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Abstract: Urban vegetation provides undeniable benefits to urban climate, health, thermal comfort
and environmental quality of cities and represents one of the most considered urban heat mitigation
measures. Despite the plethora of available scientific information, very little is known about the
holistic and global impact of a potential increase of urban green infrastructure (GI) on urban climate,
environmental quality and health, and their synergies and trade-offs. There is a need to evaluate
globally the extent to which additional GI provides benefits and quantify the problems arising from the
deployment of additional greenery in cities which are usually overlooked or neglected. The present
paper has reviewed and analysed 55 fully evaluated scenarios and case studies investigating the
impact of additional GI on urban temperature, air pollution and health for 39 cities. Statistically
significant correlations between the percentage increase of the urban GI and the peak daily and night
ambient temperatures are obtained. The average maximum peak daily and night-time temperature
drop may not exceed 1.8 and 2.3 ◦C respectively, even for a maximum GI fraction. In parallel,
a statistically significant correlation between the peak daily temperature decrease caused by higher
GI fractions and heat-related mortality is found. When the peak daily temperature drops by 0.1 ◦C,
then the percentage of heat-related mortality decreases on average by 3.0% The impact of additional
urban GI on the concentration of urban pollutants is analysed, and the main parameters contributing
to decrease or increase of the pollutants’ concentration are presented.
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1. Introduction

Rapid urbanisation in combination with climate change cause serious environmental hazards
such as increase of the urban temperature, elevated concentration of air pollutants, storms, increased
droughts or excessive precipitation, and poses serious health problems in cities. In 2017, the global
urban population reached 4 billion, representing almost 55% of the world population, and it is expected
to increase to close to 68% by 2050 [1].

Urban overheating is the most documented phenomenon of climate change. Increased urban
temperatures compared to the surrounding rural or suburban built environment are experimentally
documented for more than 450 large cities in the world [2]. The magnitude of the urban overheating
may be as high as 10 ◦C, with an average value close to 5–6 ◦C [3]. Recent research has shown that the
magnitude of urban overheating increases considerably during heatwaves because of the important
local climatic synergies [4].

Buildings 2020, 10, 233; doi:10.3390/buildings10120233 www.mdpi.com/journal/buildings

http://www.mdpi.com/journal/buildings
http://www.mdpi.com
https://orcid.org/0000-0001-6076-3526
https://orcid.org/0000-0002-8533-6624
http://dx.doi.org/10.3390/buildings10120233
http://www.mdpi.com/journal/buildings
https://www.mdpi.com/2075-5309/10/12/233?type=check_update&version=3


Buildings 2020, 10, 233 2 of 34

Urban overheating negatively affects the cooling energy demand of buildings, peak electricity
demand, concentration of air pollutants, heat-related mortality and morbidity and urban vulnerability
levels [5]. It is well-documented that urban overheating is associated with an additional cooling
energy penalty close to 0.7 kWh/m2 of city surface and degree of temperature increase, while the
additional required peak electricity demand is estimated close to 21 (±10.4) W per person and degree
of temperature increase [6,7].

The impact of urban overheating on health is reasonably well-documented. Higher levels of ambient
temperature are associated with increased mortality and morbidity as the human thermoregulation
system cannot offset very high ambient temperatures [8]. As a result, numerous recent researches have
shown that the health risk is substantially higher in urban than in rural environments, while the risk of
heat-related mortality in warmer urban neighbourhoods is 6% higher than in cooler precincts [9,10].
Heat-related health issues combined with epidemic and non-communicable diseases, such as cancer,
diabetes, mental disorders, cardiovascular and respiratory diseases, increase the health burden in
cities and are expected to increase considerably in the low- and middle-income societies in the near
future [11,12].

Urban overheating has a serious impact on air quality. Elevated ambient temperatures enhance
photochemical reactions with hydrocarbons and NOx generating ozone [13]. In parallel, the increased
operation of power plants during the warm season considerably increases the emission of harmful
pollutants [14].

Outdoor air pollution is the most serious environmental hazard for human health and citizens’
wellbeing. Exposure to air pollutants like the ground-level ozone, particulate matter, NOx and SO2,
may result in serious respiratory and cardiovascular health problems and increased mortality [15].
According to the World Health Organisation, outdoor pollution is responsible for about 8 million deaths
per year, while in about 56% of cities in the developed world and 98% in the developing countries,
the concentration of harmful pollutants like ozone, particles and NOx exceeds the thresholds of the
World Health Organisation (WHO) [14,16]. Ozone is a highly toxic pollutant strongly affecting human
health, contributing in 2010 to about 1.2 million premature respiratory deaths, equivalent to 20% of
total respiratory deaths [17]. While systematic environmental policies have resulted in a considerable
decrease of the concentration of most of the atmospheric pollutants, the concentration of ground-level
ozone continues to rise as a result of intensive urbanisation and temperature increase. It is characteristic
that in 75 Chinese cities, ozone concentration increased from 69 to 75 ppbv between 2013 and 2015,
while the percentage of non-compliant cities increased from 23% to 39% [18]. Urban overheating has a
serious impact on the concentration of ground-level ozone [19,20]. Several studies have documented
that during extreme climatic conditions, the ozone concentration increases up to 20%, while studies in
Japan have shown that the long-term variability of the peak ground-level ozone is related to the variation
of the ambient temperature and wind speed [21–23]. Considerably higher ozone concentrations and
frequencies of extreme ozone episodes are forecast for the coming years because of the expected
temperature increase, and the corresponding modification of the chemical reaction rates [24]. It is
predicted that the average background concentration of ground-level ozone may increase in the
mid-latitudes of the Northern Hemisphere, by close to 85 ppb in 2100 compared to the current levels
of 35–50 ppb [25]. Much higher frequencies of high ozone events are also predicted by other studies.
In particular, it is foreseen that in four major Canadian cities, the frequency of future ozone episodes
may increase by 50% by 2050 and 80% by 2080, while in Tucson Arizona, the predicted increase by the
end of the century may reach 400% [26,27].

To prepare efficient responses to the above threats and challenges and to minimise vulnerability
and associated risks, actions involving efficient mitigation and adaptation policies based on multisector
approaches are necessary [28]. Several mitigation technologies to counterbalance the impact of
urban overheating have been proposed and implemented in numerous large-scale projects [29].
Mitigation technologies involve the use of reflecting and super-cool materials, additional greenery,
use of evaporative and transpiration cooling systems, solar control and shading devices, and the use of
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low-temperature natural sinks [30–33]. Monitoring of a high number of large-scale mitigation projects
has demonstrated that the implemented technologies can reduce the peak ambient temperature up to
2.5 ◦C and may contribute significantly to decrease building cooling energy demand, peak electricity
load and heat-related mortality and morbidity [34–36].

There are many definitions of the term Green Infrastructure (GI). According to the European
Environmental Agency, “Green infrastructure as a term is used for a network of green features that are
interconnected and therefore bring added benefits and are more resilient” [37], while Connop et al. [38]
define GI as “a network of natural and semi-natural green spaces such as forests, parks, green roofs
and walls that can provide nature-based and cost-effective solutions”. It is widely accepted that an
increase of the green urban infrastructure, and particularly tree cover, improves urban resilience [39,40].
Trees provide urban overheating reduction, pollutant removal, carbon sequestration, retention and
detention of stormwater runoff, while improving residents’ health [41–45].

Given the multiple benefits of increased GI, large-scale projects aiming to increase the fraction
of tree cover occur in many cities. Large tree planting initiatives are undertaken in cities like New
York, Chicago, Los Angeles, Sydney, Melbourne, etc. [46–48]. However, there is an uncertainty on the
magnitude of the benefits provided by increased GI policies, and the associated disservices, like the
emission of biogenic volatile organic compounds (VOCs), the increased use of water and the additional
economic cost [49]. There is a clear need to evaluate the extent to which increased GI mitigates urban
heat, reduces urban pollution and decreases health problems; in parallel, it is important to provide
additional holistic information and knowledge to optimise future planting strategies in cities.

The present article aims to investigate in a global way the biophysical effects on regional urban
climate, air quality and heat-related mortality and morbidity triggered by the increase of urban green
infrastructure and tree cover. In parallel, it aims to quantify the mitigation potential of increased
tree cover during the daytime and night-time, the potential decrease of heat-related mortality and to
analyse the impact of additional tree cover on air pollution.

2. The Nature of the Study

Twenty-nine articles investigating the impact of increased green infrastructure on the ambient
temperature, air pollution and heat-related mortality and morbidity were reviewed and analysed.
The studies reported 55 fully evaluated scenarios of increased GI for 29 cities and precincts (see the
Map Figure S1 in the Supplementary Materials). Nineteen of the cities are in North America, eight in
Australia, seven in Europe, three in Asia and one in South America. Two of the studies reported
the combined impact of GI on ambient temperature levels and heat-related mortality and morbidity,
11 studies on the ambient temperature and heat-related mortality, 5 on ambient temperature and
heat-related morbidity, 4 on ambient temperature and air quality, 10 on air quality while 25 studies
investigated only the impact on the ambient temperature. All the characteristics and results of the
55 scenarios of increased GI are reported in Table 1.

Existing literature provides information on the climatic, air quality and health impact of potential
additional green infrastructure. We considered and analysed all studies evaluating the specific impact
of GI in quantitative terms. Unfortunately, no quantitative studies are available on the other potential
benefits of GI.

