Table S1. The structural details of the individual residual blocks.

Stage Output Parameters of the convolution

cl 21 x23 3x2 kernel size, stride 2x1, 32

3x2 max pool, stride 2x2

2 11x12 [1x1 32
3x3 32|x3
[1x1 64
[1x1 128]

3 6x6 3x3 128| x4
[1X1 256
[1x1 256]

c4 3x3 3x3 256(x6
1x1 5121
[1x1 512]

5 2x2 3x3 512|x3
[1x1 1024

The Resnet-CBAM model has 5 stages, each stage corresponding to a different output size and the
parameters of the convolution. For example, in stage c1, we can get the 21 x 23 size of the feature map by

the convolution, and the parameters of the convolution include: kernel size is 3x2, size of stride is 2x1,

1x1 32
and the number of output channel is 32. In addition, [3 x 3 32] represents the block having three
1x1 64

convolutions, and their parameters are 1 X 1 kernel size with 32 channels, 3 x 3 kernel size with 32

channels, and 1 x 1 kernel size with 64 channels respectively. And x 3 means the stage has three same
blocks.
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Figure S1. The nucleotide composition preferences between positive and negative samples on the
remaining 10 datasets. (a) H_k benchmark dataset; (b) H_l benchmark dataset; (c) M_b benchmark dataset;



(d) M_h benchmark dataset; (e) M_k benchmark dataset; (f) M_l benchmark dataset; (g) M_t benchmark
dataset; (h) R_b benchmark dataset; (i) R_k benchmark dataset; (j) R_1 benchmark dataset.
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Figure S2. Performance comparison between different models on the remaining 10 datasets. (a) H_k
independent dataset; (b) H_l independent dataset; (c) M_b independent dataset; (d) M_h independent
dataset; () M_k independent dataset; (f) M_I independent dataset; (g) M_t independent dataset; (h) R_b
independent dataset; (i) R_k independent dataset; (j) R_l independent dataset.



