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Simple Summary: Geloina erosa, an important animal in mangrove ecosystems, possesses both eco-
nomic and environmental value. However, to date, there has been no research conducted on its
miRNA. This study utilized high-throughput sequencing to identify 1412 miRNAs in three tissues:
the gills, hepatopancreas, and muscles. Among these, 1047 miRNAs were identified as known
conserved sequences. In conjunction with mRNA research, it was observed that approximately 33%
of the transcripts were predicted to be predicted targets for miRNAs. Building upon our team’s
previous research on mRNA, it is worth noting that the majority of genes suppressed by miRNAs
in different tissues align with their respective organ functions. Specifically, in gills, miRNAs pre-
dominantly regulated immune-related genes, substance transport, and cytoskeletal organization.
In the hepatopancreas, miRNAs suppress genes involved in shell formation while also influenc-
ing cellular motor activity and metabolism. In muscle tissue, miRNAs were found to participate
in metabolism, photoreceptive processes, and immune regulation. These findings suggest that
miRNA regulation is finely tuned to swiftly respond to environmental changes. Overall, these
discoveries provide significant insights into the molecular mechanisms and biological processes of
miRNA within G. erosa. They serve as a foundation for further validation and elucidation of these
regulatory relationships.

Abstract: Geloina erosa is an important benthic animal in the mangrove, serving as an indicator
organism for coastal environmental pollution. This study aimed to investigate the tissue-specific
expression of miRNAs and their regulatory roles in predicted targets in G. erosa. Through miRNA
sequencing and co-expression network analysis, we extensively studied the miRNA expression
in three tissues: gills, hepatopancreas, and muscle. The results revealed a total of 1412 miR-
NAs, comprising 1047 known miRNAs, and 365 newly predicted miRNAs. These miRNAs ex-
hibited distinct tissue-specific expression patterns. In the miRNA target gene prediction, a total of
7404 potential predicted targets were identified, representing approximately 33% of all unique tran-
scripts associated with miRNAs. Further co-expression network analysis revealed nine modules,
each showing a positive correlation with specific tissues (gills, hepatopancreas, or muscle). The
blue module showed a significant correlation with gills (r = 0.83, p-value = 0.006), the black module
was significantly related to the hepatopancreas (r = 0.78, p-value = 0.01), and the purple module
was significantly correlated with muscle (r = 0.83, p-value = 0.006). Within these modules, related
miRNAs tended to cluster together, while their correlations with other modules were relatively
weak. Functional enrichment analysis was performed on miRNAs and their predicted targets in
each tissue. In the gills, miRNAs primarily regulate immune-related genes, substance transport,
and cytoskeletal organization. In the hepatopancreas, miRNAs suppressed genes involved in shell
formation and played a role in cellular motor activity and metabolism. In muscle, miRNAs participate
in metabolism and photoreceptive processes, as well as immune regulation. In summary, this study
provides valuable insights into the tissue-specific regulation of miRNAs in G. erosa, highlighting their
potential roles in immune response, metabolism, and environmental adaptation. These findings offer
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important clues for understanding the molecular mechanisms and biological processes in G. erosa,
laying the foundation for further validation and elucidation of these regulatory relationships.

Keywords: Geloina erosa; miRNA; tissue-specific expression; co-expression network analysis; target
gene prediction; immune response; metabolism; environmental adaptation

1. Introduction

miRNAs are widely present in organisms, including animals, plants [1], and bacte-
ria [2]. The mechanism of miRNA action in mammals has been well studied [3], while in
invertebrates it remains limited and requires further investigation [4]. Umberto Rosani
et al. [5] summarized the biogenesis-related genes of miRNAs in bivalves and found that
the synthesis mechanisms of miRNA are conservative. In recent years, more and more
studies have focused on the regulatory mechanisms of miRNAs in bivalves. In bivalves,
the predicted targets regulated by miRNAs are widely involved in various biological
functions [6]. In the freshwater pearl mussel, miR-9 participates in sex differentiation by
regulating their predicted targets OXL2 and STAR1 [7–9]. In Perna viridis, miRNAs are
involved in detoxification. In Patinopecten yessoensis, miRNAs play an important regulatory
role in fast (striped) and slow (smooth) muscle fiber formation [10]. miRNAs also play a role
in the formation of bivalve shells in special tissue [11–13]. Studies on mussels have found
significant tissue and condition-specific expression patterns of miRNAs, which mean that
miRNAs play an important role in the regulation of tissue-specific functions. [14]. Given
the pivotal roles that miRNAs play in bivalves, understanding their expression patterns in
specific species can offer crucial insights into their biology and adaptation mechanisms. In
this context, our research focuses on G. erosa, using it as a material to explore the miRNA
expression patterns across different tissues.

G. erosa holds substantial economic value and is targeted by coastal fishermen in some
area for its large size of up to 10 cm [15,16]. G. erosa primarily inhabits estuarine zones
and serves as an important component of mangrove ecosystems [17,18]. Additionally,
given its wide distribution and abundance, it can serve as an indicator organism for coastal
environmental pollution. However, research on its gene and cellular aspects remains
relatively limited.

Conducting transcriptome expression analysis under environmental stress or pollution
conditions [19,20] has become a major approach in this field. Therefore, the study of gene
expression under physiological conditions has important reference values. Previously, we
focused on analyzing the tissue-specific gene expression characteristics at the transcriptome
level and discovered co-expression regulatory networks among genes. In this study, we
focus on miRNA research in G. erosa by elucidating the tissue-specific expression patterns
of miRNAs and their impact on gene regulation. Specifically, we aim to answer three key
research questions: First, what distinct miRNA expression profiles can be observed in
the gills, hepatopancreas, and muscles? Second, which predicted targets are specifically
regulated by these miRNAs in each tissue? And third, do these miRNAs and their predicted
targets contribute to the unique physiological functions of each tissue? To address these
questions, we chose to examine the gills, hepatopancreas, and muscles—tissues commonly
studied in G. erosa research. Among these tissues, the hepatopancreas serves as the primary
digestive and detoxification tissue, while the gills are primarily responsible for substance
exchange with the external environment. Muscles were used as control samples to better
understand the specific roles of miRNAs in gill and hepatopancreas functions [21].

2. Materials and Methods
2.1. Collection and Preparation of Animal Material

The animal samples for sequencing were collected from mangrove wetlands located
in Beihai, Guangxi, China (21.57′ N, 109.16′ E). No specific permissions were required for
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sample collection from these locations, and the field studies did not involve any endangered
or protected species. The welfare of the animals and experimental procedures adhered
to the ethical regulations of the Guangxi Mangrove Research Center and followed the
guidelines outlined in the Guide for the Care and Use of Laboratory Animals. We collected
nine samples, with S1–S3 representing gills, S4–S6 representing the hepatopancreas, and
S7–S9 representing muscle (Table 1).

Table 1. Collected specific parameters of sample specifications.

Live Weight
(g)

Shell Weight
(g)

Shell Length
(mm)

Shell Height
(mm)

Shell Width
(mm)

Experimental
Usage

57.80 25.50 54.05 50.50 34.71 Sequencing
49.20 23.74 51.94 49.46 30.30 Sequencing
47.40 20.22 52.11 48.57 31.16 Sequencing
38.80 17.00 50.71 47.53 27.49 qRT-PCR
49.50 21.61 54.95 51.76 30.35 qRT-PCR
47.00 22.41 52.43 48.45 30.21 qRT-PCR

2.2. miRNA Extraction and Quality Control

Nine samples, comprising three tissues (hepatopancreas, gill, and muscle), each with
three biological replicates, underwent rapid separation on ice to isolate the total RNA. The
extraction of total RNA was performed employing the Tiangen RNAprep Pure Tissue kit,
manufactured by Tiangen Biotech in Beijing, China.