The overall article is divided into three parts. The first part analyses and discusses the impact
of the potential increase of urban tree cover on the ambient temperature. Specific analysis on the
temperature drop during the daily peak at 15:00 and at night is performed. Concerning the few studies
reporting the afternoon (17:00) daily temperature drop, local temperature data are used to estimate the
peak daily temperature at 15:00. The second part of the analysis investigates the impact of additional
GI on the concentration of urban pollutants, focusing mainly on ground-level ozone and particulate
matter. Finally, the third part of the study investigates the relation between the additional GI and
health and with the levels of heat-related mortality and morbidity.
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3. The Impact of Increased Green Infrastructure on Ambient Temperature-Mitigation Potential

3.1. Identity of the Existing Studies

Trees contribute to decrease the ambient temperature through evapotranspiration and shading.
In parallel, when impervious surfaces like asphalt and concrete are replaced by vegetation, the stored
heat during the day and the emitted sensible heat during the day and night are seriously reduced.
The potential temperature decrease because of the increased GI fraction depends on the difference
of the thermal balance between the non-vegetated control/reference scenario and the vegetated one.
It is mainly affected by the specific climatic conditions, the availability of soil moisture, the type of
vegetation and the way it is distributed in a city. As a result, increased vegetation fractions may
contribute to reduce the ambient temperature during the night or the day or both, or even cause some
warming effects under specific conditions.

Forty-six studies evaluating the impact of increased tree fraction in 30 cities and locations
were analysed and evaluated. The study refers to seven North American cities and their suburbs
(New York, Philadelphia, New Orleans, Detroit, Dallas, Toronto and the North Eastern part of the
US), five Australian cities (Melbourne, Sydney, Brisbane, Darwin and Parramatta), three European
cities (Vienna, Austria, Bochum and Stuttgart, Germany), three Asian cities (Hong Kong, Singapore
and Tehran), and Sao Paolo in South America. The considered tree cover varies between 1.3% in
Bronx NY to 100% in Hong Kong and Melbourne, Australia, with an average GI value close to 16%.
The average increase of the GI for all case studies is close to 22% and the average final GI is close to
38%. Most of the assessments are performed using mesoscale modelling techniques like the Weather
Research Forecast (WRF), or MM5, while four studies are based on microscale modelling like ENVI-met
and i-Tree. These studies considered either a homogeneous increase of the tree fraction across the
city or have considered potential additional parks in specific urban zones. Although the assumptions
and the computational methods may differ substantially between the studies, there is a minimum
homogeneity concerning the outputs and the results permitting comparison of the assessments. All the
relative details of the considered studies are given in Table 1.

The impact of central and pocket parks as well as of trees distributed in streets on the ambient
temperature of a district in Central Sao Paolo, Brazil, is discussed in Reference [50]. The tree cover is
considered to increase from zero to 11%. Simulations were performed using the ENVI-met microscale
climatic model and it was found that during the summer, trees in urban canyons can reduce the average
peak daily ambient temperature in the area by 0.6 ◦C, and in the central and pocket parks by 0.4 ◦C.

The potential impact of the tree cover increases from 24.9% to 26.2% in Bronx, New York, NY,
USA, is discussed in Reference [51]. Using the i-Tree software, it is found that the average peak
daily temperature decrease may not exceed 0.09 ◦C. A second study aiming to investigate the cooling
potential of various mitigation measures in numerous urban zones of NY City USA is presented in
Reference [52]. The study used the MM5 mesoscale model to assess the potential decrease of the peak
ambient temperature when hard urban surfaces are replaced by trees. A spatially variable increase
of the tree fraction among the various urban precincts, from 6.2% to 14.4%, was considered. It was
found that at 15:00, additional tree cover may drop the ambient temperature between 0.2 to 0.5 ◦C.
A third study for NY, USA, investigated the impact of increased tree fraction from 10% to 20% and
30% using the MM5 mesoscale climatic tool [53]. It found that the average temperature drop during
the peak daily period is close to 0.15 and 0.4 ◦C for the two considered scenarios. A quite similar
study for Dallas, TX, USA, estimated the impact when GI increases by 7.5% from a base value of 27.5%,
and found that the peak daily temperature drop is close to 0.38 ◦C [54]. Simulations for several US
cities in the North Eastern part of the country considering a 20% increase of the tree cover to almost
40% are reported in References [55,56]. Using the WRF mesoscale climatic model, it was calculated
that the maximum temperature decrease is close to 0.4 ◦C. A study performed for two suburban areas
of Toronto, Canada, is presented in Reference [57]. Mesoscale, WRF and a microscale models were
used to simulate the climatic impact when the tree fraction increases from 18% to 27%. The estimated
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average drop of the peak ambient temperature was 0.2 and 0.3 ◦C for the two precincts, while for
the high greenery scenario, the corresponding temperature drop was 1.61 and 1.29 ◦C, respectively.
Considerably higher temperature drop values were estimated for the night period. Simulations using
WRF were performed during heatwave periods, to assess the impact of the GI increase by 10% in the
cities of New Orleans, Philadelphia and Detroit [58]. The initial tree cover varied between 15 and 25%
and the final between 25% to 35%. It was found that the average afternoon temperature may decrease
by 0.21 ◦C in New Orleans, 0.32 ◦C in Philadelphia and 0.1 ◦C in Detroit.

In Australia, the potential decrease of the ambient temperature in the City of Melbourne was
investigated in three studies [59–61]. Five specific scenarios considering a final tree cover of 5%, 36%,
38%, 49% and 100%, compared with an initial tree cover of 15%, were analysed in Reference [59].
Simulations were performed using the mesoscale model UCM-TAPM. It was calculated that the
average peak daily temperature drop may vary between 0.25 and 1.8 ◦C, while the decrease of the tree
cover from 15% to 5% may raise the average peak daily temperature by 0.2 ◦C. The study reported
in Reference [60] considered an increase of the mixed forest fraction in the city from zero to 20% and
50%. Simulations were performed for the January 2009 heatwave using the mesoscale climatic model
WRF [60]. It was reported that during the night-time, the amplitude of the Urban heat island (UHI)
decreased between 0.5 ◦C and 5.0 ◦C for a 20% to 50% rise of the GI. The daytime decrease of the
ambient temperature as well as the impact on the daily magnitude of the UHI was found to be almost
negligible. However, a very significant decrease of the ambient temperature ranging between 1 ◦C
and 3.5 ◦C was calculated for the night period. A third study for the City of Melbourne evaluated
the impact of increasing the trees fraction from an initial value of 24% to 28%, 32% and 40% during
the period of several recent heatwaves [61]. It reported that the maximum temperature reduction
occurs during the night-time because of the reduced daytime heat storage and the decreased release
of sensible heat by the greenery during the night. The maximum temperature drop during the night
period was close to 0.28, 0.38, and 1.08 ◦C for the three greenery scenarios. The temperature drop
during the daytime was considerably lower and did not exceed 0.25 ◦C [61]. The impact of an increased
urban trees fraction on the ambient temperature of a subtropical Australian city, Brisbane, is discussed
in Reference [62]. The study considered a decrease of the tree cover from 45% to zero, ‘no vegetation’,
during a ten-year period using the CCAM CSIRO mesoscale climatic model. It calculated that the
maximum temperature decrease happens during the night-time and is close to 1.83 ◦C. The daily
average temperature decrease was estimated close to 0.99 ◦C, while the decrease during the peak hours
was close to 0.44 ◦C. Similar results were obtained for the suburban areas of Archerfield and Logan.
Two studies aiming to investigate the mitigation potential of additional greenery in Sydney, Australia
are reported in References [63,64]. Using the WRF climatic tool, it was estimated that when two
million additional trees are added to the city, the decrease of the peak daily temperature in Parramatta,
Western Sydney, is close to 1 ◦C [64]. The second study estimated the temperature drop in the City of
Sydney considering an increase of the trees fraction by 55%, from 20% to 75% [63]. Using ENVI-met,
it was calculated that the potential drop of the peak daily temperature was close to 1.2 ◦C. ENVI-met
was also used to calculate the mitigation potential of increased green infrastructure, from 19% to 39%
in the tropical Australian city of Darwin. The average estimated daily maximum drop of the peak
temperature was close to 0.5 ◦C [65].

In Europe, the impact on the urban climate of a central park covering 25% of the city of Bochum,
Germany, was assessed in Reference [66]. Using WRF simulations, it was estimated that the new park
may decrease the average peak daily ambient temperature by 0.45 ◦C. A similar study for the city of
Stuttgart, Germany, also based on WRF, found that an increase of the GI from 18% to 30% may decrease
the average peak daily temperature by 0.13 ◦C, while close to the new parks, the temperature drop may
be as high as 2.0 ◦C [67]. In a similar study carried out for the city of Vienna, the MICLIMA 3 tool was
used to assess the impact of increasing the size of urban parks by 20% [68]. A maximum night-time
temperature drop of 1 ◦C was found.
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Simulations using the WRF model were carried out for the city of Singapore, to estimate the cooling
capacity of a potential increase of the average urban forestry from 15% to 35%, or 40% of the dense
urban areas [69]. During the average peak daytime hours, the temperature decrease was found close to
0.3 ◦C, while it was considerably higher during the night and close to 1.0–2.0 ◦C. A significant increase
of the humidity levels was also calculated as a result of the higher tree cover. The climatic impact of
a potential increase of tree fraction by 20%, from almost 8% to 28%, in Tehran, Iran, was assessed in
Reference [70]. Using WRF, it was estimated that the maximum daily drop of the ambient temperature
was close to 0.6 ◦C, while phenomena of night-time warming, compared to the reference scenario,
were reported. In a similar study for the city of Hong Kong, China, it was calculated that an increase of
tree cover from zero to 100% could decrease the peak ambient temperature by 1.6 ◦C [71].

3.2. Association of the Temperature Drop and GI

The analysis of all the studies provided information on the potential drop of the average peak
daily and the night-time temperature for 40 and 25 case studies, respectively. Also, 20 studies provided
information on the drop of the ambient temperature during both the day and night-time. We have
selected to use the temperature drop at 15:00 as a proxy, given that it corresponds to the time of the
day that presents the maximum ambient temperature and potentially the maximum overheating load.
Such a proxy helps to identify the potential temperature drop caused by GI during the peak time.
In parallel, this proxy is the most frequently reported parameter by the relevant studies.

