. 2004, 82, 441–452. [CrossRef]
4. Eric, F.V.; Nazmi, Z.E.; Christopher, O.J. Atmospheric correction of MODIS data in the visible to middle infrared: First results.

Remote Sens. Environ. 2002, 83, 97–111.
5. Liu, X.; Kutzbach, J.E.; Liu, Z.; An, Z.; Li, L. The Tibetan Plateau as amplifier of orbital-scale variability of the East Asian monsoon.

Geophys. Res. Lett. 2003, 30, 337–356. [CrossRef]
6. Zhao, L.; Ping, C.-L.; Yang, D.; Cheng, G.; Ding, Y.; Liu, S. Changes of climate and seasonally frozen ground over the past 30 years

in Qinghai–Xizang (Tibetan) Plateau, China. Glob. Planet. Chang. 2004, 43, 19–31. [CrossRef]
7. Yang, M.; Wang, S.; Yao, T.; Gou, X.; Lu, A.; Guo, X. Desertification and its relationship with permafrost degradation in

Qinghai-Xizang (Tibet) plateau. Cold Reg. Sci. Technol. 2004, 39, 47–53. [CrossRef]
8. Niu, T.; Chen, L.; Zhou, Z. The characteristics of climate change over the Tibetan Plateau in the last 40 years and the detection of

climatic jumps. Adv. Atmos. Sci. 2004, 21, 193–203. [CrossRef]
9. Zhang, Y.; Xu, C.; Qi, Q.; Hou, G. Analysis of climate change and its ecological effects on the Qinghai-Tibet Plateau. J. Qinghai

Univ. 2011, 4, 24–28. (In Chinese)
10. Xiong, Z.; Sang, J.; Sun, X.; Zhang, B.; Li, J. Comparisons of Performance Using Data Assimilation and Data Fusion Approaches in

Acquiring Precipitable Water Vapor: A Case Study of a Western United States of America Area. Water 2020, 12, 2943. [CrossRef]
11. Hulley, G. A PWV Scaling (WVS) Method for Improving Atmospheric Correction of Thermal Infrared (TIR) Data; Springer: Dordrecht,

The Netherlands, 2013.
12. Ssenyunzi, R.C. Performance of ERA5 data in retrieving Precipitable Water Vapour over East African tropical region. Adv. Space

Res. 2020, 65, 1877–1893. [CrossRef]
13. Kumar, S.; Singh, A.K.; Prasad, A.K.; Singh, R.P. Variability of GPS derived PWV and comparison with MODIS data over the

Indo-Gangetic plains. Phys. Chem. Earth Parts A/B/C 2013, 55–57, 11–18. [CrossRef]
14. Isioye, O.A.; Combrinck, L.; Botai, J.O. Retrieval and analysis of precipitable water vapour based on GNSS, AIRS, and reanalysis

models over Nigeria. Int. J. Remote Sens. 2017, 38, 5710–5735. [CrossRef]
15. Jiang, J.; Zhou, T.; Zhang, W. Evaluation of Satellite and Reanalysis Precipitable Water Vapor Data Sets Against Radiosonde

Observations in Central Asia. Earth Space Sci. 2019, 6, 1129–1148. [CrossRef]
16. Liu, L.; Gu, H.; Xie, J.; Xu, Y.P. How well do the ERA-Interim, ERA-5, GLDAS-2.1 and NCEP-R2 reanalysis datasets represent

daily air temperature over the Tibetan Plateau? Int. J. Climatol. 2020, 41, 1484–1505. [CrossRef]
17. Zhang, Y.; Cai, C.; Chen, B.; Dai, W. Consistency Evaluation of Precipitable Water Vapor Derived From ERA5, ERA-Interim,

GNSS, and Radiosondes Over China. Radio Sci. 2019, 54, 561–571. [CrossRef]
18. Zheng, Y. A Preliminary Analysis on the Applicability of ERA5 Rean-alysis Data in Guangdong Province. Meteorol. Environ. Res.

2020, 11, 37–48.
19. Zhang, W.; Zhang, H.; Liang, H.; Lou, Y.; Cai, Y.; Cao, Y.; Zhou, Y.; Liu, W. On the suitability of ERA5 in hourly GPS precipitable

PWV retrieval over China. J. Geod. 2019, 93, 1897–1909. [CrossRef]

http://doi.org/10.1029/2006JD007850
http://doi.org/10.1002/joc.6293
http://doi.org/10.2151/jmsj.2004.441
http://doi.org/10.1029/2003GL017510
http://doi.org/10.1016/j.gloplacha.2004.02.003
http://doi.org/10.1016/j.coldregions.2004.01.002
http://doi.org/10.1007/BF02915705
http://doi.org/10.3390/w12102943
http://doi.org/10.1016/j.asr.2020.02.003
http://doi.org/10.1016/j.pce.2010.03.040
http://doi.org/10.1080/01431161.2017.1346401
http://doi.org/10.1029/2019EA000654
http://doi.org/10.1002/joc.6867
http://doi.org/10.1029/2018RS006789
http://doi.org/10.1007/s00190-019-01290-6


Atmosphere 2021, 12, 1367 17 of 17

20. Xia, Z.; Li, T.; Xie, H.; Zhao, J. Study on clear sky atmospheric water vapor over the Three-River Headwaters Region using AIRS
data. Water Resour. Hydropower Eng. 2020, 51, 49–56. (In Chinese)

21. Ding, F.; Savtchenko, A.K.; Hearty, T.J.; Theobald, M.L.; Vollmer, B.; Esfandiari, E. AIRS Version 6 Products and Data Services at
NASA GES DISC. Br. J. Surg. 1993, 80, 1579–1582.

22. Ebtehaj, A.M.; Foufoula-Georgiou, E.; Lerman, G.; Bras, R.L. Compressive Earth observatory: An insight from AIRS/AMSU
retrievals. Geophys. Res. Lett. 2015, 42, 362–369. [CrossRef]

23. Biau, G.; Zorita, E.; Von Storch, H.; Wackernagel, H. Estimation of Precipitation by Kriging in the EOF Space of theSea Level
Pressure Field. J. Clim. 1999, 12, 1070–1085. [CrossRef]
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