The RNA samples underwent multiple quality control measures to ensure their suit-
ability for downstream applications. Firstly, the purity of the samples was assessed using
Nanodrop measurement, with criteria set at an OD260/280 ratio of≥1.8 and an OD260/230
ratio of ≥1.0. Secondly, the Qubit 2.0 measurement accurately quantified the concentration
of total RNA, with a minimum requirement of ≥250 ng/µL. Finally, the RNA samples
were subjected to Agilent 2100 bioanalyzer analysis, including evaluation of RNA integrity
through parameters such as a total RNA RIN value of ≥8.0, 28 S/18 S ratio of ≥1.5, a flat
baseline spectrum, and the presence of a normal 5 S peak. These comprehensive assess-
ments ensured the usage of qualified RNA samples for subsequent sequencing applications.

2.3. Library Preparation, Library Quality Control, and Sequencing

After passing the qualification tests, the samples underwent initial RNA extraction,
resulting in 1.5 µg of RNA. The solution volume was then adjusted to 6 µL using DEPC-
treated water. Library construction was carried out strictly following the instructions of
NEB Next Ultra small RNA Sample Library Prep Kit for Illumina. Small RNAs have a
phosphate group at their 5′ end and a hydroxyl group at their 3′ end. Therefore, T4 RNA
Ligase 1 and T4 RNA Ligase 2 (truncated) were respectively employed to ligate adapters to
the 3′ and 5′ ends of the small RNAs. Subsequently, reverse transcription was performed
to synthesize cDNA, followed by PCR amplification. Gel electrophoresis facilitated the
selection of desired fragments, constituting the small RNA library. The workflow for library
construction is presented in Figure 1.

The small RNA libraries were sequenced using the Illumina HiSeq2500 platform.
Subsequently, the raw image data files obtained from sequencing underwent base calling,
leading to the generation of raw sequencing sequences, also known as raw data or raw
reads. These outcomes were then stored in the FASTQ file format, which includes both
the sequence information of the sequencing reads and their corresponding sequencing
quality data.
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2.4. Bioinformatics Analysis
2.4.1. Overview of Bioinformatics Analysis

The small RNA analysis workflow begins with the preprocessing of the raw se-
quencing data, followed by quality control to ensure the sequencing data’s reliability.
This step includes assessing the length distribution and analyzing the common and
unique sequences.

After quality control, the small RNA sequences undergo classification and annota-
tion. Various categories are identified, such as snoRNA, scRNA, repeat sequences, rRNA,
tRNA, and snRNA. This process helps in distinguishing known miRNAs and predicting
new miRNAs.

Once the miRNAs are identified, further analysis can be conducted, which includes
studying the miRNA structure, exploring miRNA families, examining potential nucleotide
edits, and predicting predicted targets for the miRNAs. Additionally, the preference for
specific nucleotides in the miRNA sequences can be analyzed.

Following these steps, differential expression analysis is performed to identify miRNAs
that exhibit significant changes in expression levels between different tissues. This analysis
provides insights into miRNA regulation under specific conditions.

Finally, the differentially expressed miRNAs are subjected to functional annotation
of their predicted targets, providing information on the potential biological functions
associated with the differential expression. Additionally, enrichment analysis is performed
to identify functional categories or pathways that are overrepresented among the predicted
targets of differentially expressed miRNAs. This analysis helps in understanding the
functional implications of the identified miRNAs.

2.4.2. Quality Control of Sequencing Data

The raw miRNA sequencing data underwent quality control, involving the removal of
low-quality sequences, trimming of adapter sequences, filtering of low-quality bases, and
other relevant procedures, to ensure the reliability of subsequent analyses.

In this study, sequencing quality was evaluated using metrics based on sequencing
base quality and data output statistics. The base quality, represented as a quality score or
Q-score, quantifies the probability of base-calling errors. The widely used Phred formula for
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calculating base quality scores is Q-score =−10× log10P, where P represents the probability
of base-calling error [22].

2.4.3. Identification of Novel miRNAs and Homologous miRNAs

Known miRNA identification involved comparing unannotated read sequences with
mature miRNA sequences from the known miRNA database miRBase (v21). Reads having
the exact same sequence as known miRNAs were classified as identified known miRNAs.

The miRNA transcription initiation sites are mostly located on the gene spacer region,
intron, and reverse complementary sequence of the coding sequence, their precursors have
a signature hairpin structure, and the formation of mature bodies is realized by the cleaving
of Dicer/DCL enzymes. For the biological characteristics of miRNAs, miRDeep2 software
(v2.0.5) [23] was used to predict new miRNAs for sequences that were not similar to the
known miRNAs in the database through sequence comparison.

We used the miRDeep2 software package to obtain possible precursor sequences by
comparing reads to the position information on the genome, and based on the distribution
information of reads on the precursor sequence (based on miRNA production characteris-
tics, mature, star, loop) and precursor structural energy information (RNAfold randfold),
the prediction of new miRNAs was finally achieved by scoring using a Bayesian model.
miRDeep2 is mainly used for the prediction of animal miRNAs, and the miRNA of plants
can also be predicted by adjusting parameters and changing the scoring system [24].

2.4.4. miRNA Target Gene Prediction

miRNAs typically play a regulatory role by inhibiting the expression of predicted
targets. Based on the genetic sequence information of known miRNAs and newly predicted
miRNAs and corresponding species, MiRanda [25] and RNAhybrid [26] for animal target
gene prediction was performed.

2.4.5. miRNA Expression Quantification

The expression of miRNA in each sample was counted via expectation maximization
(RSEM) [27] and the TPMs (transcripts per million) algorithm was used. The expressions
were normalized [28].

2.4.6. Differential Expression Analysis

When detecting differentially expressed miRNAs, it is necessary to select the appro-
priate differential expression analysis software according to the actual situation. DESeq2
(v1.18.0) [29] is suitable for experiments with biological replicates, and the differential
expression analysis between sample groups can be performed to obtain the difference
expression miRNA set between the two biological conditions.

In the detection of differentially expressed miRNAs, |log2(FC)| ≥ 1 was used; a FDR
(false discovery rate) ≤ 0.05 was the screening criterion. The fold change (FC) represents
the ratio of expression between two samples (groups). The significance p-value obtained
by the original hypothesis can be expressed as the probability of expressing no difference.
Since the differential expression analysis of miRNA is an independent statistical hypothesis
test for a large number of miRNA expressions, there is a false positive problem, so in the
analysis process, the Benjamini–Hochberg correction method is sometimes used to correct
the significance p-value obtained by the original hypothesis test, and finally, the FDR is
used as the key indicator of differential expression miRNA screening.

The set of miRNAs found via differential expression analysis is called the differential
expression miRNAs (DEMs).

2.4.7. Functional Annotation of Predicted Targets

The gene functions were annotated using the following databases: NCBI non-redundant
protein sequences (NR) [30], protein family (Pfam) [31], Clusters of Orthologous Groups
of proteins (KOG/COG) [32], Swiss-Prot [33], Kyoto Encyclopedia of Genes and Genomes
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Ortholog database (KEGG) [34], and Gene Ontology (GO) [35]. We used Diamond BLASTX
software (v2.2.26) and an e-value of “1 × 10−10” when performing NR, KOG, Swiss-Prot,
and KEGG database analysis. Hmmscan was used for family identification with the
Pfam database.

2.4.8. Gene Set Enrichment Analysis

In this study, the researchers employed the Molecular Signatures DataBase (MSigDB)
software (v4.3.2), developed by [36], to assess the statistical enrichment of genes. To
categorize transcripts into different gene classes, databases such as KEGG, GO, KOG, and
Pfam were utilized.

To determine the enrichment of each gene class, Fisher’s exact test was conducted
either on the ordered genes or a gene list specified by the user. A significance threshold of
p < 0.05 was considered to identify gene classes with significant enrichment.

This comprehensive analysis allowed valuable insights to be gained into the functional
characteristics and associations of the identified genes. By elucidating their potential
roles and involvement in various biological processes, the findings provide important
information regarding their significance.

The utilization of the MSigDB software (v4.3.2) and the incorporation of diverse gene
classification databases enhanced the understanding of gene enrichment, enabling the
uncovering of meaningful relationships and shedding light on the functional implications
of the genes under investigation.