The potential temperature drop during the night-time caused by the GI is of specific interest as it
helps to cool down the city and reduce the ambient temperature during the next day. It also highly
affects comfort and energy conditions during the night-time. To characterise the cooling potential of
GI during the night-time, we propose to use as a proxy the maximum achieved temperature drop
between the sunset and sunrise time. Such a proxy helps to identify the maximum cooling potential of
GI during the night-time and is usually reported by all relevant articles.

The relation between the average peak daily temperature drop, ∆T15, and the initial, GIin, and final
considered tree cover, GIfin, can be described by a multiparameter correlation as below:

∆T15 = a + b GIin + c GIfin, (1)

where a = −0.0145, b = −0.01068 and c = 0.0167. The R2 of the correlation is equal to 0.83, the p-value for
both independent parameters is very low, and the correlation is statistically significant. Figure 1 plots
the reported against the predicted values, from Equation (1), of the average daily peak temperature
drop. Supplementary Table S1 provides in detail all statistical indicators of the correlation given in
Equation (1).

The relation between the reported drop of the average peak daily temperature and the increase
of the tree cover is shown in Figure 2. As shown, the average peak daily decrease of the ambient
temperature, ∆T15, may be expressed as a linear function of the increase of the tree cover ∆GI:

∆T15 = d·∆GI (2)

where d = 0.0181. The R2 of the correlation is equal to 0.90, and the p-value is very close to zero.
Supplementary Table S2 provides all the statistical characteristics of Equation (2). To minimize the
impact of outliers in the correlation, the available data of ∆T15 are grouped into four clusters of ∆GI,
as shown in Figure 3. When the average value of ∆T15 for each cluster is correlated against the
corresponding mean ∆GI value, the resulting correlation can be better presented by a second-degree
polynomial:

∆T15mean = 0.00013 ∆GI2 + 0.0079 ∆GI (3)

with an R2 equal to 0.98. The statistical characteristics of Equation (3) are given in Supplementary
Table S3.
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Figure 3. Box plots of the maximum temperature drop at 15:00 for four clusters of tree-covering
increases. Cluster 1: 0 < GI < 10, Cluster 2: 10 < GI < 20, Cluster 3: 20 < GI < 30, Cluster 4: GI > 30.

The observed non-linearity between the temperature decrease and the tree cover is in agreement
with the experimental results reported in Reference [72], where it was found that the temperature
decrease caused by greenery was a nonlinear function of the increasing canopy cover, with the higher
cooling when the tree cover exceeded 40%.

A similar expression as Equation (1) was also obtained between the average maximum temperature
drop during the night-time period and the initial and final GI values. In particular,

∆Tngt = a1 + b1 GIin + c1 GIfin (4)

where a1 = 0.4123, b1 = −0.0355 and c1 = 0.0262. The R2 of the correlation is equal to 0.86, the p-value for
both independent parameters is very low, and the correlation is statistically significant. The statistical
characteristics of Equation (4) are given in Supplementary Table S4.

Figure 4 presents the correlation between the average maximum drop of the ambient temperature
at night, ∆Tngt, and the corresponding increase of GI.

∆Tngt = d1·∆GI (5)

where d1 = 0.0344. The R2 of Equation (3) is equal to 0.76, and the p-value is very close to zero.
As observed, the slope of the ambient temperature drop is considerably higher during the night than
the daytime. This is clearly shown in Figure 5 comparing the slope of the temperature drop during the
day, left, and night-time, right. Figure 5 includes data only from case studies reporting both the day
and night-time temperature drop.
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Figure 5. Daily peak and night-time temperature drop as a function of the considered increase of the
GI. Circles correspond to the night-time temperature drop, and squares to the peak daytime decrease of
the temperature.
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3.3. Discussion and Conclusions on the Mitigation Potential of GI

Analysis of the case studies may lead to the following conclusions:

(a) The maximum potential drop of the average daily peak temperature caused by the increased tree
cover in cities may not exceed 1.8 ◦C even if the green infrastructure increases up to 100%. For a
reasonable increase of the GI by 20%, the average expected peak temperature drop is close to
0.3 ◦C.

(b) During the night, the maximum ambient temperature decrease corresponding to a GI rise of 80%
may not exceed 2.3 ◦C, while the temperature drop for a GI increase by 20% is close to 0.5 ◦C.

(c) Of the 22 studies reporting both the daytime and night-time temperature drop, 19 studies reported
a higher temperature drop during the night than the day. This is due to two main reasons:
(a) increased tree cover considerably reduces the daytime stored heat in the ground and the
corresponding release of heat by the ground during the night, and (b) the released sensible heat
by the trees during the night is considerably lower than the corresponding heat released by
impervious urban surfaces [59,61]. During the daytime, evapotranspiration is the main cooling
mechanism, however its impact on the surface energy budget may not be enough to compensate
and counterbalance heat fluxes due to advection and sensible heat released by the impervious
surfaces. The calculated magnitude of evaporation losses depends highly on the humidity of the
ground assigned by the models and the humidity content of the atmosphere [73,74].

(d) Several articles report warming effects during the night because of the increased tree cover [60,70].
Increase of the night-time temperature may be as high as 2 ◦C and is explained by the decreased
sky view factor in the urban canyons where trees are located, reducing the escape of long-wave
radiation [75].

(e) The calculated magnitude of the temperature drop highly depends on the considered urban
landscape assumptions about the location and the sizing of the additional tree cover. Simulations
considering patches of urban greenery fully covering several grid cells, when compared to
simulations considering a mixture of impervious and green surfaces in the grid cells, present higher
evapotranspiration and less heat storage during the day, and thus a considerably lower night-time
temperature. In parallel, when urban trees are surrounded by other quite warm urban impervious
surfaces and/or zones of high anthropogenic heat release, they present a considerably lower
cooling potential [76]. However, it has to be recognised that it is difficult to evaluate sources
of uncertainty regarding the simulation assumptions and accuracy around the coupling and
evaluation of the specific land conditions in cities.

(f) Simulations carried out with the WRF mesoscale model are highly influenced by the considered
parameterisation scheme. The tool offers four parameterisation schemes presenting different ways
to characterise the interaction between the land surfaces and the lower atmosphere: The bulk
urban parameterisation, the single layer and the multi-layer parameterisation schemes [77–79],
and another multilayer scheme considering outdoor–indoor interactions [80]. Simulations
carried out for the city of Stuttgart using different parameterisation schemes revealed important
differences in the obtained results [67].

(g) Deployment of additional trees in cities may raise the levels of ambient relative humidity and
deteriorate the levels of thermal comfort. Especially in tropical cities where relative humidity
is considerably high, a further rise of the ambient humidity levels may be a serious problem.
Simulations for Singapore have shown that deployment of additional greenery may increase the
levels of relative humidity by up to 8% [69].
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4. Impact of Increased Green Infrastructure on Urban Pollution Levels

4.1. Introduction and Identity of the Studies

Increase of urban tree cover is associated with multiple dynamic and chemical changes in the
lower atmosphere. Vegetation accumulates particulate matter by sedimentation, interception and
impaction, while it also absorbs gaseous pollutants such as NOx and O3 mainly through the stomata of
the leaves [81]. Absorption of pollutants varies significantly between tree species, while removal of the
pollutants depends on several parameters like the concentration of the pollutants, tree species traits
such as leaf area, stickiness, porosity and roughness, length of growing season, the canopy structure,
the size of pollutant particles, meteorological conditions and possible precipitation [82,83]. In parallel,
trees emit biogenic VOCs (BVOCs), like isoprenoids, monoterpenes and sesquiterpenes, which are
much more reactive than the anthropogenic VOC emissions, and about 2–3 times more reactive than the
weighted average emissions from petrol combustion [84–86]. Isoprenoids interact with nitrogen oxides
and seriously affect the concentration of ground-level ozone, while monoterpenes and sesquiterpenes
increase the production of airborne particles during the hot summer period [70]. As already discussed,
increase of tree cover results in lower ambient and surface temperatures, which may have either a
positive or negative impact on pollutant concentration. Positive impacts include the reduction of BVOC
emission rates [87,88] and the decrease of the rate of photochemical reactions [89]. Negative impacts
are related to reduced buoyancy and turbulent mixing caused by trees, resulting in lower Planetary
Boundary Layer Heights (PBLH), where pollutants are mixed, which may increase the concentration of
the primary gaseous pollutants like NOx, and primary airborne particles [90].

Apart from the reduced surface temperature, trees may decrease wind speed in the built
environment, vertical mixing and atmospheric dispersion, increasing the concentration of pollutants in
the urban canyons and canopies, while it may affect the circulation of sea breezes in coastal areas and
the transport of precursors and pollutants in the city domain [91–93].

It is widely accepted that additional urban green infrastructure has a non-linear feedback on
urban pollution levels, while the impact may be either positive or negative depending on the urban
form and vegetation characteristics.

Eleven studies assessing the potential impact of increased urban green infrastructure on pollutant
concentrations were analysed [51,55,56,93–98]. The main characteristics and results of the studies
are depicted in Table 1. Seven of the studies refer to USA cities or regions (Bronx, NY, Kansas City,
New York, Atlanta, California South Coast Air Basin and two studies for North Eastern cities), three
studies are for UK cities and regions (Greater London area, West Midlands and Glasgow), and one
study for Melbourne, Australia. Seven of the studies analyse the potential impact of increased urban
green infrastructure on ground-level ozone, six on particulate matter (PM10, PM2.5) and one on NO2,
SO2 and CO. The characteristics and the findings of the studies are analysed below.

4.2. Impact of Additional Greenery on Particulate Matter

Relevant studies can be classified in two groups: Those focusing on the estimation of the removal
rate of particulate matter mainly because of the deposition of the particles [51,83,98], while the second
group of studies focuses on the impact of the additional trees on the spatial concentration of particles in
a city or region taking into account the global phenomena influencing pollutant concentration [84,97].

The potential impact of enhanced urban green infrastructure in Bronx, New York, NY, USA,
was investigated in Reference [51]. A well-defined planting program for each census block of the city
was presented and its impact on the actual and future (2030) PM2.5 concentration was evaluated for
three different tree mortality scenarios: no mortality, 4% and 8% annual mortality. While the current
tree cover in the city is 2470 ha, or 22.7% of the total land, it is estimated that by 2030, it will increase up
to 24.9%. The i-Tree assessment tool was used to estimate and characterise the benefits of the additional
green infrastructure [99]. It was reported that during 2010, trees removed 5.1 tonnes/year of PM2.5,
while the increase of the green infrastructure by 2030 may raise the removal of pollutants to between
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5.6 and 6.2 tonnes/year, corresponding to an increase of between 9.8% and 21.6% depending on the
selected tree mortality scenario.

The impact of increased tree cover from 20 to 80 trees per ha on six atmospheric pollutants
including PM2.5 and PM10, in the Brooklyn industrial precinct of Melbourne, Australia, was assessed
in Reference [83]. Calculations were also performed using the i-Tree assessment tools. It was estimated
that the existing trees remove up to 7 kg of PM2.5 and 225 kg of PM10 per year. When new trees
were considered, the removed quantities rise to 43 kg/year of PM2.5 and 1474 kg/year of PM10.
This corresponds to an increase of the removed pollutants close to 514% for PM2.5 and 555% for PM10.

The impact of an increase of tree cover from 20% to 30% on the removal of PM10 in the Greater
London Area, UK, was investigated in Reference [98]. Calculations were performed using the Urban
Forest Effect Model, UFORE. It is calculated that by 2050, between 1109 to 2379 tonnes of particles can
be removed by the urban greenery. This corresponds to a removal rate of between 1.1% and 2.6%.

The potential impact of enhanced green infrastructure on the concentration of PM2.5 and
ground-level ozone in Kansas City, USA, was investigated in Reference [84]. A detailed greening
scenario was considered and evaluated using the coupled WRF-CMAQ mesoscale climatic simulation
model. It was calculated that the increase in tree cover may raise the concentration of PM2.5 in the
city’s downtown area by about 10% or 1.1 µg per cubic meter during the night-time. The calculated
increased concentration of PM2.5 is associated with the decrease of surface temperature caused by the
additional trees that lowers the height of the Planetary Boundary Layer (PBL), limits the ventilation
potential and increases the concentration of primary PM2.5 close to the ground. During the daytime,
the concentration of airborne particles may decrease in specific parts of the city because of the slower
rate of chemical reactions caused by the lower ambient temperature.

The potential impact of additional greenery on the concentration of PM10 in West Midlands and
Glasgow in the UK, was investigated in Reference [97]. Simulations of the pollutant concentration were
performed using the atmospheric transport model FRAME. Two greening scenarios were investigated
for West Midlands, involving increase of the tree cover from 3.75% to 16.5% and 54% For the low
greening scenario. It was calculated that about 110 tonnes/year of airborne particles are removed from
the atmosphere, while the average concentration of the primary pollutants decreases by 10% from
2.3 mg/m3 or 18.0 mg m−3 of total PM10, to 2.1 mg/m3 of primary PM10. When the tree cover increases
to 54%, it was calculated that about 200 tonnes/year of PM10 are removed from the atmosphere and the
total concentration may decrease by 26%.

Two scenarios of greenery increase from 3.75% to 8.0% and 14% were also investigated for the
city of Glasgow. It was calculated that the moderate increase of greenery may contribute to remove
4 tonnes/year of PM10, resulting in a reduction of the average PM10 concentration by 2%. Under the
high greenery increase scenario, about 13 tonnes/year of PM10 are removed and average concentration
decreases by 7%. Most of the pollution reduction is estimated to happen in the outskirts of the city,
while a quite limited decrease of the PM10 concentration is calculated for the city centre because of the
limited space for additional tree planting.

Analysis of the above studies leads to the following conclusions:

(a) Additional urban green infrastructure substantially increases the removal of particles from the
atmosphere mainly through deposition processes. The magnitude of the removal depends on
several parameters like the type and size of trees, the type of tree cover, the concentration of
the particles in the atmosphere and the specific transport and climatic conditions. Particle size
determines the magnitude and the process of deposition. While large particles, >10 mm in
diameter, fall in the soil below the trees by sedimentation, particles with diameter between 1 to
10 mm are deposited as trees force the air flow to bend, while ultrafine particles below 1 mm are
deposited by diffusion [100,101]. Numerical simulations have shown that increased greenery
in canyons contributes to reduce the concentration of airborne particles in canyons up to 60%,
which seems a quite high value [102].
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(b) Dispersion because of the aerodynamic impact of trees may considerably decrease the
concentration of airborne particles. Simulations carried out for the city of Leicester, UK, showed that
aerodynamic dispersion resulted in a 9.0% reduction of PM2.5 concentration, while deposition on
trees resulted in a reduction close to 2.8% [103]. However, several studies have reported that in
urban canyons, trees may change the roughness properties, resulting in a considerable increase of
the concentration of particulate matter [104–106].

(c) Although additional tree cover is associated with a higher removal of particles, the concentration
of particulate matter in the atmosphere may increase as additional greenery reduces the surface
temperature, affecting the height of the PBL and trapping the particles in the lower atmosphere,
thereby reducing ventilation and transport of pollutants. Increase of particle concentration was
predicted for Kansas City but not for West Midlands and Glasgow. Analysis of relevant data
from Montreal has also found that increase of the PBLH resulted in a negligible increase of the
PM2.5 daily average concentration [107]. It is evident that meteorological as well as landscape
parameters determine the potential decrease of the PBL and the corresponding rise of pollutant
concentration in a city. Given that most of the information is from simulation studies and
not systematic in situ measurements, the accuracy of the used models to describe the complex
phenomena is a serious issue to be considered.

4.3. Impact of Additional Greenery on Ground-Level Ozone

Of the seven studies evaluating the impact of additional urban green infrastructure on ground-level
ozone, one study focuses on the potential removal of O3 in Melbourne, Australia, while the rest of the
studies analysed the global impact on the atmospheric concentration of ozone [83]. The Australian
study found that an increase of tree cover at the Brooklyn industrial area of Melbourne from 20 to
80 trees per hectare may improve the removal of the ground-level ozone from 246 to 1885 kg per
year [83].

Evaluation of the potential impact of additional greenery on ground-level ozone in Kansas City,
USA, concluded that the ozone concentration may decrease in the downtown area up to 2.0 ppbv
(PARTS PER BILLION BY VOLUME) during the daytime [84]. This happens as the higher vegetation
fraction increases dry deposition and decreases the ambient temperature, resulting in slower rates of
the relevant chemical reactions. Much higher reductions of the ozone concentration, up to 5.2 ppbv,
are calculated during the night, mainly because of the titration phenomena associated with the increased
NOx concentration caused by the significant reduction of the PBLH. Increase of the ozone concentration
was also calculated for some areas of the city and some parts of the overall calculation domain.

The potential impact of increased greenery cover, from 20% to 40%, on the concentration of
ground-level ozone in North-Western cities of USA, and in particular from Washington DC to central
Massachusetts, was investigated in References [55,56]. Simulations were performed using the Colorado
State University Mesoscale Model (CSUMM) and Urban Airshed Model (UAM-IV). Calculations
demonstrated a decrease of the average daytime ozone concentration close to 1 ppb, or 2.4%, and a
peak decrease close to 2.4 ppb, or 4.1%. In parallel, some domains of the model calculated an increase
of the average ozone concentration of up to 0.26 ppb. During the night, the ozone concentration was
found to increase because of the higher deposition of NOx and reduced wind speeds. During the day,
it was calculated that both the concentration of NOx and BVOCs increased, while the height of the PBL
decreased slightly following the variation of the ambient temperature and wind speeds. Despite the
increase of BVOCs caused by the higher tree cover, the increase of deposition as well as the slower
chemical reactions and the higher NOx concentrations contributed to lower the ozone concentration.

The OZIPM4 Computer Program was used to calculate the impact of tree losses in Atlanta, GA, USA,
by 20% [85]. It found that decreased tree cover in the city may slightly raise the ozone concentration.

Two scenarios considering an increase of the tree cover by 10% and 30% were investigated
for the city of New York, USA. Simulations were performed using the MMA mesoscale climatic
model [86]. A slight decrease of the average ozone concentration, up to 4 ppb, was calculated for
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both the moderate and high greenery scenarios, while in several parts of the computational domain,
the ozone concentration slightly increased. Given that the average benefits are similar for both the
moderate and high scenarios, the authors concluded that an increase of tree cover above 10% may not
offer additional benefits if the criteria are limited to the 1 h ozone maximum values.

The impact of increased tree cover on the ozone concentration in California’s South Coast Air
Basin, USA, was investigated in Reference [89]. Two scenarios considering an increase of the tree
cover by 6% and 12% were studied. Simulations were performed using the Colorado State University
Mesoscale Model (CSUMM) and the Urban Airshed Model (UAM). It was calculated that increase of
tree cover contributes to a net reduction of ozone concentration up to 30 ppb, provided that the new
trees are low emitters of biogenic hydrocarbons. On average, the domain-wide population-weighted
exceedance exposure to ozone above the threshold of the California standard decreased by up to
14% during the afternoon hours. While most of the simulated areas presented a decrease of ozone
concentration, several domains exhibited a rise of ozone concentration of up to 20 ppb. Simulations
also showed that when moderate and high emission trees are considered, the ozone concentration
increases considerably because of the higher BVOC emissions.

Analysis of the considered studies leads to the following conclusions:

(a) The chemistry and atmospheric dynamics determining the concentration of ground-level ozone is
complex and the relationship between increased tree cover and ozone concentration is not simple.
Ozone is generated as a result of photolysis of NO2 when VOCs are present [85]. More urban green
infrastructure increases the emission of BVOCs to the atmosphere. In parallel, it results in a higher
dry deposition and absorption of ozone and NOx and lower ambient temperatures that decrease
the emission rate of BVOCs and slow the photochemical reactions. Lower surface temperature
usually decreases the height of the PBL, blocking pollutants in the lower atmosphere like NOx

that may result in decreased ozone concentrations because of titration processes. However,
an analysis carried out for Montreal, Canada, found that the decrease of the PBLH caused a
negligible decrease of the ozone concentration [107]. More tree cover may result in a decrease of
the wind speed in the lower atmosphere and a reduced removal of ozone.