2.4.9. miRNA Co-Expression Analysis

The widely used weighted gene co-expression network analysis (WGCNA) [37] was
employed in this study as a powerful method to identify co-expressed miRNAs and
hub miRNAs. It has proven instrumental in identifying co-expressed gene modules and
establishing associations between these modules and traits [38]. Using miRNA expression
data, the WGCNA software (v 1.72.1) was utilized to analyze associations between modules
and tissues or traits of interest. Within undirected networks, miRNAs within the same
module exhibit high levels of interrelatedness. After clustering miRNAs into modules, two
key analyses were conducted as follows:

(1) A functional enrichment analysis was employed to determine whether the functional
characteristics and traits identified within each module aligning with the specific aims
of the research. This analysis helped gain insights into the biological processes and
pathways that are potentially associated with the study objectives.

(2) A correlation analysis was performed to identify the module that exhibited the high-
est correlation with the traits of interest. By exploring the relationship between
miRNA expression patterns within modules and specific traits, the aim was to un-
cover modules that potentially play crucial roles in the biological processes underlying
these traits.

To ensure robust results, the parameters were set as follows for all samples: the
power was set to 12, minModuleSize was set to 30, and maxBlockSize was set to the total
number of miRNAs in the analysis. These parameter settings were chosen to optimize the
identification of meaningful miRNA modules and trait associations within the dataset.

2.4.10. Real-Time Fluorescent Quantitative PCR Validation of miRNA Expression in Tissues

Six miRNAs were randomly selected for the validation of sequencing results through
real-time fluorescence quantitative PCR (qRT-PCR). The validation experiment used clams
collected from the Dongwei Mangrove in Beihai City (21.55◦ N, 109.16◦ E). Three types
of tissues, muscle, gills, and hepatopancreas, were collected. Each tissue was taken from
9 individual samples, with 3 biological replicates set up. Every three tissue samples were
mixed for RNA extraction. The total RNA from each tissue was extracted using the TaKaRa
MiniBEST Universal RNA Extraction Kit, following the instructions provided in the kit
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manual. The purity of the extracted RNA was assessed using a NanoDrop spectrophotome-
ter, while RNA integrity was verified by agarose gel electrophoresis. Primers were designed
using the Primer premier 5.0 software, as shown in Table 2. The Takara Mir-X miRNA
FirstStrand Synthesis and TB Green qRT-PCR Kit were used for the reverse transcription of
total RNA into cDNA and subsequent qRT-PCR experiments. The primers for the internal
reference snRNA U6 and the universal miRNA reverse primer were provided in the kit. The
miRNA expression relative quantification experiments and analyses were carried out on
the QuantStudio 3 Real-Time PCR System. The PCR reaction volume was set at 20 µL, and
the PCR protocol was followed as per the product instructions. Each sample underwent
3 biological repeats and 3 technical repeats. The relative miRNA expression was cal-
culated using the 2−∆∆Ct method. Data processing and plotting were performed using
GraphPad 8.0.

Table 2. Sequence of selected miRNAs and their forward primers for qRT-PCR.

miRNA Sequence Forward Primer 5′—3′

str-miR-34c-5p TGGCAGTGTGATTAGCTGGTTG GCAGTGTGATTAGCTGGTTGAAA
sme-miR-31b-5p AGGCAAGATGCTGGCATAGCTGA CAAGATGCTGGCATAGCTGAA

dan-miR-92b AATTGCACTAGTCCCGGCCTGC AATTGCACTAGTCCCGGCC
efu-miR-133-3p TTTGGTCCCCTTCAACCAGCTGTA GTCCCCTTCAACCAGCTGTAA
lva-miR-71-5p TGAAAGACATGGGTAGTGAGATT CGGAAAGACATGGGTAGTGAGAT
aca-let-7d-5p AGAGGTAGTAGGTTGCATAGT AGAGGTAGTAGGTTGCATAGTAA

3. Results
3.1. Sequencing Results and Quality Statistics

In this study, the number of clean reads obtained for each sample ranged from 25
million to 35 million. The Q30 is above 97%, indicating high sequencing quality (Table 3).

Table 3. Data output and quality distribution.

Sample Id Clean Reads Q30 (%) Mapped Reads

S1 33,105,265 98.04 386,457
S2 24,612,221 98.52 138,391
S3 33,568,798 98.65 387,129
S4 20,020,543 97.71 327,220
S5 22,796,513 97.76 330,568
S6 24,537,870 97.79 480,804
S7 30,010,373 97.84 208,711
S8 33,494,607 97.92 239,902
S9 32,610,912 97.81 327,720

Note: Clean reads: the number of reads with a quality value greater than or equal to 30; Q30 (%): the proportion
of bases with a quality value greater than 30. Mapped reads: clean reads compared to the reference genome.

It can be concluded from Figure 2 that the sequencing quality and consistency of the
samples are good, conforming to the general distribution of miRNA sequencing data.

3.2. miRNA Identification

After analysis, a total of 1412 miRNAs were obtained from all samples, including
1047 known miRNAs and 365 newly predicted miRNAs (Table 4).

Due to the specificity of the Dicer enzyme and DCL enzyme, the length of mature
miRNA finally generated was mainly concentrated in the range of 20 nt to 24 nt. The length
distribution of the identified new miRNAs is shown in Figure 3C.
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Table 4. Statistical results of miRNA in each sample.

Sample Id Known-miRNAs Novel-miRNAs Total

S1 796 295 1091
S2 667 254 921
S3 871 316 1187
S4 540 286 826
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Table 4. Cont.

Sample Id Known-miRNAs Novel-miRNAs Total

S5 803 283 1086
S6 593 314 907
S7 602 239 841
S8 610 248 858
S9 648 266 914

Total 1047 365 1412
Note: Known-miRNA: known number of miRNAs; Novel-miRNAs: newly predicted miRNA quantities; Total:
the total number of miRNAs.

3.3. miRNA Base Preference Analysis

The Dicer enzyme and DCL enzyme recognize and cleave the precursor miRNA with
a strong bias towards U at the 5′ end. The typical miRNA base ratios were obtained via
a base preference analysis of miRNA. The statistics of the first base preference at the 5′

end of the newly predicted miRNA and the base preference of each point are shown in
Figure 3A,B.

3.4. miRNA Target Gene Prediction

In this study, among the 1047 known miRNAs, 700 have corresponding predicted
targets, resulting in a total of 5082 predicted targets. Additionally, among the 365 newly
predicted miRNAs, 334 were found to have corresponding predicted targets, accounting
for 3223 targets (Table 5). The total number of predicted targets for all miRNAs was 7404,
which represents approximately 33% of all unique transcripts. This finding highlights
miRNA as one of the primary methods for gene expression regulation in G. erosa (Table 5).
Across the three tissues analyzed, the number of miRNAs ranged from 800 to 1200. Notably,
the highest number of miRNAs was expressed in the gills, with a relatively large number
of corresponding predicted targets. Conversely, the lowest number of miRNAs and their
corresponding predicted targets was observed in muscle (Table 6).

Table 5. miRNA target gene number prediction statistics.

Types All miRNA miRNA with Target Target Gene

Known miRNA 1047 700 5082
Novel miRNA 365 334 3223

Total 1412 1034 7404
Note Types: miRNA type; Known miRNA: known miRNAs; Novel miRNA: newly predicted miRNAs; Total: all
miRNAs; All miRNA: total number of miRNAs; miRNA with Target: predicted miRNA with predicted targets;
Target gene: the number of predicted targets.

Table 6. Statistics of miRNA target gene prediction results in different samples.

Sample Id All miRNA miRNA with Target Target Gene

S1 1091 816 5694
S2 921 701 4874
S3 1187 879 6623
S4 826 638 4354
S5 1086 809 5818
S6 907 698 4767
S7 841 636 4218
S8 858 661 4372
S9 914 698 4784

Note: All miRNA: Total number of miRNAs; miRNA with Target: predicts the number of miRNAs of the target
gene; Target gene: the number of predicted targets.
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3.5. miRNA Expression Quantification
3.5.1. Distribution of Overall Expression in the Sample

The overall distribution of miRNA expression reflects the overall expression pattern
of miRNA in the sample, as shown in Figure 4.
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different samples. (B) Density distribution of sample expression values. The different-colored curves
in the TPM density distribution chart represent different samples, the abscissa of the points on the
curve represents the logarithmic value of the corresponding sample TPM, and the ordinate of the
points represents the probability density. S1–S3 represents gills, S4–S6 represents hepatopancreas,
and S7–S9 represents muscle.