(b) The magnitude of the dry deposition of ground-level ozone considerably affects its balance in the
atmosphere [15]. It is estimated that during 2010, urban trees removed almost 523 kilotonnes/year of
ozone in 55 US cities [108] and 12.87 kilotonnes/year in 87 cities in Canada [109]. The standardised
removal rates of ozone can be as high as 0.4 g/m2/y/ppb [15], while the mean annual reduction
of the ozone hourly concentration varies from 0.1% to 1.5% [15]. In parallel, trees absorb ozone
and assimilate NOx. Their assimilation capacity differs up to a factor of 122 between different
species [110,111]. Although important models have been developed to assess the removal capacity
of trees, there is considerable uncertainty regarding the reported values [15].

(c) The chemistry between NOx and O3 is quite complex and depends on their relative concentrations.
High concentration of NOx, mainly generated from motor traffic, react with O3, converting
it to O2, decreasing its concentration through a titration effect. This is a potential source of
uncertainties resulting in significantly contrasting results reported from experimental studies.
Measurements carried out in parks and green zones found a low concentration of NOx and a
high or equal concentration of ozone compared to adjacent non-vegetated zones, while in
some experiments, lower ozone concentrations were observed in green areas only after
rainfall [81,112–115]. Contrary to the above studies, measurements performed in Baltimore,
MD, USA, did not find substantial differences in NOx concentration in green and adjacent
open residential spaces, while the concentration of ozone was considerably lower in the green
zones [116]. Similar conclusions were drawn in Reference [117], reporting measurements in
Spain. As concluded in Reference [118], urban parks and forests do not significantly affect the
concentration of NOx, and a potential decrease of the ozone concentration may be the result of the
increased absorption by the trees and also of the reduced surface temperature and solar radiation
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in parks that slows down the photochemical reactions. Differences of NOx concentration between
green and non-green zones may result because of the proximity to high-traffic areas.

(d) Chemical reactions associated with the titration of ozone are less temperature-sensitive than
photochemical reactions generating the atmospheric ozone. According to Reference [55], titration is
the dominant mechanism depleting ozone at the ground level, while at the upper levels of the
atmosphere, ozone is created through photochemical reactions, and then is transferred to the
ground level because of the vertical diffusion. It was observed that high vertical diffusion values
correspond to days with the highest ozone concentration.

(e) Almost all studies concluded that increased urban tree cover results in a net decrease of the
ozone concentration, however several urban zones may exhibit an increase. Most of the studies
investigating the balance of ozone uptake and formation concluded that urban trees generally
contribute to decrease the concentration of ground-level ozone [112,118]. However, numerous
experimental studies have not found reduced ozone concentration in tree canopies compared to
adjacent non-vegetated open zones [115,119].

(f) The rate of BVOC emissions from the additional trees seems to be the determinant factor regulating
the atmospheric concentration of ozone. Low emitters, emitting under 2 µg/g/h of isoprene and
1 µg/g/h of monoterpenes, may result in a net decrease of the atmospheric ozone [89]. On the
contrary, moderately or highly emitting trees may result in increased ozone concentrations.

5. The Impact of Increased Green Infrastructure on Health

5.1. Introduction and Identity of the Studies

Green infrastructure in the built environment supports human health mainly through urban
temperature mitigation and modulation of heatwaves, decrease of pollutants and air quality
improvements, aesthetic and psychological benefits, provision of spaces for social interaction and
social activity [120].

There is an increasing number of studies aiming to evaluate the relationship between green
infrastructure in the built environment and health [121–124]. Systematic reviews of numerous relevant
articles concluded that natural environments have a positive impact on wellbeing, while there is a
significant positive association between the characteristics of the green spaces around residences with
perceived general and mental health [124,125].

In addition, several studies have investigated the impact of green infrastructure on mortality,
morbidity and life expectancy [123,126–129]. According to Reference [122], there are four mechanisms
explaining the beneficial effects of green infrastructure on mortality and life expectancy:

(a) The natural outdoor environment influences health and wellbeing through viewing and observing
green outdoor spaces.

(b) Greener spaces are associated with lower pollution levels and reduced temperature in healthier
environments that affect the human immune system.

(c) Natural and green outdoor spaces offer higher opportunities to perform physical activity.
(d) Natural and green outdoor spaces offer higher opportunities for social interactions.

Although the existing studies assessing the impact of green infrastructure on human mortality are
based on different assumptions, assessment methodologies and the reported results are heterogenous.
Systematic reviews and meta-analyses have shown that a higher proportion of residential green is
associated with reduced risk of mortality from cardiovascular disease, while no impact of GI on lung
cancer was found [122]. Conflicting conclusions are reported about the potential impact of green
infrastructure on all-cause mortality. According to a meta-analysis of 10 relative studies, there is
limited evidence of an association between reduction of all-cause mortality and residential green spaces.
A second systematic review analysing six relevant articles concluded that there is limited or suggestive
evidence of higher mortality risk in less green areas [130]. A third systematic review assessing five
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relevant papers concluded that there is strong evidence that residential greenness reduces all-cause
mortality, while an analysis of the impact of neighbourhood-level factors on heat-related mortality
in London, UK, concluded that the odds of mortality increase significantly in urban areas with less
greenery cover [124,131]. Similar results are reported for Seoul, Korea [132].

The impact of greenery on air quality and its association with mortality and morbidity in the United
States was assessed in References [133,134]. It was reported that the removal of particulate matter from
trees was directly linked to health benefits and in particular, reduced mortality and morbidity, as well
as reduced respiratory symptoms. It was estimated that the health benefits per hectare values are close
to US$1600, while in Portland, Oregon, lower pollution levels caused by urban greenery considerably
decreases respiratory problems, offering a total financial benefit of close to US$7 million/year. It was
reported that one percent improvement of air quality caused by greenery may save 850 deaths per
year and about 670,000 incidences of acute respiratory problems. Other similar studies have reported
that urban forests in Rome decrease the concentration of ozone by 3% and contribute to save 4 deaths
per year [135]. In Madrid, Spain, it was estimated that a peri-urban park contributes to decrease the
concentration of ozone up to 10 µg/m3, decreasing the relative risk of mortality by 0.9%, corresponding
to about one premature death per year [136]. In London, UK, it was calculated that a greenspace of 1
× 10 km in Eastern London, contributes to remove 90.4 tonnes/y of PM10, decreasing mortality and
hospital admissions by 2 deaths per year [137]. A study focussing on the impact of pollutant removal
by woodlands on heat-related morbidity and mortality in Britain has employed existing assessments on
the capacity of trees to remove atmospheric pollutants like particulate matter, ozone and SO2, and also
identified correlations between morbidity levels and pollutant concentrations [138]. It was estimated
that in Britain, woodland contributes to avoid between 4 to 6 hospital admissions and 5–7 deaths per
year. Finally, a study in Melbourne, Australia, found that the odds of hospital admissions for heart
disease or stroke were 37% lower among adults living in neighbourhoods with the highest tertiles of
greenery compared to those living in the lowest tertiles [139].

5.2. Impact of Increased Green Infrastructure on Heat-Related Mortality

There are five studies assessing the impact of a potential increase or decrease of urban green
infrastructure on heat-related mortality [58,59,64,65,140]. The impact of additional tree cover on health
was assessed in terms of the potential temperature decrease, while the impact on air quality was
not considered. The studies present 13 different scenarios for seven cities: New Orleans, Dallas,
Philadelphia and Detroit, USA, and Melbourne, Parramatta and Darwin, Australia. The studies for
New Orleans, Detroit and Philadelphia focus on the impact of increased tree cover during specific
heatwaves, while the rest of the studies concentrate on the whole summer period. All studies assessed
the potential decrease of the ambient temperature caused by the increased or decreased tree covering
using microscale (Darwin) and mesoscale climatic modelling (all the rest). The accuracy of the
mesoscale modelling highly depends on the exact description of the land use in the selected place,
the size of the grid, the assumed boundary and initial conditions, the characteristics and accuracy of
the sub-models used and the validation against existing climatic data in the area. Table 1 provides
information on the type of mesoscale model used and the size of the considered grid. As shown, newer
studies used a finer grid up to 500 × 500 m, while past studies were based on coarser grid sizes up to
2 × 2 km. All studies were validated against existing climatic data.

At a second phase, correlations between historical data of heat-related mortality and climatic
parameters were used to assess the potential increase/decrease of mortality. Correlations excluded
deaths not related to heat, while assessments were adjusted to consider demographic changes.
The excess or anomalous daily mortality was then assessed as the difference against the expected
mortality. Two different methods to calculate the excess mortality were used. For all the American
cities, the mortality levels were evaluated during the oppressive hot and very hot synoptic conditions,
and empirical correlations between the excess mortality and climatic parameters were obtained for
each type of synoptic conditions [141]. The second method used in all Australian cities was based on



Buildings 2020, 10, 233 17 of 34

global correlations between the excess heat-related mortality and the climatic conditions during the
whole summer period. In both cases, the same empirical relations were used to assess mortality before
and after the increase or decrease of the tree cover in each city.

All studies provided data on the potential decrease of the maximum or mean daily temperature
as well as information on the mortality levels before and after the potential change of the tree cover in
the cities. The results follow a relatively similar format and comparisons are possible.