3.5.2. Differential Expression Analysis

The differential expression of miRNAs between different tissues was compared in this
study. One of the three tissues served as the case group, while the remaining two tissues
were used as the control group for separate differential expression analyses. In comparison
with the control group, we observed the following differential expressions of miRNAs: in
the gill tissue, 96 miRNAs were up-regulated and 112 miRNAs were down-regulated; in
the hepatopancreas tissue, 61 miRNAs were up-regulated and 97 miRNAs were down-
regulated; in the muscle tissue, 100 miRNAs were up-regulated and 119 miRNAs were
down-regulated. All differential expression results are detailed in Supplementary Table S1
(Figure 5).

3.5.3. Functional Analysis of Differentially Expressed miRNA Predicted Targets

To study the tissue-specific miRNA regulatory network, we overexpressed up-regulated
miRNAs in specific tissues (gills, hepatopancreas, and muscle) while simultaneously down-
regulating the expression of their corresponding predicted targets. The research objectives
focused on cases where the FDR (false positive discovery rate) of the two was less than 0.05.
We further conducted a detailed analysis of the molecular functions and enrichment results
of key predicted targets.

For the investigation of predicted target expression and regulation by miRNAs in
each tissue, we identified miRNAs that are significantly upregulated (FDR < 0.05, log fold
change > 1) in a specific tissue, while their corresponding predicted targets that are signifi-
cantly down-regulated (FDR < 0.05, log fold change < −1) in that tissue were identified
as potential miRNA–mRNA pairs with regulatory relationships. These sets of candidate
miRNA-regulated predicted targets underwent enrichment analysis (Supplementary Table
S1). We found 10 gene sets were significantly enriched in the hepatopancreas (Figure 6,
Supplementary Table S1), mainly involved in protein processing and transport, as well
as stress response. Additionally, 26 gene sets significantly enriched in the gills (Figure 7,
Supplementary Table S1), primarily related to energy metabolism, cytoskeleton, and ma-
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terial transport functions. In the muscles, 16 gene sets showed significant enrichment
(Figure 6, Supplementary Table S1), primarily related to cell motility and metabolism.
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(A) Volcano plot of differential expression between gill and control (hepatopancreas and muscle).
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to describe the expression level change of a biological molecule between two different conditions or
time points.
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and hepatopancreas. (A) Enrichment analysis results of predicted target genes of differentially ex-
pressed miRNAs in muscle. (B) Enrichment analysis results of predicted target genes of differentially
expressed miRNAs in hepatopancreas. BP: biological process; MF: molecular function; CC: cellular
component; KEGG: Kyoto Encyclopedia of Genes and Genomes. Gene set enrichment analysis was
performed using Hiplot Pro (https://hiplot.com.cn/ (accessed on 23 May 2023)), a comprehensive
web service for biomedical data analysis and visualization. In the figure below, “−logPV” is used to
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Figure 7. Enrichment analysis of black modules and gills. (A) Differential expression enrichment
analysis results of the gills. (B) Enrichment analysis results of predicted target genes of miRNAs
in the black module. BP: biological process; MF: molecular function; CC: cellular component;
KEGG: Kyoto Encyclopedia of Genes and Genomes.

Among all the predicted miRNA-regulated predicted targets, the gills exhibited the
highest number of predicted targets and the most enriched related functions. While the
hepatopancreas had more predicted targets than muscle, there might be fewer actual
regulatory relationships under physiological conditions. We speculate that hepatopancreas-
related regulatory mechanisms may be activated under specific conditions, such as stress,
which requires further experimental verification.

3.5.4. miRNA Co-Expression Analysis

In the co-expression network analysis, we obtained a total of nine modules. Taking
the three tissues as the three phenotypes, a correlation analysis with the nine modules was
performed, and it was found from the results that each module was positively correlated
with one phenotype but had nothing to do with or was negatively correlated with other
modules. The templates positively correlated with the gills include magenta, pink, and
blue, and the blue module is significantly correlated with the gills (r = 0.83, p value =
0.006). Modules significantly related to the hepatopancreas include red, black, green, and
yellow, and the black module is significantly related to the hepatopancreas (r = 0.78, p
value = 0.01). The modules that are significantly correlated with purple include purple
and gray, and the purple module is significantly correlated with muscle (r = 0.83, p value
= 0.006) (Figure 8A). Module clustering revealed that modules related to specific tissues
generally clustered together (Figure 8B). The miRNA clustering heatmap (Figure 8C)
conveys high correlation within the miRNA module, and low correlation between modules
(Supplementary Table S2). The predicted target genes enrichment of miRNAs related to
the modules are shown in Figures 7B and 9.
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3.5.5. qRT-PCR and RNA-seq Consistency for Selected miRNAs

The qPCR relative expression levels of six miRNAs in the three tissues and the TPM
from RNA-seq results are shown in Figure 10. All six miRNAs showed consistent qRT-PCR
expression patterns as the high throughput sequencing data. The results show that the
results of the RNA-seq technique are credible.
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Figure 10. Quantitative PCR validation of miRNA expression. The expression of quantitative PCR
results and TPM values (transcripts per million) of the random selected miRNAs in the gill, muscle,
and hepatopancreas were are: sme-miR-31b-5p (A), aca-let-7d-5p (B), efu-miR-133-3p (C), lva-miR-71-
5p (D), dan-miR-92b (E), and str-miR-34c-5p (F). The ratios to the expression level of U6 are presented
on the left side of the y-axis. The TPM values are shown on the right side of the y-axis.

4. Discussion

Tissue-specific functions result from the selective expression of genes, which are
regulated at both the transcriptional and post-transcriptional levels. While the former
represents the primary mode of regulation in eukaryotes and mainly determines whether
tissue-specific genes are expressed, the latter offers a more refined level of control, further
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modulating the expression levels of tissue-specific genes. In this context, miRNAs serve as a
part of the post-transcriptional regulation. Highly expressed miRNAs in tissues often target
tissue-specific genes. In mammals, for example, miR-206 is highly expressed in muscle
tissue, and plays a crucial role in muscle development and regeneration by regulating
genes involved in muscle differentiation and function [39]. Similarly, miR-122, abundant
in liver tissue, regulates genes involved in hepatic metabolism, cholesterol homeostasis,
and viral replication [40]. In pancreatic islet tissues, miR-375 regulates insulin secretion
and pancreatic beta-cell function by targeting genes involved in glucose metabolism and
insulin signaling [41]. The findings of this study are consistent with the above literature.

4.1. Gill-Specific miRNA and Target Gene Functions

One function of the gills is defending against the invasion of external pathogens.
They are one of the most important immune barriers in the G. erosa. In our study on the
regulatory relationships in gill-specific regulation, we identified the target gene F01.PB12493
regulated by the miRNA str-miR-34c-5p, which possesses urease activity and is mainly
involved in the process of arginine metabolism. This process plays various important
roles, including immunity, in multiple organisms. Studies have shown that inhibiting the
metabolism and transport of arginine significantly reduces pathogen invasion and enhances
the body’s defense capabilities [42]. The target gene F01.PB21580 regulated by the miRNA
sme-miR-31b-5p belongs to the thiol ester-containing protein (TEP) B family. The TEP
protein family is highly conserved among species and plays an important role in innate
immunity [43]. Studies in oysters have shown high expression of this gene in multiple
tissues, especially in the gills. However, our study revealed significant suppression of its
expression. Another gene of the TEP protein family, F01.PB12484, is annotated as CD109
antigen and is suppressed by dan-miR-92b [44]. Additionally, F01.PB11852, regulated by
age-miR-34a, is involved in the biological defense response process (GO annotation). A
KEGG pathway enrichment analysis revealed significant enrichment in the immune-related
phagosome pathway. In the co-expression analysis, the blue module showed significant
correlation with the gills, and the corresponding predicted targets were enriched in 87 gene
sets. They mainly involve metabolic processes, such as gluconeogenesis, the glycolytic
process, fatty acid metabolic process, and cellular lipid metabolic process. Related processes
involved in calcium ion regulation include cellular calcium ion homeostasis and calcium
ion transmembrane transport.

Another important function of the gills is filter feeding, which is an energy-consuming
process that requires the participation of energy metabolism and involves material transport.
Among the 26 downregulated predicted targets regulated by significantly upregulated
miRNAs in the gills, the GO annotations include the GTP catabolic process, ATP catabolic
process, and other energy metabolism processes. The subcellular localization is in the
cytoplasm, and the corresponding molecular function is ATPase activity. Under conditions
of stress, such as hypoxia, bivalves adapt to the environment by rapidly adjusting their
metabolic processes [45]. In aquatic invertebrates, the regulation of intracellular osmotic
pressure can be achieved through the transport of amino acids and other substances [46].
The enriched KEGG pathways mainly relate to the metabolism of carbohydrates, lipids,
and amino acids, as well as the FoxO signaling pathway. In bivalves, processes such
as gluconeogenesis [47,48] and glycosphingolipid biosynthesis [49] are associated with
resistance to pathogen invasion.

4.2. Hepatopancreatic-Specific miRNA and Target Gene Functions

The hepatopancreas is the main site of metabolism and detoxification in the G. erosa.
In the co-expression analysis, the black module showed a significant correlation with the
hepatopancreas. This module enriched a total of 49 gene sets. The corresponding GO
functions include the regulation of the cytoskeleton, such as the structural constituent
of the cytoskeleton; regulation of metabolic processes, such as acyl-CoA dehydrogenase
activity and malate dehydrogenase; transmembrane transport of substances; and negative
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regulation of the apoptotic process. In a study on the razor clam Sinonovacula constricta, it
was observed that anti-apoptosis-related genes are upregulated in response to bacterial
and other pathogen invasions [50]. The KEGG pathway analysis revealed enrichment
in the “Other glycan degradation” pathway, and a previous study discovered HS-like
glycosaminoglycan, suggesting its potential role in rapid blood sugar regulation through
glycogen [51].

The metabolic process of the liver also involves a large number of substance transport
processes. The gene F01.PB20600, regulated by miRNA unconservative F01.PB18584 393223,
interacts with kinesin and participates in microtubule-based processes. A study on oysters
showed that miRNA-regulated biological processes include microtubule formation and
cellular component movement, which are significantly upregulated under environmental
stress, suggesting their involvement in altered cellular metabolism processes [52]. In
the hepatopancreas, a small number of genes (10 genes) are significantly upregulated
by miRNAs. These genes are mainly associated with intracellular substance transport
activities such as vesicle-mediated transport, intracellular protein transport, and response
to stress activities such as overexpression of the Hsp70 protein family. In bivalves, which
have digestive gland secretory cells, vesicle-mediated transport is the main pathway for
secretion processes [53].

This study also found that genes involved in shell formation are significantly sup-
pressed in the hepatopancreas. The gene F01.PB11180, regulated by miRNA unconserva-
tive_F01.PB16964_362242, is annotated as chondroitin 4-sulfotransferase 11, which plays a
crucial role in biomineralization processes. However, in the hepatopancreas, biomineral-
ization is inhibited by the suppression of this gene through miRNA regulation. Another
gene, F01.PB14416, regulated by miRNA unconservative_F01.PB18659_394923 is associated
with calcium ion binding and is essential for the construction and maintenance of shells in
bivalve animals [54].

4.3. Muscle-Specific miRNA and Target Gene Functions

Significantly upregulated miRNA-regulated predicted targets were found to be en-
riched in cellular motor activity and metabolism in muscle. These genes were involved
in processes such as transferring glycosyl groups, actin binding, and calmodulin binding.
The movement process of muscles requires a large amount of energy support. The gene
F01.PB18339, regulated by miRNA efu-miR-133-3p, was identified as a ubiquitin-protein
ligase. It is speculated that this gene may be involved in protein degradation inhibition or
extracellular matrix protein conversion [55]. In co-expression analysis, the purple module
was significantly associated with muscle and enriched with 42 gene sets. The related
biological processes included regulation of the cell cycle and regulation of macromolecule
metabolic process. The enriched KEGG pathway was amino sugar and nucleotide sugar
metabolism. In both GO and KEGG, gene sets related to oxidative stress metabolism
were enriched, particularly in PFAM, corresponding to the structure of Iron/manganese
superoxide dismutases, C-terminal domain.

Another function involved in the high expression of miRNA in muscles is photore-
ceptive processes. In a previous study [56], it was found that genes associated with
photoreception were highly expressed in muscle tissue. In this study, the gene F01.PB22530,
regulated by miRNA gga-miR-133c-3p, exhibited retinal dehydrogenase activity.

In muscle tissue, miRNAs were also observed to participate in immune regulation.
The gene F01.PB3499, regulated by miRNA sme-miR-133a-3p, exhibited serine-type pep-
tidase activity (GO:0008236). The gene F01.PB13824, regulated by miRNA unconserva-
tive_F01.PB13824_261438 is a CD109 antigen (A) gene.

In both the gills and muscle, miRNAs regulate the FoxO signaling pathway, which
plays a crucial role in individual development, cell proliferation, stress response, and
metabolism in bivalves [57,58].
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5. Conclusions

This study provides the first overview of the expression of miRNAs in the G. erosa. Our
findings indicate that: 1. The predicted targets regulated by miRNAs are tissue-specific or
marker genes associated with the expression of those miRNAs, indicating their significant
role in the fine-tuned regulation of tissue functions. 2. Approximately one-third of the genes
in the G. erosa were predicted to be predicted targets of miRNAs, highlighting the impor-
tance of miRNA-mediated post-transcriptional regulation in this species. 3. Clustering and
co-expression analysis revealed significant tissue-specific expression patterns of miRNAs.
Immune-related and metabolic miRNAs were widely expressed in all three tissues, while
genes involved in light sensitivity regulation were expressed and regulated by miRNAs
in muscle tissue. Overall, this study enhances our understanding of miRNA-mediated
regulatory networks in the G. erosa and provides a foundation for further research. It should
be pointed out that the interaction between miRNA and genes in vivo requires further
experimental verification.

Supplementary Materials: The following supporting information can be downloaded at:
https://www.mdpi.com/xxx/s1, Supplementary Annotation.docx: Annotation file; Supplementary
Data Sequence.zip: miRNA sequence; Table S1: Differential Expression and Enrichment Analysis;
Table S2: miRNA co-expression analysis results by WGCNA; Table S3: miRNA Expression Profile.

Author Contributions: N.S.: conceptualization, software. X.L.: conceptualization, supervision. Y.L.:
writing—review and editing, data curation. Z.D.: formal analysis, writing—original draft. K.C.:
methodology, validation. M.Y.: methodology, validation. All authors have read and agreed to the
published version of the manuscript.

Funding: National Natural Science Foundation of China (32060282). Research Fund of Program
of Guangxi Key Lab of Mangrove Conservation and Utilization (GKLMC-20A05). Department of
Science and Technology of Henan Province (222300420434).

Institutional Review Board Statement: Since Geloina erosa is an unprotected invertebrate, no specific
permission was required to collect samples from these locations.

Informed Consent Statement: Not applicable.

Data Availability Statement: The datasets generated for this study can be found in the National
Center for Biotechnology Information (NCBI) in Bioproject: PRJNA544778, with ID: SAMN21552680
to SAMN21552688 (S1–S9).

Conflicts of Interest: The authors declare that there are no conflict of interest.