Analysis of the 13 cases shows that increase of tree cover in cities may contribute to reduce the
levels of heat-related mortality (HRM) between 1.5% and 49% (Supplementary Tables S1 and S6).
The lowest decrease of HRM is observed in the city of Detroit, USA, and the maximum in Parramatta,
Australia. A quite strong linear correlation is observed between the calculated decrease of the maximum
daily temperature at 15:00 and the percentage of HRM decrease (Figure 6). On average, it is observed
that decrease of the maximum ambient temperature by 1 ◦C reduces the HRM by about 30.5%, as in
the following relation:

Percentage Decrease of HRM = 39.45 × DTmax (6)

where DTmax is the decrease of the maximum daily temperature. The correlation is statistically
significant, p = 2.9 × 10−7 and R2 = 0.896. Sensitivity analyses excluding one study at a time showed
similar results, while the slope of the curve varied between 27.0 and 31.1. The statistical characteristics
of Equation (6) are given in Supplementary Table S6.
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Previous research has found that socioeconomic and demographic parameters, like urban poverty
and the size of the city, significantly affect the levels of heat-related mortality [142,143]. The possible
association of the percentage decrease of the heat-related mortality caused by the increase of the GI
was shown in Figure 6. A city with local poverty rates and population size was investigated, however,
the association was not found to be strong or statistically significant.

While it is evident that there is a positive association between increased tree cover and mortality,
several issues need to be considered to quantify in a more precise way the benefits in terms of mortality
and morbidity.

(a) New green infrastructure in cities needs several years to grow and contribute substantially to
lower urban temperatures and heat-related mortality and morbidity. According to the greening
plans developed for several cities, the growing period may exceed 20 or even 30 years [140]. It is
reasonable to consider that the future demographic and socioeconomic conditions will change
considerably compared to the past and current times. Additionally, human technological and
physiological adaptation may alter the existing relationship between the ambient temperature and
heat-related mortality and morbidity [144,145]. Thus, the use of correlations between the ambient
conditions and the heat-related mortality and morbidity based on past health data induces a
very significant uncertainty regarding future health assessments. It is of considerable interest
that new assessment studies should investigate and integrate the issues of altered socioeconomic,
demographic and adaptation conditions in the global models.

(b) It is well-documented that the frequency of heatwaves and extreme summer weather events is
increasing constantly [146]. In parallel, heatwaves have a synergetic effect with the urban heat
island, further increasing urban temperatures and drought conditions [147,148]. Recent research
has shown that during extreme or high summer ambient temperatures, the cooling potential
of trees is seriously reduced or even minimised [41,149]. During excessive temperature and
drought conditions, trees may close their stomata while the surface temperature of leaves
increases, contributing more sensible heat to the atmosphere and increasing the ambient
temperature [150,151]. Incorporation of the new stomata model of trees into global climate
models has shown that the maximum ambient temperature during heatwaves may increase up
to 5 ◦C, on top of the temperature increase caused by the increase of greenhouse gases [152].
The specific predictions highly exceed previous assessments on the potential contribution of
greenery during extreme heat events [153,154]. Given the high growth period of new trees and
the expected increase of the ambient temperatures, the existing relations between additional tree
cover and ambient temperature may be seriously modified, altering the capacity of urban greenery
to reduce heat-related mortality and morbidity. The development of new genetically modified
tree species resistant to higher temperatures may offer additional cooling opportunities [155].

(c) Increased tree cover affects the concentration of harmful pollutants like O3, NOx, VOCs and
particulate matter, while numerous studies have documented the impact of pollution levels on
human health [108,109,156,157]. Existing studies evaluate the potential impact of additional green
infrastructure on mortality and morbidity in terms of temperature or pollution decrease caused
by the urban trees. However, it is evident that there is a synergetic impact that may enhance the
magnitude of the potential benefits to health. It is characteristic that high ozone concentrations are
usually observed during extreme heat events [157]. To our knowledge, no studies are available
considering both the temperature and pollution variation in a synergetic way.

(d) Increase of urban greenery may affect the concentration of some pollutants in a negative way,
like ground-level ozone, which could be detrimental to health [158]. It is characteristic that more
than 21,000 premature deaths have been reported in the EU countries because of the increased
ozone concentrations [159]. No studies are available on the potential negative impact of additional
urban greenery on health, and although the impact may not be particularly high, it is important
to be considered and analysed.



Buildings 2020, 10, 233 19 of 34

Table 1. Characteristics and results of all the analysed scenarios and cases of increased tree covering.

Part 1: Assessment of the Mitigation Potential, HR Mortality and Morbidity

City Scenario Simulation Period Simulation Tool Impact on Temperature Impact on Mortality Impact on Morbidity Reference

Darwin,
Australia

Increase of tree
cover tree cover

from 19% to 39%.
Wet and dry

seasons in 2016
ENVI-met

6 × 6 m
Decrease of the average
peak daily temperature

by 0.5 ◦C

Calculation of the HRM based
on correlations between the

local ambient temperature and
mortality. Decrease of mortality
by 19.3% against the base case.

Greenery reduces the
annual excess hospital

admissions of 40.14
to 27.51.

[65]

Paramatta,
Australia

Increase of the tree
cover from 20%

to 70%.
Summer months

2002–2016
WRF

Resolution:
500 × 500 m

Decrease of the average
peak daily temperature

by 1.0 ◦C

Calculation of the HRM based
on correlations between the

local ambient temperature and
mortality. Decrease of mortality
by 49% against the base case.

The daily excess HR
morbidity decreases from
3.66 hospital admissions

per day to about 2.6.
[64]

Part 2: Assessment of the Mitigation Potential and HR Mortality

City Scenario Simulation Period Simulation Tool Impact on Temperature Impact on Mortality Reference

New Orleans,
LA, USA

Increase of the tree
cover from 25%

to 35%

Heatwaves
31 May–2 June

1998
16–18 June 1998
14–8 July 2000

WRF
Resolution 2 × 2 km

Reduction of the average
afternoon ambient

temperature by 0.21 ◦C

Calculation of the HRM for the offensive air mass types.
Decrease of HRM by 0.82 deaths per day and
100,000 population, or 15% of the base case.

[58]

Philadelphia,
PA, USA

Increase of the tree
cover from 15%

to 25%

Heatwaves
22-26 June 1997

3–8 July 1999
23–29 July 1999

WRF
Resolution 2 × 2 km

Reduction of the average
afternoon ambient

temperature by 0.32 ◦C

Calculation of the HRM for the offensive air mass types.
Decrease of HRM by 0.67 deaths per day and
100,000 population or 5.7% of the base case.

[58]

Detroit, MI, USA
Increase of the tree

cover from 15%
to 25%

Heatwaves
13–16 July 1995,

6–11 June 1999, 6–9
August 2001

WRF
Resolution 1 × 1 km

Reduction of the average
afternoon ambient

temperature by 0.1 ◦C

Calculation of the HRM for the offensive air mass types.
Decrease of HRM by 0.09 deaths per day and
100,000 population or 1.5% of the base case.

[58]

Philadelphia,
PA, USA

Increase of the GI
from 31% to 35% Years 2020–2049 Based on past WRF

simulations
Reduction of the average

peak daily ambient
temperature by 0.14 ◦C

Calculation of the HRM for the offensive air mass types.
Decrease of the mortality by 5.6% compared to the base case. [140]

Philadelphia,
PA, USA

Increase of the tree
cover from 31%

to 52%
2020–2049 Based on past WRF

simulations
Reduction of the average

peak daily ambient
temperature by 0.97 ◦C

Calculation of the HRM for the offensive air mass types.
Decrease of the mortality by 26.6% compared to the base

case. Reduction of deaths by 135–315 deaths over the period
2020 through 2049.

[140]

Melbourne CBD
area Australia

Increase of the GI
from 15% to 100% 2009–2050

(UCM-TAPM)
Multiple one-way
nesting procedure,

steps of 30, 10, 3 and
1 km.

Decrease of the average
peak daily temperature

by 1.7 ◦C

Calculation of the HRM based on correlations between the
local ambient temperature and mortality of elderly people.

Decrease of mortality by 45% against the base case.
[59]
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Table 1. Cont.

Part 2: Assessment of the Mitigation Potential and HR Mortality

City Scenario Simulation Period Simulation Tool Impact on Temperature Impact on Mortality Reference

Melbourne CBD
area Australia

Increase of the GI
from 15% to 49% 2009–2050

(UCM-TAPM)
Multiple one-way
nesting procedure,
steps of 30, 10, 3

and 1 km.

Decrease of the average
peak daily temperature

by 0.76 ◦C

Calculation of the HRM based on correlations between the
local ambient temperature and mortality of elderly people.

Decrease of mortality by 20% against the base case.
[59]

Melbourne CBD
area Australia

Increase of the GI
from 15% to 38% 2009–2050

(UCM-TAPM)
Multiple one-way
nesting procedure,
steps of 30, 10, 3

and 1 km.

Decrease of the average
peak daily temperature

by 0.6 ◦C

Calculation of the HRM based on correlations between the
local ambient temperature and mortality of elderly people.

Decrease of mortality by 10% against the base case.
[59]

Melbourne CBD
area Australia

Decrease of the GI
from 15% to 5% 2009–2050

(UCM-TAPM)
Multiple one-way
nesting procedure,

steps of 30, 10,
and 1 km.

Increase of the average
peak daily temperature

by 0.2 ◦C

Calculation of the HRM based on correlations between the
local ambient temperature and mortality of elderly people.

Increase of mortality by 13% against the base case.
[59]

Melbourne CBD
area Australia

Increase of the GI
from 15% to 33% 2009–2050

(UCM-TAPM)
Multiple one-way
nesting procedure,
steps of 30 m 10, 3

and 1 km.

Decrease of the average
peak daily temperature

by 0.25 ◦C

Calculation of the HRM based on correlations between the
local ambient temperature and mortality of elderly people.