References
1. Rhee, S.; Chae, H.; Kim, S. PlantMirnaT: MiRNA and MRNA Integrated Analysis Fully Utilizing Characteristics of Plant

Sequencing Data. Methods 2015, 83, 80–87. [CrossRef] [PubMed]
2. Xu, M.J.; Qiu, S.B.; Nisbet, A.J.; Fu, J.H.; Shao, C.C.; Zhu, X.Q. Global Characterization of MicroRNAs in Trichomonas Gallinae.

Parasit. Vectors 2014, 7, 99. [CrossRef] [PubMed]
3. Lau, P.W.; MacRae, I.J. The Molecular Machines That Mediate MicroRNA Maturation. J. Cell Mol. Med. 2009, 13, 54–60. [CrossRef]

[PubMed]
4. Kenny, N.J.; Namigai, E.K.O.; Marlétaz, F.; Hui, J.H.L.; Shimeld, S.M. Draft Genome Assemblies and Predicted MicroRNA

Complements of the Intertidal Lophotrochozoans Patella Vulgata (Mollusca, Patellogastropoda) and Spirobranchus (Pomatoceros)
Lamarcki (Annelida, Serpulida). Mar. Genom. 2015, 24, 139–146. [CrossRef] [PubMed]

5. Rosani, U.; Abbadi, M.; Green, T.; Bai, C.M.; Turolla, E.; Arcangeli, G.; Wegner, K.M.; Venier, P. Parallel Analysis of MiRNAs and
MRNAs Suggests Distinct Regulatory Networks in Crassostrea Gigas Infected by Ostreid Herpesvirus 1. BMC Genom. 2020, 21,
620. [CrossRef] [PubMed]

6. Bartel, D.P. MicroRNAs: Genomics, Biogenesis, Mechanism, and Function. Cell 2004, 116, 281–297. [CrossRef] [PubMed]
7. Tao, W.; Sun, L.; Shi, H.; Cheng, Y.; Jiang, D.; Fu, B.; Conte, M.A.; Gammerdinger, W.J.; Kocher, T.D.; Wang, D. Integrated Analysis

of MiRNA and MRNA Expression Profiles in Tilapia Gonads at an Early Stage of Sex Differentiation. BMC Genom. 2016, 17, 328.
[CrossRef]

8. Wu, L.M.; Bai, Z.Y.; Liu, X.J.; Jin, C.; Yin, H.; Li, J.L. Comparative Analysis of Shell Color Variety and Genetic Structure among
Five High-Quality Freshwater Pearl Mussel Populations. Genet. Mol. Res. 2016, 15, gmr15048390. [CrossRef]

https://www.mdpi.com/xxx/s1
https://doi.org/10.1016/j.ymeth.2015.04.003
https://www.ncbi.nlm.nih.gov/pubmed/25863133
https://doi.org/10.1186/1756-3305-7-99
https://www.ncbi.nlm.nih.gov/pubmed/24612519
https://doi.org/10.1111/j.1582-4934.2008.00520.x
https://www.ncbi.nlm.nih.gov/pubmed/19175700
https://doi.org/10.1016/j.margen.2015.07.004
https://www.ncbi.nlm.nih.gov/pubmed/26319627
https://doi.org/10.1186/s12864-020-07026-7
https://www.ncbi.nlm.nih.gov/pubmed/32912133
https://doi.org/10.1016/S0092-8674(04)00045-5
https://www.ncbi.nlm.nih.gov/pubmed/14744438
https://doi.org/10.1186/s12864-016-2636-z
https://doi.org/10.4238/gmr15048390


Biology 2023, 12, 1510 17 of 18

9. Real, F.M.; Sekido, R.; Lupiánẽz, D.G.; Lovell-Badge, R.; Jiménez, R.; Burgos, M. A MicroRNA (Mmu-MiR-124) Prevents Sox9
Expression in Developing Mouse Ovarian Cells. Biol. Reprod. 2013, 89, 78. [CrossRef]

10. Chantler, P.D. Scallop Adductor Muscles: Structure and Function. In Developments in Aquaculture and Fisheries Science; Elsevier:
Amsterdam, The Netherlands, 2016; Volume 40.

11. Sugatani, T.; Hruska, K.A. MicroRNA-223 Is a Key Factor in Osteoclast Differentiation. J. Cell Biochem. 2007, 101, 996–999.
[CrossRef]

12. Kang, I.H.; Jeong, B.C.; Hur, S.W.; Choi, H.; Choi, S.H.; Ryu, J.H.; Hwang, Y.C.; Koh, J.T. MicroRNA-302a Stimulates Osteoblastic
Differentiation by Repressing COUP-TFII Expression. J. Cell Physiol. 2015, 230, 911–921. [CrossRef] [PubMed]

13. Xia, Z.; Chen, C.; Chen, P.; Xie, H.; Luo, X. MicroRNAs and Their Roles in Osteoclast Differentiation. Front. Med. China 2011, 5,
414–419. [CrossRef] [PubMed]

14. Abo-Al-Ela, H.G.; Faggio, C. MicroRNA-Mediated Stress Response in Bivalve Species. Ecotoxicol. Environ. Saf. 2021, 208, 111442.
[CrossRef] [PubMed]

15. Morton, B. The Biology and Functional Morphology of the Southeast Asian Mangrove Bivalve, Polymesoda (Geloina) Erosa
(Solander, 1786) (Bivalvia: Corbiculidae). Can. J. Zool. 1976, 54, 482–500. [CrossRef]

16. Cai, Y.; Huang, X.; Wu, D. Studies on the Ecology of Polymesoda Erosa (Solander). Trop. Oceanol. 1995, 14, 94–98.
17. Ingole, B.S.; Naik, S.; Furtado, R.; Ansari, Z.A.; Chatterji, A. Population Characteristics of the Mangrove Clam Polymesoda

(Geloina) Erosa (Solander, 1786) in the Chorao Mangrove, Goa. Indian Council of Agricultural Research; Old Goa; India. 2002.
Available online: https://drs.nio.res.in/drs/handle/2264/1410 (accessed on 20 February 2023).

18. Clemente, S.; Ingole, B. Recruitment of Mud Clam Polymesoda Erosa (Solander, 1876) in a Mangrove Habitat of Chorao Island,
Goa. Braz. J. Oceanogr. 2011, 59, 153–162. [CrossRef]

19. Ma, B.; Ran, Z.; Xu, X.; Xu, J.; Liao, K.; Cao, J.; Yan, X. Comparative Transcriptome Analyses Provide Insights into the Adaptation
Mechanisms to Acute Salt Stresses in Juvenile Sinonovacula Constricta. Genes. Genom. 2019, 41, 599–612. [CrossRef]

20. Zhang, T.; Yan, Z.; Zheng, X.; Wang, S.; Fan, J.; Liu, Z. Effects of Acute Ammonia Toxicity on Oxidative Stress, DNA Damage and
Apoptosis in Digestive Gland and Gill of Asian Clam (Corbicula Fluminea). Fish. Shellfish. Immunol. 2020, 99, 514–525. [CrossRef]

21. Cappello, T.; Giannetto, A.; Parrino, V.; Maisano, M.; Oliva, S.; De Marco, G.; Guerriero, G.; Mauceri, A.; Fasulo, S. Baseline Levels
of Metabolites in Different Tissues of Mussel Mytilus Galloprovincialis (Bivalvia: Mytilidae). Comp. Biochem. Physiol. Part D
Genom. Proteom. 2018, 26, 32–39. [CrossRef]

22. Ewing, B.; Green, P. Base-Calling of Automated Sequencer Traces Using Phred. II. Error Probabilities. Genome Res. 1998, 8,
186–194. [CrossRef]

23. Friedländer, M.R.; MacKowiak, S.D.; Li, N.; Chen, W.; Rajewsky, N. MiRDeep2 Accurately Identifies Known and Hundreds of
Novel MicroRNA Genes in Seven Animal Clades. Nucleic Acids Res. 2012, 40, 37–52. [CrossRef]

24. Zhang, Z.; Jiang, L.; Wang, J.; Gu, P.; Chen, M. MTide: An Integrated Tool for the Identification of MiRNA-Target Interaction in
Plants. Bioinformatics 2015, 31, 290–291. [CrossRef]