Decrease of mortality by 12% against the base case.
[59]

Dallas, TX, USA Increase of the GI
from 27.5% to 35%

Summer months
2011

WRF
Resolution:
500 × 500 m

Decrease of the average
peak daily temperature

by 0.38 ◦C

Exposure-response relationship between temperature and
mortality. Decrease of mortality by 5.7% against the

base case.
[54]

Part 3: Assessment of the Mitigation Potential and HR Morbidity

City Scenario Simulation Period Simulation Tool Impact on Temperature Impact on Morbidity Reference

Phoenix,
AZ, USA

Increase the GI
by 5% 2002–2006

Zero-dimensional
energy

balance model

Decrease of the average
daily temperature

by 1.7%.
Heat-related emergency calls decreased by 17%. [160]

Phoenix,
AZ, USA

Increase the GI
by 10% 2002–2006

Zero-dimensional
energy

balance model

Decrease of the average
daily temperature

by 3.6%.
Heat-related emergency calls decreased by 35%. [160]

Phoenix,
AZ, USA

Increase the GI
by 15% 2002–2006

Zero-dimensional
energy

balance model

Decrease of the average
daily temperature

by 5.4%.
Heat-related emergency calls decreased by 53%. [160]

Phoenix,
AZ, USA

Increase the GI
by 20% 2002–2006

Zero-dimensional
energy

balance model

Decrease of the average
daily temperature

by 7.2%.
Heat-related emergency calls decreased by 70%. [160]
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Table 1. Cont.

Part 3: Assessment of the Mitigation Potential and HR Morbidity

City Scenario Simulation Period Simulation Tool Impact on Temperature Impact on Morbidity Reference

Oslo, Norway Zero GI in the city Summer 2018

Satellite measured
surface temperature

data correlated
against ambient air

temperature

-
No relation between temperature and morbidity except for

skin-related problems. Trees reduce the potential heat
exposure for the elderly by 1.3 ± 0.1 heat risk person days.

[161]

Part 4: Assessment of the Air Quality and Mitigation Potential

City Scenario Simulation Period Simulation Tool Temperature Decrease Impact on Air Quality Reference

Bronx, NY, USA Increase of GI from
24.9% to 26.2% 2010–2030 i-Tree assessment

software
Decrease of the average
peak daily temperature

by 0.09 ◦C
Increase of the removal PM2.5 by 9.8%, 13.7% and 21.6% for

the high, average and low tree mortality rate. [51]

North-eastern
USA

Increase of the
urban GI from 20%

to 40%
Period of

heatwaves CSUMM tool
Decrease of the average
peak daily temperature

by 0.4 ◦C

Decrease in daytime hourly ozone concentrations of 1 ppb
(2.4%) with a peak decrease of 2.4 ppb (4.1%). Increases in

some parts of the computational domain.
[55,56]

New York,
NY, USA

Increase of GI from
10% to 30% Heatwaves MMA mesoscale tool

Decrease of the average
peak daily temperature

by 0.4 ◦C
Domain-wide drop of about 4 ppb of ozone (132 to 128 ppb). [86]

New York,
NY, USA

Increase of GI from
10% to 20% Heatwaves MMA mesoscale tool

Decrease of the average
peak daily temperature

by 0.15 ◦C
Domain-wide drop of about 4 ppb of ozone (132 to 128 ppb). [86]

Part 5: Assessment of the Air Quality

City Scenario Simulation Period Simulation Tool Impact on Air Quality Reference

Brooklyn,
Melbourne, AU

Increase of trees
from 20 to 80 trees

per hectare
Current i-Tree assessment

software

Increase of pollutant removal by 660%, from 577 to 4500 kg
NO2: from 68 to 964 kg; SO2: from 22 to 125 kg; PM10: from 225 to 1474 kg.

PM2.5: from 7 to 43 kg; O3: from 246 to 1885 kg.
CO: from 9 to 10 kg.

[83]

Atlanta,
GA, USA

Reduction of
Urban GI by 20% Current The OZIPM4

Computer Tool Increase of ozone concentration (0% to 5%). [85]

Kansas City,
MO, USA

Non-quantified
increase of GI Current WRF-CMAQ tool

Increase of PM2.5 10% or 1.1 µg m−3 during the night period.
Decrease of O3 concentration by 2.0 ppbv during the daytime, and 5.2 ppbv during the

night. Increase in some domains of the city.
[84]

West Midlands,
UK

Increase of GI from
3.75% to 16.5% - Atmospheric

FRAME model
Reduction of the average PM10 concentrations by 10% from 2.3 to 2.1 mg m−3, removing

110 tonnes per year of primary PM10 from the atmosphere. [97]

West Midlands,
UK

Increase of GI from
3.75% to 54% - Atmospheric

FRAME model
Reduction of the average PM10 concentration by 26%, removing 200 tonnes of primary

PM10 per year. [97]

Glasgow, UK Increase of GI from
3.75% to 8.0% - Atmospheric

FRAME model Reduction of the primary PM10 concentrations by 2%, removing 4 tonnes of PM10 per year. [97]

Glasgow, UK Increase of GI from
3.75% to 21% - Atmospheric

FRAME model
Reduction of the primary PM10 air concentrations by 7%, removing 13 tonnes of primary

PM10 per year. [97]
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Table 1. Cont.

Part 5: Assessment of the Air Quality

City Scenario Simulation Period Simulation Tool Impact on Air Quality Reference

California’s
South Coast Air

Basin, USA
Moderate Increase
of greenery by 6% - CSUMM Tool

If low-emitting plants are used, the decrease of the population-weighted exceedance
exposure to ozone above the Californian and National thresholds are up to 14% during

peak afternoon hours, respectively.
[89]

California’s
South Coast Air
Basin, CA, USA

High increase of
greenery by 12% - CSUMM Tool

If low-emitting plants are used, the decrease of the population-weighted exceedance
exposure to ozone above the Californian and National thresholds is up to 22% during

peak afternoon hours, respectively.
[89]

Greater London
Area, UK

Increase of GI from
20% to 30%. -

The Urban Forest
Effects Model

(UFORE)
Deposition of 1109–2379 tonnes of PM10 (1.1–2.6% removal) by 2050. [98]

Part 6: Assessment of the Mitigation Potential

City Scenario Simulation Period Simulation Tool Temperature Decrease Reference

Sao Paolo, Brazil
Increase of GI from

zero to 11%.
Street trees

Summer 2014 ENVI-met Decrease of the peak daily temperature by 0.6 ◦C [50]

Sao Paolo, Brazil
Increase of GI from

zero to 11%.
Pocket parks

Summer 2014 ENVI-met Decrease of the peak daily temperature by 0.4 ◦C. [50]

Brisbane,
Australia

Increase of GI from
zero to 45% 2000–2010 CCAM CSIRO Decrease of the night temperature by 1.83 ◦C, average T by 0.99 ◦C, and peak temperature

by 0.44 ◦C. [62]

Archerfield,
Australia

Increase of GI from
zero to 45% 2000–2010 CCAM CSIRO Decrease of the night temperature by 1.58 ◦C, average T by 0.94 ◦C, and peak temperature

by 0.40 ◦C. [62]

Logan, Australia Increase of GI from
zero to 45% 2000–2010 CCAM CSIRO Decrease of the night temperature by 1.58 ◦C, average T by 0.94 ◦C, and peak temperature

by 0.40 ◦C. [62]

HK, China Increase of the GI
from zero to 100% March 2000 MM5 Decrease of the peak daily temperature by 1.6 ◦C. [71]

Melbourne,
Australia

Increase of the
mixed Forest from
zero tree cover to

by 20–50%

Heatwaves 27–30
January 2009 WRF Decrease of the UHI intensity from 0.5 to 5 during the night-time. Non-significant

differences during the daytime. [60]

Melbourne,
Australia

Increase of the
trees cover by 5%,

10%, 40%. Average
initial trees cover

24%, Final tree
cover 28%,
32%, 40%.

12 heatwaves
1990–2014 WRF Decrease of the night temperature by 0.28, 0.38, and 1.08 ◦C cooler than the control for the

three scenarios. [61]
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Table 1. Cont.

Part 6: Assessment of the Mitigation Potential

City Scenario Simulation Period Simulation Tool Temperature Decrease Reference

Bochum,
Germany

Increase of the GI
by 25% in a specific
urban zone. Initial

tree cover:
9%, final tree
cover: 25%

Heatwave of
Summer 2010 WRF Decrease of the peak daily temperature by 0.45 ◦C [66]

Vienna, Austria
Increase of the size

of urban parks
by 20%

1981–2010 MUCLIMA 3 Maximum decrease of the night-time ambient temperature by 1 ◦C [68]
New York City,

NY, USA
Mid-Manhattan

West,
Lower

Manhattan East,
Fordham Bronx,
Maspeth Queens,
Crown Heights,
Ocean Parkway

Initial tree cover:
around 20%.

Additional tree
cover from 6.2% to

14.4%

Heatwaves 2002 MM5 Average decrease at 3 p.m. close to 0.22 ◦C [52]

Heatwaves 2002 MM Average decrease at 3 p.m. between 0.22 to 0.5 ◦C [52]

Singapore

Increase of the
trees cover on the

dense and
industrial zones
from 5% to 60%

April and May
period WRF Decrease of the average peak daily temperature close to 0.3 ◦C, and close to 1.5 ◦C during

the night. [69]

Stuttgart,
Germany

Increase of the tree
cover from 18% to

30%
Heatwaves August

2003 WRF Decrease of the average peak daily temperature by 0.13 ◦C. Maximum decrease up to 2 ◦C. [67]

Tehran, Iran
Increase of the tree

cover from 8%
to 28%

June 2016 WRF Decrease of the average peak daily temperature up to 0.6 ◦C. Increase of the night-time
temperature up to 1.5 ◦C. [70]

Brampton,
Toronto, ON,

Canada

Increase of tree
cover from 18%

to 27%
Heatwaves 2018 WRF Decrease of the average peak daily temperature by 0.2 ◦C. [57]

Caledon,
Toronto, ON,

Canada

Increase of tree
cover from 18%

to 27%
Heatwaves 2018 WRF Decrease of the average peak daily temperature by 0.3 ◦C. [57]
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5.3. Impact of Green Infrastructure on Heat-Related Morbidity

There is a substantial lack of information on the impact of greenery on heat-related morbidity.
Very few studies have investigated the impact of increasing green infrastructure on heat-related
morbidity [64,65,160,161]. These studies assessed the impact of the ambient temperature reduction
caused by urban green infrastructure on heat-related morbidity. The characteristics and the main
results of the five considered scenarios are summarised in Table 1. All studies concluded that existing
greenery and potential additional tree cover contribute towards a substantial decrease of heat-related
morbidity. However, the research question, as well as the methodology followed by the studies and the
format of the reported results, are completely different, are not compatible and cannot be compared.

An analysis of the potential increase of the green infrastructure in Phoenix, Arizona, USA, by 5%,
10%, 15% and 20%, on ambient temperature and heat-related mortality, is presented in Reference [160].
A zero-dimensional energy balance model was used to simulate the distribution of the climatic
parameters in the city for the period 2002–2006. It was calculated that when the 30.4% baseline fraction
of vegetated area increases by 5%, 10%, 15% and 20%, the average 24 h temperature decreases by 1.7%,
3.6%, 5.4% and 7.2%. Unfortunately, the absolute decrease of the ambient temperature is not reported.
Data on emergency calls were collected for the same period and correlations between the emergency
calls and the ambient temperature and a heat index were developed. Based on these models, it was
estimated that the number of heat-related emergency calls may decrease by 17%, 35%, 53% and 70%,
when the fraction of the vegetation in the city increases by 5%, 10%, 15% and 20%, respectively.

The impact of urban greenery on the morbidity levels in Oslo, Norway, was analysed in
Reference [161]. The ambient temperature distribution in the city during the summer of 2018 was
derived using satellite-measured surface temperature data correlated against the corresponding
ambient air temperature. The potential impact of high ambient temperatures on the morbidity levels of
the population over 75 years old was investigated and no relation between temperature and morbidity
was found except for skin-related problems. Analysis of the combined land use, ambient temperature
and skin-related morbidity data, concluded that the threshold of health risk may increase from 23% to
29% in all neighbourhoods of Oslo exceeding 30 ◦C, in a situation where trees are replaced by the most
common non-tree cover. In the case of a non-tree covered city, it was calculated that the potential heat
risk exposure rises to about one day for one elderly person per removed tree.

The study reported in Reference [65] analysed and evaluated the impact of overheating as well as
of increased tree cover in the tropical city of Darwin, Australia. Analysis of the existing morbidity
data revealed that hospital admissions increased by 7% for every 1 ◦C increase of the daily maximum
temperature above 27 ◦C. The study used microscale modelling methods and found that a possible
increase of the greenery by 20% can decrease the peak ambient temperature by 0.5 ◦C. Using correlations
between the ambient temperature and peak daily temperature, it is found that additional tree covering
reduces the annual excess hospital admissions of 40.1 to 27.5 per 100,000 population.

The study reported in Reference [64] evaluated the impact of 2 million additional trees
on heat-related morbidity for the city of Parramatta and the Greater Sydney area in Australia.
Using epidemiological data, it was estimated that increase of the daily maximum temperature by
1 ◦C, increases the heat-related hospital admissions by 1.1%, while it reaches 4.6% for the days with
maximum temperature above 27 ◦C. Using mesoscale simulations, it was found that the addition of
2 million new trees in the area may decrease the peak ambient temperature by 1 ◦C. Correlations
between the ambient temperature and the excess heat-related morbidity showed that when 2 million
trees are added, the daily excess HR morbidity decreases from 3.66 hospital admissions per day to
about 2.6 hospital admissions per day and 100,000 population.

6. Conclusions

To counterbalance the continuous increase of the amplitude of urban overheating as well as of the
frequency and magnitude of heatwaves, efficient urban mitigation and adaptation policies involving
natural and man-made cooling technologies have to be developed and implemented.
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Vegetation, and in particular, trees, offer undeniable benefits to the urban climate and urban
wellbeing. Among many other benefits, they contribute to decrease ambient temperatures, reduce the
concentration of harmful pollutants and limit heat-related mortality and morbidity. There is an
enormous literature of experimental and theoretical studies on the potential impact of urban vegetation
on urban temperature, thermal comfort, pollution control and health. Although most of the studies
conclude that urban greenery offers numerous benefits, very little is known about the holistic and
global contribution of urban greenery on urban climate, environmental quality and health, the possible
synergies and trade-offs, while the potential problems arising from the deployment of additional
greenery in cities is usually overlooked or neglected.

Existing literature provides a plethora of data and information. However, because of a serious
heterogeneity in the research question asked, and the methodology followed by each study, the spectrum
of the provided answers, results and conclusions is very wide, while in some cases, it is conflicting
even for the same city. Thus, it is a serious source of misconceptions leading to an inappropriate sizing
and establishment of tree cover in cities, potentially aggravating urban climatic, environmental and
health problems.

Analysis of almost all known relevant studies performed by the present study has shown that
there is an acceptable correlation between additional tree cover and the temperature drop during the
peak day period and at night. The average maximum drop of the peak daily temperature may not
exceed 1.8 ◦C, when the tree fraction reaches its maximum, while the average night-time maximum
mitigation potential is much higher and close to 2.3 ◦C. Given the serious spatial limitations in cities,
a potential increase of the tree cover by 20% may initiate a temperature decrease close to 0.3 and 0.5 ◦C
during the daytime and night-time, respectively. The local landscape and climate conditions highly
affect the potential temperature drop in a city; however, the order of magnitude of the temperature
drop remains close to the previously mentioned levels. Given that most of the cooling demand is
during the peak daytime period, the shift of the maximum mitigation potential of trees during the
night reduces the expected cooling contribution. Potential problems of night warming and serious
increase of humidity levels reported by numerous studies should not be neglected, especially when
additional trees are deployed in urban canyons, reducing the sky view factor, and when additional GI
is planned in humid climates.

Although the available computational tools, and in particular the mesoscale and microscale climatic
prediction models, have evolved significantly, there is a high uncertainty regarding the simulation
assumptions and accuracy around the coupling and evaluation of the specific land conditions in cities.
Further developments are necessary to improve the description of the specific energy flows in cities,
improve spatial resolutions and improve accuracy.

Additionally, for the generation of lower ambient temperatures, urban trees contribute to seriously
decrease the concentration of several harmful pollutants but may increase the concentration of some
others, like ground-level ozone, because of the released BVOC emissions. Although there are some
available studies quantifying the impact of urban trees on heat-related mortality because of the pollutant
decrease, the synergetic impact of the temperature drops and pollution control is not yet adequately
evaluated and quantified. Future studies should concentrate on the holistic impact of urban greenery
on heat-related mortality, also considering the potential negative impact caused by the considerable
increase in the concentration of ground-level ozone.

Urban vegetation is the source of serious dynamic chemical changes in the lower atmosphere
and affects the concentration of pollutants both in a positive and negative way. It decreases their
concentration by accumulating and absorbing pollutants, while it emits very reactive biogenic VOCs
that may raise the concentration of ground ozone and decrease the PBLH, resulting in a potential rise
of NOx and particulate matter. Existing studies evaluating the impact of additional urban greenery on
the concentration of particles provide conflicting findings. Although the absorption and deposition of
particles seems to considerably reduce their concentration in many cities, the potential increase of the
PBLH caused by the temperature drop is found to raise the concentration in other cities. The potential
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positive or negative impact of urban greenery on urban particulate matter concentration depends on
the specific climatic and landscape parameters in the considered area. However, as most of the reported
data are from simulation studies, the considered assumptions as well as the accuracy of the used tools
highly determine the final results and conclusions. It is evident that more precise experimental studies
are necessary to improve knowledge in this field.

The impact of increased urban greenery on ground-level ozone is the result of complex chemistry
and atmospheric dynamics. Higher vegetation fractions increase the emission of BVOCs and the
corresponding potential risk for ozone creation. On the other hand, additional greenery increases
the deposition and the absorption of ozone and NOx, while because of the temperature decrease,
the emission of BVOC is reduced, the speed of the photochemical processes is slowed down and
titration processes are more effective, contributing to a decrease of the ozone concentration. While most
of the existing theoretical studies conclude that in general, additional greenery in cities contributes to
decrease the concentration of ground-level ozone (although with some parts of the cities exhibiting
a substantial increase), the conclusions are not always confirmed and validated by existing field
measurements. The rate of BVOC emission of the trees seems to determine the local concentration of
the pollutants, with moderately or highly emitting vegetation resulting in a considerable increase of
the ozone concentration. It is evident that additional experimental studies should be carried out to
better understand the impact of urban greenery on ozone levels.

Additional trees in cities considerably decrease the levels of heat-related mortality and morbidity.
Analysis of all the available studies has shown that there is a statistically significant correlation
between the maximum daily temperature drop caused by greenery and the percentage decrease of
the heat-related mortality. On average, it is found that when the peak daily temperature decreases by
0.1 ◦C, then the percentage of heat-related mortality drops on average by 2.94%. Very few studies are
available on the impact of additional urban greenery on heat-related morbidity and solid conclusions
cannot be drawn. There is an important need for such studies and statistical data.

It is important to acknowledge that the methodologies employed to estimate the impact of
lower ambient temperatures on HRM caused by an increase of the urban GI are of a static nature.
Given that the trees need 20 to 30 years to fully mature, and also the continuous engineering and
physiological adaptation of humans to higher temperatures, dynamic prediction algorithms are
necessary to estimate the potential impact of additional greenery on health. In parallel, estimations
have to be performed considering the future climatic conditions and possibly the availability of more
heat-tolerating tree species.

Increase of the vegetation fraction in cities offers serious benefits to the urban climate, pollution
control and health. It is also associated with adverse phenomena that may affect air quality in cities.
Successful deployment of additional greenery in cities requires a full knowledge of the phenomena
and complete assessment of the potential benefits and drawbacks performed using advanced and
detailed tools. In parallel, scientific knowledge should considerably improve, mainly through detailed
and precise experimental studies.
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