25. Betel, D.; Wilson, M.; Gabow, A.; Marks, D.S.; Sander, C. The MicroRNA.Org Resource: Targets and Expression. Nucleic Acids Res.
2008, 36, D149–D153. [CrossRef]

26. Rehmsmeier, M.; Steffen, P.; Höchsmann, M.; Giegerich, R. Fast and Effective Prediction of MicroRNA/Target Duplexes. RNA
2004, 10, 1507–1517. [CrossRef] [PubMed]

27. Li, B.; Dewey, C.N. RSEM: Accurate Transcript Quantification from RNA-Seq Data with or without a Reference Genome.
BMC Bioinform. 2011, 12, 323. [CrossRef] [PubMed]

28. Fahlgren, N.; Howell, M.D.; Kasschau, K.D.; Chapman, E.J.; Sullivan, C.M.; Cumbie, J.S.; Givan, S.A.; Law, T.F.; Grant, S.R.; Dangl,
J.L.; et al. High-Throughput Sequencing of Arabidopsis MicroRNAs: Evidence for Frequent Birth and Death of MIRNA Genes.
PLoS ONE 2007, 2, e0000219. [CrossRef] [PubMed]

29. Love, M.I.; Huber, W.; Anders, S. Moderated Estimation of Fold Change and Dispersion for RNA-Seq Data with DESeq2.
Genome Biol. 2014, 15, 550. [CrossRef] [PubMed]

30. Li, W.; Jaroszewski, L.; Godzik, A. Tolerating Some Redundancy Significantly Speeds up Clustering of Large Protein Databases.
Bioinformatics 2002, 18, 77–82. [CrossRef] [PubMed]

31. Finn, R.D.; Coggill, P.; Eberhardt, R.Y.; Eddy, S.R.; Mistry, J.; Mitchell, A.L.; Potter, S.C.; Punta, M.; Qureshi, M.; Sangrador-Vegas,
A.; et al. The Pfam Protein Families Database: Towards a More Sustainable Future. Nucleic Acids Res. 2016, 44, D279–D285.
[CrossRef] [PubMed]

32. Tatusov, R.L.; Galperin, M.Y.; Natale, D.A.; Koonin, E.V. The COG Database: A Tool for Genome-Scale Analysis of Protein
Functions and Evolution. Nucleic Acids Res. 2000, 28, 33–36. [CrossRef]

33. Bairoch, A.; Apweiler, R. The SWISS-PROT Protein Sequence Database and Its Supplement TrEMBL in 2000. Nucleic Acids Res
2000, 28, 45–48. [CrossRef] [PubMed]

34. Kanehisa, M.; Goto, S.; Kawashima, S.; Okuno, Y.; Hattori, M. The KEGG Resource for Deciphering the Genome. Nucleic Acids
Res. 2004, 32, D277–D280. [CrossRef] [PubMed]

35. Ashburner, M.; Ball, C.A.; Blake, J.A.; Botstein, D.; Butler, H.; Cherry, J.M.; Davis, A.P.; Dolinski, K.; Dwight, S.S.; Eppig, J.T.; et al.
Gene Ontology: Tool for the Unification of Biology. Nat. Genet. 2000, 25, 25–29. [CrossRef]

36. Liberzon, A.; Birger, C.; Thorvaldsdóttir, H.; Ghandi, M.; Mesirov, J.P.; Tamayo, P. The Molecular Signatures Database Hallmark
Gene Set Collection. Cell Syst. 2015, 1, 417–425. [CrossRef]

https://doi.org/10.1095/biolreprod.113.110957
https://doi.org/10.1002/jcb.21335
https://doi.org/10.1002/jcp.24822
https://www.ncbi.nlm.nih.gov/pubmed/25215426
https://doi.org/10.1007/s11684-011-0168-0
https://www.ncbi.nlm.nih.gov/pubmed/22198753
https://doi.org/10.1016/j.ecoenv.2020.111442
https://www.ncbi.nlm.nih.gov/pubmed/33038725
https://doi.org/10.1139/z76-055
https://drs.nio.res.in/drs/handle/2264/1410
https://doi.org/10.1590/S1679-87592011000200004
https://doi.org/10.1007/s13258-019-00805-x
https://doi.org/10.1016/j.fsi.2020.02.046
https://doi.org/10.1016/j.cbd.2018.03.005
https://doi.org/10.1101/gr.8.3.186
https://doi.org/10.1093/nar/gkr688
https://doi.org/10.1093/bioinformatics/btu633
https://doi.org/10.1093/nar/gkm995
https://doi.org/10.1261/rna.5248604
https://www.ncbi.nlm.nih.gov/pubmed/15383676
https://doi.org/10.1186/1471-2105-12-323
https://www.ncbi.nlm.nih.gov/pubmed/21816040
https://doi.org/10.1371/journal.pone.0000219
https://www.ncbi.nlm.nih.gov/pubmed/17299599
https://doi.org/10.1186/s13059-014-0550-8
https://www.ncbi.nlm.nih.gov/pubmed/25516281
https://doi.org/10.1093/bioinformatics/18.1.77
https://www.ncbi.nlm.nih.gov/pubmed/11836214
https://doi.org/10.1093/nar/gkv1344
https://www.ncbi.nlm.nih.gov/pubmed/26673716
https://doi.org/10.1093/nar/28.1.33
https://doi.org/10.1093/nar/28.1.45
https://www.ncbi.nlm.nih.gov/pubmed/10592178
https://doi.org/10.1093/nar/gkh063
https://www.ncbi.nlm.nih.gov/pubmed/14681412
https://doi.org/10.1038/75556
https://doi.org/10.1016/j.cels.2015.12.004


Biology 2023, 12, 1510 18 of 18

37. Langfelder, P.; Horvath, S. WGCNA: An R Package for Weighted Correlation Network Analysis. BMC Bioinform. 2008, 9, 559.
[CrossRef]

38. Li, Y.; Sun, X.; Hu, X.; Xun, X.; Zhang, J.; Guo, X.; Jiao, W.; Zhang, L.; Liu, W.; Wang, J.; et al. Scallop Genome Reveals Molecular
Adaptations to Semi-Sessile Life and Neurotoxins. Nat. Commun. 2017, 8, 1721. [CrossRef] [PubMed]

39. Ma, G.; Wang, Y.; Li, Y.; Cui, L.; Zhao, Y.; Zhao, B.; Li, K. MiR-206, a Key Modulator of Skeletal Muscle Development and Disease.
Int. J. Biol. Sci. 2015, 11, 345–352. [CrossRef]

40. Tsai, W.C.; Da Hsu, S.; Hsu, C.S.; Lai, T.C.; Chen, S.J.; Shen, R.; Huang, Y.; Chen, H.C.; Lee, C.H.; Tsai, T.F.; et al. MicroRNA-122
Plays a Critical Role in Liver Homeostasis and Hepatocarcinogenesis. J. Clin. Investig. 2012, 122, 2884–2897. [CrossRef]

41. Poy, M.N.; Eliasson, L.; Krutzfeldt, J.; Kuwajima, S.; Ma, X.; MacDonald, P.E.; Pfeffer, S.; Tuschl, T.; Rajewsky, N.; Rorsman, P.;
et al. A Pancreatic Islet-Specific MicroRNA Regulates Insulin Secretion. Nature 2004, 432, 226–230. [CrossRef]

42. Christgen, S.L.; Becker, D.F. Role of Proline in Pathogen and Host Interactions. Antioxid. Redox Signal. 2019, 30, 683–709. [CrossRef]
43. Williams, M.; Baxter, R. The Structure and Function of Thioester-Containing Proteins in Arthropods. Biophys. Rev. 2014, 6, 261–272.

[CrossRef] [PubMed]
44. Duval, D.; Pichon, R.; Lassalle, D.; Laffitte, M.; Gourbal, B.; Galinier, R. A New Assessment of Thioester-Containing Proteins

Diversity of the Freshwater Snail Biomphalaria Glabrata. Genes 2020, 11, 69. [CrossRef] [PubMed]
45. Soldatov, A.A.; Andreenko, T.I.; Sysoeva, I.V.; Sysoev, A.A. Tissue Specificity of Metabolism in the Bivalve Mollusc Anadara

Inaequivalvis Br. under Conditions of Experimental Anoxia. J. Evol. Biochem. Physiol. 2009, 45, 349–355. [CrossRef]
46. Hosoi, M.; Yoshinaga, Y.; Toyohara, M.; Shiota, F.; Toyohara, H. Freshwater Bivalve Corbicula Sandai Uses Free Amino Acids as

Osmolytes under Hyperosmotic Condition. Fish. Sci. 2008, 74, 1339–1341. [CrossRef]
47. Ellington, W.R. The Recovery from Anaerobic Metabolism in Invertebrates. J. Exp. Zool. 1983, 228, 431–444. [CrossRef]
48. Yu, J.; Wang, H.; Liu, B. Changes in Gluconeogenesis Pathways and Key Genes Associated with Mass Mortality in the Clam

Meretrix Petechialis upon Vibrio Infection. Aquaculture 2022, 548, 737691. [CrossRef]
49. Ma, L.; Su, L.; Liu, H.; Zhao, F.; Zhou, D.; Duan, D. Norovirus Contamination and the Glycosphingolipid Biosynthesis Pathway in

Pacific Oyster: A Transcriptomics Study. Fish. Shellfish. Immunol. 2017, 66, 26–34. [CrossRef]
50. Zhao, X.; Duan, X.; Wang, Z.; Zhang, W.; Li, Y.; Jin, C.; Xiong, J.; Li, C. Comparative Transcriptome Analysis of Sinonovacula

Constricta in Gills and Hepatopancreas in Response to Vibrio Parahaemolyticus Infection. Fish. Shellfish. Immunol. 2017, 67,
523–535. [CrossRef]

51. Gomes, A.M.; Kozlowski, E.O.; Pomin, V.H.; De Barros, C.M.; Zaganeli, J.L.; Pavão, M.S.G. Unique Extracellular Matrix Heparan
Sulfate from the Bivalve Nodipecten Nodosus (Linnaeus, 1758) Safely Inhibits Arterial Thrombosis after Photochemically Induced
Endothelial Lesion. J. Biol. Chem. 2010, 285, 7312–7323. [CrossRef]

52. Zhao, X.; Yu, H.; Kong, L.; Liu, S.; Li, Q. High Throughput Sequencing of Small RNAs Transcriptomes in Two Crassostrea Oysters
Identifies MicroRNAs Involved in Osmotic Stress Response. Sci. Rep. 2016, 6, 22687. [CrossRef]

53. Ventoso, P.; Pazos, A.J.; Blanco, J.; Pérez-Parallé, M.L.; Triviño, J.C.; Sánchez, J.L. Transcriptional Response in the Digestive Gland
of the King Scallop (Pecten Maximus) after the Injection of Domoic Acid. Toxins 2021, 13, 339. [CrossRef] [PubMed]

54. Kirsikka Sillanpää, J.; Sundh, H.; Sundell, K.S. Calcium Transfer across the Outer Mantle Epithelium in the Pacific Oyster,
Crassostrea Gigas. Proc. R. Soc. B Biol. Sci. 2018, 285, 20181676. [CrossRef]

55. Martins, J.C.; Campos, A.; Osório, H.; Da Fonseca, R.; Vasconcelos, V. Proteomic Profiling of Cytosolic Glutathione Transferases
from Three Bivalve Species: Corbicula Fluminea, Mytilus Galloprovincialis and Anodonta Cygnea. Int. J. Mol. Sci. 2014, 15, 1887.
[CrossRef] [PubMed]

56. Liao, X.; Liu, Y.; Han, T.; Yang, M.; Liu, W.; Wang, Y.; He, C.; Lu, Z. Full-Length Transcriptome Sequencing Reveals Tissue-Specific
Gene Expression Profile of Mangrove Clam Geloina Erosa. Front. Physiol. 2022, 13, 851957. [CrossRef]

57. Xu, R.; Pan, L.; Yang, Y.; Zhou, Y. Characterizing Transcriptome in Female Scallop Chlamys Farreri Provides New Insights into the
Molecular Mechanisms of Reproductive Regulation during Ovarian Development and Spawn. Gene 2020, 758, 144967. [CrossRef]

58. Chen, C.; Xie, B.; Sun, W.; Gu, Z.; Huang, J.; Qi, P.; Liao, Z.; Zhang, X.; Yan, X. Examination of the Role of Resveratrol in
Attenuating Oxidative Damage Induced by Starvation Stress in the Marine Mussel, Mytilus Coruscus, through Regulation of the
Sirt1-Mediated Signaling Pathway. Aquaculture 2023, 564, 739047. [CrossRef]

Disclaimer/Publisher’s Note: The statements, opinions and data contained in all publications are solely those of the individual
author(s) and contributor(s) and not of MDPI and/or the editor(s). MDPI and/or the editor(s) disclaim responsibility for any injury to
people or property resulting from any ideas, methods, instructions or products referred to in the content.

https://doi.org/10.1186/1471-2105-9-559
https://doi.org/10.1038/s41467-017-01927-0
https://www.ncbi.nlm.nih.gov/pubmed/29167427
https://doi.org/10.7150/ijbs.10921
https://doi.org/10.1172/JCI63455
https://doi.org/10.1038/nature03076
https://doi.org/10.1089/ars.2017.7335
https://doi.org/10.1007/s12551-014-0142-6
https://www.ncbi.nlm.nih.gov/pubmed/28510031
https://doi.org/10.3390/genes11010069
https://www.ncbi.nlm.nih.gov/pubmed/31936127
https://doi.org/10.1134/S002209300903003X
https://doi.org/10.1111/j.1444-2906.2008.01662.x
https://doi.org/10.1002/jez.1402280305
https://doi.org/10.1016/j.aquaculture.2021.737691
https://doi.org/10.1016/j.fsi.2017.04.023
https://doi.org/10.1016/j.fsi.2017.06.040
https://doi.org/10.1074/jbc.M109.091546
https://doi.org/10.1038/srep22687
https://doi.org/10.3390/toxins13050339
https://www.ncbi.nlm.nih.gov/pubmed/34067146
https://doi.org/10.1098/rspb.2018.1676
https://doi.org/10.3390/ijms15021887
https://www.ncbi.nlm.nih.gov/pubmed/24473139
https://doi.org/10.3389/fphys.2022.851957
https://doi.org/10.1016/j.gene.2020.144967
https://doi.org/10.1016/j.aquaculture.2022.739047

	Introduction 
	Materials and Methods 
	Collection and Preparation of Animal Material 
	miRNA Extraction and Quality Control 
	Library Preparation, Library Quality Control, and Sequencing 
	Bioinformatics Analysis 
	Overview of Bioinformatics Analysis 
	Quality Control of Sequencing Data 
	Identification of Novel miRNAs and Homologous miRNAs 
	miRNA Target Gene Prediction 
	miRNA Expression Quantification 
	Differential Expression Analysis 
	Functional Annotation of Predicted Targets 
	Gene Set Enrichment Analysis 
	miRNA Co-Expression Analysis 
	Real-Time Fluorescent Quantitative PCR Validation of miRNA Expression in Tissues 


	Results 
	Sequencing Results and Quality Statistics 
	miRNA Identification 
	miRNA Base Preference Analysis 
	miRNA Target Gene Prediction 
	miRNA Expression Quantification 
	Distribution of Overall Expression in the Sample 
	Differential Expression Analysis 
	Functional Analysis of Differentially Expressed miRNA Predicted Targets 
	miRNA Co-Expression Analysis 
	qRT-PCR and RNA-seq Consistency for Selected miRNAs 


	Discussion 
	Gill-Specific miRNA and Target Gene Functions 
	Hepatopancreatic-Specific miRNA and Target Gene Functions 
	Muscle-Specific miRNA and Target Gene Functions 

	Conclusions 
	References

